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ABSTRACT TC "ABSTRACT" \f C \l "1" 
The study assessed factors affecting the intention to adopt mobile marketing technology to the aging population in Zanzibar. Through specific objectives, the study investigated the influence of perceived usefulness (PU), the influence of perceived ease of use (PEOU), and the influence of technology anxiety (TA) on the intention to adopt mobile marketing technology among the aging population in Zanzibar. The study also investigated the role of attitude in mediating the impact of PU and PEOU on the intention to adopt mobile marketing technology among the aging population in Zanzibar. The study used the Technology Acceptance Model (TAM) and Social Cognitive Theory as a theoretical framework for this study. The cross-sectional survey was used to collect data from 385 aging population in three districts of Zanzibar, selected through a stratified random sampling procedure. The collected data were analyzed through structural equation modeling (SEM) methods version 25. Perceived ease of use (PU), Attitude (ATT), and technology anxiety (TA) significantly affected the aging population's intention (BI) to adopt mobile marketing technology. Perceived usefulness (PU) has an insignificant effect mediated through attitude. Attitude (ATT) plays a vital mediating role in the effect of PU and PEOU toward the intention of the aging population to adopt mobile marketing technology. Furthermore, several implications for marketers and other stakeholders are proposed, together with suggestions for increasing the intention of the aging population to adopt mobile marketing technology. 
Keywords: Aging population, Intention to adopt, Mobile Marketing Technology, Zanzibar.
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INTRODUCTION TC "INTRODUCTION" \f C \l "1" 
1.1 Background to the Study TC "1.1 Background to the Study" \f C \l "1" 
The emergence of modern technologies has resulted in a global communication revolution, from landlines to mobile communication. This situation has made communication more ubiquitous throughout the globe (Haji et al. 2024). Mobile communication involves talking, texting, and sending data or image files over a wireless network in an immediacy and interactive way. With these features, mobile communication has gained much momentum since it enables targeting consumers with personalized messages (Tahat et al. 2024)
The use of mobile phones has increased in popularity owing to marketers’ recognition of the incremental value of adopting this innovation, which facilitates a competitive advantage in the marketplace. Globally, the number of mobile phone subscribers has continued to increase at an alarming rate, expected to reach 8.58 billion in 2022 compared to the population of 7.95 billion (World Economic Forum, 2023). This situation has prompted the innovation of mobile marketing communication channels.

Unlike traditional marketing, the fast-growing mobile marketing channel involves personalized interaction between buyers and sellers; such innovation has continued to play a vital role in consumer interaction and involvement (Tahat et al. 2024; Bansal, 2023).  Marketers focus on customers’ search history, location, and buying natures and can deliver frequent pop-ups of emails, Short Message Service (SMS), Multimedia Messaging Service (MMS), and other traditional means. A mix of traditional and mobile marketing is highly recommended to increase the value of the marketing message and the business entity's market share (Tong et al, 2020). 
Since its introduction, vast academic researchers have investigated channel and service delivery characteristics in developed and technologically advanced countries such as Japan (Okazaki et al, 2007) and the United States (US), China, and Europe (Gao et al, 2013). In 2017, the Boston Consulting Group (BCG) examined the mobile marketing channel in the United States (US), China, India, Brazil, South Korea, and Germany and found that mobile marketing is well adopted and contributes the amount of USD 6.4 trillion to the country's economy. 
In 2022, mobile marketing accounted for 327 billion US $ globally and is expected to reach US $ 400 billion by 2024 (Statista, 2023); this shows the increasing trend of mobile marketing around the globe. According to Statista report (2023), Alibaba and Amazon are the most famous platforms extensively used, followed by Travel.com and Trip Advisor. Alibaba is a Chinese multinational company specializing in e-commerce, retail, internet, and technology. Amazon is an American multinational technology company specializing in e-commerce, cloud computing, and online advertising. Travel.com is a multinational company specializing in airline bookings and hotel reservations. Trip Advisor is an American multinational company that organizes online travel agencies, comparison shopping websites, and mobile apps. These mobile marketing sites help most countries financially (Statista, 2023: GSMA, 2024). Statista, (2023)  also reported as of September 2020, Amazon's market share reached 37.6% in North America and 9.8 % in Europe. Alibaba is the leading online platform in China with 807 million customers in 2020 alone, and reported to have 190 million customers worldwide in 2020. TripAdvisor recorded a hit of 702 million reviews of the world’s leading hotels through mobile technology in 2020. However, the adoption of mobile marketing in these countries is much influenced by age since, in this mobile phone world, most youths are found to be mobile cultured rather than aging and are known as information generation (iGen) (Nyatsambo et al, 2021). This might be due to the accessibility of mobile phones to many aging people, as evidenced by Gelles (2024). They reported that people 65 years old in the US are less likely to own a smartphone than young people because of lower incomes and less formal education (p,5).
In Asia, mobile marketing has continued to grow as forecasted to hit a growth rate of 24.8% from 2018 through 2024 (KBV Research, 2019). China appeared to be the leading driver of mobile marketing in Asia and the globe. In 2023, the Chinese mobile marketing industry increased by 2.7 percent and earned about US$ 64.5 billion(Thomala, 2024). This increased the importance of mobile marketing to the society and the country at large. India also showed a rise in mobile marketing, especially since the pandemic and the increasing share of the organized sector within retail markets (Minhas, 2024). The number of online shoppers is expected to reach 427 million by 2027, with a population of 1,4 billion (Minhas, 2024). Also, India is expected to be one of the fastest-growing digital marketers globally due to a rise in smartphone use and internet usage  (DigiPlus, 2024).

However, the mobile marketing trend is adopted mainly by youth in developed and developing countries since youth are reportedly more mobile technology savvy than the aging population (Thomala, 2021). Studies by Chimborazo et al, (2021) in Ecuador;  Unver (2023) in Turkey, Haq & Ghouri (2018) in Pakistan, Chan et al, (2022) in Malaysia, Zhang et al, (2023) in China and Thomala (2021) India revealed that youth have more intention to adopt mobile marketing. Roushan et al, (2015) revealed,  that the aging population is more concerned about privacy and security issues in mobile marketing 
In Africa, mobile phone penetration has increased rapidly since the year 2000; mobile phones are nearly ubiquitous in African society, with 1.2 billion people across 54 countries subscribed (Aznar, 2022). It is also reported that youth are becoming the most significant group using mobile phones and their applications (Sambira, 2013). Since 2000, it has been estimated that almost half of Africans will use ICTs daily, providing new avenues for consumer spending and marketing through mobile devices (Aznar, 2022). 
In 2017, Africa’s consumer e-commerce market reached $5.7 billion, which is expected to increase due to the continued growth of internet users across Africa (Igue et al, 2019, p122). In some African countries, consumers realize the ubiquitous purchase of products and services online, mainly in Nigeria, South Africa, and Kenya (Nyarusanda & Mollel, 2020). Sub-Saharan Africa has grown very fast in several mobile subscriptions around the globe. Hence, the number of mobile phone users in this area is expected to reach 450 million by 2025 (Aznar, 2022). This shows the promising venture of mobile marketing in the region. Hence, industries in food, media, education, fashion, tourism, health, and entertainment began to shift the business toward mobile marketing technology, such as Zanreach Mobile Doctors, Jumia, Boomplay, Kikuu, and Yango found to dominate the mobile marketing industry and grow steadily (YellowDot Report, 2023). 
Despite the growing trend of mobile marketing in most countries around the globe, studies revealed that in East African countries, few countries such as Kenya and Rwanda has recorded an increased amount of consumers’ adoption of mobile marketing (Kibandi & Reuben, 2019; Migishe, 2023).  However, the adoption of mobile marketing is mostly realized in youth than in other age groups (Chemwei, 2019: Eze et al, 2021).

In other East African countries such as Uganda and Burundi, despite an increasing trend of mobile phone subscriptions, the consumer adoption of mobile marketing technology is still low (Nyarusanda & Mollel, 2020: Nyatsambo et al, 2021).   In Uganda, the adoption of mobile marketing technology is still low due to poor internet access provision and a lack of awareness relating to the significance of mobile marketing in different industries (Engotoit et al, 2016). In Burundi, the adoption of mobile marketing services is still immature (Nyatsambo et al, 2021; Uwamariya, 2021). 
According to the Tanzania Communication Regulatory Authority (TCRA) Report of 2024, the estimated number of mobile phone subscribers in Tanzania reached 73.4 million as of March 2024, surpassing the available population of 68.6 million (TCRA, 2024). 896,368 were mobile subscribers from the Zanzibar Isles. At the same time, those connected to mobile internet reached 35 million. However, most mobile phone subscribers are expected to use their phones only for communication and non-business activities.  
The study by Msavange (2015) revealed that 81.7% of entrepreneurs in Morogoro used cell phones to make calls, 67.5% to send short text messages, and 44.2% to listen to music. The remaining 29.2% used their phones to listen to FM radios and surf the internet. Only 37.5% used mobile phones for mobile marketing and money transactions. This shows that the progression of mobile marketing in Tanzania is still growing at a slow rate.

Despite Government initiatives such as the construction of the National Information Communication Technology Broadband Backbone (NICTBB) to facilitate the interoperable of mobile service, as well as to enable the mobile service cost to be lower than in all African countries (Lymo, 2016).  Besides introducing online marketing platforms such as Kikuu, which sells products from China. Mtoto Special specializes in kids’ accessories. Jiji Tanzania provides a simple, hassle-free solution to sell and buy almost anything in Tanzania. Zudua deals with top brands at great prices, receives the orders, and delivers the products to the consumer’s place. 
Despite these establishments, the recognition of the significance of mobile marketing technology is relatively low (Kapinga et al, 2019: Chille et al,2021; Abdinoor & Mbamba, 2017). Besides, those who opted to enter into mobile marketing were mostly the youth generation compared to the aging population, according to studies related to mobile marketing technology adoption in Tanzania (Haji et al. 2024; Abraham, 2018). Abraham (2018) noted that younger adults aged 31-40 are more interested in adopting digital marketing than older employees and managers.  Msonge (2017), studying mobile commerce adoption, found out that youth aged between 18 and 34 were early adopters, while those above 45 were laggards. These studies confirm that the aging population segment is much behind in adopting mobile marketing technology through their mobile phones.
In the Zanzibar archipelago, as part of the Republic of Tanzania. The economy grows at 7.4 percent outpace mainland Tanzania which grows at 5 percent in 2023 (BOT, 2024). The situation contributed much by the tourism sector which is dominated by Zanzibar island (BOT, 2024: African Economic Outlook, 2024). The tourism sector is more highly dominated in Zanzibar than in other parts of Tanzania and, therefore contributed much to the economy's growth at individual and national levels. 
The government undertakes several initiatives to accelerate the economy's growth for wealth creation and employment. Among the Government initiatives through the Development Vision of 2050 was to strengthen the  ICT to the economy by investing in National Fiber Backbone (Hawa et al, 2022). In addition, the e-Government Agency of Zanzibar (eGaz) and World Mobile 2021 agreed to connect people and businesses in Zanzibar by the end of 2023 (Kassouwi, 2023). The situation has led to an increase in the number of small business operators dealing with an online business, as mentioned by the Director of Jumuiya ya Wafanyabiashara Wadogowadogo (Maisara et al, 2022). 
Zanzibar has been experiencing a vast increase in mobile communication, which has brought a chance to advertise, purchase, and pay online, ultimately improving sales volume and customer convenience (Hawa et al, 2022). Maisara et al. (2022) depicted that more youth, compared to the aging population, showed an intention to purchase online through mobile phones as the age of 36-40 was a good age of strength and energy in every activity as they are affected by social, time, and financial risks in their intention to purchase online. However, there is a knowledge gap based on young adults from 40 to 50 years, adults from 50 to 59 years, and the aging population aged 60 years and above. These groups have been poorly represented in the previous studies conducted in the region. 
In assessing relevant predictors of technology adoption to the aging population, scholars have applied various technology acceptance theories, including the Technology Acceptance Model (TAM), the Unified Theory of Acceptance and Use of Technology (UTAUT), and the Senior Technology Acceptance Model (STAM). TAM theory, derived from the Theory of Reasoned Action (Ajzen & Fishbein, 1975) and the Theory of Planned Behavior (Ajzen, 1991), helps to increase the prediction of behavioral intention more accurately than predecessors. However, most studies showed their interest in TAM theory, which was also used as a main theory in this study. These include  Kim (2024), Martin-Garcia et al. (2022), Paul and Spiru (2021), Orantes-Jimenez et al. (2018), and many more. 
TAM has gained popularity because it has proven effective in predicting the adoption of many technologies (Orantes-Jimenez et al, 2018). However, studies that adopted TAM theory on technology adoption to the aging population,  have not been in consensus. For instance, Shin et al, (2023) found that perceived usefulness (PU) and perceived ease of use (PEOU) had a significant influencing effect on the behavioral intention to use assistive technology in older adults of South Korea. Paul & Spiru found that the effect of PU on adopting technology depends on the condition of the aging person's life. In case of poor health and those having no social life the PU does not affect them, however, might have a significant effect on independent seniors.  
Ejdys and Gulc (2022) investigated factors affecting the intention to use assistive technology in older adults in Poland and found that the PEOU has an insignificant influence on the use of the technology in the future. Zhang (2023) reviewed systematic literature on 71 articles conducted in East Asia and Eastern Europe and found that older adults have more negative attitudes toward adopting technology. 
The attitude also showed varied effects, Liesa et al, (2023) found an overall negative attitude of the aging population toward adopting technology in universities.  Kumar et al. (2020) found a positive attitude toward mobile technology in India's adult population. Also, in the mediating role of attitude, Ajibade (2018) revealed an insignificant mediating role of PU to behavioral intention, only significantly mediating the PEOU on intention to adopt such technology. Contrary to Maulid and Kara (2024), who found partial mediation of the aging population's attitude on the relationship of PU, PEOU, and behavioral intention to adopt the technology. Abraham (2018) found out that TAM has affected the adoption of digital marketing in Tanzania commercial banks among younger but had no effect on the aging population.

Thus, the TAM model cannot fully explain the reason behind the intention to adopt technology for the aging population. There might be other factors, other than TAM constructs impacting the adoption of technology based on the age group. Moxley et al, (2022) emphasized that cognitive factors, such as technology anxiety, have an inhibitory influence on the aging population's intention to adopt technology. This might have a direct effect on the aging population's intention to adopt technology in the business environment rather than TAM variables. Reid et al, (2024) found that cognitive factors such as anxiety were also associated with social norms when aging populations are forced to use technology.  Donmez and Kir (2019) revealed the effect of cognitive factors indirectly through PEOU but did not affect PU on technology acceptance. While others contend with the effect of cognitive factors in the decision to adopt technology.  In the study of Tarhini et al, (2019) the cognitive factor has an insignificant effect on the intention to adopt mobile commerce in Oman. However, there is still a limited understanding of the effect of cognitive factors such as anxiety on the aging population's intention to adopt mobile marketing. 
1.2 Statement of the Research Problem TC "1.2 Statement of the Research Problem" \f C \l "1" 
Mobile marketing is the next big venture in the business since there is a continuous adoption of mobile phones throughout the globe. Therefore, internationally mobile marketing has become an important issue, as revealed by Aziz et al, (2021). It was recommended by Tarhini et al, (2019) that due to the proliferation of this innovative marketing channel in the world, developing countries need to conduct more studies on mobile marketing to gain a comprehensive understanding of its adoption. Besides, Nunan & Domenico (2020) recommended that digital marketing research must take into account different aging generational cohorts for policymakers and marketers to understand fully the future shape of digital marketing society. 
However, many studies on mobile marketing adoption conducted on the youth generation overlooked the aging population (Chille et al, 2021: Maseke, 2020; Abraham, 2018). Besides these studies, they had a look at the antecedents of attitude toward acceptance and usage specifically to students and other groups of youth (Agbasimelo, 2023; Donga & Kadyamatimba, 2020; Bakare, 2017; Donga et al, 2018) and less participation of aging population (Maisara et al, 2022; Maduku, 2015; Chille et al, 2021). 
Such studies have provided suggestions based on the identified key factors affecting the adoption and usage to improve adoption and acceptance by the general population. In contrast, the aging population has been neglected. According to Unal et al. (2011)  and Orantes-Jimenez et al, (2018), the behavior in technology adoption varied significantly between youth and adult generations because of the diversity of attitudes based on the negative influence of their internet skills, the difficulty of learning due to loss of sight, cognitive factors, education, social, economic, and cultural uptake. 
Few studies have focused on investigating the adoption of mobile marketing to the aging population in Malaysia (Ismail & Nabsiah, 2023) and found that PU and PEOU play a significant role in influencing the intention to adopt.  In Europe (Erjavec & Manfreda, 2022), only PU was found to influence intention to adopt mobile marketing, especially during the COVID-19 pandemic. Zhang et al. (2023) in China found that the aging population was affected by PU, PEOU, social norms, and self-efficacy. However, anxiety negatively affects the attitude toward the intention to adopt digital marketing. in other technology adoption, anxiety had a positive effect on behavioral intention, as depicted by Adikoeswanto et al, (2022), and Kimiloglu et al, (2017). However, there is limited knowledge of factors affecting the intention of the aging population to adopt mobile marketing in the absence of the pandemic and less advanced technology grounds such as Zanzibar.
From a cultural perspective, the literature on mobile marketing technology among the aging population in Africa, let alone Zanzibar, is scarce. Few studies have focused on mobile banking adoption in Kenya (Gesare, 2020) and South Africa (Msweli & Mawela, 2020). There is limited knowledge of mobile marketing as a whole. This is because the adoption of adult populations in Africa mostly looked at mobile banking. 
Various initiatives have been made by the Revolutionary Government of Zanzibar (RGoZ) to facilitate the high adoption of mobile marketing in the region. The initiative includes introducing an ICT policy in 2013 to provide ICT access to urban and rural communities to improve quality of life (RGoZ ICT Policy 2013).  Followed by the establishment of ICT infrastructures (National Fiber Backbone and Data Centre) and agencies (Zanzibar ICT Infrastructure Agency) in the year 2018 to enable the digitalization of business in the country as digitalization picked up pace globally as stated in the Zanzibar Development Vision of 2050 (ZDV, 2050). Simultaneous efforts were made in conjunction with the Republic of Tanzania to revise the National Electronic Transaction Act No. 13 of 2015 and launch the Electronic Money Regulation (Payment System) in 2015. These government initiatives and the launch of the 5G network in the country have increased the number of mobile subscriptions, enabling the significant adoption of mobile marketing technology conveniently and enjoyable to all over the country. 

Thus, the government expected mobile marketing technology to promote patronage between the firms and their current and potential consumers (Maisara et al. 2023). Besides, the initiatives could provide enormous opportunities for active and dynamic business and customer satisfaction to achieve a better life in a mobile environment. Thus,  the aging population could be motivated to access primary and entertainment information through mobile phones and be able to purchase and obtain the products and services they expect. Thus, the adoption of mobile marketing technology to this group would facilitate active and dynamic business and satisfaction to customers to access quality and secured ICT services at affordable costs as happened in other countries such as Ecuador, Turkey, Malaysia, and China (Chimborazo et a, 2021; Chan et al, 2022; Zhang et al,2023). 
Furthermore, From a theoretical viewpoint, TAM is the most popular model for addressing the aging population's adoption of different technologies (Choudrie et al, 2018). However, the TAM model has been found to have weaknesses due to inadequacy in explaining consumer behavior (Abdallah, 2019; Chille et al, 2021; Almogren & Aljammaz, 2022), such as the aging population. This study opts to extend the TAM model to include technology anxiety because the aging population differed in characteristics from the younger population, such as anxiety and avoidance behavior concerning technology adoption (Gupta et al, 2024; Jham, 2018; Eze et al, 2021). Hence, the aging population was generally reluctant toward any technology presented to them at first because of negative attitudes, anxiety, and experience of using technology (Felber et al, 2024). However, anxiety in adoption was mainly assessed in other types of technology adoption, such as cardiac warming systems (Tsai, Lin, Chang & Lee, 2020), technophobia for a digital living (DiGiacomo et al, 2019), healthcare systems (Riboni et al, 2020). There is limited knowledge on how anxiety affects the aging population intention to adopt mobile marketing technology.
1.3 Research Objectives TC "1.3 Research Objectives" \f C \l "1" 
1.3.1 General Research Objective TC "1.3.1 General Research Objective" \f C \l "1" 
The general objective of this study was to assess factors that affect the intention of the aging population in Zanzibar to adopt mobile marketing technology.

1.3.2 Specific Research Objectives TC "1.3.2 Specific Research Objectives" \f C \l "1" 
(i) To investigate the influence of perceived usefulness on intention to adopt mobile marketing technology among the aging population in Zanzibar;
(ii) To investigate the influence of perceived ease of use on intention to adopt mobile marketing technology among the aging population in Zanzibar;
(iii) To investigate the influence of attitude on intention to adopt mobile marketing technology among the aging population in Zanzibar

(iv) To investigate the influence of technology anxiety on the intention to adopt mobile marketing technology among the aging population in Zanzibar and
(v) To assess the role of attitude in mediating the influence of PU and PEOU on the intention to adopt mobile marketing technology among the aging population in Zanzibar.
1.4 Significance of the Study TC "1.4 Significance of the Study" \f C \l "1" 
This current study has identified that attitude, technology anxiety and perceived ease of use have a direct effect, and perceived usefulness indirectly affects the aging population's intention to adopt mobile marketing through attitude. Attitude also mediated between PU, PEOU and the intention of adoption of mobile marketing technology. Therefore, the study guides what to consider in promoting the aging population to use mobile phones in their daily marketing activities. 

Additionally, the government and other stakeholders need empirical evidence to guide them in designing appropriate strategies to motivate the adoption of mobile marketing innovation in the country, particularly to the aging population, who seems to lag behind the use of technology in the country (RGoZ, 2020). The use of ICT products such as mobile phones in searching for marketing information is a potential weapon to induce the aging population's intention to engage in mobile marketing, as they can access a variety of products and services offered and allow them to find better prices at their convenience. Therefore, it will improve the quality of life for all rural and urban populations, as assumed by RGoZ in the Zanzibar ICT Policy of 2013.

Furthermore, the aging population could be motivated to access marketing information through mobile phones and be able to purchase and obtain the products and services they expect. Reports show that youth and young adults were the only segments in the social groups who opted for mobile phone applications because they became more mobile cultured than the aging population (Zanzibar ICT Policy, 2013:  Abraham, 2018; Msonge, 2017). Thus, the awareness campaign related to mobile marketing would induce the intention to adopt mobile marketing to this social group of the aging population and thus enable RGoZ to meet the ICT policy objective, which vowed to “Empower community with access to quality and secured ICT services at affordable costs considering gender and other social groups” (Zanzibar ICT Policy, 2013, p13). 

The study in this area adds knowledge to the growing body of literature. Researchers especially interested in investigating the intention to adopt technology for those with no awareness or experience in using such technology can use this study as a reference and the proposed model in their studies. 

The established mobile marketing platforms in Zanzibar have continued to face challenges due to the stagnant growth of the business online. This study could provide insights to management by identifying the relevant mobile marketing practices and strategies for effective decision-making. Besides, the study results could help to understand how the aging population in Tanzania perceives the use of mobile marketing in their daily life. Therefore, the research aimed to identify the factors necessary to influence the aging population's intention to adopt mobile marketing technology to promote the mobile marketing business in Zanzibar. Ma & Liu (2004) noted that mobile marketing management needs to get prescriptions derived from relevant and consumable research rather than applying rigorous methodology best suited to their research objectives to take more effective interventions to achieve greater technology acceptance or usage. Therefore, the government and other stakeholders might find empirical evidence to formulate appropriate policies for increasing mobile marketing adoption among all consumers in Zanzibar. The established policy will assist in achieving the goal of Zanzibar Vision 2050 of creating a digital economy in the digitalized era. This will improve national economic growth and the welfare of the people due to the increased revenue from digital business undertakings.  

1.5 Theoretical Relevance TC "1.5 Theoretical Relevance" \f C \l "1"  

This study has filled the gap shown by Abdallah, (2019) and Almogren & Aljammaz (2022) who synthesized TAM with Social Cognitive Theory and suggested that future studies might be extended to ensure and validate the findings to other categories of respondents and other nations. In addition, the study of Chille et al, (2021) specified that the extended TAM model used in their study did not test the TAM constructs of Attitude (AT) and Behavioral intention (BI), thus suggesting future studies should include these constructs in identifying the factors influencing consumer adoption of mobile marketing in Tanzania. 
Therefore, this study aimed to contribute to the respective literature by investigating the effect of Perceived Usefulness, and Perceived Ease of Use on BI from the context of Zanzibar in the mobile marketing dimension. In addition to the personal traits of an aging population, we considered attitude (AT) and behavioral intention (BI) to fill the existing gap. 
This was done by extending the TAM theory to include one of the Social Cognitive Theory's cognitive factors, anxiety. The theory assumes that behavioral intention emphasizes the beliefs about using innovation and the perceived outcome of adopting such innovation.  Hence, it is assumed that personal beliefs such as Self-efficacy and anxiety affect behavior. Since anxiety affects the adoption of technology in adults and the aging population (DiGiacomo et al, 2019; Kim et al, 2023; Yang et al. 2021). Thus, opted to extend TAM theory with technology anxiety to provide more understanding based on the characteristics of self-service technology, such as mobile marketing.
Therefore, the study conceptual framework exclusively modifies the Technology Acceptance Theory in measuring consumers’ intention in conjunction with Social Cognitive theory while excluding the Actual Usage factor of TAM since the mobile marketing technology is yet at the infancy stage in Zanzibar as depicted by Maisara et al, (2022) and the whole of Tanzania (Chile et al, 2021).  While other studies by Abubakar & Chille (2023), Msuya (2022), Mapunda (2021), and Chille et al, (2021)  focused on the acceptance and continuous usage of mobile marketing technology. 
1.6 Organization of the Thesis TC "1.6 Organization of the Thesis" \f C \l "1" 
Chapter One describes the background history of the study, a statement of the problem, general and specific research objectives, and the study's relevance. Chapter two starts by defining the key terms used, examining existing theoretical literature, reviewing empirical literature, and presenting findings about the research problem. Chapter three contains the methodological process of the study. Chapter four highlights the study findings. Chapter Five includes a detailed discussion of the study findings, as Chapter Four highlights. Chapter six is the last chapter, which consists of the summary of the results, theoretical and practical contribution of the study, fulfillment of the contextual gap, and limitations and suggestions for future research.
CHAPTER TWO TC "CHAPTER TWO" \f C \l "1" 
LITERATURE REVIEW TC "LITERATURE REVIEW" \f C \l "1" 
2.1 Overview TC "2.1 Overview" \f C \l "1" 
This chapter explains conceptual definitions to help readers understand the terms used in this study. It also encompasses a theoretical review of the theories related to this study, followed by an empirical literature review. The chapter ends by showing the knowledge gaps obtained and the conceptual framework.
2.2 Conceptual Definitions TC "2.2 Conceptual Definitions" \f C \l "1" 
2.2.1 Mobile Marketing TC "2.2.1 Mobile Marketing" \f C \l "1" 
The Mobile Marketing Association (MMA) (2009) defines mobile marketing as “a set of practices that enables organizations to communicate and engage with their audience in an interactive and relevant manner through and with any mobile device or network.” It involves starting relationships, acquiring, generating activity, and stimulating social interaction with organizations and customers. 
Johnson and Plummer (2013;13) define mobile marketing as exchanging marketing information between marketers and consumers through wireless-connected mobile devices. Iqbal et al. (2019) defined mobile marketing as “A marketing practice that takes place via mobile phones and may include promotional messages sent through text messages, mobile telemarketing, viral marketing, geo-targeting, and mobile broadcast advertising.” This study adopts MMA's (2009) definition of mobile marketing.
2.2.2 Intention to Adopt Mobile Marketing TC "2.2.2 Intention to Adopt Mobile Marketing" \f C \l "1" 
Wells et al, (2012) defined intention to adopt mobile marketing as “a communications practice of mobile marketing perceived by individuals as innovative. Tanakinjal et al, (2011) define intention to adopt mobile marketing as “the mental process through which a person passes from first learning about an innovation to final decision of mobile marketing adoption through consideration of factors such as trust, risk, and permission.” This study adopts Tanakinjal et al, (2011) definition since this study is concerned with the mental process of investigating an individual’s intention to adopt.
2.2.3 Perceived Usefulness (PU) TC "2.2.3 Perceived Usefulness (PU)" \f C \l "1" 
Davis et al, (1989) defined PU as “the degree to which the individual believes using a technology would enhance his or her job performance”.  Wilson et al, (2021) defined it as “the extent to which consumers assess whether or not a product will have a positive impact on their activities, or make their life better”. This study adopts Wilson et al.'s (2021) definition as the definition adds value in the life of the consumers to the relevance of the technology. 
2.2.4 Perceived Ease of Use (PEOU) TC "2.2.4 Perceived Ease of Use (PEOU)" \f C \l "1" 
Chen et al. (2015) defined it as “the degree to which a person thinks the use of the system will improve performance. Originally defined by Davis et al, (1989) on the introduction of TAM theory as “the degree to which a person believes using the innovated technology would be free of effort. The study opts for Davis's (1989) definition of perception of ease of use.
2.2.5 Attitude TC "2.2.5 Attitude" \f C \l "1" 
Mahattanakhun & Suvittawat  (2023, p4) defined attitude as “an individual’s behavioral assessment which is a consequence of experience and environment that can lead people to perform individual behavior, both positive and negative, those individuals can be motivated by their assessment and perform different behaviors depending on their environment.” According to Kotler and Keller (2016), attitude is a person’s continuing favorable or unfavorable assessments, demonstrative feelings, and action tendencies toward a particular object. This study opts for Kotler's (2016) definition, which states that mobile marketing adoption depends on consumer emotion and innovation assessment.
2.2.6 Technology Anxiety TC "2.2.3 Technology Anxiety" \f C \l "1" 
Alkhawaja et al, (2021, p1641) defined anxiety as the degree to which an individual temporally experiences fear, apprehension, and aggression when using technology or even considering using it. Mohammadi & Isanejad (2018;77) defined “Technology anxiety as an emotional and cognitive reaction that the individual feels while using technology. It occurs mostly when the person perceives technology as a threat.” This study will adopt Mohammadi & Isanejad's (2018 p, 77) definition of innovation as being associated with a threat.
2.2.7 Aging Population TC "2.2.7 Aging Population" \f C \l "1" 
Reynaud and Miccoli (2019) defined the aging population as a significant increase in the number of individuals above the age of  65 compared to the younger population and as a proportion of the total population. The National Ageing Policy (2003) of Tanzania defined the aging population as the final stage of human growth from childhood, youth to old age. Moreover, is started from 60 years old and above, which is the retirement age; therefore, this study recognizes the aging population according to the National Ageing Policy (2003), which recognizes the aging population from 60 years and above.
2.3 Theoretical Literature Review TC "2.3 Theoretical Literature Review" \f C \l "1" 
2.3.1 Technology Acceptance Model (TAM) TC "2.3.1 Technology Acceptance Model (TAM)" \f C \l "1" 
The theory was developed by Davis, Bagozi, and Warsaw (1989). Originally evolved from the theory of reasoned action (Ajzen &Fishbein,1975), which holds that social behavior is motivated by an individual attitude, which tends to predict technology use (Lin, 2007), and the theory of planned behavior (Ajzen, 1991) which attempted to predict human behavior through subjective norm, attitude and perceived behavior control.  The theory of Reasoned Action explains the personal use of technology, as one would be convinced by social peers like family and colleagues or experts’ recommendations through advertisements to adopt the technology (Ajibade, 2018). However, Davis (1989) replaced many of TRA's attitude measures with two technology acceptance measures: perceived ease of use (PEOU)  and perceived usefulness (PU). External variables, which comprise the technology itself design and features, affect attitude(ATT)  toward using the technology and behavior intention (BI) through the cognitive perception of ease of use (PEOU) and usefulness (PU), toward intention (BI) to use the technology which eventually expected to affect the actual use (AU) of such technology.

