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For serious evidence-based decision making and effective targeting of health interventions, a high-performance health management information system (HMIS) is crucial. This study's objective was to data use for effective healthcare   service delivery among health workers how certain Tanzania health facilities use data from the Health Management Information System when making decisions. The total sample size was estimated using the sample size statistical technique, which resulted in a sample size of 140 health workers. Data collected using a four -level questionnaire with semi-structured questions were analyzed using descriptive statistics where frequency tables were generated thematically. Findings show that all respondents indicated that motivation for collecting and using data depends highly on behavioural factors of the healthcare workers. The research findings also showed that 60% of the respondent reported. In contrast, 40% reported not having technical factors on data utilization for decision-making, while 40% reported not having the skills. The organizational factors on the utilization of data for decision-making results show that 77.1% were habitually analysing data for their effective utilization in decision-making.  This study provided valuable data on the level of the routine health information, determinants that influenced data use and the difficulty facing health care workers on using routine data was paramount highlighted such as behavioural, technical and vii organization determinants to analyse and use health management information to making evidence-based decisions
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CHAPTER ONE TC "CHAPTER ONE" \f C \l "1" 
INTRODUCTION TC "INTRODUCTION" \f C \l "1" 
1.1 Chapter Overview TC "1.0 Chapter Overview" \f C \l "1" 
In this chapter explains several related studies on data use to about information on decision-making in the health sector particular in public. The findings from these studies were used to improve the services delivered by health workers. The background of the study, the statement of the problem, objectives of the study, research questions, scope of the study, and the study's significance are all covered in this chapter

1.2 Background of the Study TC "1.2 Background of the study" \f C \l "1" 
Data use for effective healthcare service delivery among health workers has influenced the majority of the nation's health information system setup. Each system may collect data that is helpful in the day-to-day management of a particular aspect of the health sector. Globally, all nations have implemented a health information system that coordinates the output of high-quality and timely data, which forms the basis of the health system, and notifies decision-making in each of the five components of the health care system. This system is meant to inspire excellence in the delivery of health services and the quality of health outcomes.
The health metrics network observed that the countries facing tremendous significant health challenges usually have the puniest systems for gathering, managing, and using data. The information on health sector has been referred to as the glue that may and should tie the health-care industry together. The health sector generates huge amounts of information. Almost much of the information based on static and sometimes not in form of indexed and can't be easily searched, sorted summarized and sometimes shared electronically. For both old as well as the new information sources has grown in form size and openness has recently increased (Ritzer,1999).
Unfortunately, the majority of health care workers in underdeveloped nations are responsible for filling out registers, accumulating disease information related with patient age and sex and prepare reports without good feedback basis on a weekly or monthly Furthermore; the information received is frequently insufficient for management to make decisions. The majority are insufficient, inaccurate, out-of-date, and unconnected to the primary tasks and functions of local health workers (Devadason et al., 2007).
Several studies have found that organizational technological and behavioral characteristics of health care workers can influence routine health information consumption [Health Policy Plan, 2009]. Other factors mentioned were analysis skills (Shiferaw et al., 2017; Teklegiorgis et al., 2014), lack of a culture of information use (Mucee 2016), lack of supervision and regular feedback (Andargie, 2006), organizational infrastructure, and HMIS training (Shiferaw et al., 2017), knowledge, workload, computer skill, computer access, availability of HMIS guidelines and formats (Asemahagn 2017), and availability of human resources (Gibson, et 2013) 
Despite of the heavy investment in the District Health Management Information Systems (DHMISs, currently DHIS2) since 1978 to strengthen the routine information by putting data directly in the hands of decision-makers at various levels of the health system, the Health Metric network (2008) indicated that only 66.4% of health workers use data. The factors highlighted were “lack and varied human capacity to collect analyze and standardized database and printing resources” (HMN, 2019).
The report cites a lack of training in data collection, analysis, presentation, and use, as well as weak or no Internet connectivity and a lack of data collection, analysis, and sharing tools, such as computers. Because lower-level health institutions lacked Internet access, they were unable to access DHIS2. Most health workers believed that data created at health facilities belonged to the council health management team (CHMT), not the facilities themselves, which explains why data analysis and decision-making are rare below the district level (Mack fell G. et al., 2019) The critical goal of health information is to improve the effectiveness of health service performance at the different levels where it is delivered by providing vital and adequate data for health managers to track, assess, and schedule their activities. As a result, there is a need to undertake this analysis to determine the determinants of health workers' use of data for decision-making to enhance health services.