However, the perception of usefulness can directly affect the actual use, but the perceived ease of use does not directly affect the use behavior. Thus, this emphasizes the notion that the effective functionality of the technology depends on its usability (Davis, 1989,p 334). TAM theory holds that if technology is expected to be easy to use, more likely to be considered useful for the user and more likely to stimulate the acceptance of such technology (Davis, et al, 1989).  
Thus, TAM theory was developed to “provide an explanation of the determinants of computer acceptance that is general and capable of explaining user behavior across a broad range of end-user computing technologies and user populations, while at the same time being both parsimonious and theoretically justified” (Davis et al., 1989, p. 985). This process flows as depicted in Figure 2.2 below.
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Figure 2.1: TAM Model TC "Figure 2.1: TAM Model" \f F \l "1" 
Source: Adopted from Davis, Bagozi & Warsaw, (1989)
2.3.1.1 Assumptions of Technology Acceptance Model TC "2.3.1.1 Assumptions of Technology Acceptance Model" \f C \l "1" 
TAM assumed that first, people are free to act without limitation; thus, when they intend to adopt, they will adopt with no restriction to act. Second, when new technology innovates, people are influenced by several factors in deciding how and when to use the innovation.  Thirdly, it assumed the success of new technology adoption based on positive attitudes towards two measures. These are PU, which means whether or not someone perceives technology to be useful for what they want to do, and PEOU, which means if the technology is easy to use, then the barriers are controlled. No one has a positive attitude towards it if it is not easy to use and the interface is complicated. Thus, these two perceptions create a favorable Behavioral Intention (BI) toward using innovation, consequently affecting its self-reported implementation (Davis et al, 1989). 

In addition, the theory explains that external factors such as social influence are essential in determining the attitude toward the intention to use technology. However, this might be affected depending on age and gender due to individual differences. Behavioral intention is a factor that leads people to use the technology, which is the end-point, and it is influenced by attitude, which is the general impression of the technology.

2.3.1.2 Strength of TAM Model TC "2.3.1.2 Strength of TAM Model" \f C \l "1" 
TAM has been the extensively most used model of other theories in studying Information System (IS) adoption and has even been declared to be the best technique used to elaborate on the rationality of users’ acceptance and use of a particular technology, such as mobile marketing, mobile banking, e-health, mobile social gaming, within a different context (Chille et al, 2021; Chen et al, 2014; Charness & Boot, 2016). Because the theory assumes that PEOU and PU are the significant factors in consumers' adoption and use of IS, they are more convenient to study the adoption intentions (Lai & Zainal, 2015). 

TAM helps users understand why innovative technology might be acceptable or unacceptable while taking suitable measures and providing predictions (Lai, 2017). Since mixed results were obtained in the past, TAM replaced the direct effect of subjective norms on behavioral intention; thus, the use of PEOU and PU became more appropriate (Lai, 2017).

2.3.1.3 
Limitation of TAM Model TC "2.3.1.3 Limitation of TAM Model" \f C \l "1" 
TAM does not reflect the variety of user task environments and constraints (Olushola & Abiola, 2017). Despite being tested widely and proved valid and reliable with different samples and situations, TAM assesses the increase in demand for technology usability and, therefore, lacks emphasis on the essential measures relating to users’ perception of the technology's usability and the system characteristics that might affect users’ intention to adopt the IS (Holden & Rada, 2011).
TAM assumes individuals' IS adoption without either an intrinsic or extrinsic influence. This is not applicable since, in reality, people might be constrained by internal or external factors that tend to limit the freedom to act. Thus, the model lacks important theoretical constructs, such as psychological constructs like anxiety or physical influences (Ajibade, 2018). 
The TAM model assumes the user’s experience in adopting and accepting the technology (Chille et al, 2021). This is not true in other contexts because people are unfamiliar with the new technology innovated in the market and, in most cases, do not have adequate information about such technology's usefulness and ease of use. Thus, they do not necessarily have positive perceptions towards innovative technology (Ajibade, 2018). The TAM model was designed for Western culture, where people use “a rational cause and effect paradigm to create perceptions” (Anandarajan et al, 2005, p51). Therefore, TAM constructs do not fully show the influence of technological adoption in countries such as Tanzania, where most people have less experience with technology use, as revealed by Lwoga & Lwoga (2017). From that point, the TAM hypothesis on understanding human behavior through empirical settings is unreliable.
Also, TAM lacks evidence of factors motivating the perceived usefulness, which is more relevant to understanding the acceptance and development of the technology (Venkatesh & Davis, 1996). 
Above all, TAM most of the limitation was on its explanatory power (R²), thus Venkatesh & Davis (2000) have the aspiration to keep the original TAM constructs complete and only include key determinants on perceived usefulness and usage behavior to increase the explanatory power of original TAM model.
2.3.2 The Technology Acceptance Model (TAM 2) TC "2.3.2 The Technology Acceptance Model (TAM 2)" \f C \l "1" 
The theory developed by Venkatesh and Davis (2000), aimed to investigate the key antecedents of perceived usefulness so as to provide a comprehensive framework for explaining and predicting the acceptance of the technology. 

TAM 2 extended five additional variables as external variables and two moderators toward the perception of usefulness. The new exogenous constructs were subjective norms, image, job relevance, output quality, and result demonstrability. While moderators were experience and voluntariness. Subjective norms refer to the ones’ belief that most people who are important to him think he should or should not perform the behavior in question (Venkatesh & Davis, 2000). Therefore, this construct is expected to affect intention directly and indirectly, as well as the perceived usefulness and image (Venkatesh & Davis, 2000; Marikyan & Papagiannidis, 2023). 
The theory was designed to investigate technology adoption at the organizational level. Thus, colleagues have much power to influence one’s behavior when a referent’s suggestion has great value (Marikyan & Papagiannidis, 2023). Image refers to one’s perceived status in the social system derived from the use of technology (Venkatesh & Davis, 2000). Thus, the image perceived is thought to affect the perception of the usefulness of the technology. 
Job relevance is thought to affect the perception of usefulness when an individual thinks the technology will be applicable to perform his job (Venkatesh & Davis, 2000). Output quality means the perception of the quality of the technology in performing the task (Venkatesh & Davis, 2000). Thus, output quality increases the possibility of a perception of the usefulness of the technology. Result demostrability means the tangible result obtained from using the technology (Marikyan & Papagiannidis, 2023). Results are expected to affect the perception of the usefulness of the technology in the organization. 
Figure 2.3 Depicts the Extension of Constructs of TAM to TAM2. 
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Figure 2.2 Technology Acceptance Model (TAM 2) TC "Figure 2.2 Technology Acceptance Model (TAM 2)" \f F \l "1" 
Source: (Venkatesh &Davis, 2000)
2.3.2.1 Assumption of TAM 2 Theory TC "2.3.2.1 Assumption of TAM 2 Theory" \f C \l "1" 
TAM2 theory holds that users’ cognitive valuation of the desired achievements at the organization and the consequences of performing job tasks through the use of technology serve as a basis for creating perceptions of the usefulness of the technology. 

The theory assumed that PEOU and result demonstrability will have a positive direct influence on PU (Ventakesh & Bala, 2008). Job relevance and output quality will moderate the PU such that the higher output quality
2.3.2.2 Strength of Technology Acceptance Model  (TAM2) TC "2.3.2.2 Strength of Technology Acceptance Model  (TAM2)" \f C \l "1" 
The extended five constructs provided a thorough explanation of the critical determinants affecting the technology's usefulness. This prompted TAM 2 to perform well in explaining the adoption of technology in both voluntary and mandatory environments to the organization (Venkatesh & Davis, 2000). 

TAM 2 is highly supported in longitudinal studies at the organizational levels. 
2.3.2.3 Criticism of Technology Acceptance Model  (TAM2) TC "2.3.2.3 Criticism of Technology Acceptance Model  (TAM2)" \f C \l "1" 
Original TAM (Davis et al, 1989) and TAM2 (Venkatesh & Davis, 2000), are criticized for providing few actionable guidelines to practitioners (Venkatesh & Bala, 2008).  TAM2 was biased on the cognitive antecedents affecting the perception of the complexity of the technology, only concerned with promoting the perception of usefulness.

Thus Venkatesh & Bala (2008)  extended the TAM 2 to the new model of TAM3

2.3.3 Technology Acceptance Model  (TAM3) TC "2.3.3 Technology Acceptance Model  (TAM3)" \f C \l "1" 
Is the extension of the Technology Acceptance Model to increase the antecedents on the perception of ease of use, together with those evolved from TAM 2. TAM 3 aimed to provide a nomological network explaining technology adoption in a comprehensive way (Venkatesh & Balla, 2008). Investigate the relationship between antecedents and perception of usefulness and ease of use in a single model to exclude the cross-over effect. Therefore, the Technology Acceptance Model (TAM 3) was a result of the extension of TAM2 with the notion to add clarity to the literature, which shows an inconsistent in the  predictors of the perceptions of usefulness and ease of use (Venkatesh & Dais, 2000; Agarwal & Karahanna, 2000) 
Venkatesh and Bala (2008) added the determinants of PEOU and usage intention constructs for the robustness of the original TAM model. These determinants include computer self-efficacy, perception of external control, computer playfulness, computer anxiety, perceived enjoyment, and objective usability. Hence, the model presents a complete nomological network of the determinants for users’ technology adoption. Figure 2.4 depicts the extension of TAM2 to the new model of TAM3.
[image: image3.png]Perceived
Ueetulacs
Intention Usage
o Use Behavior
Porccived
Bese of Uee &> Accepeance





Figure 2.3: Technology Acceptance Model 3 TC "Figure 2.3: Technology Acceptance Model 3" \f F \l "1"  

Source:Ventakesh&Bala, (2008)

2.3.3.1 Assumption of TAM 3 TC "2.3.3.1 Assumption of TAM 3" \f C \l "1" 
The theory assumes that both perceptions of ease of use and usefulness are factors influencing an individual’s intention to use and accept new technology, and these relationship effects are moderated by experience.  Since TAM 3 only added the determinants of PEOU, it was assumed that the effect of adjustments on PEOU is strongly associated with self-efficacy and procedural knowledge with more hands-on experience and skill. The theory also assumes that the determinants of PU will not influence PEOU and vice versa.
2.3.3.2 Strength of the TAM 3: TC "2.3.3.2 Strength of the TAM 3:" \f C \l "1" 
The TAM3 theory presents a complete nomological network explaining the user's intention to adopt the technology. The theory model tested in real-world settings of technology implementations proved to be robust in explaining the usage of technology at the organizational level. Besides, the TAM3 model raised the explanatory power of the TAM theory and strengthened the behavioral model of antecedents of two perceptions: usefulness and ease of use.

2.3.3.3 Limitation of TAM 3 TC "2.3.3.3 Limitation of TAM 3" \f C \l "1" 
The model is designed to investigate technology adoption at the managerial level of an organization and not at the individual level. The theory assumes the user of the system volunteers to use the system thus they have a choice to adopt technology, while in reality, at the organization level, the technology adoption is mandatory (Al-Mamary et al, 2016)
Based on the review of TAM theories, the original TAM of Davis et al. (1989) is more appropriate than TAM2 and TAM3 in predicting technology in the individual setting. Studies revealed the robustness of the TAM in predicting the intentions to use technology at the individual level (Bamoriya & Sigh, 2019; Guner & Acaturk, 2020; Lopez &Bonilla, 2017), while TAM2 and TAM3 are designed to explain technology adoption at organization levels. Therefore, the study could not take TAM2 and TAM3 since they are mainly concerned with technology adoption in the organization settings, while the current study is aimed to investigate factors affecting the intention to adopt mobile marketing on an individual level. 

The researcher opted for the original TAM of Davis et al, (1989) to guide the study, however, needs to be extended since it was criticized for its limited explanatory power (Venkatesh & Davis, 2000; Venkatesh & Bala, 2008; Haq & Ghouri, 2018: Abdallah, 2019; Orantes-Jimenez et al, 2018). In addition to TAM theory, actual usage was not considered in this study since the study aimed to investigate the intention to adopt mobile marketing technology to the aging population in Zanzibar, in which the adoption of this technology is still yet adapted to this age group and in the country is as a whole (Maisara et al, 2022; Hawa et al, 2022; Haji et al, 2023)

Therefore, the study extended the original TAM with Social cognitive theory as previously extended by Tsai et al, (2020) and Abdalla, (2019) to explain technology adoption in different contexts. Therefore, based on the study objective, the researcher enforced opting for a Technology Anxiety (TA) construct from Social Cognitive Theory (Bandura, 1986), as the behavior of the aging population in the technology adoption area as revealed by Tsai et al, (2020) in wearable technology adoption and Kim et al, (2023) in digital inclusion.
2.3.4 Social Cognitive Theory (SCT) TC "2.3.5 Social Cognitive Theory (SCT)" \f C \l "1" 
The theory was developed by Bandura (1986). It is a theory of human functioning that necessitates that the human being can control their behavior through self-belief, which enables them to control their thought, feelings, and actions (Bandura, 1986). Therefore, people can influence or be influenced by the environment (Bandura, 1986). The theory differs from TAM theory since it considers the complex nature of behavioral intention (outcome) caused by the reciprocal interaction between the environment and factors. This theory assumes people to be active participants rather than passive recipients of external stimuli (environment). 
People’s belief in the capability to execute specific actions to achieve the required attainment (outcome). Belief in self-efficacy typically depends on one’s belief of personal skill set rather than one’s ability to accomplish the behavior. Hence, they are neither mechanical carriers of animating environmental stimuli nor autonomous actors (Almogren & Aljammaz, 2022).  Therefore, the belief of self-efficacy has a positive relationship with the achievement of the outcome, while anxiety toward the subject matter has minimal or no relationship with the outcome (Bandura, 1986).
Therefore, this study adopted the Social Cognitive Theory as a supplement theory to TAM model because it involves the surrounding of behavior intention because TAM alone decreases the comprehensiveness of understanding behavioral intention since TAM was only focused on technology perceptions (Ratten & Ratten, 2007).

Social Cognitive Theory is based on the notion that environmental influences such as social pressure, situational characteristics, and cognitive and demographic characteristics significantly determine behavior (Masimba & Zuva, 2021). Figure 2.3 represents Bandura's triadic reciprocal determinism. 
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Figure 2.4: Social Cognitive Theory TC "Figure 2.4: Social Cognitive Theory" \f F \l "1" 
Source: Adopted from Bandura (1986)
Reciprocal Determinism means the dynamic and mutual interaction of factors, including personal learned experience, the environment (external social context), and behavior, which is a response to the stimuli to achieve goals (Nickerson, 2024). 
Personal factors such as self-efficacy are expected to significantly affect the achievement outcome (Bandura, 1986). Self-efficacy is one of the most inescapable characteristics in personal factors and is valued as a significant personal trait in the SCT.
Self-efficacy refers to “individuals’ faith in their ability to implement actions that could bring about specific outcomes” (Li et al, 2024, p2). It has a dynamic reciprocity relationship between factors, cognitive, personal, and environmental, which affects human behavior (Abdallah, 2019), therefore showing a strong influence on a person’s outcome since one’s efficacy beliefs possess a positive relationship to the achievement of the outcome, while anxiety has minimal or no relationship to the achievement of the outcome (Bandura, 1986).  
Anxiety is referred to as “the fear or discomfort an individual feels when anticipating or engaging in the adoption of technology” (Chen et al, 2024). This is a function of confidence with which a weaker sense of efficacy reduces the achievement of the outcome. The beliefs of efficacy and anxiety are the primary determinants of how people think, behave, and feel, thus can impact everything from psychological state to behavior to motivation (Bandura, 1986). 

In technology adoption, According to Compeau et al, (1999), SCT encourages individuals to ensure that they have the requisite skills and confidence to adopt and use the technology. Therefore, a person’s weakened feeling of efficacy in using a particular technology becomes anxious and decreases the intention to adopt such technology.  Studies presented the correlation between self-efficacy and age, where the aging population was revealed to have less efficacy in using technology than the younger population (Jokisch et al, 2020; O’Neill et al, 2023; Schreder et al, 2013), and therefore opting to use a familiar method in achieving the required outcome (Catalan et al,2021). However, the effect also depends on the technology in particular, as revealed that the effect of anxiety on technology adoption is depicted in youth (Bandura, 1997; Mills et al, 2006)  and on the aging population as well (Chen et al, 2024) in different technological contexts. 
2.3.4.1 Assumptions of Social Cognitive Theory TC "2.3.4.1 Assumptions of Social Cognitive Theory" \f C \l "1"  

The theory holds that people’s behavior depends on their experience of their actions, which then affects their environment and personal behaviors (Schunk, 2012). It also states that behavior is evaluated through an individual’s expectation of its outcome and expectation of their own experience and could be mediated through learning or observation from others (Ratten & Ratten, 2007).

Bandura (1986) assumed that people are self-organizing, proactive, self-reflecting, and self-regulating rather than just responding to environmental forces.  Thus, the theory assumes that human decisions are affected by self-motivation and behavioral and environmental influences. For example, how people think tends to inform and alter their environments and factors, affecting subsequent behavior. Thus, Bandura (1986) holds that the interaction of (a) personal factors in the form of cognition and biological events, (b) behavior, and (c) environmental influences have significant effects on each other’s. 
2.3.4.2 Strength of the Social Cognitive Theory TC "2.3.4.2 Strength of the Social Cognitive Theory" \f C \l "1" 
The theory is practical as it focuses on personal characteristics, environment, and expected outcomes (behavior). Since this study is based on the intention to adopt this, the SCT fits well. It involves the mental process through which an individual, like the aging population, passes from first hearing about mobile marketing technology to a final decision as they become regular users of mobile marketing technology. 
The recognition of reciprocity in the interaction between the person, environment, and behavior describes how individuals initiate and maintain their behavior in a given environment (Ratten, 2015). The SCT has been appreciated for changing behavior in a wide range of disciplines, including education (Mills, 2006), organization (Ozyilmaz et al, 2018), technology innovation (Ratten & Ratten, 2007; Ratten, 2015), and mobile communication (Youn, 2019). They focused on self-efficacy and outcome expectancies by expecting an improvement in beliefs that would result in changes in behavioral outcomes.  Therefore, SCT is appreciated in developing other theories as most researchers adopt part of it, mainly the self-efficacy variable, to formulate another theory based on the study objectives.
2.3.4.3 Limitation of Social Cognitive Theory TC "2.3.4.3 Limitation of Social Cognitive Theory" \f C \l "1" 
The theory assumes the changes in the environment will automatically lead to changes in a person's behavior the notion that does not hold in another situation. The theory is not well organized as it depends on the dynamic interplay of person, behavior, and environment, did not fully explain how environment, behavior, personality, and social cognition are related, besides which of these is more influential than another and the extent of these factors into actual behavior (LaMorte, 2022). 
It has also been criticized for overemphasizing individual agency and softening the influence of broader social, economic, and cultural effects on behavior rather than predominantly looking at personal beliefs and self-efficacy. Cultural differences and backgrounds can lead to either copying or rejecting new behavior (Widodo & Astuti, 2024). The SCT cannot be generalized easily since it is more related to education and motivation studies; thus, it became difficult to apply it in another domain (Masimba & Zuva, 2021).

Therefore, for this study, only the state of technology anxiety as a function of confidence that affects one’s behavior has opted to determine its effect on the aging population's intention to adopt technology. Therefore, the SCT was taken as a supporting theory to the Technology Acceptance Model theory to assess factors affecting the aging population's intention to adopt mobile marketing technology in Zanzibar.

The study could not take SCT as a whole since it is mainly based on experience and observable behavior; thus, it may not capture the perception and attitude that might also impact personal behavior. Instead, the study will only adapt to the anxiety construct. Although sef-efficacy emerged as a significant predictor in the technology acceptance model (Ventakesh & Bala, 2008; Jokisch et al,2020; O’Neill et al, 2023), however, other researchers, Jokisch et al, (2020); Chu, (2010); Catalan et al, 2023 found the current generation of the aging population have low self-efficacy in the modern technology adoption such as mobile marketing technology, since they did not have substantial experience and even trained in their earlier life. Thus, they are more anxious about using technology and its abrupt changes in their daily life (Catalan et al, 2023). 
It also revealed that anxiety in using technology arose in the absence of self-efficacy in performing a task  (Abdallah, 2019; DiGiacomo et al, 2019; Kim et al, 2023). It is reliable for the current study to investigate the effect of technology anxiety as a personal factor that provides the ability to control individuals’ thoughts and feelings on intention to adopt mobile marketing technology. Since the objective of the current study is to investigate the factors affecting the aging population's intention to adopt mobile marketing technology in Zanzibar, the population under the study mostly have a low level of education and less experience in using technology, as revealed in previous studies (Lwoga &Lwoga, 2017; Maisara et al, 2022). 
2.4 Contextual Literature Review TC "2.4 Contextual Literature Review" \f C \l "1" 
In this part, the concept of mobile marketing has been reviewed to understand the features and how this technology works in the mobile competitive era for customers and vendors. Thus, the concept of mobile marketing, its features and the underlying motive influence adoption are reviewed in this section. Finally, the current status of mobile marketing technology in Tanzania is based on the empirical literature conducted in different parts of Tanzania.  The current status of the aging population in Zanzibar in relation to the technology era is also highlighted in this section.
2.4.1 The Concept of Mobile Marketing TC "2.4.1 The Concept of Mobile Marketing" \f C \l "1" 
Mobile marketing is a tool for promotion strategy for the organization. It is an interactive communication process that combines push, pull, and dialogue marketing forms. It is the sole medium that achieves more excellent consumer responses than other mediums of promotion, in conjunction with permission and acceptance to play a vital role in attaining responses and interaction in communication (Tarnanidis, (2024; Chang et al, 2017). This concept is still in the early stage of its growth (Oscar et al, 2017; Chille et al,2021). However, countries like Finland, the USA, Spain, Japan, Ecuador, New Zealand, China, and India. continued to adopt this medium soundly. 
In developing countries, including African countries, mobile marketing technology is still at the introduction stage (Engotoit et al, 2016; Uwamariya, 2021; Maseke, 2020: Nyatsambo et al, 2021), which encompassed the rapid penetration of mobile phone devices. The devices are characterized by interactivity in such a way as to reach the consumers at any place they are and at any time conveniently respond directly, personalized, and customized to the target group rather than those media addressing a vast mass audience. Besides, it is a cheap, easy, and fast marketing communication medium (Duzgun & Yamamoto, 2017). Thus, we can say that mobile marketing creates value for customers and improves the company’s brand image.

2.4.2 The Features of Mobile Marketing TC "2.4.2 The Features of Mobile Marketing" \f C \l "1" 
The innovation of marketing communication via mobile phones evolved to have distinguished features embodied in using the mobile medium as the instrument transfers the marketing message to reach the target market (Duzgun & Yamamoto, 2017). This feature enables mobile marketing to be an easy method of marketing communication that is ineffective and efficient in terms of time and money. These unique features of mobile marketing are location-based, personalization, and interactivity

Location-Based Service (LBS): 
Location-based service in mobile marketing refers to conducting marketing activities through a customer’s physical location (Bansal, 2023).  Marketers make use of mobile phone technology to target marketing services based on the location of the customers.  Therefore, the geographical information system (GIS), global positioning system (GPS), multifunction mobile devices, and internet network services should be integrated. Integration aimed to enable the content providers to deliver appropriate and relevant services such as tagging, tracking, navigating, and mobile commerce to the consumers at the right time (Wu et al,2015; Gavalas et al,2014, Storma et al, 2014). In tracking services, LBS delivers information related to the position of the subject or object that the user or organization needs (Wu et al, 2015). In mobile commerce, LBS is used in navigation services, maps, and nearby information searches, and business organizations use LBS for location-based advertising, where customers are shown items to buy based on the consumer’s profile of geographical location and preferences depending entirely on consumer’ permission (Jang & Lee, 2018).  Location-based Services (LBS) enable the efficiency of the mobile marketing campaign through pull and push promotion strategies. The push type involves the sending of advertising messages to customers’ cell phones without permission, while the pull is the strategy used to send the message to the consumer's cell phone on the consent to opt into the link provided to enable the business organization to send the solicited message and allow direct contact of business to customers (B2C), interactive and sometimes dialogue concerning the advertisement message. (Wu et al, 2015). LBS enables advertisers to specify the location of the audience and send relevant messages via call action or text, such as on-sale discounts or promotion discounts to the targeted geo-fenced area.

Prior researchers Bauer and Strauss (2016) and Banerjee et al, (2021) indicate that location-based awareness is a significant factor in consumers’ acceptance of mobile advertising. Lin et al (2016) indicated that in Singapore, LBS at an early adopting stage has a relatively convergent and competitive value chain where the brand owner is overwhelmed by the fragmented competitive value chain (LBS developers, advertising agencies, mobile service operators, and publishers) to deal with the delivery of the LBS advertising messages. Although the country launched the Personal Data Protection Act, the technical implementation and LBS still became significant inhibitors of mobile advertising adoption because consumers are still concerned with personal privacy and data protection and intrusive spam (Lin et al. 2016).

Personalization: 
Personalization relies on the proper management of user profile information. Mobile devices are highly personalized devices and, therefore, become more effective in marketing communication than other promotional mediums, such as television and computers (Tong et al, 2020; Chen et al, 2014).  Mobile marketing technology extends the traditional marketing mix with highly relevant personalized targeting content through mobile phone channels in SMS, push or pull notifications while considering customer’s location, time, and preferences (Tong et al, 2020). 
Time personalization reduces the intrusiveness of the message that directs calling. The consumer decides to read the message at their convenience and choose when to respond (Salem et al, 2018); the content provider manages the advertisement exposure, content, and best time for the target group. Personalization reduces unsolicited SMS messages. Thus, the brand owner, in collaboration with the LBS value chain, collects the consumers’ current profile depending on their shopping behavior or personally identified preference through opt-in subscribing, creating personalized content to enhance the proper advertising message tailored according to user's preferences and sometimes user’s local language, that improve the effectiveness of mobile advertising (Lin et al, 2016;  Chen et al, 2014). 

Interactivity: 
It is the specific and attractive characteristic of mobile marketing. Hawary and Obeidat (2019) highlight that mobile marketing should be able to interact using the wireless communication medium to provide consumers with time—and location-sensitive, personalized information that promotes the organization’s products, simultaneously generating value for all stakeholders. 
Nowadays, marketers impose their marketing strategies on mobile advertising innovation to increase business-customer interaction at any place and time through mobile phones. It is the most interactive medium compared to traditional media such as television, radio, and printing, which send advertising messages without considering the consumer's responses. Mobile marketing through cell phones allows the immediate response of the consumer to the advertising stimuli, thus facilitating the direct interaction between brand owner and consumer in both push and pull strategies, thus increasing the customer relationship and loyalty and continuous usage of the channel (Hawary &Obeidat, 2021; Bahtar, et al, 2018).

According to Rekha and Jain (2018), the efficiency and effectiveness of mobile marketing interactivity are strongly influenced by customer satisfaction level, where the unsatisfied customer will have a negative attitude toward the brand owner and might refuse to receive the mobile advertising and might refuse to give out the personal information for interactivity with the brand owner. Lin et al, (2016); and Watson et al. (2015) recommended building consumers' trust in innovative technology, which will encourage their willingness to grant permission to have interaction relationships with the brand owner. 

2.4.3 The Motive for Organizations to Adopt Mobile Marketing Innovation TC "2.4.3 The Motive for Organizations to Adopt Mobile Marketing Innovation" \f C \l "1" 


Mobile communication has become important for business organizations as well as non-business (Rekha &Jain, 2018; Bahtar et al., 2019) have argued.  Mobile phones are not only for communication but also a strategy for competitiveness and sustainability in the market. Organization's intention of adopting mobile marketing aroused the intention of achieving a competitive advantage, which is embraced by the delivery of marketing messages through a mobile phone. These advantages obtained from mobile marketing are such that they improve the ability of the brand strategies, business-on-consumer (B2C) relationship, and viral effect.

Improve Brand Strategies

The innovative mobile marketing technology becomes an opportunity for companies to maintain brands through interactive and meaningful communication with their consumers, which results in increasing loyalty and positioning, particularly among younger users (Oscar et al, 2017). Most literature (Mehrz and Hussain, 2022; Goransson et al, 2016; Watson et al,2013) on the adoption of mobile marketing has identified the managerial intention to improve brand awareness. Using a push strategy, the firm sends a mobile advertisement that draws customers’ attention and desires to search for more information related to the brand (Mehrz & Hussain, 2022). 
Consumers' frequent exposure to advertisement messages that they subscribe to increases the brand's awareness and its associated products.  When a consumer receives an advertisement in text, video, picture, or audio, most customers intend to go further to search the product information through the company’s website or the user-generating content (Watson et al, 2013). The relevance of the advertisement to satisfy the consumer is the most valuable asset a company creates for the market and is the actual brand itself (Goransson et al, 2016) and will facilitate the purchase intention (Okazaki & Taylor, 2006). 
Mobile marketing improves customer service and revives consumers’ positive attitudes toward the brand. Some multinational brands have used mobile marketing not only to widen brand loyalty but also to turn the upset customers into a fun experience to change the brand image and improve brand loyalty through the launching of mobile competition, prizes, coupons, and the like to turn into an enjoyable time (Watson et al, 2013; Mehrz & Hussain, 2022).

Increase Customer Relationship

Mobile marketing made it easy for consumers to get everything through their mobile devices. The dialogue is used as a mobile marketing campaign to facilitate a long-term relationship of B2C through the push and pull type of mobile marketing strategy (Aras, 2011). Due to its ability to deliver timely, personalized, and location-based information, unlike traditional mediums where the consumer finds the business location while in the mobile lifestyle.  The business can enter the consumers’ location whenever they are and at any time via consumers’ cell phones (Goransson et al, 2016). Avoidance of intrusion and asking for consumer permission create trust in the organization and increase consumers’ willingness to interact with the brand owner through mobile marketing (Kautonen et al, 2007). This increases B2C relationships and improves organizational marketing performance. 

Increase Viral Effect

In this era of high usage of mobile phone apps, such as Twitter, Instagram, Facebook, SMS, WhatsApp, and WeChat, the consumer primarily shares information that is deemed relevant and attractive to peers (Yousif, 2012). Thus, it increases the viral effect of mobile marketing to reach a greater mass. They usually share the advertisement peer to peer or family, which multiplies the effect and promotes sales volume (Yousif, 2012; Aras, 2011). Mobile marketing enables retailers to reach customers frequently and consistently (Mike Shaw 2014). The multiplier effect will increase brand awareness in the market as the loyal customer could recommend the service to others in society through viral communication (Yousif, 2012; Aras, 2011; Okazaki & Taylor, 2006; Barwise & Strong, 2002).

Mobile marketing has become a promising venture for organizations adopting mobile technology to communicate their marketing information due to the immediate and inexpensive response, reliability, and measurability of the return on mobile marketing investment. The promised benefits of mobile marketing ventures force the organization to adopt the medium to achieve strategic objectives for promotion efficiently. However, in developing African countries, the organization's adoption of mobile marketing is still on the low side (Chille et al, 2021). Despite being identified as the easy advertisement delivery method, one of many delivery approaches, it still has greater reach with less cost and promising returns (Goransson et al, 2016; Duzgun and Yamamoto2017). Developed countries such as the US, Europe, Finland, Japan, New Zealand, and China have embarked on employing mobile marketing as their promotional communication channel and realized the relevance of adopting it (Chan et al, 2022; Chimborazo et al, 2021; Rohm et al, 2012; Heng et al,2002; Okazaki & Taylor, 2008).

2.4.4 Factors  Constraints to the Adoption of Technology TC "2.4.4 Factors  Constraints to the Adoption of Technology" \f C \l "1" 
Studies revealed the acceptance of mobile marketing in most of the countries Ecuador (Chimborazo et al, 2021), South Africa (Donga, 2018), Indonesia (Nasution et al, 2021), and China (Huang et al, 2019) since mobile marketing has become no longer a matter of choice for companies but potential for their survival strategies. However, despite the readiness of organizations to adopt mobile marketing, the aspect depends on consumers' confidence in these tactics, hindering the creation of loyalty and the development of services in this digital context. Consumers face factors that inhibit the acceptance of the mobile medium following the business marketing strategy. These factors are lack of regulation, the intrusiveness of the mobile message, lack of knowledge, trust, and interoperable network infrastructure.

Lack of Regulation

The efficiency of mobile marketing practice requires the acquisition of personal local data. Mobile marketing is subject to government regulation requiring consumer’s prior permission before receiving mobile marketing messages (Kautonen et al, 2007). The legitimacy of consumer privacy raises the need for consumer privacy regulations and Acts in many countries. Some of these countries are the EU, the US, China (Lin et al, 2016), and even Tanzania, through the Personal Data Protection Act enacted in 2022.  This enactment of the Act and regulation aims to protect consumer privacy data in commercial communication. According to Lin et al, (2016), in the European Union, the Data Protection Directive and E-Privacy Directive were enacted to regulate mobile advertising in personal data and privacy protection as well as prohibit a mobile operator from using personal local data without the permission of the mobile user. This protects consumers from unfair and dishonest advertising practices. Studies have urged that lack of regulation is the most critical barrier to mobile marketing adoption (Sardana & Singla, 2023; Mapunda, 2021). Okazaki and Taylor (2008) insisted that legal and safety conditions are essential for the proper execution of mobile marketing, which involves the consumer’s privacy and the security of the consumer’s database.

The Intrusiveness of Advertisement SMS

In mobile marketing, various operators usually apply the push-type strategy (Goransson et al, 2016) to send a mobile advertisement to mobile subscribers to propel the sales volume. However, the recipient perceives the messages as intrusive even when he had opted-in to receive the message, but the increased frequency of the advertisement exposure leads to the intrusion of the mobile advertisement (Sabokwigina et al, 2013; Murillo-Zagara et al, 2020). There is a direct relationship between permission and the intention to adopt mobile marketing,  as shown in the study of Ayoub (2023), which states that consumers’ permission is essential for a consumer's intention to adopt mobile marketing. The intrusion advertisement increases the negative perception and hence becomes the inhibitor, as evidenced in the studies by Ayoub (2023), Murillo-Zagara et al, (2020), and Enwereuzor, (2017), who noted that consumer receives the unsolicited phone call. They decide not to respond, or they receive the mobile message and opt to delete it without reading it. Even though they opt-in to receive it, they are sometimes received late at midnight, or mobile messages are sent several times a day because of disruptions in the network. The situation leads to the consumer's negative attitude toward mobile marketing and inhibits their intention to adopt this technology. 

Lack of Knowledge About Mobile Marketing

Awareness knowledge is related to the effectiveness of the innovation and how it is 

used as a prerequisite for the adoption decision (Rogers 2003). Studies acknowledging the vitality of awareness related to innovative mobile technology are essential and determine whether to adopt or constrain the adoption (Chille et al, 2021; Jham, 2018; Saaksjarvi, 2003). In developing countries where the notion of mobile marketing is still new, most people are not aware of mobile marketing and perceive that mobile phones cannot perform beyond communication. Others perceive that mobile messages cannot be more effective than direct calling (Heng et al, 2002), while non-adopters have no or very little knowledge about the benefits related to the transmission of information via the mobile channel (Jham, 2018). This creates an obstacle to the adoption of mobile marketing to organizations and customers in emerging markets.

Lack of Institutional Trust

Studies have found security/privacy concerns to be a substantial barrier for consumers to dispose of their personal valuable and helpful content to the brand owners for marketing communication purposes (Watson et al, 2013; Sardana & Singla, 2023; Mapunda, 2021). Too many messages sent through the push-type campaign induce the consumers’ negative feelings of loss of control and their privacy, as described by Murillo-Zegarra et al. (2020, p 13). The consumer has no control over the frequency and type of the messages, therefore creating suspicion of the misuse of their data by third parties and causing a loss of trust, thus damaging both customer and marketer (Rekha & Jain, 2018; Murillo-Zegarra et al. (2020). In the study by Duzgun and Yamamoto (2017), there was the biggest operator of a known brand sent mobile advertisements to 92,500 mobile phone users based on the location of the target customers and found only two responses to the advertisement. Because consumers do not believe (i.e. lack of trust in mobile messages that are sent by the company whose they do not opt-in to receive advertisement campaigns. 
Interoperable Network
This is how the subscribers of the one mobile service can communicate with subscribers of any other telecom (Bianchi et al,2023). The mobile network is realized to inhibit the mobile service operation within the country (Heng et al, 2002). The diverse mobile network inhibits communication from one operating company to another, with a high cost per use in communicating with another operating network, inhibiting mobile marketing. Interoperable networking infrastructures enable mobile marketing to be possible within the country, as indicated by Bianchi et al, (2023), and Heng et al, (2002).

2.5 Mobile Marketing Position in Tanzania TC "2.5 Mobile Marketing Position in Tanzania" \f C \l "1" 
In Tanzania, the Government has put in place high-level standards of national information and communication technology (ICT) the 4G Long Term Evolution (LTE) network systems compared to other countries in the world since 2016 (Lymo, 2016). The mobile infrastructure is not fragmented; there is less cost and adequate mobility of service among mobile service providers. Mobile data costs are said to be the lowest in Africa, which puts Tanzania as a leading country in the world in mobile financial services (Kombe et al, 2020; Mbamba & Uligeta, 2017; Report Finscope, 2023). With the launch of TTCL’s 4G LTE, which occupied the national coverage of the telecommunication system, the mobile service prices became more affordable because of the strong competition between this state-owned Telecommunication Company and its rival's privately owned mobile service operating companies. The stiff competition influences the price of mobile service and overall mobile data cost across Tanzania to be lower to the extent to be less than $0.5 per gigabyte of mobile internet for a 30-day plan in 2022 (Statista, 2022). Interestingly the companies consistently earn profit due to the extensive usage of the mobile service (mobilemoneyafrica.com, 2016). The mobile service cost is much cheaper, as observed in 2016, was 0.36 USD, marked as the continent’s cheapest rate of data compared to South Africa, where 1GB of data costs US$5.26, as well as Nigeria, Kenya, and Egypt, with prices for 1GB varying between US$2.8 and US$5.8 (mobilemoneyafrica.com, 2016).

Since Tanzania has emerged to lead the world in mobile financial services and to be a country with low costs in mobile internet communication, there is a need to investigate the factors that affect the intention to adopt mobile marketing in Tanzania while the facilities for mobile marketing applications are available in the country. 

2.5.1 Studies of Mobile Marketing Adoption in Tanzania TC "2.5.1 Studies of Mobile Marketing Adoption in Tanzania" \f C \l "1" 
The increase in mobile phone penetration nearly reached to 64 million users in the country in June 2023 (TCRA, 2023). This indicates a promising opportunity for a new marketing channel in this emerging market. Studies conducted in the Tanzanian context reveal that mobile advertising is new but is a promising venture for both advertisers and consumers (Chille et al, 2021; Abraham, 2018).  There is an increasingly high rate of mobile communication and high consumer interaction through Instagram, Facebook, and text messages. Despite the increasing consumer usage of mobile services, the adoption of mobile marketing stagnated at the introduction stage. According to Msavange (2015), mobile phone usage has drastically increased; it is highly valued for social activities, entertainment, news, and awareness, such as making calls, sending a short text message, listening to music and FM radios, and a few used for surfing to the internet and business communication purpose.

The study by Sabokwigina et al (2013) examined the factors that affect consumer’s attitudes towards SMS advertising. The study found that overall, consumers have negative attitudes toward SMS advertisements. Thus, consumer acceptance of mobile marketing mediums remains relatively low. There is an increasing trend of businesses sending advertising messages via e-mail, Facebook, and Twitter. However, according to the authors, mobile marketing messages are a promising venture and interactive in business-to-customer communication, as they have the biggest chance to be opened and read in a short time since customers have their mobile phones with them all the time. The critical questions to consider using the former medium of communication are; how many people in Tanzania have E-mail accounts? Among those who have E-mails, how many open the spam E-mails? How many Tanzanians use Twitter? Concluded that not only many Tanzanians possess mobile phones, but also a personal device on the hand of the owner at all times. Therefore, there is a high possibility of the mobile marketing message being seen and read by the customer, and there is a high possibility of them responding to the message.

The study by Ndyali, (2014) explores consumer perceptions of mobile phone marketing. Using the Rogers diffusion of Innovation theory (1995), testing only three attributes comparative advantage, complexity, and compatibility. The study specifies that consumer is strongly influenced by the relative advantage and compatibility of mobile phone marketing. The study concluded that mobile advertising is considered the next big venture for both advertisers and consumers and is a gateway to enter a world of wide-open possibilities. 

Chile et al. (2021) studied mobile marketing adoption in telecommunications in Tanzania. The study shows that there is a positive consumer adoption of mobile marketing based on the perceived usefulness, perceived ease of use, and knowledge based on this innovation. Hence, mobile practitioners need to develop mobile platforms and applications that are easy and useful from consumers’ perspectives and should be easy to understand. This will reduce the negative attitude of consumers toward this innovation (Sabokwigina et al, 2013)

The study by Kapinga et al. (2019) showed the possibility of women entrepreneurs in Tanzania using mobile apps to access market information and expand their businesses. Most women in Tanzania have mobile handsets that do not support the Internet, and this makes it difficult to find market information as expected through mobile phones. They have less income, so they do not have enough money to buy air time for bandwidth to be connected to the internet. Overall, the study shows that most women lack awareness of the importance of mobile applications for business activities. 

The study by Maisara et al. (2022) on the effect of consumers’ perceived risk on online purchasing intention in Zanzibar found that social risk, time risk, and financial risk have a negative effect on consumers’ intention. This indicates that people have reduced intention to purchase online due to perceived risks with mobile phone purchases. Therefore, mobile marketing vendors have the opportunity to encourage online purchases by solving the problems of social risk, time risk, and financial risk.

Hawa et al. (2022) studied the influence of Digital Marketing on consumers’ purchasing decisions in tailoring industries in Zanzibar and found out that social media has more impact on consumers purchasing decisions. Social media pages help customers interact and influence their shopping experience; Facebook and Twitter pages provide customers with information that is in line with the company’s brand, hence making them engage and participate on the site.

These studies had focused only on the perception, attitude, and actual adoption of mobile marketing to youth and adults, the question of what factors affect the intention to adopt mobile marketing by the aging population was overlooked. This research aims to fill this identified research gap by identifying the underlying factors affecting the intention to adopt mobile marketing to the aging population. Since this adoption of mobile marketing is still at the introduction stage in Tanzania as described by Chille et al, (2021) and Abraham (2018) there is a need to investigate the factors that affect the adoption since the previous studies (Oscar et al, 2017; Duzgun & Yamamoto, 2017) clarified that mobile marketing to be the next big venture for both advertisers and consumers but in Tanzania is yet not been recognized.

2.6 Aging Population and Technology Use in Zanzibar TC "2.6 Aging Population and Technology Use in Zanzibar" \f C \l "1" 
The Tanzanian government has made an advancing effort to develop and improve information communication technology (ICT) within the country. Such efforts include the formation of national policies, and Acts underlying the ICT operation together with facilitating the condition to enable access and adoption of ICT in the country. These include the development of the national fiber backbone, the Communication Regulatory Authority (TCRA), and the Electronic Transaction Act of 2022 to facilitate the digitalization of activities in the country.  The national fiber backbone facilitates the interoperable network system and enables the unit cost of mobile technology communication to be lower in the country compared to other countries in Africa as reported by TCRA (2022). 

Studies revealed that the aging population is much more behind compared to youth in accepting the technology worldwide (Jing & Li, 2024) and Zanzibar in particular (Haji et al, 2024). GSMA report (2023) showed the usage gap of technology and continually widening in Tanzania.  Despite the technology being recognized as facilitating efficiencies in personal and organizational activities, the value is yet to be enjoyed by most of the aging population in the country, particularly in Zanzibar.  
Studies revealed aging population has less intention to adopt technology in different activities such as teaching (Kombo, 2016), learning (Mwanajuma et al. 2024), and business (Haji et al. 2024; Hawa et al. 2022). This is due to the unfavorable attitude they have toward the technology.  Kombo (2016) noted that in teaching, instructors in most universities of Zanzibar were not ready to adopt ICT, and argued that due to a lack of a welcoming environment in their working areas for them to enthusiastically accept ICT in teaching. Suleiman et al. (2018) also observe the ignorance and insensitivity to technology skills of some adult teachers who are teaching ICT in Zanzibar.

In business, technology such as mobile phones, tablets, laptops, and computers are much valued in facilitating efficient marketing transactions. However, youth are revealed to be more technology savvy than the aging population. As GSMA (2023) reported, only 5.9 percent of Tanzania’s adult population is estimated to use technology in business activities such as purchasing online in 2021. Hawa et al. (2022) show that the youth are the most consumers who revealed the acceptance of digital marketing technology in the tailoring industry in Zanzibar, despite the Government's effort to improve digital business in the country by putting the National Addressing and Postcode System to the whole country. This was done to improve digital business and reduce the technology gap (digital divide) within the country as the main agenda in the national policy 2050. However, studies still revealed aging population's intention to adopt technology in business is still low (Haji et al, 2024). However, they suggested that businesses should frequently provide information related to the safe use of technology and ways to minimize risk since the aging population is so nervous about technology use. 

2.7 Empirical Literature Review of Variables Adopted to the Conceptual Model and its Influence On Intention To Adopt Mobile Marketing TC "2.7 Empirical Literature Review of Variables Adopted to the Conceptual Model and its Influence On Intention To Adopt Mobile Marketing" \f C \l "1" 
In this part, empirical works of scholars in different contexts have been reviewed to understand the factors that more frequently affect consumers’ intention to adopt mobile marketing as well as the aging population, who are the main focus of this study. Thus, the variables such as perceived usefulness, perceived ease of use, attitude, and technology anxiety adapted to the current study have been reviewed to investigate the relationship with the aging population's adoption of mobile marketing.
2.7.1 Influence of Perceived Usefulness on Intention to Adopt Mobile Marketing TC "2.7.1 Influence of Perceived Usefulness on Intention to Adopt Mobile Marketing" \f C \l "1" 
The review of literature on the intention to adopt mobile marketing revealed the vitality of PU on consumers' decisions (Riantinia et al. 2021; Chimborazo et al. 2021; Chille et al. 2021; Nabot et al. 2020). The main advantage of mobile marketing via mobile phone over e-marketing via PC is that it is always powered on and on the hand of the owner, which enables ubiquitous reach, personalization, and instant interaction between the marketer and the mobile phone owner. Therefore, researchers argued that consumers use mobile marketing only if they enjoy shopping through mobile phone devices. 
Globally, Plasse's study (2017) explores a cross-cultural examination of the acceptance of mobile marketing among Dutch and Portuguese smartphone users. Using the survey method via social media and e-mail, the 252 completed responses were analyzed through SPSS and revealed that PU strongly influenced the consumers’ intention to participate in mobile marketing in the Netherlands and Portugal. However, the sample did not represent the population since the study looked at consumers who participated in social media or those with email addresses. 
Chimborazo et al. (2021) in Ecuador found that PU does not affect the intention to use mobile commerce. This effect was obtained from the questionnaire data of 254 university students through their Facebook and analyzed using SEM. Due to the country's technology level, PU became irrelevant in this regard. 
In Africa, since mobile marketing is still in its infancy stage, few studies have examined the intention to adopt mobile marketing itself; rather, many focused on mobile banking and mobile payment. Bosire (2021) explored the factors influencing the adoption of digital marketing in color cosmetic companies in Kenya. Eighty questionnaires were collected from the survey and analyzed on regression procedures. The result showed that the PU strongly affects consumer adoption of digital marketing. However, the sample size comprised only 86 managers from 86 licensed color cosmetic companies. The sample was too small to address the adoption of digital marketing in the country. Besides, the study conducted on the supply side might influence the significance of PU from the perception of the increase in profitability and improved financial services. While on the consumer side, the usefulness of mobile marketing might be perceived differently within the same country. Thus, other studies should be based on consumers and a larger sample size. 
In Tanzania, the effect of PU on mobile marketing adoption has been explained by Chille et al (2021), who, despite this study revealing the great value of PU in influencing the adoption of mobile marketing, the effect could not be generalized to the whole population. Because it was mainly focused on young adults while the aging population was marginal. Little is known on the strength of TAM variables to affect the aging population. In addition, the study looked at actual usage and found that the adoption of mobile marketing in Tanzania is still limited.
to affect the aging population. In addition, the study looked at actual usage and found that the adoption of mobile marketing in Tanzania is still limited.

In Zanzibar, studies revealed that perceived usefulness has a significant influence on consumer adoption of technologies. Mugobi and Mlozi, (2021) adopted Technology Acceptance Model (TAM) to investigate E-Business Adoption in Stone Town, Zanzibar. Data was collected using a purposive sampling technique from the Stone Town tourism destination officer and analyzed using the SEM method. The analysis revealed that the PU has a significant positive effect on e-business adoption by stone town officers.  However, the study focused on the supply side, where usefulness might be valued in terms of extending market coverage and profit generated by selling the products to foreigners in the tourism industry.  The study looked at the adoption of E-business to the business entity in Stown town, the sample could not be representative of the population since only 122 respondents participated in the study. 

Other studies are needed to investigate factors affecting the intention to adopt mobile marketing in consumers’ settings and to a large sample. The intention is the general impression of technology and consequently affects actual adoption. Based on this review, we postulate the following hypothesis;
H10: Perceived Usefulness has no significant influence on the aging population's intention to adopt mobile marketing technology

H11: Perceived Usefulness has a positive and significant influence on the aging population's intention to adopt mobile marketing technology
2.7.2 The Influence of Perceived Ease of Use on Intention to Adopt Mobile Marketing
In mobile marketing, the PEOU is concerned with the learning process involved in the system or application of the innovation to free from complications and trouble of the process involved. Studies showed PEOU is an essential construct affecting consumers’ intention to adopt mobile marketing since they need to gain confidence in using the application (Chimborazo et al. 2021; Chivizhe, 2019). Therefore, if they face difficulties in using the application, it eventually causes an obstacle to intention. Consumers’ intention to adopt mobile marketing increased if they perceived it easiest the web search, collect information, and execute transactions via mobile phone.
Globally, Chan et al. (2022) studied the intention to adopt mobile shopping during the COVID-19 lockdown in Malaysia. Online questionnaire data was collected from 316 respondents and analyzed by the PLS method. PEOU was found to be a vital construct affecting the intention to adopt. However, the result might be due to the condition of the lockdown, which enforces the use of mobile phones for most human activities, including shopping, schooling, and games. Other studies must measure the intention to adopt mobile marketing after the lockdown. 
Bamoriya and Singh (2019) examined mobile users’ intentions to receive SMS advertising in India. They used data from 242 respondents analyzed through SEM and found that PEOU has indirect effects or no effects on adoption, even for experienced people. Thus, the contradicting results provide a gap for further studies. 
In Africa, Chivizhe (2019) explored the factors that contributed to the adoption of mobile marketing as well as the factors that impede the adoption of mobile marketing by SMEs in the tourism industry in South Africa. Results showed that PEOU was among the factors that impeded mobile marketing adoption. This study was purely qualitative, and the sample was too small to be representative, which limited the power to test the significant influence. Therefore, further studies are needed to test the relationship using a quantitative approach to a larger scale. 
Asampana et al. (2022) researched the adoption of mobile commerce services among artisans in developing countries. The study used stratified sampling to collect questionnaire data from artisans in Ghana. Results showed PEOU does not affect adoption; however, young are more likely to adopt mobile commerce than adults. Thus, the effect of PEOU in Africa showed a vague result. Therefore, another study should be conducted to examine the effect of PEOU on other African countries and other age groups beyond 18 to 49 years, which was the sample of those studies. 
In Tanzania, Chille et al. (2021) researched factors affecting the adoption of mobile marketing in the telecommunications industry in Tanzania. Data was collected from 406 respondents on structured questionnaires and then analyzed by multiple linear regression analysis. PEOU was found to affect mobile marketing adoption. 
Similarly, Msonge (2017) researched factors influencing consumers’ adoption of mobile commerce in Tanzania whereby 132 respondents from the questionnaire obtained and analyzed by logit regression. PEOU does not affect adoption, but the effect is revealed on the intention to use mobile marketing. Additionally, Msonge (2017) showed that the older the consumer is, the less likely they are to adopt mobile marketing. 
In Zanzibar, the study of Haji, Kara, and Mohammed (2023) was conducted to determine the intention to adopt mobile marketing in public organizations. Data was collected from 281 management teams of these organizations. SEM method was used to analyze the collected data and revealed that technology characteristics, including perceived ease of use and perceived usefulness, have a positive significant role in influencing the adoption of mobile marketing in public organizations. Another study by Juma and Xueyan (2024) investigated factors affecting e-commerce adoption in Zanzibar. Data was collected using questionnaires from 264 respondents and analyzed using the SEM method. The data revealed that technology perceptions have a significant role in affecting e-commerce adoption in Zanzibar. This study, however, combined the perception of usefulness and ease of use to form a technology perception. This idea could not provide the extent to which the effect of  TAM variables on the consumers’ e-commerce adoption. Thus, the effect of perceived usefulness and ease of use must be investigated separately to understand how each TAM variable contributes to the consumers’ decision to adopt the technology.
These results may not be generalized to the population since both were conducted on young and adult respondents. There is the isolation of the aging population. Therefore, there is a need for other studies to focus on the aging population from 60 years. From the reviewed different opinions, we assume the following hypothesis-; 
H20: Perceived Ease of Use has no significant influence on the aging population's intention to adopt mobile marketing technology.

H21: Perceived Ease of Use has a positive and significant influence on the aging population's intention to adopt mobile marketing technology.

2.7.3 The Mediating Role of Attitude on Intention to Adopt Mobile Marketing TC "2.7.3 The Mediating Role of Attitude on Intention to Adopt Mobile Marketing" \f C \l "1" 
Attitude involves a cognitive process that depicts whether one thinks positively or negatively about innovation. Studies have revealed that attitude plays a crucial role in mediating the relationship between consumers' perceptions and intention to adopt technology (Putra 2018: Mapunda, 2021: Mehrz and Hussain, 2022: Kim et al., 2022).
Globally, Rohm et al, (2012) examined the factors influencing consumers’ acceptance of untethered, mobile marketing across three influential markets: the US, China, and Europe. Results showed that there was a direct influence of PU on consumers’ attitudes towards mobile marketing acceptance for all markets. The strong influence observed even after consideration of other factors such as; innovativeness, attachment, and risk avoidance. 
Additionally, Putra (2018) examined the factors influencing the adoption of m-commerce in Indonesia. Through an online survey of 384 qualified responses obtained and analyzed using SEM. PU and PEOU did not influence the adoption directly, though they were affected indirectly through attitude. 
While Haq & Ghouri (2018) found that PEOU has an insignificant indirect influence on attitudes toward m-advertising. These studies collected data from university students,  which could not be a sufficient representative of the population, to generalize the effect of attitude on consumers. Since Unal et al.. (2011) suggested a need to investigate the attitudes of youth and the aging population towards mobile advertising because youth perceive it more irritation than adults,  another study should focus on the aging population that was previously neglected. 
In Africa, the effect of PEOU on attitude toward intention to adopt mobile marketing is scarcely investigated. Maduku et al. (2016) investigated the adoption of mobile marketing technology among SMEs in South Africa. A stratified sampling method was used to collect data from 178 SMEs based on the list of 220 stores, then analyzed using PLS. PEOU does not affect SMEs' attitudes toward the adoption of mobile marketing. However, this study was conducted to entrepreneurs who might be IT knowledgeable. 
In Tanzania, Mapunda (2021) examined the adoption of mobile marketing among SMEs in Tanzania. A structured questionnaire was used to collect data from 343 respondents, and the analysis was done using SEM. Findings showed that PEOU has some effect on attitude.  However, the results of these studies were limited to SMEs. Thus, it is worthwhile for further studies to test the relationship on the consumer side since the complexity might perceived differently between supplier and consumer. From the above arguments, we assume the following hypothesis-;
H30: Attitude does not significantly influence the aging population's intention to adopt mobile marketing technology.

H31: Attitude positively and significantly influences the aging population’s intention to adopt mobile marketing technology.
H50: Attitude has no mediation role in the relationship of perceived usefulness and perceived ease of use with the aging population's intention to adopt mobile marketing technology
H51: Attitude positively mediates the relationship between perceived usefulness and perceived ease of use, and the aging population intends to adopt mobile marketing technology.

2.7.4 The Influence of Technology Anxiety (TA) on Intention to Adopt Mobile Marketing TC "2.7.4 The Influence of Technology Anxiety (TA) on Intention to Adopt Mobile Marketing" \f C \l "1" 
Studies referred to technology anxiety as inhibiting the intention to adopt mobile marketing (Saprikis &Avlogiaris, 2021). Saprikis and Avlogiaris (2021) explored the intention to adopt direct mobile purchases through social media apps in Greece. The study used 565 respondents, and data was collected through online questionnaires from people aged 18 to 24. Analysis was done using the SEM method, and the UTAUT model was extended to include inhibitors and facilitators of ICT.  Results revealed that people had more anxiety in conducting mobile transactions than traditional e-commerce. However, the effect was very weak in affecting the adoption of mobile social commerce. Other research is needed to validate the results since the response rate was only 39.4% of the estimated sample, thus the result could not represent the population. 
Roy (2017) examined the adoption of mobile marketing. Two surveys were conducted to collect data from university students in India. Data was analyzed using SEM and revealed that smartphone anxiety affects PEOU's adoption of mobile marketing. However, these studies could not be generalized to the population since the aging population segment was isolated. These studies depicted the consequences of anxiety on mobile marketing adoption. However, it differs between the countries based on the technological advancement of the country and the nature of the mobile application intended to be adopted. 
The study of Lee (2010) contends totally from the above in assessing the role of anxiety in investigating the adoption of mobile financial activities in Korea. The broad survey of 595 mobile payment users said anxiety negatively affects both moderating and direct effect on adoption, but youth were more anxious than the aging population. This was influenced by the experience, and they were not anxious about paying through mobile phones. The vague result provides a gap for further studies examining anxiety's effect on other countries such as Tanzania. Thus, we postulate the following hypothesis; -
H40: Technology Anxiety does not significantly influence the aging population’s intention to adopt mobile marketing technology.

H41: Technology Anxiety has a positive and significant influence on the aging population's intention to adopt mobile marketing technology.
2.8 Research Gaps TC "2.8 Research Gaps" \f C \l "1" 
2.8.1 Theoretical Gap TC "2.8.1 Theoretical Gap" \f C \l "1" 

 TC "2.8.1 Theoretical Gap" \f C \l "1" 
Although TAM has been extensively used to measure technology adoption in mobile commerce, Short Message Service (SMS) advertising, and online shopping, this theory is reported to be biased in calculating the actual usage of technology (Davis, 1989). Researchers have further pointed out that this theory is insufficient to explain users’ adoption and use of technology in other contexts (Ajibade, 2018); it provides unrealistic results of individual behavior with less experience in new technology. Since this study intended to investigate the intention to adopt mobile marketing technology to the population with less experience in technology use (Lwoga & Lwoga, 2017) and the technology which is still new to the country (Chille et al, 2021; Haji et al, 2023), hence only intention need to be investigated instead of the actual adoption as the theory suggested. Therefore, TAM theory will not be sufficient to explain users’ intentions in this context. Hence, there is a theoretical gap that needs to be addressed. 
The existing studies conducted on mobile technology adoption to youth and very few on aging respondents (Chan et al, 2022; Nabot et al, 2020; Riantinia et al, 2021; Haq & Ghouri, 2018). The results indicated that youth have become mobile cultured and experienced using new technology. However, none of those studies have examined the intention to adopt mobile marketing technology among the aging population using TAM constructs or with the addition of technology anxiety. Abubakar & Chille (2023), Msuya (2022), Mapunda (2021), and Chille et al, (2021) mostly focused on the actual acceptance and growth of mobile marketing technology in Tanzania, while the technology is still at the infancy stage of adoption.  
This study aims to fill the theoretical gap by examining the influence of TAM constructs with the addition of technology anxiety on the intention to adopt mobile marketing technology among the aging population. Therefore, this study went further to provide an understanding of the intention to adopt mobile marketing through extended TAM theory on the aging population and to the less technology-experienced context. The knowledge is currently less investigated. 
2.8.2 Empirical Gap TC "2.8.2 Empirical Gap" \f C \l "1" 
Scientific literature is still low, showing the factors affecting the intention of the aging population to adopt mobile marketing technology. The aging population was merely ignored in the mobile marketing portfolio despite the aging population having the potential for business ventures due to the increased wealth,  quality of life, and life expectancy. Studies focused on students. youth and young adults, while the aging population was mostly ignored or minimally included in these studies. 
Therefore, the results obtained could not be generalized to the population since the students and youth became more mobile-cultured than the aging population. Thus, the factors influencing the adoption could not be generalized to the whole population. There is a need for the study to investigate the factors influencing mobile marketing adoption by the aging population segment.  

2.8.3 Knowledge Gap TC "2.8.3 Knowledge Gap" \f C \l "1"  
From the reviewed empirical literature, it was noticed that there is a variation in the influence of the predictors’ variable TAM on consumers' intention to adopt mobile marketing technology. Bosire (2021), Chille et al, (2021), and Plasse (2017) found PU to strongly influence the consumers’ intention to participate in mobile marketing. on the other hand, Chimborazo et al. (2021) found PU to play no significant role in explaining consumer intention to adopt mobile marketing.
While Chivizhe (2019) and Chan et al. (2022) showed that PEOU is an essential construct affecting consumers’ intention to adopt mobile marketing,  Bamoriya and Singh (2019) and Asampana et al. (2022)  found that PEOU has no importance in explaining intention to adopt mobile marketing. These variations indicated that different contexts might reveal different results when the same TAM variables are assessed. Therefore, there is a knowledge gap to be filled by researchers concerning the influence of TAM variables in other contexts, such as the aging population.  It is known that the aging population has differed in adoption characteristics from than youth (Orantes-Jimenez et al. 2018)
The literature showed that in the intention to adopt technology, personal factors are more critical in the decision to adopt (Chaurasia et al, 2022). However, the magnitude of its effect is scarcely understood in the dimension of mobile marketing.  (Yang et al. (2023) considered the personal factor in Self Service Technology. Chaurasia et al. (2022) in adoption of assistive technology. Mitzner et al. (2019) explored the influence of personal factors in adopting a personal reminder computer system. However, there is a knowledge gap concerning the impact of personal factors such as technology anxiety on mobile marketing technology adoption. As anxiety was found to be among the personal factors affecting an individual’s performance when efficacy declines,  therefore, there is a need to fill the knowledge gap to understand the influence of technology anxiety on individual adoption of new technology, specifically in the aging population.

2.8.4 Contextual Gap TC "2.8.4 Contextual Gap" \f C \l "1" 
Older consumers are increasingly mobile and cultured at an extremely high speed (Mitzner et al. 2019). Few studies assessed the aging population's adoption of mobile marketing, Zhang et al. (2023) China; Morga, (2016) US; Kuoppamaki et al. (2017) Finland; Jingqi et al. (2016) Malaysia. This provides a substantial gap for another study in the African context because the results may not be applicable within the African context due to the country’s differences in social, cultural, and technological advancement. In Africa, the aging population's intention to adopt mobile technology was only looked at in mobile agricultural marketing in South Africa (Sikundla et al. 2018). In Tanzania, in particular, studies in mobile marketing mostly focused on youth, while the aging population frequently took in minimally, as only 4.2% of the survey by Chille et al, (2021). There is a need to study the aging population's behavior intention in mobile marketing adoption due to the increased subscription of mobile phones to all ages.
2.9 Conceptual Framework TC "2.9 Conceptual Framework" \f C \l "1" 
The study develops the conceptual framework based on the TAM theory of Davis (1989) but only on behavioral intention. Because this study did not reflect on actual usage as proposed by Davis (1989), it instead aimed to investigate the intention of the aging population toward adopting innovations, which is not experienced in Tanzania. Actual usage dropped from the conceptual framework since Turner et al, (2010) declared that the actual usage was measured when the technology was previously introduced and tested. 
Therefore, this conceptual framework assumes behavioral intention to adopt mobile marketing as the outcome variable. In other studies, Chille et al. (2021) and Heinz (2013) used the same approach, concluding that behavioral intention to adopt mobile marketing is the outcome variable. In addition, technology anxiety was added to the model since it was not adequately addressed in the TAM model. Davis (1989) maintained that technology anxiety is an external variable that affects PEOU. In the current study, technology anxiety is regarded as the inescapable character in personal traits, which is concerned with confidence or belief in one's capabilities to perform the course of action required to attain a desired outcome. Thus, it is assumed that technology anxiety and PEOU of the aging population's intention to adopt mobile marketing differ. For example, mobile marketing advertisements may be perceived as easy to use and understandable but may evoke an emotional and cognitive reaction, which then can cause possible barriers to the intention to adopt. Figure 2.5 represents the theoretical framework  guided by the hypothesis of this study
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Figure 2.5: Conceptual Framework TC "Figure 2.5: Conceptual Framework" \f F \l "1" 
 Source; researcher, 2023
2.10 Chapter Summary TC "2.10 Chapter Summary" \f C \l "1" 
This chapter conceptualized the theoretical meaning, function, and relationship to adopt mobile marketing of the concepts used. Present a review of empirical research on the intention to adopt and actual usage of mobile marketing for organizations and customers. The reviewed empirical research described the nature of context, methods, sample, variables, significant findings, and limitations to identify the research gap that deserves scientific investigation. Besides, TAM and Social Cognitive Theory are described to guide this study to understand the intention to adopt mobile marketing. Lastly, the chapter presents the conceptual framework used for investigation. 
CHAPTER THREE TC "CHAPTER THREE" \f C \l "1" 
RESEARCH METHODOLOGY TC "RESEARCH METHODOLOGY" \f C \l "1" 
3.1 Overview TC "3.1 Overview" \f C \l "1" 
This chapter elaborates on the methodology adopted to meet the study objectives. The chapter described the research philosophy and approach used to conduct the study. Besides the justification of the methodology adopted is clearly described in the research design. Describe the study area, sample population, sampling techniques and procedures, variable measurement, data collection instrument,  a thorough pilot study conducted, and analysis method to be used for the data.

3.2 Research Philosophy and Approach TC "3.2 Research Philosophy and Approach" \f C \l "1" 
It is the set of beliefs on how data about the phenomenon should be gathered, analyzed, and used (Galliers, 1991).  This study opted for the positivist philosophy assumption, which is based on the belief that in learning the truth, only science is the basis of understating reality (Fisher, 2010). Thus,  the philosophy of positivism relates to the philosophical stance of the natural scientist, working with an observable social reality and providing a low-like generalization at the end (Remenyi et al, 1998, p. 32). They also insist that in this philosophy, the researcher is neither affected nor affected by the subject of the research; hence, nothing can be done to alter the results of the data collected.  
The positivist philosophy allows the researcher to collect the data from the population and objectively analyze them, and the findings should be observable and quantifiable since the proper knowledge is based on the experience of human minds (Mofulu et al. 2015; Fisher, 2010). Positivism affirms a constant adjustment of existing theories when reality or new knowledge emerges to increase understanding of reality Orlikowski & Baroudi (1990). Therefore, the objectives of this study were answered on the positivist ground, since this study extended the TAM theory in investigating the factors affecting intention to adopt mobile marketing, the researcher cannot be completely confident since there is persistent change with time, situations, or some causal factors. 
Research approaches are categorized into inductive and deductive approaches (Kothari & Garg, 2014). The inductive approach starts from specific to general and is aimed at developing theories, while the deductive approach is aimed at testing the existing theory (Kothari & Garg, 2014). 

The study follows the deductive approach since it aims to collect data to test the hypothesis derived from the existing TAM theory to assess reality and generalize the result. It is also supported by the positivist philosophy. 
3.3 Research Design and Strategy TC "3.3 Research Design and Strategy" \f C \l "1" 
Research design is turning a research question into a research project (Robson, 2002). Informed the choice of the research strategy, operationalization of the involved constructs, data collection techniques, analysis procedure, and time horizon to conduct the project most likely to achieve the research aims (Saunders et al, 2009, p. 136).
This research adopted an explanatory design. Explanatory design is a scientific approach that entails finding the causal link among the variables relating to the study's objective (Bhattacheree, 2012) and enables the researcher to study natural phenomena from a representative population sample (Saunders et al, 2009). Since little is understood relating to the causal relationship between the TAM constructs and the intention to adopt mobile marketing to the aging population in Zanzibar, the explanatory design supports this study because the study aimed to find the causal link between the hypothesized factors from the extended TAM theory and the aging population's intention to adopt mobile marketing. 
The study adopted the quantitative approach in collecting, analyzing, and interpreting the data. The quantitative approach aims to establish, confirm, or validate relationships and to develop generalizations that contribute to the theory” (William, 2007, p. 66). Hence, the items were measured numerically on predetermined instruments with statistical data and addressed systematically.
Surveys are a quantitative research technique that involves collecting numeric data and testing the study's hypothesis (Avison & Pries-Heje, 2005). The survey strategy is applicable when conducting quantitative research when the researcher aims to describe the characteristics, attitudes, behaviors, and opinions of the respondents and uses the statistical data to provide or disprove the specified hypothesis (Ghanad, 2023). 
This research technique is embedded with the positivism philosophy, which enables the researcher to grasp the underlying beliefs and perspectives of the target population in the field through a survey instrument. The cross-sectional survey instrument was used since the study aimed to collect data simultaneously. Therefore, structured survey questionnaires were used to collect data from the aging population to grasp their perspective on factors affecting their intention to adopt mobile marketing. The researcher had no intention to examine the factors over time; thus, a cross-sectional survey was applied to this study's objectives. 
3.4 Sampling Design TC "3.4 Sampling Design" \f C \l "1" 
 The sampling unit of this study was the aging population of 60 years living within three selected districts in Zanzibar, who also use mobile phone technology. Thus, the sampling frame was divided into three districts. North A district, Nungwi village was appropriate since this village experiences high tourism associated business which contributed to the income of the residents living in this area through rent earned. South District, Paje, was mostly appropriate for this study objective since the village has a high concentration of migrants and tourists. Thus it is probable that the aging population acquired high income from rent and tourism-associated business. Kariakoo for the Urban district, is the place where ZSSF verified the aging population of urban and western districts in every first week of January and July of each year. Thus selected due to the big chance to meet the aging population in an easy way and inadequate numbers based on the sample required during that time.

To determine the sample size, proportional allocation based on the number of aging population members aged 60 years or older in urban, south, and north A was used. Simple random sampling was then applied to select the unit of analysis, and each member of the strata with a mobile phone had an equal chance of being selected. Hence, 42, 38, and 305 respondents from Paje, Nungwi, and Kariakoo centers were selected through random probability sampling from the strata to get representativeness. 

Saunders et al, (2009) describe stratified sampling as a modification of random sampling in which the population is divided into two or more relevant and significant strata based on one or a number of attributes; the sample is then drawn from each stratum. This study adopted the stratified sampling procedure because the study aimed to divide the sample based on districts and those with mobile phone technology; thus, each should have a proportional representation based on the number of aging populations identified in the area; stratified sampling was more appropriate.
3.5 Population of the Study TC "3.5 Population of the Study" \f C \l "1" 
The targeted population of this study was the aging population who resides in Urban, South, and North A districts and also uses mobile phones. According to the National Bureau of Statistics of Tanzania (2022), the number of aging people from 60 years to above in Urban, South, and North A districts in the year 2022 is expected to be 10,356 (NBS, 2022). The respondents from these districts were obtained from Paje, Nungwi, and Kariako. 
3.6 Sample Size TC "3.6 Sample Size" \f C \l "1" 
The sample size was estimated based on the method of analysis expected, the confidence needed in the data, and the margin of error that could be tolerated to be used as recommended by Saunders et al, (2009;218). Therefore, Yamane's (1967) sample size estimation was used.
Yamane (1967)[image: image5.emf]𝑛 = 𝑁 1 + 𝑁 ሺ 𝑒 ሻ 2  
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N = the size of the population, which was 10,356 aging population from 60 years to above within three districts of the study

e = level of accuracy 0.05 for a confidence level of 95%.

Table 3.1: Sample size for each district TC "Table 3.1: Sample size for each district" \f T \l "1" 
	District
	No of Aging Population in a Stratum
	Sample Size

	Urban – Zanzibar
	8,218
	305

	South- Zanzibar
	1,122
	42

	North-Zanzibar
	1,024
	38

	Sample Size
	10,356
	385


Source (National Bureau of Statistics, 2022)
3.7 Area of the Research TC "3.7 Area of the Research" \f C \l "1" 
The study was conducted in the Urban, South, and North A districts of Zanzibar. Urban was selected due to the high concentration of population including the aging population. The population in Ubran areas is mostly retired employees, thus receiving monthly pensions from ZSSF and the Government. Thus most of the aging population were middle- and high-pension earners ranging from 90,000 to 4,024,557 Tsh. per month (ZSSF, 2022), thus proving their ability to own mobile phones.  South and North districts were selected due to the existence of high tourism businesses, 68 % of the Zanzibar tourism business (ZCT, 2022), which changes the life pattern of locals by increasing their income and hence determining the ability to purchase mobile phones. 

Besides aging, the population acquired other income from the tourism business by renting their properties, such as cars, vehicles, and houses. The increase in individual income increases the ability to own mobile phones, which is the basis for the intention to adopt mobile marketing. The selection of the study area considered the per capita income of these districts, which is expected to be higher due to the tourism business carried on within the areas compared to other districts as per the Zanzibar Poverty Assessment Report of 2022 (OCGS, 2023). 

3.8 Measurement of Variables and Scale Used TC "3.8 Measurement of Variables and Scale Used" \f C \l "1" 
The dependent variable in this study is the intention to adopt mobile marketing technology. In contrast, the independent variables are perceived usefulness, perceived ease of use, and technology anxiety, while attitude is the mediating variable. However, all items adopted from previous studies were made into a 5-point Likert scale. A Likert scale is a 5- or 7-point ordinal scale used by a respondent to rate the degree to which they agree or disagree with a statement (Sullivan & Artino, 2013). 
This study opts for 5 points with 1 (Strongly disagree), 2 (disagree), 3 (neither nor), 4 (agree), and 5 (Strongly Agree). The 5 Likert scale adopted from Aybek &Toraman (2022) indicates that the response category with fewer ratings produces a higher reliability value; therefore, 7 Likert response categories did not provide significant reliability over a 5-response category. The scale used and the authors where the scales were borrowed are shown in Table 3.2.
Table 3.2: Measurement of variables and scale used TC "Table 3.2: Measurement of variables and scale used" \f T \l "1" 
	Construct
	No of item and scale
	References

	Intention to Adopt Mobile Marketing Technology


	5, Likert scale
	Chan et al, (2022)   TAM  model;
Plasse, (2017)

	Perceived Usefulness
	5, Likert scale
	Plasse (2017): 
Haq and Ghouri, (2018) TAM model


	Perceived Ease of Use
	5, Likert Scale
	Haq and Ghouri, (2018) TAM model


	Technology Anxiety
	5, Likert scale
	Tsai et al, (2020) TAM model
Niehaves and Plattfaut (2014) UTAUT model
Kim et al, (2022) TAM model


	Attitude
	5, Likert scale
	Kim et al, (2022) TAM model 

Jimenez et al, (2018) TAM model

	Scale used, 5-point Likert scale, ranging from 1 = Strong disagree, 2= Disagree, 3 = Neither agree nor disagree, 4 = Agree, 5=Strongly agree


3.9 Methods of Data Collection TC "3.9 Methods of Data Collection" \f C \l "1" 
3.9.1 Primary Data Collection TC "3.9.1 Primary Data Collection" \f C \l "1" 
This study used a structured questionnaire, and the survey items were borrowed from different authors who also adopted TAM models, as presented in Table 3.2. The questionnaire was used because this study is an explanatory study aimed at finding the causal link between variables and testing the hypothesis derived from the existing theory. Thus, a structured questionnaire was appropriate to collect numeric data easily to grasp the underlying beliefs and perspectives of the aging population so that, in the end, generalize, provide, or disprove the specified hypothesis as recommended by Gandhi ( 2023). 
The survey is presented in Appendix 1. The survey question was distributed into six sections. Section A covered respondents’ demographic characteristics such as age, gender, occupation, district, and duration in terms of years using mobile phones. Section B covered information regarding the intention to adopt mobile phone technology, and it had four questions. Section C covered information on PU, which had four items. Section D covered questions related to PEU, and it had four questions. Section E had questions about technology anxiety, while the last section dealt with attitude-related questions. 
The data collection was administered by the researcher and trained experienced enumerators. Before the data collection process, the six enumerators were trained by the researcher on mobile marketing concepts to enable them to explain the theme to the respondents before asking them to fill out the questionnaires.  Enumerators were scattered to different locations within each district. They collected data from the aging population with the assistance of the district officer so that they could be accepted in the field. Enumerators started by briefing the respondents about the mobile marketing concept, explaining the aim of this study, and asking their consent to participate in the survey before asking the questions from the questionnaire.
3.9.2 Instrument Translation TC "3.9.2 Instrument Translation" \f C \l "1"  

The survey items in Appendix 1 were adapted from previous studies in their original language (English). For this study, the tool was translated into Swahili, the language with which the aging population in Zanzibar was more familiar. Pan & De la Puente (2005) highlighted the need to use language that respondents were familiar with to obtain good-quality data. The researcher hired language experts from the State University of Zanzibar (SUZA) to translate the instrument. 

A combination of a simple direct translation and a committee approach comprising the researcher and the SUZA experts of the Swahili department was used. A simple direct approach is a translation approach that involves the translation of an instrument from the source language to the targeted language (Pan & De le Puente, 2005). The committee approach is a collaborative approach that involves multi-steps and relies on input from a team comprised of people with complementary skills and not just relying on the translator’s skills (Pan & De le Puente, 2005). 

For this study, simple direct translation was used in the sense that the translation was done directly from the English language to Swahili, and elements of the committee approach were involved as a researcher who prepared the instrument because she had some knowledge of the targeted respondents and teamed up with a Swahili linguistic experts. An adaptation approach was considered during the translation process, accommodating differences across different languages (Pan & De la Puente, 2005). The ASQ model guided the translation (Ask the Same Question) and translating rules from TRADP (Translation, Review, Adjudication, Pretesting, and Documentation). Under the ASQ model, the instrument is translated to the targeted language directly from the original language while things are kept the same in the sense that translators try as much as possible to trigger the same effect in a different context, population, and language (Harkness et al. 2010). 

3.9.3 Translation Pilot study TC "3.9.3 Translation Pilot study" \f C \l "1" 
A pilot study is a test to refine and develop research instruments. Thus, it is a process of finding out whether a research instrument will work in the real world by administering it to a small scale of the research sample (Creswell, 2013)

Chivizhe (2019), Chigada (2014), and Creswell (2013)  recommended the pilot study as vital before researching to refine data collection plans, receive positive criticism of the research instrument, and develop relevant lines of questions. Therefore, a pilot study must be conducted before the data collection process. The pilot process was conducted on 180 aging populations to determine the credibility and truth worthy of the guide. Kunselman (2024) recommends a larger sample size for the pilot study to ensure more precise estimates. To confirm whether the research tools measured the intended outcome because the measured items were adopted from different authors.

The pilot study was conducted during Predient’s Office of Finance and Economic Affairs, aging population who are pensioners was verified during the period in March 2023.  HaileSelasie School was the center for the urban west region, Mahonda for North A, and Dunga for South district respondents, respectively.  The questionnaire instrument was tested on 80 respondents in an urban district, 60 South, and 40 North districts, and generally seems to be understood by respondents. In conducting a pilot study, as one of the stages of conducting it, the researcher asked respondents to suggest the appropriateness of wordings and structures for improving the questionnaire (Gyankovandar, 2022). 

3.10 Test for Validity and Reliability TC "3.10 Test for Validity and Reliability" \f C \l "1" 
3.10.1 Construct Validity TC "3.10.1 Construct Validity" \f C \l "1" 
Construct validity was carried out to ensure the instrument measures the intended meaning. Thus, firstly, the pre-test of the translated instrument was done to obtain the opinion of 20 aged people who, during that time, came at ZSSF head quota and for different purposes. Also tested at the Kinduni ZSSF office to 10 pensioners and 10 aged people who came to Kitogani ZSSF. The pre-test was conducted to see how they understood the question in particular and whether it was easy for them to get the meaning of the question since some of them, especially in the south district, most villagers spoke their mother tongue language, which is known as “Kimakunduchi.” 

 Convergent and discriminant validity were then verified through CFA, as recommended by (Gaski, 1986). Under convergent validity, EFA was used to assess the significance and strength of each standardized factor loading from 0.50 and statistically significant in the Model (John, 1984). Secondly, AVEs were used to assess the level of variance captured by a construct versus the level due to measurement error with a value ≥ 0.50. Furthermore, composite reliability was also used. Composite reliability is the measure of internal consistency in scale items. Thus, it measures each construct in the model to be related to a given latent variable. The values of 0.5 to 0.9 were accepted as recommended by Fornelland Larcker (1981) and Hair et al. (2017), while above 0.9 is unacceptable because the items were considered to measure the same phenomenon.

Discriminant Validity is the extent to which measures of different constructs diverge or minimally correlate with one another (Engellant et al., 2016). This validity was measured by comparing the square root of the AVE versus the correlation coefficient of the two constructs. The validity was confirmed when the AVE was greater than the correlation coefficient, as recommended by Fornell and Larker (1981), Gupta and Dogra (2017), and Palos-Sanchez and Saura (2018).

3.10.2 External Validity TC "3.10.2 External Validity" \f C \l "1" 
Based on Calder et al. (1982), external validity could be determined by experimental design. Firstly, it could be based on the use of a validated theory tested through different contexts to validate the appealed causal effect relationship, and secondly, it could be based on empirical verification, whereby the outcomes of a particular study to a specified sample frame at a given time could be tested for prediction in another context. 

3.10.3 Internal Validity TC "3.10.3 Internal Validity" \f C \l "1" 
In this study, the internal validity was assured through the stratified random probability method, which helped to improve the internal validity and minimize the sampling bias, as proposed by Kothari & Carg (2014). Also, a pattern matrix builder was used to extract all variables with lower loadings and high cross-loadings.
3.10.4 Internal Consistency TC "3.10.4 Internal Consistency" \f C \l "1" 
Cronbach’s Alpha was used to measure the internal consistency of the data. Cronbach’s Alpha measures the level of agreement on a standardized value between 0 to 1 scale. A higher Cronbach’s Alpha value indicates a high consistency of the responses across the items. A low Cronbach’s Alpha value indicates no relationship between the responses; thus, the items do not reliably measure the same construct.   Cronbach’s Alpha value of zero indicates no correlation of the items, and A  variable with a Cronbach of greater than 0.7 is regarded as reliable, and a value of 1 indicates the items are perfectly correlated (Byrne, 1998; Schumacker & Lomax, 2010; Hair et al, 2014)  The Further details of the Cronbach alpha cut-off points are presented in Table 3.3.
Table 3.3: Cronbach’s Alpha Cut-off Points TC "Table 3.3: Cronbach’s Alpha Cut-off Points" \f T \l "1" 
	Cronbach’s alpha
	Internal consistency 

	α≥ 0.9
	Excellent 

	0.9>α≥0.8
	Good 

	0.8>α≥0.7
	Acceptable 

	0.7>α≥0.6
	Questionable 

	0.6>α≥0.5
	Poor

	0.5>α
	Unacceptable 


Source: Byrne (1998); Schumacker & Lomax (2010) and Hair et al. (2014)  
3.11 Data Analysis TC "3.11 Data Analysis" \f C \l "1" 
This involved descriptive and inferential analysis, which used SEM analysis.
3.11.1 Descriptive Analysis TC "3.11.1 Descriptive Analysis" \f C \l "1" 
Descriptive statistics was used to analyze respondents’ demographic characteristics such as age, gender, occupation, district, and frequency of using mobile phones. These five questions are presented in section A of the questionnaire.
3.11.2 Structural Equation Modeling (SEM) TC "3.11.2 Structural Equation Modeling (SEM)" \f C \l "1" 
This study used SEM to analyze the hypothesized relationship presented in chapter two. This technique was selected because it is a powerful multivariate statistical technique used to model complex relationships between one or multiple independent observed and latent variables, which are either continuous or discrete and either latent or observed variables (Ullman, 2006; Civelek, 2018). SEM analysis has two stages: the measurement model and the structural path. The measurement model assesses how well the observed variables represent latent variables. 
Hence, for this study, a measurement model was important to know the relationship of the observed variables before analyzing the causal relationship. since the survey items were adopted from different authors. The structural path analysis assesses the hypothesized causal relationship among the constructs (Ullman, 2006). In addition, the method models the measurement errors and unexplained variances (Ullman & Bentler, 2013). Therefore, the SEM method enabled the analysis of causal relations to become ideally measurement error-free since the errors are estimated and removed.
This study aimed to find the causal relationship of the hypothesized model containing multiple continuous variables such as PE, PEU, TA, and BI. Together with attitude, the ATT variable was a mediating variable in the relationship between PU, PEOU, and behavioral intention (BI). Therefore, due to the complexity of the model, SEM was the best fit for this study since it can link micro and macro perspectives and was the best-fitting model than other analysis techniques, as depicted by Robin and Haywantee (2012).
3.11.2.1 Assumption of Using Structural Equation Modeling (SEM) TC "3.11.2.1 Assumption of Using Structural Equation Modeling (SEM)" \f C \l "1" 
For the analysis, the study adhered to the SEM assumptions. According to Civelec (2018), the generated SEM model holds if the following assumptions are met.

Observed Variables Have Multivariate Normality: The multivariate normal distribution is the most vital assumption of the maximum likelihood estimation method. To attain a multivariate normal distribution, the data was collected on an interval scale. Other measurements, such as asymptotically distributed, Maximum Likelihood, and Generalized Least Squares, were conducted as proposed by Tabachnick & Fidell (2001). The skewness and kurtosis values were examined to determine whether the variables in the data set were normal distributed.
Linearity: SEM needs the linearity relationships between latent variables and also between observed and latent variables (Robin & Haywantee, 2012; Hair, 2014). When the model is not linear, the data under SEM analysis will not be able to produce the mathematical representation of the studied data, thus affecting the relationship between the outcome variable and the predictor variables. The scatter plots were used to test linearity, where the dependent variables were shown on the y-axis and the independent variables on the x-axis. Linearity was confirmed when the graph had a linear distribution of observations.
Absence of Outliers: Outliers are observation points that strongly deviate from the other observation and sometimes can cause a severe problem from the most statistical analysis (Tharenou et al, 2007). This could be from measurement or recording error. The outlier negatively affects the significance of the existence model.  The boxplot and histogram were used to show different datasets with an outlier. The trimming method was applied to handle outliers if they were likely to affect the statistical analysis.
Multiple Measurements: In the structural equation model, three or more observed variables must be used to measure each latent variable. Each construct is measured by four observed variables, as shown in the appendix.
No multi-collinearity: It is assumed that the structural equation model has no relation between the independent variables. The presence of multicollinearity between two or more independent variables would cause computational and interpretational problems because of the singularity in the data (Tharenou et al. 2007).  The correlation matrix and Variance Inflation Factor (VIF) examined the multi-collinearity. If independent variables are correlated greater than .90 among two variables, one of them that causes a problem will be eliminated as proposed by Tabachnick & Fidell (2007), or a variable with large VIF values above 10 indicates a high problem of collinearity thus will, be eliminated.
3.11.2.2 Two-Step SEM Approach TC "3.11.2.2 Two-Step SEM Approach" \f C \l "1" 
The analysis of SEM in this study was analyzed following Bryne's (2001) two-step approach. The analysis involved the assessment of the measurement model and the structural model. Measurement model assessment was performed using confirmatory factor analysis (CFA) and goodness of fit indices (GFI) such as the ratio between chi-square and the degree of freedom (CMIN/DF), Root Mean Square Error of Approximation (RMSEA), Comparative Fit Index (CFI), Tucker Lewis Index (TLI) and Standardized Root Mean Square Residual (SRMR) was used to assess model fit as recommended by Boosma (2000) and Kline (2011). After ensuring that the measurement model is reliable and represents the model well, the second step of assessing the structural model is followed. This involved the assessment of the hypothesized relationships among constructs (Ullman & Benter, 2013; Attuquayefio & Ado, 2014). In the end, the GOF indices were used to assess the reliability of the measurement model were used to assess the hypothesized relationships among research constructs. The summary of GOF used in the study is presented in Table 3.4.
Table 3.4: GOF Indices Used in the Study TC "Table 3.4: GOF Indices Used in the Study" \f T \l "1" 
	Fit Index 
	Acceptable Threshold levels

	Absolute Fit Indices
	

	Root Mean Square Error of Approximation (RMSEA)
	<0.07

	Standardized Root Mean Square Residual (SRMR)
	≤ 0.08

	Comparative/Incremental Fit Indices 
	

	Comparative Fit Index (CFI)
	>0.90

	Tucker Lewis Index (TLI)
	>0.90

	Standalone Fit Index
	

	 CMIN/DF (X2 / df)
	<3


Source: Schreiber et al. (2006), Schumacker& Lomax (2010) and Hair et al. (2014)

Root Mean Square Error of Approximation (RMSEA)
RMSEA is an absolute fit index with a non-centrally chi-square distribution. It measures how the model reasonably fits the population well instead of assessing if the model fits exactly in the population (Browm, 2006; Kline 2011). The formula for RMSEA, as provided by Kline (2011), is as follows:
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RMSEA decreases as the degree of freedom increases; the more RMSEA approaches zero, the better fit the model (Brown, 2006; Kline, 2011). RMSEA was chosen to be among the indices to be presented for this study since it considers the model complexity. That is to say, it is sensitive to the number of parameters in the particular model (Browm, 2006). Since it is population-based, it is list affected by the sample size (Brown, 2006; Hoof et al., 2018).
Standardized Root Mean Square Residual (SRMR)

SRMR assesses the model fit at an absolute level and reflects the discrepancy between the observed correlation and the correlation predicted by the model. It takes a range of values from 0 to 1. The smaller the SRMR, the better the model fit (Brown, 2006; Kline 2011). SRMR is preferred as it is relatively independent of the sample size (Hu &Bentler, 2009). 

Comparative Fit Index (CFI)

CFI compares the sample covariance matrix with a restrictive baseline model, which is null as it assumes that the latent variables are uncorrelated. It takes values from 0 to 1. A good fit is implied by values closer to 1 (Brown, 2006; Hooper et al, 2008). It is preferable for studies with either a large or a small sample as it is relatively independent of the sample size (Cangur & Ercan, 2015). 
Tucker Lewis Index (TLI)

TLI is also known as the Non-Normed Fit Index (NNFI) in LISREL It compares the proposed model against the null model. The TLI value can fall outside the range of 0 to 1. However, the interpretation fashion is similar to CFI; thus, values closer to 1 imply a good fit (Brown, 2006; Schumacker & Lomax 2010). The features of TLI account for the effect resulting from the model's complexion (Brown, 2006).

The Ratio of Minimum Discrepancy to Degree of Freedom (CMIN/DF)

CMIN/DF, which is the minimum discrepancy divided by its degree of freedom, is one of the indices developed to account for the sensitivity of chi-square statistics when a large sample is involved (Hooper et al. 2008). For a large sample size, when the chi-square is not divided by its degree of freedom, it is most likely to reject the model (Schamacker& Lomax, 2010). 

The Model to be Used
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I= Intention to adopt mobile marketing, PEU= Perceived ease of use, PU= Perceived usefulness, TA= Technology Anxiety, ATT=Attitude, ԑ = Error Term.
3.12 Research Ethics TC "3.12 Research Ethics" \f C \l "1" 
Ethics in research are the moral principles set and agreed upon as a code of conduct by a particular community or group. In conducting this research, ethics were observed through the self-disclosure of the researcher and her enumerators, who clearly explained the purpose of the research to the district authorities and the respondents. They were assured in their personal information anonymity and confidentiality that their age and other privacy would not have appeared in the published works of this study.

CHAPTER FOUR TC "CHAPTER FOUR" \f C \l "1" 
PRESENTATION OF THE FINDINGS TC "PRESENTATION OF THE FINDINGS" \f C \l "1" 
4.1 Chapter overview TC "4.1 Chapter overview" \f C \l "1" 
This chapter describes the descriptive analysis, which includes assessing respondents' demographic characteristics. It also explains the Factors Analysis, describing the statistical method used to measure the latent factors that drive observable variables. Finally, the chapter presents the analysis of the hypothesis tested and narrates the specific objectives of the study.
4.2 Descriptive Statistics of the Findings TC "4.2 Descriptive Statistics of the Findings" \f C \l "1" 
This part explained the descriptive statistics, which showed the categories of the respondents involved in the study, to help understand the types of respondents in the discussion of the findings. 
4.2.1 Demographic Characteristics of Respondents TC "4.2.1 Demographic Characteristics of Respondents" \f C \l "1" 
The study aimed to investigate the factors affecting the intention to adopt mobile marketing among the aging population in Zanzibar. Therefore, the demographic characteristics of the respondents have been described. It was necessary, due to the suggestions made by previous researchers on the technology adoption realm, that demographic characteristics have a great influence on technology adoption (Omotayo &Adeyemi, 2018; Mussa et al. 2016). Therefore, based on the nature of this study demographic characteristics should be described. 

The sample was the aging population, who lived within three districts in Zanzibar. It was categorized as those who were retired but still employed on a contract basis, investors in tourism-related businesses such as hotels, apartments, or transport, and those who were completely retired from any form of employment and were not investors, above all, who had mobile phones. 

The study got 385 responses that were collected in July 2023 for three weeks because, in this period, there was a collection of the aging population for ZSSF pensioner’s verification. This allowed the researcher to meet the target population quickly at the ZSSF centers during the specified weeks. After scrutinizing the validity of the questionnaires, the remaining sample consisted of 382. The categories of respondents were as follows:

4.2.2 Age of Respondents. TC "4.2.2 Age of Respondents." \f C \l "1"  
The respondents under the study were the aging population living within three districts of Zanzibar: those aged from 60 to 70 (222)58.2%, those aged 71 to 81 (99) 25.9%, those aged from 82 to 92 (50) 13.1%, and those from and above the age of 93 (11) 2.9%.

4.2.3 Employment Status.

 Respondents were also categorized based on employment status as investors. The aging population invested in tourism-related businesses accounted for (65)17%, the aging population still employed on a contract basis accounted for (111)29%, and the aging population who completely retired accounted for (206)54%. 

4.2.4  Experience in Using Mobile Phones. TC "4.2.4  Experience in Using Mobile Phones." \f C \l "1" 
Studies showed a correlation between experience levels and mobile marketing technology adoption (Eze et al. 2021; Tanakinjal et al. 2011). The more experience one has with similar technology, the more confident one will be in using the new marketing communication channel. Therefore, this study categorized the respondents' experience levels based on years to clarify and answer the studied objectives. Of these (119), 31% of participants had used mobile phones within 1 year. (106)28% used mobile phones within one to four years, while (157)41% had used mobile phones for more than four years. Therefore, more than half of respondents were more experienced using mobile phones for more than one year.

4.2.5 Location of the Respondents: TC "4.2.5 Location of the Respondents:" \f C \l "1"  
Other studies have revealed that location also seems to correlate with mobile marketing technology adoption (Chille et al., 2021; Eze et al., 2021). Location and population density are said to positively affect mobile marketing adoption. In this study, 80% (304) of respondents were from urban districts. South district had 11% (42), and North A had 9% (36).

4.2.6  Gender of the Respondents. TC "4.2.6  Gender of the Respondents." \f C \l "1" 
Gender is more often shown to influence technology adoption, as seen in the study of Wong et al. (2019); Shaouf and Altaqqi (2018) argued that identifying and clarifying gender differences in the adoption of technology has not only theoretical merit but also practical purpose. From the responses, males were (161)42% while females were (221)58%. Table 4.1 depicts a summary of the demographic distribution of the respondents. 

Table 4.1: Descriptive Statistics of the Respondents TC "Table 4.1: Descriptive Statistics of the Respondents" \f T \l "1" 
	Variable 
	Frequency Percentage

	Age 
	

	60-70
	222 (58%).

	71-81
	99 (26%)

	82-92
	50 (13%)

	above of 93
	11 (3%)

	Gender
	

	Male 
	161 (42%)

	Female 
	221 (58%)

	Occupation 
	

	Investors 
	65 (17%)

	Employed on Contract
	111 (29%)

	Not Employed nor investor 
	206 (54%)

	Experience with mobile phone usage
	

	Within 1 year 
	119 (31%)

	1-4 years
	106 (28%)

	Above 4 years 
	157 (41%)

	Location 
	

	Urban 
	308 (80%)

	South 
	42 (11%)

	North A
	36 (9%)


Source: Field Data (2023)

4.3  Structural Equation Modeling Assumptions TC "4.3  Structural Equation Modeling Assumptions" \f C \l "1" 
Sample size:  This study used the Yamane (1967) rule to determine the sample size, which was determined by the size of the population living within the three mentioned districts of Zanzibar, which was 10,356 for three districts of the study, and a level of accuracy of 0.05 for a confidence level of 95%. Hence, the study was supposed to get 385 responses. The questionnaire instruments were given to 385 respondents; however, the data collection had a sample size of 382. On data screening, none of the items was deleted; instead, the techniques of handling them were adopted, and thus, the sample size remains equal to the total number of questionnaires collected, which was 382. The sample size was within the accepted minimum ideal sample size for multivariate normal data for factor analysis to be ≥200-400 (Jackson, 2001)

Outliers: This is the observation point that requires more attention in SEM analysis than other observations. In this study, Cook’s Distance was used to identify those harmful data points since data points with significant outliers would lead to significantly incorrect estimates (Chambers et al, 2004). The result from regression analysis on residual summary revealed that the maximum value of Cook’s Distance  Statistics for outliers was 0.069, thus much smaller than the value of 1 to be regarded as a concern (Chille et al, 2021). Hence, this was evidence of the absence of influential points in the sample, as revealed in Table 4.2.

Table 4.2: Cook’s Distance Statistics for Outliers TC "Table 4.2: Cook’s Distance Statistics for Outliers" \f T \l "1" 
	Residual Statistics

	
	Minimum 
	Maximum 
	Mean 
	Std dev
	N

	Predicted Value
	1.6793
	4.1575
	2.7723
	.36745
	382

	Std. Predicted Value
	-2.974
	3.770
	.000
	1.000
	382

	Standard Error of Predicted Value
	.037
	.210
	.077
	.026
	382

	Adjusted Predicted Value
	1.6000
	4.1860
	2.7728
	.36857
	382

	Residual
	-2.05228
	1.94262
	.00000
	.70430
	382

	Std. Residual
	-2.899
	2.744
	.000
	.995
	382

	Stud. Residual
	-2.955
	2.774
	.000
	1.002
	382

	Deleted Residual
	-2.13301
	1.98544
	-.00052
	.71406
	382

	Stud. Deleted Residual
	-2.986
	2.799
	.000
	1.004
	382

	Mahal. Distance
	.064
	32.400
	3.990
	3.639
	382

	Cook's Distance
	.000
	.069
	.003
	.006
	382

	Centered Leverage Value
	.000
	.085
	.010
	.010
	382


Source: Field Data (2023)
Linearity is the pattern of association between each pair of variables and the ability of the correlation coefficient to adequately represent the relationship (Hair et al, 2010). In SEM analysis, the dependent and independent variables should have a linear relationship, while violating the linearity assumption might lead to underestimating the relationship's actual strength (Hair, 2014).  This study used the scatter plot to determine the linearity of the constructs; for all four constructs, no nonlinear pattern was obtained; thus, all independent variables meet the linearity assumption, as revealed in Figure 4.1. 

From the model, the R square of linear values had a slight difference from the quadratic R square value. However, the linear F statistic value was high enough. Thus, it is recommended to take the simple model of linear rather than quadratic when a small margin difference is observed between linear and nonlinear (Perret, 2016). Table 4.3 and Figure 4.2 shows the linearity test for the relationship between the Adoption of Mobile Marketing and Perceived Usefulness.
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Figure 4.1: Linearity of the constructs TC "Figure 4.1: Linearity of the constructs" \f F \l "1" 
 Source, Field data, 2023
Table 4.3: Model Summary and Parameter Estimates TC "Table 4.3: Model Summary and Parameter Estimates" \f T \l "1" 
	Dependent Variable: AMM

	Model Summary 
	Parameter Estimated

	
	R Square
	F
	df1
	df2
	Sig.
	Constant
	b1
	b2
	b3

	Linear
	.073
	30.110
	1
	380
	.000
	1.380
	.347
	
	

	Logarithmic
	.070
	28.531
	1
	380
	.000
	1.119
	1.201
	
	

	Inverse
	.059
	23.718
	1
	380
	.000
	3.653
	-3.428
	
	

	Quadratic
	.074
	15.062
	2
	379
	.000
	1.621
	.216
	.017
	

	Cubic
	.074
	10.028
	3
	378
	.000
	1.231
	.582
	-.090
	.010

	Compound
	.065
	26.548
	1
	380
	.000
	1.572
	1.139
	
	

	Power
	.063
	25.477
	1
	380
	.000
	1.421
	.452
	
	

	S
	.054
	21.537
	1
	380
	.000
	1.308
	-1.300
	
	

	Growth
	.065
	26.548
	1
	380
	.000
	.452
	.130
	
	

	Exponential
	.065
	26.548
	1
	380
	.000
	1.572
	.130
	
	

	Logistic
	.065
	26.548
	1
	380
	.000
	.636
	.878
	
	

	The independent variable is PU.
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Figure 4.2: Linearity between the AMM and PU Constructs TC "Figure 4.2: Linearity between the AMM and PU Constructs" \f F \l "1" 
Multicollinearity refers to the extent to which a variable can be explained by another variable in a multiple regression model (Hair et al. 2010). Multicolinearity analysis was conducted to measure the correlation between variables. The presence of multicollinearity between two or more independent variables would cause computational and interpretational problems because of the singularity in the data (Tharenou et al, 2007). 

It is recommended that the relationship pattern be checked before conducting the primary analysis. Suppose two independent variables are correlated greater than 0.90. In that case, one of them is expected to cause a problem and, therefore, should be eliminated since there will be a multi-collinearity problem (Tabachnick & Fidell, 2007). In this study, all variables were correlated moderately among themselves (0.228 ≤ r ≤ 0.569), and no item correlated larger; therefore, there were no problems of multicollinearity as depicted in Table 4.4 
Other alternative techniques were applied to test for multicollinearity. The Variance Inflation Factor (VIF) and Tolerance statistics of the variables were used to examine the multi-collinearity through SPSS, and the results are shown in Table 4.9 below. Hair et al, (2006) suggested that minimal tolerance values, much below 0.1, or large variance inflation factor values above 10 indicated a high collinearity problem. In this study, the analysis of all five variables had a tolerance value > 0.1 and a VIF value < 10. Therefore, the analysis suggests the absence of the threat of multicollinearity in this model.
Table 4.4: VIF and Tolerance Test for Multi-collinearity TC "Table 4.4: VIF and Tolerance Test for Multi-collinearity" \f T \l "1" 
	Coefficient a

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	
	
	Collinearity Statistics

	
	B
	Std. Error
	Beta
	T
	Sig.
	Tolerance
	VIF

	(Constant)
	.606
	.291
	
	2.081
	.038
	
	

	PEOU
	.189
	.056
	.178
	3.386
	.001
	.754
	1.326

	TANX
	.270
	.049
	.272
	5.483
	.000
	.845
	1.184

	PU
	.152
	.070
	.118
	2.163
	.031
	.697
	1.436

	ATT
	.100
	.082
	.068
	1.217
	.224
	.674
	1.483

	a. Dependent Variable: AMM

b. AMM: Intention to adopt Mobile Marketing, PU: Perceived Usefulness, PEOU: Perceived Ease of Use, TANX: Technology Anxiety, ATT: Attitude toward adoption,


Source. Field data, (2023)
Multi-collinearity affects the standard error coefficient by increasing them and may lead to type II error as it may cause failure to reject the null hypothesis. The presence of multi-collinearity can also affect the sign of the parameter estimates (Dorman et al, 2012). VIF values were < 5, and tolerance was> 0.2, which are considered ideal to show no evidence of multi-collinearity (Kline, 1998; Kock & Lynn, 2012; O’Brien, 2007).
Assessment of the Normality: The normality assessment of the skewness and kurtosis of the item’s distribution is based on the approaches of Baistaman et al. (2020; Civelec, 2018). The results revealed that the data followed normal distribution since the skewness range of -1.5 to +1.5, an acceptable range based on Baistaman et al. (2020) and Awang (2015). Kurtosis also falls within the acceptable range of -7 to +7 based on Bryne (2010); therefore, there is a linearity relationship between the variables in the model. Hence, all items could be used for further analysis of the model as presented in Table 4.10. 

Table 4.5: Data normality TC "Table 4.5: Data normality" \f T \l "1" 
	Variable
	min
	max
	skew
	c.r.
	kurtosis
	c.r.

	AMM4
	1.000
	5.000
	.303
	2.414
	-.880
	-3.513

	AMM3
	1.000
	5.000
	.437
	3.484
	-.440
	-1.756

	AMM2
	1.000
	5.000
	-.420
	-3.350
	-.707
	-2.820

	AMM1
	1.000
	5.000
	.276
	2.199
	-.803
	-3.205

	TANX5
	1.000
	5.000
	.791
	6.310
	.428
	1.706

	TANX4
	1.000
	5.000
	.704
	5.621
	.004
	.017

	TANX3
	1.000
	5.000
	.808
	6.449
	.573
	2.285

	TANX2
	1.000
	5.000
	.704
	5.615
	-.105
	-.419

	TANX1
	1.000
	5.000
	.831
	6.634
	.175
	.698

	ATT5
	1.000
	5.000
	-.584
	-4.656
	.491
	1.957

	ATT4
	1.000
	5.000
	-.866
	-6.906
	1.839
	7.338

	ATT3
	2.000
	5.000
	-.707
	-5.642
	2.484
	9.909

	ATT2
	2.000
	5.000
	-.679
	-5.416
	.918
	3.663

	ATT1
	2.000
	5.000
	-.822
	-6.559
	1.962
	7.827

	PU6
	1.000
	5.000
	-.878
	-7.004
	2.132
	8.504

	PU5
	1.000
	5.000
	-.561
	-4.478
	.837
	3.341

	PU4
	1.000
	5.000
	-.594
	-4.743
	1.105
	4.407

	PU3
	1.000
	5.000
	-.595
	-4.749
	.927
	3.700

	PU2
	1.000
	5.000
	-.700
	-5.585
	1.285
	5.128

	PU1
	2.000
	5.000
	-.700
	-5.584
	.961
	3.832

	Ease6
	1.000
	5.000
	-.107
	-.853
	-.928
	-3.704

	Ease5
	1.000
	5.000
	-.083
	-.663
	-.887
	-3.539

	Ease4
	1.000
	5.000
	-.285
	-2.275
	-.688
	-2.745

	Ease3
	1.000
	5.000
	.298
	2.380
	-.484
	-1.932

	Ease2
	1.000
	5.000
	.104
	.827
	-.809
	-3.229

	Ease1
	1.000
	5.000
	.290
	2.316
	-.406
	-1.619

	Multivariate 
	
	
	
	
	143.677
	36.797


4.4 Main Analysis of the Results TC "4.4 Main Analysis of the Results" \f C \l "1" 
This section describes the analysis of collected data to achieve the study objectives. It begins by exploring the adequacy and efficiency of the data to be confident in the data involved in describing its effect based on the hypothesized model.  
4.4.1 Exploratory Factor Analysis TC "4.4.1 Exploratory Factor Analysis" \f C \l "1"  
The exploratory factor analysis (EFA) was used to examine and visualize data from the pilot study (Gyankovandar, 2022), to understand their main characteristics, and to identify variances since the items were adopted from different authors. EFA helps summarize the data and uncover insights before conducting the main analysis.
4.4.1.1 Testing Sample Adequacy for Exploratory Factor Analysis TC "4.4.1.1 Testing Sample Adequacy for Exploratory Factor Analysis" \f C \l "1" 
In this analysis, the sample adequacy was tested through KMO and Bartlett’s test of Sphericity, respectively. Kaiser Mayer Olkin (KMO) is a test for assessing how enough data are suitable for Factor analysis. Thus, it measures the adequacy or sufficiency of the sample size by assessing each variable in the model. KMO ranges from 0 to 1, where the sample ranges of 0.8 to 1 is considered adequate, while 0.6 shows the sample was inadequate; near 0 means large correlations, therefore are unsuitable for Factor Analysis (Chille et al, 2021; Bagby et al. 1994).
Bartlett’s test of sphericity was applied to check for the existence of adequate correlation among variables. The values should be less than 0.05 of the significant level to indicate suitability for the Factor Analysis.

The KMO and Bartlett’s test was conducted through SPSS version 22. The test revealed the KMO- Measure of Sampling Adequacy was 0.888. The KMO meets the required threshold. Therefore, the sample was adequate since it has a value above 0.5, denoted good according to Bagby, Parker & Taylor (1994). This condition was also met in Bartlett’s test of sphericity, where the value of 3316.375 with a significance of 0.000, which denoted good according to Hair et al, (2014). The high significance of Bartlett’s test of sphericity means there is no correlation between variables, allowing the researcher to proceed with further analysis of the factor. 
In addition to KMO and Bartlett’s test of sphericity, Anti-Image was also used to verify if the data were suitable for rotation in EFA through the diagonal of the anti-image correlation matrix. Anti-image denotes the proportion of variance in an item that is unrelated to another item in the analysis (Guvendir & Ozkan, 2022). In this study, the test showed that all values along the diagonal were greater than 0.5, ranging from (0.803 to 0.915) which is acceptable according to Guvendir & Ozkan (2022) and associated with smaller off-diagonal partial pairwise correlations as depicted in Appendix V.
Table 4.6: KMO and Bartlett’s Test Results TC "Table 4.6: KMO and Bartlett’s Test Results" \f T \l "1" 
	Kaiser-Meyer-Olkin measure of Sampling Adequacy
	0.888

	Bartlett’s test of Sphericity respectively
	Approx. Chi-Square
	3316.375

	
	Df 
	325

	
	Sig 
	0.000


4.4.1.2 The Total Variance Explained of the Retained Factors TC "4.4.1.2 The Total Variance Explained of the Retained Factors" \f C \l "1" 
The EFA test was conducted to reduce the number of scale items and allow the more related scales to load on the associated items. It was required for the retained variables to be able to explain at least 50% of the total variance (Streiner, 1994). However, Hair et al. (2014) showed that a cumulative variance of 60% or higher was acceptable and commonly used to justify the fit of the retained factors. In this study, the cumulative variance of 64.5% was reached for the retained variables, as revealed in Table 4.7.
Table 4.7: Total Variance Explained TC "Table 4.7: Total Variance Explained" \f T \l "1" 
	Factor
	Extraction Sum of the Squared Loadings
	Rotation Sum of the Squared Loadings

	
	Total
	variance%
	Cumulative %
	total

	1
	8.128
	31.261
	31.261
	6.117

	2
	3.54.
	13.615
	44.876
	5.025

	3
	2.236
	8.6.2
	53.477
	5.602

	4
	1.444
	5.553
	59.030
	5.172

	5
	1.432
	5.517
	64.518
	3.915


Extraction Method: Maximum Likelihood

Source; Field Data, 2023

4.4.1.3 Pattern Matrix TC "4.4.1.3 Pattern Matrix" \f C \l "1"  

Exploratory Factor Analysis was carried out to identify data patterns and its 
relationships. The extraction method was Maximum likelihood, which is best suited for a small number of variables in the normal distribution of the data (Onyekachi & Olanrewaju, 2020), and the rotation method used was Varimax with Kaiser normalization. All items in the pattern matrix loaded to their respective item to which they were intended. Most items were loaded from 0.663 to 0.899, and there were no cross-loadings, thus achieving the acceptable value of 0.5 (Gaur & Gaur, 2006). Field (2005) also suggested that the standardized factor loading estimates for each factor should be from 0.6 if it has four or more loadings, regardless of sample size. The obtained factor loadings revealed the existence of discriminate validity. The obtained pattern matrix is shown in Table 4.8 below.
Table 4.8: Pattern Matrix TC "Table 4.8: Pattern Matrix" \f T \l "1" 
	Rotated Component Matrixa

	
	Component

	
	1
	2
	3
	4
	5

	PercUse4
	.899
	
	
	
	

	PercUsef3
	.872
	
	
	
	

	PercUsef5
	.854
	
	
	
	

	PercUsef2
	.804
	
	
	
	

	PercUsef1
	.788
	
	
	
	

	PercUsef6
	.777
	
	
	
	

	Ease5
	
	.829
	
	
	

	Ease6
	
	.825
	
	
	

	Ease2
	
	.818
	
	
	

	Ease4
	
	.799
	
	
	

	Ease3
	
	.788
	
	
	

	Ease1
	
	.663
	
	
	

	TechAnxy3
	
	
	.889
	
	

	TechAnxy5
	
	
	.861
	
	

	TechAnxy2
	
	
	.855
	
	

	TechAnxy4
	
	
	.836
	
	

	TechAnxy1
	
	
	.787
	
	

	Attude2
	
	
	
	.752
	

	Attude4
	
	
	
	.740
	

	Attude3
	
	
	
	.704
	

	Attude1
	
	
	
	.702
	

	Attude5
	
	
	
	.691
	

	MobAdopt2
	
	
	
	
	.806

	MobAdopt3
	
	
	
	
	.780

	MobAdopt1
	
	
	
	
	.740

	MobAdopt4
	
	
	
	
	.718

	Extraction Method: Principal Component Analysis. 

 Rotation Method: Varimax with Kaiser Normalization.

	a. Rotation converged in 6 iterations.




4.4.1.4 Reliability Assessment TC "4.4.1.4 Reliability Assessment" \f C \l "1" 
Reliability analysis was conducted to explore whether the research tools measured the intended outcome or deviated from the objectives (Saunders et al, 2012). The variables were verified with Crobanch’s Alpha to assess whether they represented sufficient reliability. Crobanch’s Alpha value should be from 0.6 to be acceptable (Hair et al. 2010); a value greater than 0.7 is considered good (Nunnaly, 1978), while a value of 0.5 and below is considered poor and unacceptable (George & Mallery, 2003). The analysis revealed that Crobanch’s Alpha values of all constructs exceeded the acceptable range of 0.7(Nunnaly, 1978). This showed that all indicators in the questionnaire were equally reliable, and there was an internal consistency of the measured items. The result of a reliability test of factors is as per Table 4.9
Table 4.9: Pilot Study Cronbach Alpha Reliability Test Results TC "Table 4.9: Pilot Study Cronbach Alpha Reliability Test Results" \f T \l "1" 
	Construct 
	Items tested
	Cronbach Alpha
	Remarks on Reliability

	AMM
	AMM1, AMM2, AMM3, AMM4
	0.816
	Adequate 



	PU
	PU1, PU2, PU3, PU4, PU5, PU6
	0.944
	Adequate 



	PEOU
	PEOU1, PEOU2, PEOU3, PEOU4, PEOU5, PEOU6
	0.907
	Adequate 

	TANX
	TANX1, TANX2, TANX3, TANX4, TANX5
	0.932
	Adequate 

	ATT
	ATT1, ATT2, ATT3, ATT4, ATT5
	0.843
	Adequate 


NOTE:
AMM: Intention to adopt Mobile Marketing, PU: Perceived Usefulness, PEOU: Perceived Ease of Use, TANX: Technology Anxiety, ATT: Attitude toward adoption

Source: Field Data, 2023
4.4.1.5 Factor  Correlation Matrix TC "4.4.1.5 Factor  Correlation Matrix" \f C \l "1" 
A correlation matrix of the factors was conducted to depict the discriminant validity evidence, revealing no high correlation among variables. Correlation between factors is acceptable if the correlation coefficient of two dimensions is less than the individual Crobanch’s α reliability coefficient (Gaski & Nevin, 1985) and does not exceed± 0.80 (Brown, 2006). In this study, the highest correlation value was between Attitude and Perceived Usefulness, which was 0.529, presented as factors 5 and 2 in Table 4.10. 
Table 4.10: Factor Correlation Matrix TC "Table 4.10: Factor Correlation Matrix" \f T \l "1" 
	FACTOR 
	AMM
	PU
	PEOU
	TANX
	ATT

	AMM
	1.000
	
	
	
	

	PU
	.291
	1.000
	
	
	

	PEOU
	.345
	.321
	1.000
	
	

	TANX
	.380
	.295
	.380
	1.000
	

	ATT
	.301
	.529
	.371
	.293
	1.000

	Extraction Method: Maximum Likelihood

Rotation Method: Promax with Kaiser Normalization.

Source: Field Data 2023


4.5 Data Cleaning TC "4.5 Data Cleaning" \f C \l "1" 
Data cleaning refers to a systematic review and documents of data properties and data quality that may affect future analysis and interpretation (Huebner, 2020). Data cleaning was conducted through the organization of data in the SPSS. Here, the central aspect is the description of non-outcome variables, where variables that will not be included in the analysis should be removed. A total of 382 entries were involved in data cleaning. This comprises 180 responses from the pilot study. Since there were no changes made in the design of the study and survey questions, the researcher was allowed to add responses from the main analysis to attain the sample size planned for the study (In, 2017; Dogar, 2022). The process involves the process of screening data for the missing values.
4.5.1 Data screening. TC "4.5.1 Data screening." \f C \l "1" 
This was conducted through SPSS procedures, and three were found to be Missing Completely at Random (MCAR). In MCAR, the value could be missing due to human error or unsatisfactory technicalities while recording the values (Tamboli, 2021). Three items were found to have missing data; one of them had two missing values, while the other two had one missing value each. Thus, missing data was < 5% for each item.  According to Klinle (2011), the missing data of less than 5% on a single variable for the large sample size could be ignored, and the value could be replaced through imputation. The median technique through the SPSS used for imputation to replace the missing value is the most common method used for imputing missing values for ordinal data scales (Ulman & Bentler, 2013). 

Therefore,  all 382 responses were retained to avoid deleting valuable data for further analysis. 

4.6 Confirmatory Factor Analysis (CFA) TC "4.6 Confirmatory Factor Analysis (CFA)" \f C \l "1" 
CFA is a statistical technique used to analyze the efficiency of measurement models in which the measured variables and their direct relationship are specified (Price, 2023).  CFA evaluates the five factors model through AMOS version 22; Maximum Likelihood Estimator (MLE) algorithms were employed because it is accurate and efficient based on Baistaman et al. (2020). The measurement model should meet the construct, convergent, and discriminant validity before continuing with the assessment of the structural model, as recommended by Hair et al. (2006). 
 4.6.1 Descriptive Analysis of The Confirmatory Factor Analysis TC "4.6.1 Descriptive Analysis of The Confirmatory Factor Analysis" \f C \l "1" 
The analysis aimed to explore if all variables meet the threshold to be included in the analysis. The study looked at the communality of factors, means and standard deviation, and model validity measures.   
4.6.1.1 Communality TC "4.6.1.1 Communality" \f C \l "1" 
Communality is the proportion of a variable’s variability that is explained by the factors (Odum,2011). Therefore, it is used to assess how well each variable is explained by the factor. The accepted threshold value is to be >0.5 to continue with the analysis, while a value below 0.5 should be omitted from the analysis (Trevethan, 2024). From the extraction, all variables have values> 0.5, as depicted in Table 4.11; therefore, for this study, all items were considered for further analysis.  
Table  4.11   Communalities TC "Table  4.11   Communalities" \f T \l "1"  
	variable
	extraction
	variable
	extraction
	variable
	extraction

	Easy of use1
	.512
	MobAdopt1
	.660
	TechAnxy1
	.737

	Easy of use2
	.781
	MobAdopt2
	.680
	TechAnxy2
	.785

	Easy of use3
	.684
	MobAdopt3
	.644
	TechAnxy3
	.841

	Easy of use4
	.661
	MobAdopt4
	.624
	TechAnxy4
	.805

	Easy of use5
	.737
	
	TechAnxy5
	.802

	Easy of use6
	.772
	
	

	PercUsef1
	.746
	Attude1
	.656
	

	PercUsef2
	.824
	Attude2
	.657
	

	PercUsef3
	.841
	Attude3
	.679
	

	PercUse4
	.856
	Attude4
	.687
	

	PercUsef5
	.786
	Attude5
	.505
	

	PercUsef6
	.666
	
	
	

	Extraction Method: Principal Component Analysis.


4.6.1.2  Mean and Standard Deviation TC "4.6.1.2  Mean and Standard Deviation" \f C \l "1"  

It is among the descriptive statistics that depict the data characteristics and variation. The viability of the items in assessing the intended meaning of a construct and the variation of the response from the average mean. From the analysis, all constructs have a small value of standard deviation near 0, which denoted good based on Rumsey (2021). This confirms that all items of a construct provided the intended meaning to the respondents. Thus, the responses did not deviate from the mean.  Table 4.12: The Mean and Standard Deviation of Factors
Table 4.12 The Mean and Standard deviation of Factors. TC "Table 4.12 The Mean and Standard deviation of Factors." \f T \l "1" 
	Statistics

	
	
	
	
	
	

	
	PEOU
	AMM
	TANX
	PU
	ATT

	N
	Valid
	382
	382
	382
	382
	382

	
	Missing
	0
	0
	0
	0
	0

	Mean
	2.9040
	2.7723
	2.2916
	4.0135
	3.9141

	Std. Error of Mean
	.03825
	.04064
	.04103
	.03175
	.02761

	Std. Deviation
	.74767
	.79440
	.80189
	.62047
	.53962

	Variance
	.559
	.631
	.643
	.385
	.291

	Minimum
	1.00
	1.00
	1.00
	1.00
	1.00

	Maximum
	5.00
	4.75
	5.00
	5.00
	5.00


Source; Field Data, (2023)

4.6.1.3 Assessing Factor Loading. TC "4.6.1.3 Assessing Factor Loading." \f C \l "1" 
The collected 382 data from respondents also assessed if there was an absence of cross-loading. Cross-loading in a confirmatory factor analysis leads to biased factor correlation estimates, and all items are required to load to the respective construct (Regorz, 2024).  Thus, Exploratory Factor Analysis was carried out to identify data patterns extracted using Principal Component Analysis, and the rotation used Oblimin with Kaiser normalization.  The results show no cross-loading of the items hence all items were carried on for further analysis. The pattern matrix is shown in Table 4.13 below.
Table 4.13 Factor Loading on Pattern Matrix TC "Table 4.13 Factor Loading on Pattern Matrix" \f T \l "1"  

	Pattern Matrixa

	
	Component

	
	1
	2
	3
	4
	5

	Easy of use1
	 
	 
	0.665
	 
	 

	Easy of use2
	 
	 
	0.878
	 
	 

	Easy of use3
	 
	 
	0.830
	 
	 

	Easy of use4
	 
	 
	0.765
	 
	 

	Easy of use5
	 
	 
	0.862
	 
	 

	Easy of use6
	 
	 
	0.899
	 
	 

	MobAdopt1
	 
	 
	 
	0.811
	 

	MobAdopt2
	 
	 
	 
	0.811
	 

	MobAdopt3
	 
	 
	 
	0.811
	 

	MobAdopt4
	 
	 
	 
	0.737
	 

	TechAnxy1
	 
	0.806
	 
	 
	 

	TechAnxy2
	 
	0.879
	 
	 
	 

	TechAnxy3
	 
	0.921
	 
	 
	 

	TechAnxy4
	 
	0.893
	 
	 
	 

	TechAnxy5
	 
	0.904
	 
	 
	 

	PercUsef1
	0.832
	 
	 
	 
	 

	PercUsef2
	0.833
	 
	 
	 
	 

	PercUsef3
	0.925
	 
	 
	 
	 

	PercUse4
	0.934
	 
	 
	 
	 

	PercUsef5
	0.901
	 
	 
	 
	 

	PercUsef6
	0.811
	 
	 
	 
	 

	Attude1
	 
	 
	 
	 
	0.780

	Attude2
	 
	 
	 
	 
	0.800

	Attude3
	 
	 
	 
	 
	0.791

	Attude4
	 
	 
	 
	 
	0.825

	Attude5
	 
	 
	 
	 
	0.696

	Extraction Method: Principal Component Analysis. 
 Rotation Method: Oblimin with Kaiser Normalization.

	a. Rotation converged in 6 iterations.




4.6.1.4 Model Validity and Reliability Measures TC "4.6.1.4 Model Validity and Reliability Measures" \f C \l "1" 
All five variables were subject to validity and reliability tests using SPSS. The results are shown in Table 4.14.

Convergent Validity: This is the degree to which the construct meets to explain the variance of its items. Here, the validity test for each construct was conducted through SPSS to get a rotated component matrix in Varimax, and then the test of Average Variance Extracted scores (AVEs) was taken in Excel.  AVE measures the level of variance captured by a construct versus the level due to measurement error, with an acceptable value of 0.5 and above (Hair et al, 2014). All five constructs of this study had achieved the convergent validity to the satisfactory level, reaching the AVE value of > 0.5, as shown in Table 4.14, thus providing evidence that the variance explained by the construct was higher than the variance due to measurement error.

Discriminant Validity: In this study, the test of discriminant validity was taken to test the correlation coefficient of 2 dimensions less than the square root of the AVE (Fornell & Larcker, 1981). Square Root of Average Variance Extracted scores for all the constructs in the model were more significant than the correlation coefficient value of the two constructs in the same row and column. The coefficient of the square root of AVEs depicted along the diagonal in Table 4.14 appeared to exceed the corresponding latent factor correlations coefficient. Therefore, according to this result, each construct in the hypothesized model achieved the discriminant validity that proved to be distinct from one another.

Reliability: The reliability of the constructs was confirmed through the assessment of Composite Reliability (CR) and maximum reliability (Max H). Composite reliability is used to overcome the limitation of construct reliability, which has been criticized for underestimating the reliability value (Hair et al, 2013). Under the composite reliability (CR) method, each construct's squared sum of factor loadings was divided by the sum of the squared sum of factor loadings and the sum of error variance terms of the same construct. Fornell & Larcker (1981) suggested that for the discriminant validity to be established, the value of the maximum H reliability should be higher than the CR value and that the square root of the AVE value should be higher than the correlation coefficient of that variable with another variable. From Table 4.14, it is clear that the CR value of each latent variable was higher than the AVE value of the same latent variable, rendering the assumptions of convergent validity of the measurement model. Besides, the Maxr (H) value was higher than the CR value for each latent variable. Thus, the measurement met the divergent reliability, and the measurement model was reliable and performed well for the next stage of analysis (Chan et al, 2022). MSV is a measure of discriminant validity. It is the maximum shared variance, which is the square of the correlation between 2 constructs and must be below 0.7 (Hair et al, 2010)
Table 4.14: Validity and Reliability of the Model TC "Table 4.14: Validity and Reliability of the Model" \f T \l "1" 

 TC "Table 4.14: Validity and Reliability of the Model" \f T \l "1" 
	FACTOR
	CR
	AVE
	MSV
	MaxR(H)
	AMM
	PU
	PEOU
	TANX
	ATT

	AMM
	0.851
	0.588
	0.181
	0.868
	0.766
	
	
	
	

	PU
	0.935
	0.708
	0.336
	0.955
	0.209
	0.841
	
	
	

	PEOU
	0.908
	0.624
	0.170
	0.920
	0.323
	0.386
	0.789
	
	

	TANX
	0.932
	0.735
	0.181
	0.938
	0.566
	0.209
	0.393
	0.857
	

	ATT
	0.858
	0.548
	0.336
	0.861
	0.281
	0.398
	0.373
	0.279
	0.740


Source: Field Data, 2023

Note: AMM: Intention to adopt Mobile Marketing, PU: Perceived Usefulness, PEOU: Perceived Ease of Use, TANX: Technology Anxiety, ATT: Attitude toward adoption.

4.6.1.5 Model Fit Measures TC "4.6.1.5 Model Fit Measures" \f C \l "1" 
CFA evaluated the five factors model through AMOS version 22 and Maximum Likelihood (ML), a default estimation method. It is argued that ML should be used with data that meet the assumption of multivariate normality to produce accurate estimates (Ullman & Benter, 2013). In this study, the data used met the assumption of the multivariate normality. The model fit assessment examines the Goodness of Fit Indices (GOFI). GOFI reports the Normed Chi-square X2/df (CMIN/DF), Root Mean Square Error of Approximation (RMSEA), Tucker-Lewis Index (TLI), Comparative FIT Index (CFI), and Root Mean Residual (RMR) because these indices were less likely affected by sample size and model complexity. For the CFI, this presents the overall covariance amount among the variables in the model. Therefore, a value of > 0.90 indicated a good fit of a model to the data. RMSEA value is recommended to be less than 0.06, RMR value should be smaller than 0.05, and a Normed Chi-square value should be below 3 (Hair et al. 2013; Hu & Bentler 1995 and 1999).
The model fit to the data approved through CFA results as achieved an X2/ df of 2.000, SRMR of 0.037, RMSEA of 0.051, TLI of 0.953, CFI of 0.958, and RMR of 0.026. Therefore, based on Hu & Bentlers' (1999) suggestion that an RMSEA of less than 0.06 and a CFI and TLI > 0.95 indicated relatively good model-data fit in general, hence, the model of this study meets the GOFI threshold as all indices fitted well, as depicted in Table 4.15.
Table 4.15: CFA Model Fit Indices TC "Table 4.15: CFA Model Fit Indices" \f T \l "1" 
	Fit indices
	Recommended = Good Fit
	Obtained indices

	Relative χ2 (χ2/df)
	< 3
	2

	RMSEA  
	0.03- 0.08
	0.051

	CFI
	>0.90
	0.958

	TLI
	>0.90
	0.953

	SRMR
	≤0.08
	0.037


Source: Field Data, 2023
Besides, the CFA proves the discriminant validity and reliability. For reliability, all factors loading from 0.59 to 0.93, as the rule of thumb recommended by Hair et al, (2014), the factor loading should be greater than or equal to 0.5 to be maintained for further analysis. Hence, the scale of the item proved the reliability. Thus, none of the items from this study were dropped. In addition,  all variables correlated minimally at less than 0.6, as depicted in Figure 4.3, along the double-pointed lines that connect the latent variables. This proves the discriminant validity since each measurement item correlated weakly with all other constructs except for the one with which it is theoretically associated (Ronkko and Cho, 2020). 
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Figure 4.3: CFA Measurement Model TC "Figure 4.3: CFA Measurement Model" \f F \l "1" 
Source-: Field Data 2023
4.6.1.6 Common Method Bias Test TC "4.6.1.6 Common Method Bias Test" \f C \l "1" 
Common method bias is a measurement error observed in the presence of a systematic variance, which ultimately threatens the validity of the statistical results by increasing or decreasing the given relationship among variables, leading to an unsound conclusion (Podsakoff et al. 2012; Roni 2014). Common method variance might be influenced by different sources, such as complex and ambiguous item characteristics, context-induced mood, and measurement context such that a common medium to obtain measurement (Podsakoff et al, 2003). Under this study, the measures of the predictors and criterion variables were obtained from different sources to control the common method bias. Thus, standard method variance in the findings was not likely a concern. 

This is evidenced by statistical examination through Herman’s one-factor to test whether a single factor explained most of the variance. Herman’s one-factor test was primarily used in the literature to measure the common method bias (Podsakoff et al, 2003). This test was conducted by loading all the factors into an exploratory factor analysis using the principal component analysis method and constraining the number of factors to 1. The “Total Variance Explained” results showed that no single factor was dominant as the first component accounted for 33.5% of the variance, which was less than 50% of all the variables in the model, as shown in Table 4.16. Therefore, based on Herman’s single factor test results, the instrument was free from significant common method variance effect.
Table 4.16: Total Variance Explained Herman’s Single Factor Test Results TC "Table 4.16: Total Variance Explained Herman’s Single Factor Test Results" \f T \l "1" 
	            Initial Eigenvalues
	Extraction Sums of Squared Loadings

	Component
	Total
	% of Variance
	Cumulative %
	Total
	% of Variance
	Cumulative %

	1
	8.725
	33.557
	33.557
	8.725
	33.557
	33.557

	2
	3.820
	14.693
	48.250
	
	
	

	3
	2.494
	9.591
	57.841
	
	
	

	4
	1.843
	7.090
	64.931
	
	
	

	5
	1.686
	6.486
	71.417
	
	
	

	6
	.710
	2.730
	74.146
	
	
	

	7
	.653
	2.511
	76.657
	
	
	

	8
	.563
	2.165
	78.822
	
	
	

	9
	.523
	2.010
	80.832
	
	
	

	10
	.472
	1.817
	82.649
	
	
	

	11
	.455
	1.749
	84.398
	
	
	

	12
	.450
	1.732
	86.130
	
	
	

	13
	.421
	1.618
	87.748
	
	
	

	14
	.384
	1.477
	89.226
	
	
	

	15
	.358
	1.377
	90.603
	
	
	

	16
	.339
	1.304
	91.907
	
	
	

	17
	.316
	1.215
	93.122
	
	
	

	18
	.282
	1.084
	94.206
	
	
	

	19
	.260
	.999
	95.205
	
	
	

	20
	.248
	.953
	96.158
	
	
	

	21
	.235
	.904
	97.063
	
	
	

	22
	.190
	.729
	97.792
	
	
	

	23
	.173
	.666
	98.458
	
	
	

	24
	.162
	.623
	99.081
	
	
	

	25
	.141
	.541
	99.623
	
	
	

	26
	.098
	.377
	100.000
	
	
	


Extraction Method: Principal Component Analysis

Source: Field Data, 2023
4.6.2 Structural Model Evaluation and Hypothesis Assessment. TC "4.6.2 Structural Model Evaluation and Hypothesis Assessment." \f C \l "1" 
This section presents the assessment of the structural model used in this study. The statistical goal of Structural Equation Modelling (SEM) analysis is to test a set of relationships representing multiple equations. Therefore, the researcher must assess the model fit before analyzing the relationship of the construct  (Hair et al. 2010). After attaining the confirmatory fit of the model, as shown in Table 4.11, the model has to be checked to see if it fits the data. If the model fit is good, the researcher can continue assessing the causal relationship within the model (Schumacker & Lomax, 2010; Byrne, 2012). The goodness of fit indices (GOFI) were used to assess the fit. The structural model was run, and fit indices were analyzed on the structural path through SPSS Amos version 21, which revealed the model's acceptable fit. CMIN/DF (χ²/df) is 2.3 < 3, 
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where Sij denotes the sample covariance between variables i and j. and Iij denotes variance. The SPSS Amos version 21 run and the obtained SRMR value were 0.032, which denoted a good fit. According to Hu & Bentler (1999), a value of less than 0.10 0r of 0.08 should be considered a good fit for the model.
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Where χM², dƒM and χB², dƒB represent the chi-square statistics for the baseline model and fitted model together with their corresponding degrees of freedom. The obtained RMSEA value was 0.059, which signifies the good fit between the hypothesized model and the observed data. Generally, the RMSEA value ranges from 0.03 to 0.08, which is regarded as the most informative of the fit indices (Byrne, 2016. p101; Hu & Bentler,1999). 
For the TLI and CFI, values of 0.953 and 0.958 were obtained, respectively, revealing the model's satisfactory fit. Since TLI reached the acceptable cutoff of 0.9 (Byrne, 1998), also CFI met the cutoff criteria of 0.95 (Hu &Bentler, 1999). This result was caused by the low observed correlations for most of the variables in the study. The structural fit indices shown in Table 4.17 showed that the model fit the recommended threshold to achieve the validity of the results and analysis of the hypothesis conducted, which is revealed in Figure 4.4.
Table 4.17: Structural Model Achieved Fit Indices TC "Table 4.17: Structural Model Achieved Fit Indices." \f T \l "1" 
	Fit indices
	Accepted threshold
	Obtained indices

	Relative χ2 (χ2/df)
	< 3
	2.3

	RMSEA  
	0.03- 0.08
	0.059

	CFI
	>0.95
	0.958

	TLI
	>0.90
	0.953

	SRMR
	≤ 0.08
	0.032
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Figure 4.4: Structural Model TC "Figure 4.4: Structural Model" \f F \l "1" 
Source; Field Data, 2023
4.6.3 Hypothesis Testing TC "4.6.3 Hypothesis Testing" \f C \l "1"  

This section began with the direct effect assessment and was followed by the indirect assessment of the mediation effect. The hypothesis was tested through SEM path analysis, and the result shown in Table 4.18 represents the direct effect of the hypothesis assessment.
Table 4.18:
Direct Effect Assessment Path Coefficients and Statistical Significance Level TC "Table 4.18:
Direct Effect Assessment Path Coefficients and Statistical Significance Level" \f T \l "1" 
	Hypothesis 
	
	
	
	Path coefficient
	T statistic

(C.R.)
	P value
	Label

	H1
	AMM
	<---
	PU
	0.064
	1.082
	0.279
	Not supported 

	H2
	AMM
	<---
	PEOU
	0.44
	3.668
	***
	Supported

	H3
	AMM
	<---
	ATT
	0.055
	4.255
	***
	Supported 

	H4
	AMM
	<---
	TANX
	0.079
	  3.709
	***
	Supported 


4.6.3.1 Direct Effect Assessment TC "4.6.3.1 Direct Effect Assessment" \f C \l "1" 
The path analysis test through SPSS AMOS version 21 was used to test the relationship among the constructs. The p-value ≤ 0.05 should be accepted, while the p-value≥0.05 should be rejected, which means that the data is likely less than 5% of the time under the null hypothesis. When the p-value falls below the chosen alpha value, the obtained test result is statistically significant; thus, it can be said that the content of the null hypothesis is not statistically under the significance level value (Kwak, 2023). therefore the obtained results as presented in Table 4.19 hypotheses H2, H3, and H4 were supported while H1 was not supported. The hypotheses were as follows-;

H10; Perceived Usefulness has no significant influence on the aging population's intention to adopt mobile marketing technology

H11; Perceived Usefulness has a positive and significant influence on the aging population's intention to adopt mobile marketing technology

In SEM, the path analysis test showed the P value was above 0.05 (p=0.279) at a 5% confidence level as indicated in Table 4.18 above. Therefore, the null hypothesis (H10) is accepted and the alternative hypothesis (H11) is rejected. There was no significant influence of perceived usefulness on the aging population's intention to adopt mobile marketing technology.
H20: Perceived Ease of Use has no significant influence on the aging population's intention to adopt mobile marketing technology.

H21: Perceived Ease of Use has a positive and significant influence on the aging population's intention to adopt mobile marketing technology.
In SEM, the path analysis test showed the P value was below 0.05 (p=0.000) at a 5% confidence level, as indicated in Table 4.17 above. Therefore, the null hypothesis (H10) is rejected and the alternative hypothesis (H11) is accepted. Perceived Ease of Use had a positive and significant influence on the aging population's intention to adopt mobile marketing technology.
H30: Attitude has no significant influence on the aging population's intention to adopt mobile marketing technology.

H31; Attitude has a positive and significant influence on the aging population's intention to adopt mobile marketing technology

In SEM, the path analysis test showed the P value was below 0.05 (p=0.000) at the 5% confidence level, as indicated in Table 4.18 above. Therefore, the null hypothesis (H10) is rejected, and the alternative hypothesis (H11) is accepted. Attitude has a significant influence on the aging population's intention to adopt mobile marketing technology.

H40: Technology Anxiety has no significant influence on the aging population's intention to adopt mobile marketing technology.

H41; Technology Anxiety has a positive and significant influence on the aging population's intention to adopt mobile marketing technology

In SEM, the path analysis test showed the P value was below 0.05 (p=0.000) at a 5% confidence level, as indicated in Table 4.18. Therefore, the null hypothesis (H40) is rejected, and the alternative hypothesis (H41) is accepted. Technology Anxiety has a positive influence on the aging population's intention to adopt mobile marketing technology.
4.6.3.2  Indirect Effect Assessment 
The mediation effect of attitude on the relationship between latent and observed variables was examined through Hayes SPSS Process Macro. It is a bootstrapping statistical computer tool to explore the effect of one or more mediating variables (Abu-Bader & Jones, 2021). The direct effect, indirect effect, and total effects of Perceived Usefulness, Perceived ease of use on intention to adopt as well as standardized, unstandardized regression coefficients and statistical t, p, and R2 calculated on assessing the effect of mediation. Mediation is recognized when the direct path coefficient between perceived usefulness, and perceived ease of use to the intention of mobile marketing adoption is declined when the indirect path through the attitude is created in the model.  
The analysis looked at the direct path of perceived usefulness to the intention of mobile marketing adoption without the involvement of the attitude; the standardized beta coefficient was 0.296 and changed to 0.091 after the involvement of the attitude mediator. The decreased relationship between perceived usefulness and intention to adopt mobile marketing caused by the attitude mediator was 0.205. The significance of the mediation effect was measured through Hayes Process Macro with the application of SPSS statistics. The total effect was significant at p<0.01, B=0.387, R2 = 7%, t (6.606). The direct effects of Perceived Usefulness on the presence of the Attitude mediator were significant at p<0.01, B=0.296, R2 = 17%, t (5.068). The indirect effect of Perceived Usefulness to explain the mediator was significant. The Bootstrapping intervals do not include zero (B= 0.091, BootLLCI = 0.051, BootULCI = 0.136). 
The mediating effect of Attitude on the relationship between Perceived Ease of Use and intention to Adopt Mobile Marketing revealed the total effect was significant at p<0.01, B=0.355, R2 = 9%, t (8.014). The direct effects of Perceived Ease of Use, on the presence of the Attitude mediator were significant at p<0.01, B=0.272, R2 = 19%, t (5.835). The indirect effect of Perceived Ease of Use to explain the mediator was also significant; the intervals do not include zero (B= 0.083, BootLLCI = 0.045, BootULCI = 0.129). However, the analysis results revealed the significant partial mediating effect of Attitude on both the relationship between Perceived Usefulness and intention to Adopt Mobile Marketing together with the relationship between Perceived Ease of Use and intention to Adopt Mobile Marketing, thus providing evidence to support the hypothesis as depicted in the table 4.19.  
Table 4. 19: Mediation Effect Assessment TC "Table 4. 19: Mediation Effect Assessment" \f T \l "1" 
	Relationship 
	Total Effect
	Direct Effect
	Indirect Effect
	Confidence

interval
	T statistics
	Conclusion
	Label 

	
	
	
	
	Lower bound
	Higher bound
	
	
	

	PU->ATT->AMM
	0.387
(0.000)
	0.296 (0.000)
	0.091
	0.051
	0.136
	6.608
	Partial Mediation
	Supported

	PEOU->ATT->AMM
	0.355
(0.000)
	0.272
(0.000)
	0.083
	0.045
	0.129
	8.014
	Partial Mediation
	Supported


Source: Field data, 2023
Hypothesis 5
H50: Attitude has no mediation role in the relationship of perceived usefulness and perceived ease of use with the aging population's intention to adopt mobile marketing technology 

H51; Attitude positively mediates the relationship between perceived usefulness and perceived ease of use, and the aging population intends to adopt mobile marketing technology.

The study assessed the mediating role of attitude on the relationship between perceived usefulness (PU) and perceived ease of use (PEOU) with the aging population's intention to adopt mobile marketing technology through the Hayes Process Macro. The results confirmed the mediating role of attitude toward the adoption of mobile marketing technology on both relationships of PU with the aging population's intention to adopt mobile marketing technology and the relationship of PEOU and the aging population's intention to adopt mobile marketing; therefore, committed a partial mediation effect of ATT on PU, PEOU, and AMM. 
Therefore, the null hypothesis (H50) is rejected, and the alternative hypothesis (H51) is accepted. That Attitude positively mediates the relationship between perceived usefulness and perceived ease of use with the aging population's intention to adopt mobile marketing technology. The Process Macro is used in this study as a mediation technique because it estimates the parameter of each equation independently rather than SEM, which solves all the equations simultaneously through iteration using maximum likelihood (ML). Therefore, the Process Macro is applied to establish evidence as to whether the indirect effect is contingent on prior measurement of PU, PEOU, and BI as obtained in the structural path analysis. From the path analysis results, there was no evidence of mediation's effect on the relationship between PU and BI. However, through Process Macro, the evidence was provided for partial mediation of the attitude on the relationship between PU and BI.  
CHAPTER FIVE TC "CHAPTER FIVE" \f C \l "1" 
DISCUSSION OF STUDY FINDINGS TC "DISCUSSION OF STUDY FINDINGS" \f C \l "1" 
5.1 Introduction TC "5.1 Introduction" \f C \l "1" 
This study applied the extended TAM model to which perceived usefulness, perceived ease of use, and attitude, in addition to technology anxiety to assess factors affecting the intention to adopt mobile marketing technology in the aging population in Zanzibar. Therefore, this chapter outlined the findings obtained from SEM analysis in chapter four. The chapter discusses the study findings related to the status of the respondents and compares them with past studies' findings of the same phenomenon in the theoretical and empirical undertakings.
5.2 Influence of Perceived Usefulness on Intention to Adopt Mobile Marketing TC "5.2 Influence of Perceived Usefulness on Intention to Adopt Mobile Marketing" \f C \l "1" 
The analysis's findings revealed that perceived usefulness (PU) did not influence the aging population's intention to adopt mobile marketing technology as expected. It indicated that the aging population was not influenced to adopt the new technology because of its vital traits, like direct interaction and the ubiquity of the channel. 

Perceived Usefulness (PU) is one of the variables of TAM which appeared to have persistent stability of its results in different contexts (Alzubi et al, 2018; Huang et al, 2019; Chan et al, 2022), as was assumed by Davis, et al, (1989). However, the current results of the study contend with the assumption of PU on behavioral intention to adopt mobile marketing among the aging population. The reason might be due to the assumption that the TAM model was designed to measure the perceptions of users for the technology that has already been adopted in society. The theory was limited to the technology already experienced by the user (Chille, 2021; Ajibade, 2018). Thus the assumption did not hold to the current study since the mobile marketing idea was unfamiliar to the population of the study as the mobile marketing technology in Tanzania was relatively new and was at its initial stage (Haji et al, 2024; Chille et al, 2021).  
With these findings Oscar et al, (2017) vowed that the main driver of mobile technologies to consumers who have a lower level of experience and low confidence in mobile phone use, such as the aging population in Zanzibar, was not utility or convenience at the adoption, thus perceived usefulness was not an influential factor to induce their intention. Therefore, explaining the usefulness of the technology would not have influenced their intention to adopt it since people of this age perceived the usefulness of mobile phones was less compared to the harm, such as the destruction of cultural values (Nolin, 2015), psychological and physical stress caused to individual and society at large (Yasin, 2018).  
This is an alarming call for mobile marketing vendors to communicate the usefulness of mobile marketing technology indirectly through the creation of a favorable attitude toward mobile marketing to the consumer. Since perceived usefulness is expected to influence intention to adopt this technology through attitude. Thus, vendor should convey messages that create a sensation of compatibility with mobile marketing in their daily life. Choudrie et al, (2018) asserted that the innovativeness of mobile technology and its products or services, such as mobile banking and mobile marketing, needs to be compatible with individuals’ lifestyles and also offer support services on its innovation. Integrated marketing communication might be used to demonstrate the ability of mobile phones to fulfill their needs, basic and luxuries. Thus, the aging population would have a positive attitude toward the usefulness of the media due to its convenience and compatibility and manage their independence in their life. Therefore, the positive attitude will raise the perception of the usefulness of the media, and hence increase intention to adopt such technology.  

Marketers need to communicate the usefulness of shopping through mobile phones to the aging population in Zanzibar as the channel is more ubiquitous, interactive, and more compatible with the mobile lifestyle in which they live now. This can be achieved through personalized pop-up messages based on customers’ preferences, allowing them access to more choices on the products they prefer. The study findings confirm that the notion of mobile marketing technology is still new in the aging population group, frequent marketing communication on the usefulness of mobile marketing technology should be made to the Zanzibar society. 
In addition, Afrina et al, (2015) also suggested the need for mobile marketing providers to understand the usefulness of their mobile products in terms of programs and contents to suit the customer’s needs and communicate the usefulness to the market to have much adoption of the channel. Therefore, the same principles hold in the aging population segment in Zanzibar to perceive the usefulness of this innovation. Thus, the alternative Hypothesis on Perceived Usefulness had a positive and significant influence on the aging population's intention to adopt mobile marketing technology was rejected, and the null hypothesis was accepted. 
However,  the  findings  are  consistent  with  prior  studies  of Chimborazo (2021) in 
Ecuador, Chen et al, (2021) in Hong Kong, Gurner and Acarturk (2018) in Turkey, and Putra (2018) in Indonesia. Gurner and Acarturk (2018) insisted on the insignificant effect of PU on the intention to adopt technology because the user intention is determined by several factors like social motives, perceived cost, expected short-term outcomes, self-efficacy, and perceived need; thus, usefulness would not influence the aging population intention to adopt technology. Chimborazo (2021), asserted that a later adoption of mobile marketing would imply advances in mobile phone capabilities and improvements made by companies to their mobile channel interface. 
Since most of the aging population was skeptical of social media, as seen in the study of Putra (2018), thus they did not find interesting content beyond social interaction. Therefore, mobile marketing providers in Zanzibar should suit the programs and content of mobile marketing platforms to match the aging population's requirements, as usefulness might be perceived when one explores new features that are beneficial to them.  Also, to communicate the usefulness of the mobile channel should be compatible with their current mobile lifestyle. 
The study by Nabot et al, (2020) and Haq & Ghouri (2018) found PU had an influential role in behavioral intention to adopt mobile marketing. The diversity of the results could be attributed to several factors, such as environmental and the country’s technology level, that would lead to different results of the significance and insignificance of PU. Example environmental factors such as the COVID-19 period whereby Malaysians found out the perceived usefulness increased their intention of shopping online through their mobile phone during the lockdown of the pandemic (Chan et al, 2022). 
However, in Ecuador, because of the mobile lifestyle, the perceived usefulness did not influence their intention to use mobile commerce (Chimborazo et al, 2021). These differences upheld the notion of Otieno et al, (2016) that clarified on the adoption of mobile marketing can be influenced by different environmental factors such as; differences in cultural norms, experience, lifestyles, tastes, and preferences, thus leading to diversification of the result on the significant or insignificance influence of Perceived usefulness on different study’s findings.
5.3 Influence of Perceived Ease of Use on Intention to Adopt Mobile Marketing TC "5.3 Influence of Perceived Ease of Use on Intention to Adopt Mobile Marketing" \f C \l "1" 
This study provides evidence that perceived ease of use (PEOU) was positively related to the aging population's intention to adopt mobile marketing technology. The aging population was more likely to adopt the innovative mobile marketing technology when they perceived no difficulty in learning the use of this innovation, and also when they perceived it to be more helpful in making their purchase through mobile phones. As happened in Spain Liesa-Orus et al, (2023), the older adults intended to adopt ICTs when they considered the technology was easy to use since they were competent to overcome barriers that hindered the adoption of such technology. 
The finding revealed that (225)59% of the respondents,  had only one to four years’ experience using mobile phones and thus might have little or no technical skills that could help them perform online marketing. Therefore, the perception of the complexity of grasping expertise in mobile marketing technology did influence their intention to adopt it. These findings emphasized the vitality of making mobile marketing apps simple to meet the requirements of the aging population (Yap et al, 2022). There was a need to design an appropriate voice interface style to enable direct interaction based on the cognitive behavior of the aging population. Thus, the alternative Hypothesis on the Perceived Ease of Use had a positive and significant influence on the aging population's intention to adopt mobile marketing technology was accepted, and the null hypothesis was rejected. 

Perceived Ease of Use is assumed by Davis et al, (1989) to have much influence on the adoption of technology in TAM theory through PU and attitude.  Perception of technical ability to use the technology could influence the usefulness and attitude toward intention to adopt such particular technology. 
Thus, this study's findings abide by TAM (Davis, 1989) assumptions that if the customer perceived the system to be easy to use, it would influence more customers to use it. This indicated that the PEOU had an influential effect on technology adoption, such as mobile marketing. The aging populations were skeptical of the complexity of technology applications, as they have less experience in mobile phone use and they were never trained to use mobile marketing in their life. Thus, the perception of ease of use appeared also to be a determinant of their intention to adopt innovative technology. However, the study findings found the direct effect of PEOU on the intention to adopt mobile marketing technology, while TAM (Davis et al., 1989) alone could not find the significance of the adoption of technology. This might be the nature of this study based on the aging population whose perception of the complexity of the use of technology not only visualizes their attitude toward such technology but also switches their behavior. Thus, PEOU has a direct and indirect effect on the aging population's intention to adopt mobile marketing.   
Prior scholars have also noted the paramount importance of PEOU in the aging population's adoption of mobile technology using the TAM model. The study of Yap et al. (2022); Zhou et al. (2019); Ali et al. (2019); and Pan & Jordan (2010). Concomitantly, they suggested that mobile technology products should not require a lot of mental effort to learn and use; besides offering support, the consumer's perceived difficulties and perception of complexities are often reduced. 
The findings of this study are also linked to other studies conducted in the Tanzanian context, mainland and islands. A study done by Chille et al. (2021), Lwoga and Lwoga (2017), and Abubakar and Chille (2023) examined the relationship between Perceived ease of use (PEOU) and the use of mobile applications among consumers in Tanzania. They found that perceived ease of use had a positive influence on the adoption and continuance of the use of mobile marketing services.

The study, however, is contrary to the findings of previous researchers who found out that the perceived ease of use has no significant role in the aging population's adoption of the technology. Such as the study of Li et al. (2019) in wearable technologies, Chen and Chan (2014) on gerontechnology, and Guner and Acaturk (2020) in ICT adoption. Braun (2013) and Li et al. (2019) said the aging population perceived the technologies to be relatively difficult to use and understand. Therefore, the adoption of some technologies was not being positively encouraged. 
The familiarity with the technology reduced the perception of complexity; however, this depends on the type of innovation. As identified by Ugalde et al. (2023) in Ecuador, since they were very familiar with mobile media, which increased their self-efficacy in its use, complexity was not an important determinant of their intention to adopt social media.
5.4 Influence of Attitude toward the Intention to Adopt Mobile Marketing TC "5.4 Influence of Attitude toward the Intention to Adopt Mobile Marketing" \f C \l "1" 
From the analysis, the study confirms the significant influence of attitude as depicted by Davis et al. (1989). The attitude toward using mobile marketing might be raised upon the recognition of the medium in facilitating the marketing process through the mobile phone. There is an increasing trend of mobile phone subscriptions in the country, moreover to the aging population because of the pensions and other means of funding such as investments.  This result supported the notion that attitude is predominantly constructed to contribute to the behavioral intention of technology adoption, as previously depicted by Putra (2018) and Riantinia et al. (2021). 
The obtained results of significant effect of attitude toward mobile marketing might be associated with the perception of usefulness and ease of use of the mobile marketing technology hence influencing their attitude toward using such technology. The rapid advancements of the digital age are profoundly impacting traditional cultural practices. However, due to the increased popularity of mobile phone technology to satisfy consumer needs not only in communication but also in financial and health, and entertainment, people shifted the digitalized cultural life. Thus, mobile phones became an important weapon in their life. Thus, an increased positive attitude toward mobile phone applications resulted in an increase in the intention to adopt new applications of mobile phones, such as mobile marketing. 
The aging population has enough knowledge of mobile phone applications for different purposes, such as mobile banking and mobile payment. Thus, this knowledge enables them to make an informed judgment on the use of mobile marketing technology. Hence, the attitude appears significant in influencing their intention to adopt such technology. These findings emphasize the necessity of acquiring some knowledge based on technology innovation to induce a favorable attitude toward the intention to adopt innovative technology, as depicted by Zulqarnain et al. (2020). Asserts that “knowledge and skills are expected to affect their attitude towards technology adoption, either positively or negatively” (Zulqarnain et al,2020. p, 93). 
Therefore, the first step to increasing the aging population's attitude toward the adoption of this online business is to increase knowledge based on mobile marketing to improve their understanding and skills and create positive attitudes toward mobile marketing adoption. Thus, the null hypothesis that the attitude had no significant influence on the aging population's intention to adopt mobile marketing technology was rejected, and the alternative hypothesis was accepted. 

The study findings were consistent with prior studies that found a significant influence on attitudes toward behavioral intention to adopt technology. Zin et al, (2023); Rakbumrung & Sang-on (2022); Yang et al, (2022); Ayoub, (2023) vowed that attitude be an indispensable predictive factor for the aging population to adopt mobile phone applications since the demand for products and services through mobile phones is still in a growth phase and thus improving customer's attitude toward mobile communication channel is extremely important 
However, this is contrary to other studies by George et al (2022) and Lopez & Bonilla (2017), who vowed that the effect of attitude was not directly associated with the intention to use the technology and, thus, should be eventually removed from the TAM model.
5.5 The Mediating Role of Attitude on Perceived Usefulness (PU) and Perceived Ease of Use (PEOU) on Intention to Adopt Mobile Marketing TC "5.5 The Mediating Role of Attitude on Perceived Usefulness (PU) and Perceived Ease of Use (PEOU) on Intention to Adopt Mobile Marketing" \f C \l "1" 
The results showed a mediation effect of attitude on PU. This implied that PU is the intrinsic factor influencing the aging population's attitude, which subsequently drives their behavior intention toward technology. PU does not influence the intention to adopt technology directly, as assumed by Davis et al. (1989), but rather through the presence of attitude mediation. This infers that if the aging population has a positive attitude toward the intention to adopt mobile marketing technology, they would perceive mobile marketing as beneficial and useful to enable their shopping effectively.
This result is consistent with that of Riantinia et al, (2021), as the attitude of digital marketing for smart city applications has proven to influence perceived usefulness, which leads to inducing the behavioral intention to use such technology. This could be attributed to the nature of the products involved in the mobile channel and the nature of the customers.   
Pipitwanichakarn and Wongtada (2021) indicated that at the initial stage, mobile commerce depends less on PU to influence consumers’ intention to adopt. Since this study measured the PU influence on the aging population’s intention to adopt mobile marketing technology, the innovation that emerged recently and perceived a plausible strange, the Pipitwanichakarn and Wongtada (2021) findings hold true. The results also are consistent with the findings of Gbongli et al, (2019) on Mobile Money adoption in Togo, Lopez, and Bonilla (2017) in online shopping, and Kim and Lee (2014) in the adoption of technology in Korea confirmed that PU had indirectly a great impact on user desired emotional attitude toward the intention to adopt the technology.

However, the results were contrary to other studies, which found an insignificant mediation effect of attitude on PU. Ajibade (2018) explained that in the workplace, the system could be adopted due to the perceived relative advantage irrespective of the attitudinal influence on its use. However, the discrepancies in the results might be the technology context. In the organization setting, the technology is valued for its usefulness to work better to enable the attainment of specified tasks. While on an individual level, the attitude depends on the perception of usefulness and ease of use to adopt technology. 
Attitude also significantly mediated the PEOU's intention to adopt mobile marketing technology. This means that if mobile marketing technology is perceived as easy to use by the aging population, it is more likely to create a positive attitude toward the intention to adopt such technology. The result is parallel with Davis et al. 's (1989) assumption that PEOU will influence behavior intention through the mediation effect of attitude toward technology adoption. 
The study results are also steady with Kumar et al. (2020), Haq and Ghouri (2018), and Verma et al. (2017), who found the mediating influence of attitude toward behavioral intention to adopt the technology. Thus, emphasis on the improvement of the positive attitude in the consumers’ mindset could be attributed to making the mobile application simple. 
The study results contend with prior studies by Chauhan (2015) and Tobbin (2014), who said that the mediating effect of attitude might not have an impact on a person’s intention toward technology through perceived ease of use. As the Hayes process macro reveals the partial mediation on the relationship between perceived ease of use and intention to adopt mobile marketing technology, this appears contrary to that of Gbongli et al, (2019), that PEOU does not impact intention to adopt the technology directly unless mediated by attitude, PEOU has the strong effect on determining the attitude toward mobile phone applications. and declared full mediation role of attitude.

However, Lopez and Bonilla, (2017) found the literature concerned with the mediation effect of attitude has been a point for incongruities among researchers. This might be caused by the methodologies used, which could influence the result that leads to inconsistencies
The domain of research, mobile-based AES, is a new technology that is largely adopted and deserves investigation for future mobile market strategies.  This study
contributes to a more thorough understanding of the determinants of mobile-based AES by emphasizing the dimensions of PU, PEOU, SI, and attitude.  Farmer’s usage of mobile-based AES is highly influenced by aspects of PU, PEOU, and SI. Mobile-based AES developers and programmers should improve the current user interface and content to increase PU. They may follow a regionalist approach to enrich the content based on region-specific requirements.
5.6 Influence of Technology Anxiety on Intention to Adopt Mobile Marketing TC "5.6 Influence of Technology Anxiety on Intention to Adopt Mobile Marketing" \f C \l "1" 
Technology anxiety was found to have a significant positive influence on the aging population's intention to adopt mobile marketing technology. This signified that because the sample of this study was a retired population but mostly still employed on a contract basis and others were investors themselves (46%), they had an opportunity to use mobile phone technology to support their work.  It was common for the innovation to cause personal anxiety and sometimes face rejection, as shown in other studies by Saprikis and Avlogiaris, (2021) mobile purchase on youth; Deng et al, (2014) Mobile Health Service for Aging; Gunasinghe & Nanayakara (2021) in Virtual Learning Environment for youth and young adult. 
In mobile marketing, anxiety has not been an obstacle for the aging population since they were more conversant and trusted with mobile phone products/ services such as mobile payment, which, by the time of this study, was widely used in Tanzania. This is evidenced by Kombe et al. (2020). Mobile phone transactions have progressively gained pace over recent years and were the most used method of payment after cash in Tanzania. Though people had anxiety about mobile phone products, there was an increase in the adoption of mobile phone products/services like mobile payment (Kombe et al,2020; Mbamba & Uligeta, 2017). A report by Finscope (July 2023) showed that 72 percent of the adult population used mobile money because of their experience and trust in mobile services. 
Even the aging population got nervous about the use of mobile marketing technology due to the experience and trust still existing in using mobile phone products and services. They found mobile marketing technology to be compatible with the mobile lifestyle, thus increasing the intention to adopt this innovation. The aging population perceived mobile marketing as easy to use because they expected to get support from fellows and children to help them always so that to overcome the difficulty of using mobile marketing technology. Hence, the anxiety did not affect their intention to adopt since, in any case, they would have been educated and prepared to use mobile marketing. Thus, the alternative hypothesis that technology anxiety had a positive and significant influence on the aging population's intention to adopt mobile marketing technology was accepted, and the null hypothesis was rejected. 

This result was consistent with previous studies such as Adikoeswanto et al. (2022) and Kimiloglu et al. (2017), who asserted that sometimes anxiety did not cause a negative influence that affected the intention to use the technology. So, even with the existence of anxiety, people were ready to adopt such technology. However, other studies declared that technology anxiety in the aging population tends to be negatively influenced by mobile technology adoption, thus diminishing the intention to adopt mobile technology. 
In the study of Xiuting and Liu (2014) in China, Meng et al (2020) found that the aging population with high technology anxiety might value mobile technology as unimportant. Therefore, they tend to rely on emotional bonds and genuine care from a mobile technology service provider of its novelty. Thus, anxiety might not have affected their intention to adopt. However, Hoque and Sorwar (2017) in Bangladesh revealed the aging population's anxiety about mobile technology adoption is caused by the digital divide, limited technical skills, and traditional culture, thus causing a negative effect on their intention to adopt new technology.
5.7 Revised Model TC "5.7 Revised Model" \f C \l "1" 
Based on the study outcome, figure 5.1 below presents a revised research framework. It differs from the initial framework since factors such as Perceived usefulness were found to have insignificant effect on the dependent variable of intention to aging population to adopt mobile marketing. thus there is no line from PU to intention. The analysis showed that PEOU, Technology Anxiety (TA), and attitude (ATT) have significant effects on the aging population's intention to adopt mobile marketing technology. Thus, presented with a thick line to show the direct effect of the dependent variable, the aging population's intention to adopt mobile marketing. The analysis also showed the significant indirect effect of the PU and PEOU to the Attitude factor thus depicted with a dotted line in the model. PEOU has two lines showing the direct effect on the aging population's intention to adopt mobile marketing (AMM) and the indirect effect on ATT. As depicted in the revised model in Figure 5.1 below. 
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SUMMARY, CONCLUSION AND RECOMMENDATIONS TC "SUMMARY, CONCLUSION AND RECOMMENDATIONS" \f C \l "1" 
6.1 Introduction TC "6.1 Introduction" \f C \l "1" 
The purpose of the study was to assess factors affecting the intention to adopt mobile marketing technology in the aging population in Zanzibar. The study was conducted in three regions: South, North A, and Urban West region. The primary data was collected from the aging population aged 60 years and above, which also uses mobile phone technology. The study focused on the aging population because they lagged in influencing intention to adopt mobile marketing technology despite being mobile savvy.
Chapter One mainly discussed the problem statement and mentioned the general and specific objectives of the study by describing how the aging population intended to adopt mobile marketing globally and comparing it with the Tanzania environment, including the relevance of the study. Chapter Two explained the empirical, theoretical review, and critical discussion based on the prior research findings. The gaps were established by reviewing the intention to adopt mobile marketing and other mobile technology applications' best practices globally and in Tanzania.          In addition, the chapter explained the theories and concepts related to the study; the Technology Acceptance Model (TAM) was the guiding theory, and the Social Cognitive Theory was the supporting theory. Chapter Three narrated the methodology used in accordance with the studied objectives. Chapter four presented the results of the study and depicted the statistical analysis of the findings by presenting the results of the model. Chapter Five highlighted in detail the statistical results obtained in the previous chapter by comparing them with the findings of past studies of the same subject in the theoretical and empirical ground.
The current chapter presents an overall summary of the study results. It will, therefore, conclude the extended theory's theoretical contribution and provide recommendations related to the study findings. This chapter will also discuss limitations and recommend future studies on the intention to adopt mobile marketing technology solely for the aging population in Tanzania and in the global context.

6.2 Summary of the Study Findings TC "6.2 Summary of the Study Findings" \f C \l "1" 
The main objective of the study was to assess factors affecting the intention to adopt mobile marketing technology in the aging population in Zanzibar. The study extended the validated TAM framework to include technology anxiety from Social Cognitive Theory and used it as a guiding model. The obtained results provided an optimistic view of the adoption of mobile marketing among the aging population. The majority of respondents (157), 41%, had used mobile phones for more than four years, and (106) 28% of respondents used mobile phones within one to four years. Thus, a total of 263(69%) had more experience in using mobile phones. Therefore, more than half of the respondents were more experienced in using mobile phones. This showed a promising future for the adoption of mobile marketing technology among the aging population. However, to attain this situation, it is essential to know what influences the aging population's intention to adopt mobile marketing technology, which was the heart of this study. The unexpected results were that the aging population did not place much importance directly on the Perceived Usefulness of mobile marketing but rather indirectly mediated through attitude. This construct adds to the variations in the influence of TAM direct effect variables on behavioral intention for the aging population that many prior studies have depicted. This evidenced that the importance of variables depends on the respondents’ context. 
The first objective investigated the influence of perceived usefulness on the intention to adopt mobile marketing technology among the aging population in Zanzibar. The study aimed to understand the perception of usefulness in relation to the intention of adopting mobile marketing technology and if this perception assisted them in improving their intention to adopt such technology in their marketing activities. Since it was believed that perceived usefulness is an indispensable construct of the TAM model, the researcher aimed to assess the validity of its influence on mobile marketing in Tanzania to the segment of the aging population. In addition to understanding if this construct would have a better effect on the aging population segment, it can be considered that if the aging population perceived the mobile marketing technology as useful, the business would expand the coverage to this niche, increasing the growth of the business and country economic growth. 
The second objective investigated the influence of perceived ease of use on the intention to adopt mobile marketing technology among the aging population in Zanzibar.  This was also the most influential variable, thus implying that the aging population is more concerned with the complexity of technology in the emergence of new innovations. The use of mobile marketing technology should be simple and less complex so that learners should not exert much effort to learn the new technology compared to other technologies used for marketing activities. When the aging population feels the use of mobile marketing technology is easy and does not need much effort to learn and use, it would increase the intention to adopt and increase mobile marketing business. This is also a TAM model construct; the study tested the hypothesis of how it can influence the aging population's intention to adopt mobile marketing technology in Zanzibar.
The third objective investigated the influence of technology anxiety on the intention to adopt mobile marketing technology among the aging population in Zanzibar. Mobile marketing technology evolved to be a vital channel for marketing activities, which involved web browsing, SMS marketing, mobile advertisement, affiliated marketing, and multimedia message service.  
The Anxiety variable was found to be an obstacle to the adoption of some technologies in many studies, such as wearable technology (Tsai et al. 2020) and assistive technology (Shin et al. 2023). However, it was scarcely studied on the aging population's intention to adopt technology such as mobile marketing in Tanzania. Thus, it was paramount for this study to investigate the influence of technology anxiety on the aging population's intention to adopt mobile marketing technology in Zanzibar. The study findings showed that technology anxiety also has the strongest effect among the tested variables in the model. Thus, the aging population's intention to adopt mobile marketing was highly motivated by technology anxiety. The anxiety was not an obstacle for them; it forced them to learn more about how mobile marketing technology could be used to achieve the desired outcome since they were more conversant with other mobile phone products/services like mobile banking, mobile payment, and mobile communication networking such as zoom meeting. 
Therefore, even in a state of nervousness, their intention to adopt is not reduced; however, it is increased because of the familiarity with similar technologies existing, such as mobile payment and mobile banking, even though there are certain risks associated with their application. Thus, anxiety does not hinder their intention; however, they are eager to understand the important issues associated with mobile marketing technology, such as safety precautions, rights, and responsibility in relation to mobile marketing practices.
The last objective assessed the role of attitude in mediating the influence of PU and PEOU on the intention to adopt mobile marketing technology among the aging population in Zanzibar. The researcher needed to get an insight into the attitude-mediated perception of usefulness and perceived ease of use on intention to adopt mobile marketing technology. Due to the believed notion that attitude mediates the perception of usefulness and perceived ease of use in the TAM model, hence the researcher aimed to assess the validity of the notion of the aging population's intention to adopt mobile marketing in Zanzibar. 
However, the effect of attitude in the TAM model appeared to be partially mediated by the relationship of both perceived usefulness and perceived ease of use on intention to adopt mobile marketing. The results are consistent with Davis's (1989) notion in the development of TAM theory, as attitude plays a vital role in influencing technology adoption on an individual basis. 
Thus, mobile service providers should focus on creating a positive attitude toward using mobile marketing technology as ultimately would enhance the usefulness of this innovative technology. The compatibility of mobile marketing to daily life, access to goods and services through mobile phones at their convenience would improve attitudes toward this innovation and raise the perception of usefulness 
6.3 Theoretical Implication TC "6.3 Theoretical Implication" \f C \l "1" 
In theoretical contributions, the current study has filled the gap shown by Abdallah, (2019) and Almogren & Aljammaz (2022) who studied the technology adoption to university students in Saudi Arabia using integrated Social Cognitive Theory and Technology Acceptance Model, and suggested that future studies might be extended to ensure and validate the findings to other categories of respondents and towards other nations.  In addition, Chille et al. (2021), who studied the adoption of mobile marketing in the telecommunication industry of Tanzania using the TAM model, suggested that future studies should test the TAM constructs of Attitude (AT) and Behavioral intention (BI) in identifying the factors influencing consumer adoption of mobile marketing in Tanzania.
Therefore, this study has used the previous TAM theoretical model, which had been used in those studies: perceived usefulness (PU), Perceived Ease of Use (PEAU), Anxiety (ANX), attitude (AT), and Behavioral intention (BI). Hence, it validated and tested these constructs in the aging population in Zanzibar by identifying the factors affecting the intention of the aging population to adopt mobile marketing technology. Therefore, the results can be used by other researchers in developing countries, especially in the aging population segment.
With the assistance of supporting theory, Social Cognitive Theory. The study tested the new variable of technology anxiety (ANX). In respect of the importance of technology anxiety in the theoretical framework specifically when assessed to an aging population, the study has identified the scarcity of studies taking into account the effect of technology anxiety on consumer adoption of mobile marketing in Zanzibar. Though the aging population was marginally included in those studies, the fact that anxiety is a major characteristic of the aging population in technology adoption (DiGiacomo et al, 2019; Tsai et al, 2020).  Since researchers Zhou et al, (2017) suggested that the theoretical contribution should provide scientific and practical utility, the extension of the variable of Technology anxiety (ANX) will improve the existing literature and add to the scientific knowledge related to technology adoption in developing countries.
This study's conceptual framework proposed, along with its hypotheses, could assist in providing at least realistic results for the non-experienced user of the technology innovated. Originally TAM theory (Davis, 1989) was intended for the experienced users of technology and therefore focused on measuring perceptions toward actual usage of the technology. In other situations the technology might be initially introduced, therefore the assumption of experience with technology might not be met. The application of the TAM model will not provide realistic results in such a situation. Thus, the modified TAM model from the current study could provide a roadmap for other researchers in studying the adoption of new technology or to the sample with no or little experience with a particular technology.  

Theoretically, also the study adds to the extension of the conceptual model. The adopted TAM model extended with the proposed technology anxiety for the first time in mobile marketing technology, specifically to the aging population. Previously, consumer studies have regarded technology anxiety as an obstacle variable to understanding current behaviors (Gunasinghe & Nanayakkara, 2021; Sahin & Sahin, 2022; Kummer et al, 2017). The introduced model showed the relevance of the extended variable to the behavioral intention toward the adoption of technology. While the original assumption of Perceived Usefulness to Behavioral Intention was found to disperse from the theorized assumption of Davis et al. (1989), instead, unexpectedly, Perceived ease of use was found to affect directly and indirectly BI through Attitude differently from the original assumption (Davis et al., 1989). Hence, the external validity of the Technology Acceptance Model should be studied again in the mobile marketing environment, taking the aging population segment into account. Thus, this study presents to the academic community a thorough approach to mobile marketing via the suggested model. 

Further, a contribution to the academic literature was made by providing an overview of the Tanzanian aging population’s perception of mobile marketing. The findings of the insignificant influence of the PU construct on behavioral intention directly provided evidence that the proposed model suits the data entirely. Thus, this study serves as a foundation by providing an understanding to other researchers on an investigation of the same scientific field or intends to refine this model and findings with other variables and further examine the topic. For instance, confirming significant or non-significant effects of the variables in this proposed model to other social and cultural contexts, or with additional variables, would ultimately provide a more holistic approach to mobile marketing technology. 
Furthermore, although consumers’ intentions based on the TAM model had been much explored, the results were limited to Zanzibar compared to studies in developed countries. Hence, an important implication is that technology anxiety becomes a significant predictor of users’ intention rather than TAM variables in mobile marketing. This implies that the importance of the constructs to influence the intention to adopt is primarily affected by the country’s context. 
Lastly, the study synthesizes the Technology Acceptance Model with other adoption theories in order to increase the explanatory efficiency of TAM theory, as previously suggested by Mehra et al. (2020) and Chille et al. (2021). Thus, the current study synthesized TAM with Social Cognitive theory to get full insight into the factors affecting the aging population's intention to adopt mobile marketing technology in Zanzibar.  The integrated theory model increased the explanatory efficiency by improving the identification of factors affecting the aging population's intention to adopt mobile marketing in Zanzibar.

6.4 Fulfillment of the Contextual Gap TC "6.4 Fulfillment of the Contextual Gap" \f C \l "1" 
From the literature review, the researcher found no study in Zanzibar Isles, as well as in Tanzania as a whole, that has determined the intention to adopt mobile marketing on the aging population alone. These studies conducted in Tanzania focused on the general population; hence, a number of aging populations were included (Chille et al, 2021; Mapunda, 2021; Msonge, 2017; Abraham, 2018). The situation has led to the lack of reference to guide the integration and promotion of mobile marketing to the aging population. 
Therefore, this study has helped in bridging the gap by identifying the determinants influencing the aging population's intention to adopt mobile marketing in Tanzania. These were perceived ease of use and technology anxiety, while perceived usefulness, mediated by attitude, influenced the aging population's intention. 
6.5 Practical Implication TC "6.5 Practical Implication" \f C \l "1" 
The proven advantage of using mobile marketing in informing customers about the brands and products in other ways facilitates consumers to purchase through mobile phones (Unver, 2023; Riantinia et al, 2021; Alzubi et al, 2018). Thus, business practitioners are concerned about capitalizing on mobile marketing platforms such as KIKUU, SL Shop, Zudua, Jiji Tanzania, Impala, Bei Chee, Sokoni, Ubuy, Dar Shopping Online, and NidaDanish. However, for these firms to work as they are intended, they need to know the needs of consumers of all ages, their perceptions, and what influences their intention to adopt mobile marketing. 
This study identified perceived ease of use and technology anxiety as the most important variables that business practitioners should focus on to influence the aging population, who are among the mobile marketing potential consumers, to adopt mobile marketing technology as their marketing channel.
Since perceived ease of use is the variable with a substantial influence on the intention to adopt mobile marketing, mobile companies should put much effort into developing users’ friendly interfaces with a clear view of products and services, too fast in downloading the photographs, and readable by the aging population. The designers and developers should also provide a visual tutorial through mobile phones and other means, such as television, to help customers, such as the aging population, learn how to utilize when they intend to adopt mobile marketing technology for the first time. This would facilitate the aging population to perceive the ease of use of mobile marketing technology.
Mobile marketing vendors should engage more directly with anxiety-driven perceptions such as online hackers and system interruptions. Through the maintenance of trustworthy mobile marketing sites, safety payment, and continuous information on the safety measures in dealing with mobile marketing. This will maintain a pleasing and motivating sensation during the early stages of mobile marketing technology introduction and increase the intention to adopt even in the existence of anxiety about such innovation. Timely information related to the mobile service will help to increase intention to adopt mobile service despite the existence of anxiety about the use of mobile technology. 

 On customer safety on mobile marketing issues, TCRA conveyed a communication message concerning the ethical and related challenges of mobile-related business applications. The assurance of safety assists in increasing user intention to adopt mobile service despite the anxiety that there is a possibility of dealing with untrusted vendors and hawkers. The message conveyed emphasizes that customers to be aware of the hawkers. TCRA directs the consumers to report on the specific number provided in case they face any problem in dealing with mobile marketing vendors that are not trustworthy. 
Frequent notifications like this would increase customers' loyalty and trust in mobile marketing technology. Thus, it would help increase consumers' intention to adopt mobile marketing and frequent mobile marketing sites in the future. 

6.6 Policy Implication TC "6.6 Policy Implication" \f C \l "1" 
The Tanzania government, through its vision of 2050, has established various policies and acts aimed at facilitating the creation of a digital economy to improve the quality of life of Tanzanian citizens, hence reducing the technology gap (digital divide) within the country as the main agenda in the national policy of 2050. 

Several initiatives were implemented to achieve the digital economy in the country, these include introducing an ICT policy in 2013 aimed at providing ICT access to urban and rural communities (RGoZ ICT Policy 2013). Establishment of National Fiber Backbone and Data Centre and Zanzibar ICT Infrastructure Agency in 2018. Enactment of the National Electronic Transaction Act No. 13 of 2015 and launch of the Electronic Money Regulation in 2015 to protect the agents, operators, and consumers on electronic transactions (BOT, 2016). All these government initiatives were conducted to enable the significant adoption of mobile marketing technology in a convenient manner and enjoyable all over the country.
However, the adoption of mobile marketing technology is still low (Haji et al, 2024; Hawa et al, 2022; Chille et al, 2021) while there is a surge increase in a number of mobile phone subscriptions to 73.4 million to March 2024 (TCRA, 2024). 
The respective business vendors should enhance marketing advertisements through effective integrated marketing communication on the compatibility of mobile marketing on the aging population's health and wealth. This in turn will increase the aging population's perception of usefulness, the perception of how easily they can learn and use to search, select, and buy products and services as they use mobile phones for banking and communication purposes. Thus, this would further enhance much adoption of mobile marketing technology to the aging population in Zanzibar.
6.7 Recommendations TC "6.7 Recommendations" \f C \l "1"  

The following are the recommended solutions to improve the aging population's intention to adopt mobile marketing technology in Zanzibar.
The government bodies responsible for formulating policies should pay attention to strategies aiming at promoting the intention to adopt mobile marketing to the aging population. The strategies to focus on technology anxiety-driven messages and perceived ease of use have been found to affect much of the aging population's intention to adopt mobile marketing technology. Introduce the law safeguarding the rights of vendors and customers in mobile marketing practice. This will enable the customer to reject/change the unsatisfied product in terms of quality or did not meet the customer’s expectations once upon the delivery of the product from the seller. This will give customers confidence even in the sense of anxiety and increase the intention to adopt mobile marketing technology in the country. 
Other stakeholders who enter into mobile marketing practices in any business, need to exert a great implementation of these policies and strategies set by the Government and agree upon the appropriate measures to safeguard the consumers’ security against misconduct of the mobile marketing vendors. Also, they have to put much consideration into creating the perception of ease of use on website visualization, which is a user-friendly interface, presenting an intuitive design with big font and clear icons to be easy for the aging population to navigate simply. Mobile marketing sites should provide interaction between sellers and customers. This will basically promote the intention to adopt mobile marketing to the aging population as well, hence fostering a better quality of life and economic growth in the country. 

Likewise, public awareness campaigns have a great role in educating the aging population about mobile marketing, explaining the benefits of mobile marketing to meet their daily needs and the functionalities of mobile marketing technology.  Policymakers should plan outreach programs to raise awareness about innovative mobile marketing in business activities. Training programs for the business vendors are also recommended to provide skills and knowledge in such a way that interaction and personalization are maximized when engaging business in a mobile marketing technology.   

In addition, mobile vendors should make sure that the aging population can find the information obtained from websites and that push and pull messages sent to mobile phones are trustworthy and consistent to create a favorable attitude. This appears to mediate the perceived usefulness and perceived ease of use, which ultimately affect the intention to adopt mobile marketing technology. 
Attitude also is an important aspect to the customers to induce their intention to adopt more mobile marketing technology through their mobile phones. There is a need for a thorough understanding of aging populations’ needs through proper segmentation, targeting, and positioning of the market to deliver the products and services of their preference. With proper targeting and positioning to the aging population segment, their needs and wants will be identified through previous purchases; thus, the aging population will have a positive attitude toward mobile marketing technology, thus influencing the perception of the usefulness of the media to fulfill their needs.  Therefore the aging population's intention to adopt mobile marketing will be improved.  

6.8 Limitations of the Study and Areas for Further Studies TC "6.8 Limitations of the Study and Areas for Further Studies" \f C \l "1" 
Although extensive work has been done to examine mobile marketing technology adoption, the current study focused solely on addressing the factors affecting the intention of the aging population to adopt mobile marketing specifically in Zanzibar. This limits the generalization of the study findings to other areas. Therefore, further studies could be done in other districts in Zanzibar as well as in Pemba to increase the demographic representation of the population.

Secondly, the study collected the data using a cross-sectional and quantitative approach. Thus, the study results were established through inferential analysis and implicit proof. Further studies are recommended to be conducted using a longitudinal research design to provide more explicit proof of factors affecting the aging population's intention to adopt mobile marketing technology in Zanzibar. The longitudinal research is recommended since the diffusion of innovation occurs over time.
Thirdly, this study sample was more biased toward the aging population of urban, south, and north A  in Zanzibar only since respondents had diversity in demographic traits that could affect the validity of the sample taken. Therefore, the study recommends further studies to be conducted to test the conceptual model in other groups of the aging population so as to identify factors affecting the intention to adopt mobile marketing technology to the aging population of other places in Zanzibar as well as in other countries. 
Finally, this study model did not test Actual Usage (AU) as originally assumed in the TAM model. Future research may assess the actual usage as stipulated in the model to identify the factors affecting aging populations’ intention to adopt mobile marketing technology in Zanzibar since the medium might already be known to the public and the aging population in particular. 
This study extended the TAM model with social cognitive theory because of the nature of the sample. Future studies may extend with DOI construct instead of referring to the terms of innovation from it. The compatibility, trialability, and observability could be investigated since customers’ decisions as individuals may require an understanding of product knowledge during the adoption process.
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APPENDICES TC "APPENDICES" \f C \l "1" 
Appendix 1: Questionnaire

My name is Nuru Haji, a PhD candidate from The Open University of Tanzania. I am conducting research on the “Factors influencing the intentions to adopt mobile marketing technology among the aging population in Tanzania.” I am kindly asking you to spare some minutes and fill this survey. Participation is voluntary, and rest assured that all the information provided will be treated as confidential and will be used for this study only. Thank you for agreeing to take part in this study.

SECTION A: DEMOGRAPHIC INFORMATION

Personal details

1. Age  

	Between 60 and 70
	Between 71 and 81
	Between 82 and 92
	93+

	
	
	
	


2. Gender

	Female   
	Male

	
	


3. Occupation

	Investor
	Employed on contract
	Retired

	
	
	


4. Select the district you live in.

	Urban - Zanzibar
	South- Zanzibar
	North A- Zanzibar                                                  

	
	
	


5. How long have you been using mobile phone?     

	Less than one year 
	Within one to four years
	More than four years                                  

	
	
	


SECTION B:
INTENTION TO ADOPT MOBILE MARKETING TECHNOLOGY

Kindly tick (√) in the appropriate box on the statement along, as your response regarding your intention to adopt mobile marketing. The ratings are on the following scale, 1=Strongly disagree, 2= Disagree,3= Neither agree nor disagree 4= Agree; 5 =Strongly agree.

	S/N
	STATEMENT  
	1
	2
	3
	4
	5

	6
	Given the chance I intend to use mobile marketing
	
	
	
	
	

	7
	I intend to buy products and services via my mobile phone 
	
	
	
	
	

	8
	I expect to continue with mobile marketing in the future
	
	
	
	
	

	9
	I would respond to a coupon offer for a product or service on my mobile phone.
	
	
	
	
	


Note; 1(Strongly disagree), 2 = (Disagree), 3= (Neither agree nor disagree), 4= (Agree), 5 = (Strongly agree).

SECTION C: PERCEIVED USEFULNESS 

Kindly tick (√) in the appropriate box on the statement along with your response regarding perceived usefulness. The ratings are on the following scale: 1 Strong disagree; 2= Disagree; 3= Neither agree nor disagree 4= Agree; 5 =Strongly agree.

	s/n 
	STATEMENT 
	1
	2
	3
	4
	5

	10
	Marketing messages received on my mobile phone help me make better shopping decisions.
	
	
	
	
	

	11
	Marketing messages received on my mobile phone help to reduce the time it takes me to search for products and services
	
	
	
	
	

	12
	Marketing messages received on my mobile phone help to improve my shopping efficiency, especially when I am in a hurry or in a new city
	
	
	
	
	

	13
	Marketing messages received on my mobile phone save me money.
	
	
	
	
	

	14
	Shopping through mobile marketing contributes to a betterment of life
	
	
	
	
	

	15
	I would use mobile shopping more often if the service will be widely used by people in my community
	
	
	
	
	


Note; 1(Strongly disagree), 2 = (Disagree), 3= (Neither agree nor disagree), 4= (Agree), 5 = (Strongly agree).

SECTION D: PERCEIVED EASE OF USE

Kindly tick (√) in the appropriate box on the statement along, as your response regarding Perceived Ease of Use.  The ratings are on the following scale, 1=Strongly disagree, 2= Disagree,3= Neither agree nor disagree 4= Agree; 5 =Strongly agree.

	S/N
	STATEMENT 
	1
	2
	3
	4
	5

	16
	With regard to easiness, I believe purchasing via mobile phone is very easy
	
	
	
	
	

	17
	With regard to mental effort, I believe receiving marketing ads through mobile phone is very effortless. 
	
	
	
	
	

	18
	The task of searching marketing messages via mobile phone is very simple
	
	
	
	
	

	19
	The task of interacting with marketing messages via mobile phone is very simple 
	
	
	
	
	

	20
	It would be easy for me to become skillful in using mobile marketing
	
	
	
	
	

	21
	I hope mobile marketing will be flexible to interact with
	
	
	
	
	


 Note; 1(Strongly disagree), 2 = (Disagree), 3= (Neither agree nor disagree), 4= (Agree), 5 = (Strongly agree).
SECTION E: TECHNOLOGY ANXIETY 

Kindly tick (√) in the appropriate box on the statement along, as your response regarding technology anxiety. The ratings are on the following scale, 1=Strongly disagree, 2= Disagree,3= Neither agree nor disagree 4= Agree; 5 =Strongly agree.

	S/N
	STATEMENT 
	1
	2
	3
	4
	5

	22
	I feel nervous about using mobile marketing
	
	
	
	
	

	23
	I hesitate to use technology for fear of making mistakes I cannot correct
	
	
	
	
	

	24
	 I am worried about the rapid advances in information technology
	
	
	
	
	

	25
	I avoid to use mobile marketing because it is unfamiliar to me 
	
	
	
	
	

	26
	I am afraid that the mobile marketing provider might be hacked.
	
	
	
	
	


Note; 1(Strongly disagree), 2 = (Disagree), 3= (Neither agree nor disagree), 4= (Agree), 5 = (Strongly agree).

SECTION F: ATTITUDE

Kindly tick (√) in the appropriate box on the statement along, as your response regarding attitude. The ratings are on the following scale, 1=Strongly disagree, 2= Disagree,3= Neither agree nor disagree 4= Agree; 5 =Strongly agree.

	S/N 
	STATEMENT
	1
	2
	3
	4
	5

	27
	It just makes sense to use mobile marketing to the familiarity of the mobile technology now days
	
	
	
	
	

	28
	Mobile marketing is so interesting, that you just want to learn more about it
	
	
	
	
	

	29
	If someone taught me how to use mobile marketing, I would continue to use it
	
	
	
	
	

	30
	I am looking forward to using mobile marketing more often
	
	
	
	
	

	31
	Other people should use mobile marketing  
	
	
	
	
	


Note; 1(Strongly disagree), 2 = (Disagree), 3= (Neither agree nor disagree), 4= (Agree), 5 = (Strongly agree).

THANK YOU FOR YOUR COOPERATION.
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SEHEMU A: TAARIFA BINAFSI

Maelezo binafsi

1. Umri

	Baina ya miaka 60 na 70
	Baina ya miaka 71 na 81
	Baina ya miaka 82 na 92
	Miaka 93 na zaidi

	
	
	
	


2. Jinsi

	Mwanamke
	Mwanamme
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4. Chagua wilaya unayoishi

	Mjini - Zanzibar
	Kusini - Zanzibar
	Kaskazini A - Zanzibar

	
	
	


4. Kwanıudaganiunatumiasimuyamkononi?

	Chiniyamwakaımmoja
	Ndaniyamiakamiwilihadiminne
	Zaidi yamiakaminne

	
	
	


SEHEMU B:
NIA YA KUTUMIA TEKNOLOJIA YA BIASHARA KWA SIMU ZA MKONONI

A Weka alama ya (√) katika kisanduku kinachofaa katika maclezo kulingana na jibu lako linalohusiana na Nia ya Kutumia Teknolojia ya Biashara kwa simu za mkononi. Ukadiriaji upo katika kiwango kifuatacho, 1= Sikubaliani kabisa, 2= Sikubali, 3= Sikubaliani wala kukubaliana,   4= Ninakubali, 5 = Ninakubali kabisa.

	No.
	MAELEZO
	ı
	2
	3
	4
	5

	6
	Nikipewa nafasi ninakusudia kutumia ya simu ya mkononi kufanya biashara.
	
	
	
	
	

	7
	Ninakusudia kununua bidhaa na kupata huduma kupitia simu yangu ya mkononi.
	
	
	
	
	

	8
	Ninatarajia kuendelea kufanya biashara kwa simu ya mkononi katika siku zijazo.
	
	
	
	
	

	9
	Ningejibu ofa ya kuponi kwa bidhaa au huduma kwenye simu yangu ya mkononi.
	
	
	
	
	


Zingatia: 1 (Sikubaliani kabisa), 2 (Sikubali), 3 (Sikubaliani wala kukubaliana), 4 (Ninakubali), 5 (Ninakubali kabisa)

SEHEMU C:
MANUFAA YANAYOTAMBI LIWA

Weka alama ya (√) katika kisanduku kinachofaa katika maclczo kulingana na .jibu lako linalohusiana na manufaa yayotambuliwa. Ukadiriaji upo katika kiwango kifuatacho, l = Sikubaliani kabisa, 2= Sikubali, 3= Sikubaliani wala kukubaliana, 4= Ninakubali, 5= Ninakubali kabisa.
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SEHEMU D: URAHISI WA MATUMIZI UNAOTAMBULIWA
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eka alama ya (√) katika kisanduku kinachofaa katika maelezo, kulingana na jibu lako kuhusu Urahisi wa Matumizi Unaotambuliwa. Ukadiriaji upo katika kiwango kifuatacho, 1= Sikubaliani kabisa, 2= Sikubali, 3= sikubaliani wala kukubaliana, 4= Ninakubali, 5 = Ninakubali kabisa.
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SEHEMU E:
WOGA WA TEKNOLOJIA

Weka alama ya (√) katika kisanduku kinachofaa katika maelezo, kulingana na jibu lako kuhusu Woga wa Teknolojia. Ukadiriaji upo katika kiwango kifuatacho, 1= Sikubaliani kabisa, 2= Sikubali, 3= sikubaliani wala kukubaliana, 4= Ninakubali, 5 = Ninakubali kabisa.
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Zingatia: 1 (Sikubaliani kabisa), 2 (Sikubali), 3 (Sikubaliani wala kukubaliana), 4 (Ninakubali), 5 (Ninakubali kabisa).

SEHEMU F: MTAZAMO

Weka alama ya (√) katika kisanduku kinachofaa katika maelezo, kulingana na jibu lako kuhusu Mtazamo. Ukadiriaji upo katika kiwango kifuatacho, Sikubaliani kabisa, 2= Sikubali, 3= sikubaliani wala kukubaliana, 4= Ninakubali, 5 Ninakubali kabisa.

	
	MAELEZO
	1
	2
	3
	4
	5

	27
	Inaingia akilini kufanya biashara kwa simu.
	
	
	
	
	

	28
	Biashara kwa simu ya mkononi inavutia sana, hivyo, unataka tu kujifunza zaidi kuhusu biashara hiyo.
	
	
	
	
	

	29
	Kama mtu atanifundisha jinsi ya kufanya biashara kwa simu ya mkononi, ningependa kuendelea kuitumia.
	
	
	
	
	

	30
	Ninatarajia kufanya biashara kwa simu ya mkononi mara nyingi zaidi.
	
	
	
	
	

	31
	Watu wengine wanapaswa kufanya biashara kwa simu za mkononi
	
	
	
	
	



ANTE KWA USHIRIKIANO WAKO

Appendix III: Notes For Confirmatory Factor Analysis
MEASUREMENT MODEL RESULTS 

Notes for Model (Default model)

Computation of degrees of freedom (Default model)

	Number of distinct sample moments:
	351

	Number of distinct parameters to be estimated:
	62

	Degrees of freedom (351 - 62):
	289


Result (Default model)

Minimum was achieved

Chi-square = 577.942

Degrees of freedom = 289

Probability level = .000

Estimates (Group number 1 - Default model)

Scalar Estimates (Group number 1 - Default model)

Maximum Likelihood Estimates

Model Fit Summary

CMIN

	Model
	NPAR
	CMIN
	DF
	P
	CMIN/DF

	Default model
	62
	577.942
	289
	.000
	2.000

	Saturated model
	351
	.000
	0
	
	

	Independence model
	26
	7175.453
	325
	.000
	22.078


RMR, GFI

	Model
	RMR
	GFI
	AGFI
	PGFI

	Default model
	.026
	.894
	.871
	.736

	Saturated model
	.000
	1.000
	
	

	Independence model
	.234
	.244
	.184
	.226


Baseline Comparisons

	Model
	NFI
Delta1
	RFI
rho1
	IFI
Delta2
	TLI
rho2
	CFI

	Default model
	.919
	.909
	.958
	.953
	.958

	Saturated model
	1.000
	
	1.000
	
	1.000

	Independence model
	.000
	.000
	.000
	.000
	.000


Parsimony-Adjusted Measures

	Model
	PRATIO
	PNFI
	PCFI

	Default model
	.889
	.818
	.852

	Saturated model
	.000
	.000
	.000

	Independence model
	1.000
	.000
	.000


NCP

	Model
	NCP
	LO 90
	HI 90

	Default model
	288.942
	224.307
	361.357

	Saturated model
	.000
	.000
	.000

	Independence model
	6850.453
	6578.161
	7129.122


FMIN

	Model
	FMIN
	F0
	LO 90
	HI 90

	Default model
	1.517
	.758
	.589
	.948

	Saturated model
	.000
	.000
	.000
	.000

	Independence model
	18.833
	17.980
	17.266
	18.712


RMSEA

	Model
	RMSEA
	LO 90
	HI 90
	PCLOSE

	Default model
	.051
	.045
	.057
	.362

	Independence model
	.235
	.230
	.240
	.000


AIC

	Model
	AIC
	BCC
	BIC
	CAIC

	Default model
	701.942
	711.399
	946.558
	1008.558

	Saturated model
	702.000
	755.542
	2086.843
	2437.843

	Independence model
	7227.453
	7231.419
	7330.034
	7356.034


ECVI

	Model
	ECVI
	LO 90
	HI 90
	MECVI

	Default model
	1.842
	1.673
	2.032
	1.867

	Saturated model
	1.843
	1.843
	1.843
	1.983

	Independence model
	18.970
	18.255
	19.701
	18.980


HOELTER

	Model
	HOELTER
.05
	HOELTER
.01

	Default model
	218
	230

	Independence model
	20
	21


Regression Weights: (Group number 1 - Default model)

	
	
	
	Estimate
	S.E.
	C.R.
	P
	Label

	PERCUSE4
	<---
	PERCUSEF
	1.000
	
	
	
	

	PERCUSEF3
	<---
	PERCUSEF
	1.014
	.032
	31.700
	***
	par_1

	PERCUSEF5
	<---
	PERCUSEF
	.915
	.037
	24.609
	***
	par_2

	PERCUSEF2
	<---
	PERCUSEF
	.974
	.034
	29.012
	***
	par_3

	PERCUSEF1
	<---
	PERCUSEF
	.900
	.039
	23.215
	***
	par_4

	PERCUSEF6
	<---
	PERCUSEF
	.816
	.042
	19.606
	***
	par_5

	EASE6
	<---
	EASEUSE
	1.000
	
	
	
	

	EASE2
	<---
	EASEUSE
	.922
	.043
	21.366
	***
	par_6

	EASE5
	<---
	EASEUSE
	.969
	.046
	21.195
	***
	par_7

	EASE3
	<---
	EASEUSE
	.827
	.046
	18.149
	***
	par_8

	EASE4
	<---
	EASEUSE
	.839
	.047
	17.694
	***
	par_9

	EASE1
	<---
	EASEUSE
	.639
	.047
	13.720
	***
	par_10

	TECHANXY3
	<---
	TECHANXY
	1.000
	
	
	
	

	TECHANXY5
	<---
	TECHANXY
	.990
	.040
	24.502
	***
	par_11

	TECHANXY4
	<---
	TECHANXY
	1.069
	.043
	25.115
	***
	par_12

	TECHANXY2
	<---
	TECHANXY
	1.113
	.047
	23.677
	***
	par_13

	TECHANXY1
	<---
	TECHANXY
	1.016
	.048
	21.372
	***
	par_14

	ATTUDE4
	<---
	ATTITUDE
	1.000
	
	
	
	

	ATTUDE2
	<---
	ATTITUDE
	.959
	.068
	14.139
	***
	par_15

	ATTUDE3
	<---
	ATTITUDE
	.871
	.059
	14.830
	***
	par_16

	ATTUDE1
	<---
	ATTITUDE
	.929
	.064
	14.620
	***
	par_17

	ATTUDE5
	<---
	ATTITUDE
	.871
	.079
	10.988
	***
	par_18

	MOBADOPT3
	<---
	MOBADOPT
	1.000
	
	
	
	

	MOBADOPT2
	<---
	MOBADOPT
	1.034
	.084
	12.356
	***
	par_19

	MOBADOPT1
	<---
	MOBADOPT
	1.015
	.084
	12.121
	***
	par_20

	MOBADOPT4
	<---
	MOBADOPT
	1.063
	.089
	11.991
	***
	par_21


Standardized Regression Weights: (Group number 1 - Default model)

	
	
	
	Estimate

	PERCUSE4
	<---
	PERCUSEF
	.930

	PERCUSEF3
	<---
	PERCUSEF
	.917

	PERCUSEF5
	<---
	PERCUSEF
	.836

	PERCUSEF2
	<---
	PERCUSEF
	.891

	PERCUSEF1
	<---
	PERCUSEF
	.815

	PERCUSEF6
	<---
	PERCUSEF
	.750

	EASE6
	<---
	EASEUSE
	.865

	EASE2
	<---
	EASEUSE
	.850

	EASE5
	<---
	EASEUSE
	.846

	EASE3
	<---
	EASEUSE
	.769

	EASE4
	<---
	EASEUSE
	.757

	EASE1
	<---
	EASEUSE
	.633

	TECHANXY3
	<---
	TECHANXY
	.903

	TECHANXY5
	<---
	TECHANXY
	.864

	TECHANXY4
	<---
	TECHANXY
	.874

	TECHANXY2
	<---
	TECHANXY
	.850

	TECHANXY1
	<---
	TECHANXY
	.808

	ATTUDE4
	<---
	ATTITUDE
	.757

	ATTUDE2
	<---
	ATTITUDE
	.747

	ATTUDE3
	<---
	ATTITUDE
	.783

	ATTUDE1
	<---
	ATTITUDE
	.772

	ATTUDE5
	<---
	ATTITUDE
	.587

	MOBADOPT3
	<---
	MOBADOPT
	.704

	MOBADOPT2
	<---
	MOBADOPT
	.750

	MOBADOPT1
	<---
	MOBADOPT
	.730

	MOBADOPT4
	<---
	MOBADOPT
	.720


Covariances: (Group number 1 - Default model)

	
	
	
	Estimate
	S.E.
	C.R.
	P
	Label

	PERCUSEF
	<-->
	EASEUSE
	.184
	.031
	5.947
	***
	par_22

	PERCUSEF
	<-->
	TECHANXY
	.112
	.027
	4.177
	***
	par_23

	PERCUSEF
	<-->
	ATTITUDE
	.199
	.024
	8.347
	***
	par_24

	PERCUSEF
	<-->
	MOBADOPT
	.134
	.028
	4.808
	***
	par_25

	EASEUSE
	<-->
	TECHANXY
	.239
	.037
	6.478
	***
	par_26

	EASEUSE
	<-->
	ATTITUDE
	.181
	.029
	6.348
	***
	par_27

	EASEUSE
	<-->
	MOBADOPT
	.219
	.038
	5.760
	***
	par_28

	TECHANXY
	<-->
	ATTITUDE
	.091
	.024
	3.844
	***
	par_29

	TECHANXY
	<-->
	MOBADOPT
	.221
	.035
	6.346
	***
	par_30

	ATTITUDE
	<-->
	MOBADOPT
	.111
	.025
	4.485
	***
	par_31


Correlations: (Group number 1 - Default model)

	
	
	
	Estimate

	PERCUSEF
	<-->
	EASEUSE
	.349

	PERCUSEF
	<-->
	TECHANXY
	.233

	PERCUSEF
	<-->
	ATTITUDE
	.580

	PERCUSEF
	<-->
	MOBADOPT
	.299

	EASEUSE
	<-->
	TECHANXY
	.390

	EASEUSE
	<-->
	ATTITUDE
	.412

	EASEUSE
	<-->
	MOBADOPT
	.382

	TECHANXY
	<-->
	ATTITUDE
	.228

	TECHANXY
	<-->
	MOBADOPT
	.426

	ATTITUDE
	<-->
	MOBADOPT
	.297


Variances: (Group number 1 - Default model)

	
	
	
	Estimate
	S.E.
	C.R.
	P
	Label

	PERCUSEF
	
	
	.412
	.035
	11.927
	***
	par_32

	EASEUSE
	
	
	.677
	.065
	10.393
	***
	par_33

	TECHANXY
	
	
	.556
	.049
	11.259
	***
	par_34

	ATTITUDE
	
	
	.286
	.035
	8.235
	***
	par_35

	MOBADOPT
	
	
	.486
	.067
	7.210
	***
	par_36

	E1
	
	
	.064
	.007
	9.579
	***
	par_37

	E2
	
	
	.080
	.008
	10.281
	***
	par_38

	E3
	
	
	.148
	.012
	12.294
	***
	par_39

	E4
	
	
	.102
	.009
	11.280
	***
	par_40

	E5
	
	
	.168
	.013
	12.520
	***
	par_41

	E6
	
	
	.213
	.016
	12.973
	***
	par_42

	E7
	
	
	.228
	.022
	10.265
	***
	par_43

	E8
	
	
	.222
	.021
	10.717
	***
	par_44

	E9
	
	
	.253
	.023
	10.819
	***
	par_45

	E10
	
	
	.319
	.026
	12.096
	***
	par_46

	E11
	
	
	.355
	.029
	12.226
	***
	par_47

	E12
	
	
	.413
	.032
	13.021
	***
	par_48

	E13
	
	
	.125
	.013
	9.686
	***
	par_49

	E14
	
	
	.185
	.017
	11.083
	***
	par_50

	E15
	
	
	.197
	.018
	10.816
	***
	par_51

	E16
	
	
	.264
	.023
	11.398
	***
	par_52

	E17
	
	
	.304
	.025
	12.078
	***
	par_53

	E18
	
	
	.213
	.019
	11.004
	***
	par_54

	E19
	
	
	.208
	.019
	11.175
	***
	par_55

	E20
	
	
	.137
	.013
	10.491
	***
	par_56

	E21
	
	
	.167
	.016
	10.725
	***
	par_57

	E22
	
	
	.412
	.032
	12.720
	***
	par_58

	E23
	
	
	.496
	.045
	10.899
	***
	par_59

	E24
	
	
	.405
	.041
	9.982
	***
	par_60

	E25
	
	
	.438
	.042
	10.405
	***
	par_61

	E26
	
	
	.509
	.048
	10.605
	***
	par_62


Appendix VI: Indices for Structural Equation Model

Model Fit Summary

CMIN

	Model
	NPAR
	CMIN
	DF
	P
	CMIN/DF

	Default model
	61
	581.461
	290
	.000
	2.005

	Saturated model
	351
	.000
	0
	
	

	Independence model
	26
	7175.453
	325
	.000
	22.078


RMR, GFI

	Model
	RMR
	GFI
	AGFI
	PGFI

	Default model
	.027
	.893
	.870
	.738

	Saturated model
	.000
	1.000
	
	

	Independence model
	.234
	.244
	.184
	.226


Baseline Comparisons

	Model
	NFI
Delta1
	RFI
rho1
	IFI
Delta2
	TLI
rho2
	CFI

	Default model
	.919
	.909
	.958
	.952
	.957

	Saturated model
	1.000
	
	1.000
	
	1.000

	Independence model
	.000
	.000
	.000
	.000
	.000


Parsimony-Adjusted Measures

	Model
	PRATIO
	PNFI
	PCFI

	Default model
	.892
	.820
	.854

	Saturated model
	.000
	.000
	.000

	Independence model
	1.000
	.000
	.000


NCP

	Model
	NCP
	LO 90
	HI 90

	Default model
	291.461
	226.589
	364.114

	Saturated model
	.000
	.000
	.000

	Independence model
	6850.453
	6578.161
	7129.122


FMIN

	Model
	FMIN
	F0
	LO 90
	HI 90

	Default model
	1.526
	.765
	.595
	.956

	Saturated model
	.000
	.000
	.000
	.000

	Independence model
	18.833
	17.980
	17.266
	18.712


RMSEA

	Model
	RMSEA
	LO 90
	HI 90
	PCLOSE

	Default model
	.051
	.045
	.057
	.348

	Independence model
	.235
	.230
	.240
	.000


AIC

	Model
	AIC
	BCC
	BIC
	CAIC

	Default model
	703.461
	712.767
	944.132
	1005.132

	Saturated model
	702.000
	755.542
	2086.843
	2437.843

	Independence model
	7227.453
	7231.419
	7330.034
	7356.034


ECVI

	Model
	ECVI
	LO 90
	HI 90
	MECVI

	Default model
	1.846
	1.676
	2.037
	1.871

	Saturated model
	1.843
	1.843
	1.843
	1.983

	Independence model
	18.970
	18.255
	19.701
	18.980


HOELTER

	Model
	HOELTER
.05
	HOELTER
.01

	Default model
	217
	229

	Independence model
	20
	21


Estimates (Group number 1 - Default model)

Scalar Estimates (Group number 1 - Default model)

Maximum Likelihood Estimates

Regression Weights: (Group number 1 - Default model)
	
	
	
	Estimate
	S.E.
	C.R.
	P
	Label

	Attude
	<---
	PercUsef
	.272
	.067
	4.075
	***
	

	Attude
	<---
	PercEase
	.364
	.055
	6.670
	***
	

	MobAdopt
	<---
	Attude
	.232
	.055
	4.255
	***
	

	MobAdopt
	<---
	PercEase
	.163
	.044
	3.668
	***
	

	MobAdopt
	<---
	PercUsef
	.069
	.064
	1.082
	.279
	

	MobAdopt
	<---
	TechAnxy
	.292
	.079
	3.709
	***
	

	AMM1
	<---
	MobAdopt
	1.000
	
	
	
	

	AMM2
	<---
	MobAdopt
	1.339
	.090
	14.895
	***
	

	AMM3
	<---
	MobAdopt
	1.205
	.087
	13.905
	***
	

	AMM4
	<---
	MobAdopt
	1.181
	.089
	13.284
	***
	

	PU1
	<---
	PercUsef
	1.000
	
	
	
	

	PU2
	<---
	PercUsef
	1.081
	.050
	21.688
	***
	

	PU3
	<---
	PercUsef
	1.125
	.050
	22.720
	***
	

	PU4
	<---
	PercUsef
	1.110
	.048
	23.231
	***
	

	PU5
	<---
	PercUsef
	1.016
	.052
	19.641
	***
	

	Ease1
	<---
	PercEase
	1.000
	
	
	
	

	Ease2
	<---
	PercEase
	1.091
	.056
	19.621
	***
	

	Ease3
	<---
	PercEase
	.979
	.046
	21.441
	***
	

	Ease4
	<---
	PercEase
	1.048
	.051
	20.425
	***
	

	Ease5
	<---
	PercEase
	.971
	.048
	20.096
	***
	

	ANX1
	<---
	TechAnxy
	1.000
	
	
	
	

	ANX2
	<---
	TechAnxy
	1.035
	.072
	14.436
	***
	

	ANX3
	<---
	TechAnxy
	.936
	.062
	15.092
	***
	

	ANX4
	<---
	TechAnxy
	1.078
	.074
	14.627
	***
	

	ATT1
	<---
	Attude
	1.000
	
	
	
	

	ATT2
	<---
	Attude
	1.033
	.082
	12.559
	***
	

	ATT3
	<---
	Attude
	.992
	.084
	11.861
	***
	

	ATT4
	<---
	Attude
	1.062
	.087
	12.175
	***
	

	PU6
	<---
	PercUsef
	.906
	.054
	16.796
	***
	

	ANX5
	<---
	TechAnxy
	.938
	.084
	11.105
	***
	

	Ease6
	<---
	PercEase
	.427
	.064
	6.685
	***
	

	ATT5
	<---
	Attude
	.485
	.078
	6.243
	***
	


Standardized Regression Weights: (Group number 1 - Default model)
	
	
	
	Estimate

	Attude
	<---
	PercUsef
	.226

	Attude
	<---
	PercEase
	.398

	MobAdopt
	<---
	Attude
	.279

	MobAdopt
	<---
	PercEase
	.214

	MobAdopt
	<---
	PercUsef
	.069

	MobAdopt
	<---
	TechAnxy
	.250

	AMM1
	<---
	MobAdopt
	.699

	AMM2
	<---
	MobAdopt
	.871

	AMM3
	<---
	MobAdopt
	.791

	AMM4
	<---
	MobAdopt
	.751

	PU1
	<---
	PercUsef
	.816

	PU2
	<---
	PercUsef
	.891

	PU3
	<---
	PercUsef
	.917

	PU4
	<---
	PercUsef
	.930

	PU5
	<---
	PercUsef
	.836

	Ease1
	<---
	PercEase
	.811

	Ease2
	<---
	PercEase
	.849

	Ease3
	<---
	PercEase
	.902

	Ease4
	<---
	PercEase
	.873

	Ease5
	<---
	PercEase
	.863

	ANX1
	<---
	TechAnxy
	.772

	ANX2
	<---
	TechAnxy
	.749

	ANX3
	<---
	TechAnxy
	.781

	ANX4
	<---
	TechAnxy
	.758

	ATT1
	<---
	Attude
	.717

	ATT2
	<---
	Attude
	.746

	ATT3
	<---
	Attude
	.695

	ATT4
	<---
	Attude
	.717

	PU6
	<---
	PercUsef
	.750

	ANX5
	<---
	TechAnxy
	.587

	Ease6
	<---
	PercEase
	.344

	ATT5
	<---
	Attude
	.354


Covariances: (Group number 1 - Default model)

	
	
	
	Estimate
	S.E.
	C.R.
	P
	Label

	PercUsef
	<-->
	PercEase
	.105
	.025
	4.204
	***
	

	PercEase
	<-->
	TechAnxy
	.089
	.023
	3.971
	***
	

	PercUsef
	<-->
	TechAnxy
	.167
	.020
	8.147
	***
	


Correlations: (Group number 1 - Default model)

	
	
	
	Estimate

	PercUsef
	<-->
	PercEase
	.239

	PercEase
	<-->
	TechAnxy
	.237

	PercUsef
	<-->
	TechAnxy
	.581


Variances: (Group number 1 - Default model)

	
	
	
	Estimate
	S.E.
	C.R.
	P
	Label

	PercUsef
	
	
	.334
	.035
	9.612
	***
	

	PercEase
	
	
	.578
	.061
	9.466
	***
	

	TechAnxy
	
	
	.246
	.029
	8.458
	***
	

	e31
	
	
	.361
	.050
	7.153
	***
	

	e33
	
	
	.221
	.031
	7.143
	***
	

	e1
	
	
	.351
	.029
	11.983
	***
	

	e2
	
	
	.191
	.025
	7.748
	***
	

	e3
	
	
	.291
	.028
	10.496
	***
	

	e6
	
	
	.168
	.013
	12.515
	***
	

	e7
	
	
	.101
	.009
	11.268
	***
	

	e8
	
	
	.080
	.008
	10.303
	***
	

	e9
	
	
	.065
	.007
	9.600
	***
	

	e10
	
	
	.148
	.012
	12.291
	***
	

	e11
	
	
	.301
	.025
	12.051
	***
	

	e12
	
	
	.265
	.023
	11.425
	***
	

	e13
	
	
	.127
	.013
	9.787
	***
	

	e14
	
	
	.198
	.018
	10.855
	***
	

	e15
	
	
	.186
	.017
	11.110
	***
	

	e16
	
	
	.167
	.016
	10.718
	***
	

	e17
	
	
	.207
	.019
	11.138
	***
	

	e18
	
	
	.138
	.013
	10.524
	***
	

	e19
	
	
	.212
	.019
	10.978
	***
	

	e21
	
	
	.456
	.043
	10.708
	***
	

	e22
	
	
	.410
	.040
	10.121
	***
	

	e23
	
	
	.507
	.046
	11.075
	***
	

	e24
	
	
	.514
	.048
	10.705
	***
	

	e26
	
	
	.213
	.016
	12.973
	***
	

	e29
	
	
	.412
	.032
	12.718
	***
	

	e32
	
	
	.360
	.032
	11.292
	***
	

	e34
	
	
	.785
	.057
	13.682
	***
	

	e35
	
	
	.792
	.059
	13.395
	***
	


Squared Multiple Correlations: (Group number 1 - Default model)

	
	
	
	Estimate

	Attude
	
	
	.252

	MobAdopt
	
	
	.340

	ATT5
	
	
	.125

	Ease6
	
	
	.118

	ANX5
	
	
	.345

	PU6
	
	
	.563

	ATT4
	
	
	.515

	ATT3
	
	
	.484

	ATT2
	
	
	.557

	ATT1
	
	
	.515

	ANX4
	
	
	.574

	ANX3
	
	
	.610

	ANX2
	
	
	.560

	ANX1
	
	
	.595

	Ease5
	
	
	.745

	Ease4
	
	
	.762

	Ease3
	
	
	.813

	Ease2
	
	
	.721

	Ease1
	
	
	.658

	PU5
	
	
	.699

	PU4
	
	
	.864

	PU3
	
	
	.841

	PU2
	
	
	.794

	PU1
	
	
	.665

	AMM4
	
	
	.565

	AMM3
	
	
	.626

	AMM2
	
	
	.759

	AMM1
	
	
	.489


Appendix V: Anti image Correlation
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