1.3 Research Problem Statement TC "1.3 Research Problem Statement" \f C \l "1" 
The collection of demographic data facilities at health community-based centre has sucked up a lot of resources (both human and financial). However, quality of data effectively uses this data to inform policy and programmatic decision-making. As a result, many health-care programs fail to link evidence to decision-making, limiting their ability to effectively respond to the population's most pressing needs. There are numerous issues that have been identified as threatening evidence-based decision-making (Mboro, 2017). Some are concerned with the flow of information to decision-makers and how they make decisions. Others are concerned with the context in which information is gathered and judgments are made. Others to those who generate and use data's organizational infrastructure and technical capacity.
The review situation of Mbeya data use for effective healthcare   service delivery among health workers in 2016 revealed that Mbeya data use for effective healthcare    was fragmented for most of the Mbeya hospital facilities in a way that it was not supporting data driven health planning and precise decision making for right intervention. More so, overlapping and inconsistence of data reporting across various levels of decision-making was also highlighted (Lungo et al, 2017). However, despite various intervention have been continuously instituted to strengthen data use for effective healthcare service delivery among health workers for its comprehensiveness, validity, and reliability of information collected including regular supportive supervision at the data production points, data quality check, annual development of Mbeya data use for effective healthcare  which is developed jointly by health services programs to promote public health data use for decision making. 
Yet, there has been a limited study done on assessing the knowledge on data use among service providers at health facility levels, and there have been limited studies done to find out the determinants to data used for decision–making across different levels of health services delivery points, it is, therefore, this study would highlight issues pertaining determinant on determinants of data use for effective healthcare   service delivery among health workers for informed and evidence-based decision making for better community health outcomes and lastly, it will help improve health services.

1.4 General Objective of the Study TC "1.4 General Objective of the study" \f C \l "1" 
The study sought to find out the determinants of data use for effective health services delivery among health workers in Mbeya city.
1.4.1 Specific Objectives TC "1.4.1 Specific objectives" \f C \l "1" 
i. To Assess the factors related to behavior that influence data use for decision making and effective health care services among health workers in Mbeya

ii. To determine technical factors that influence the use of data for decision making and effective health care services among health workers in Mbeya

iii. To ascertain the organizational factors that influence the utilization of data for decision making and effective health care services among health workers in Mbeya  
1.4.3 Research Questions TC "1.4.3 Research Questions" \f C \l "1" 
The following questions guided the study.
i.  What health workers factors are related data uses to behavior that influence data use for decision-making and effective health care services among health workers in Mbeya?

ii. What are the technical factors that influence the use of data for decision-making and effective health care services among health workers in Mbeya?

iii. What organizational factors influence data utilization for decision-making and effective health care services among health workers in Mbeya?

1.5 Significance of the Study TC "1.5 Significance of the study" \f C \l "1" 
Despite tremendous progress in the development of a national health information system, various concerns and challenges connected to health information for policy discussion, decision–making, and the appropriate use of technologies for translating data into data must be addressed. Choice-makers frequently do not use information to inform policymaking; as a result, many health programs do not properly relate evidence to a decision, and the majority of them do not respond to the population's primary needs (Measure Evaluation).
This research will aid in determining the best ways to use data for decision-making in order to promote optimal prioritizing of health needs, interventions, and resource allocation in order to avoid avoidable disease outbreaks and workloads. Recommend the best strategies to improve health service and meet the decentralization sector's aims. Based on identifying areas of the health information system that need to be reinforced and supported in order for data to be used in decision-making by health workers at all levels in order to increase the efficacy and efficiency of service delivery.

1.6 Organization of the Study TC "1.6 Organization of the Study" \f C \l "1" 
The first chapter contains the background of the problem, the statement of the problem, the study's objectives, general and specific aims, research questions, and the study's implications. The literature review was covered in Chapter two, which is divided into three sections: theoretical, empirical literature review, and conceptual framework. The Research Methodology section of Chapter three contains an introduction, research design, and study area, as well as the population of the study, sample size, research design, data collecting, and data analysis. The research findings and debate are presented in Chapter four, while the study's summary, recommendations, and conclusion are presented in Chapter five.
CHAPTER TWO TC "CHAPTER TWO" \f C \l "1" 
LITERATURE REVIEW TC "LITERATURE REVIEW" \f C \l "1" 
2.1 Chapter Overview TC "2.1 Chapter Overview" \f C \l "1" 
This chapter cover the literature on the subject of determining data utilization for effective healthcare service delivery among health workers. This chapter will review Definition of Concepts, Theoretical Review, Empirical Review, Research Gap, and the conceptual framework of health Management information systems in particular. This study will, it will specifically discuss behaviour factors of the data collectors and users, the technical aspects associated with recording and reporting, mistakes and delays in data processing, and in disseminating of information which leads to availability and accessibility of data/information for use and organizational factors sometimes referred to as supportive environment.
2.2 Conceptual Definition TC "2.2 Conceptual Definition" \f C \l "1" 
2.2.1 Health Information TC "2.2.1 Health Information" \f C \l "1" 
Health information is the description that refers describes health issues. The reports about people’s health status related to health, or the swift of data about that patient’s whole experience with their health care providers (Davis and lacour,2002)’ The output of the HIS is health records and essential input for choice-making and movement, which consists of a widespread ability usage to assist all parts of health movement such as making plans, choice-making, operation, surveillance, monitoring, evaluation studies. 
Once data generated by the HIS, information-based activities including as analysis, monitoring, management, and evaluation aid in the transformation of data into actionable information. HIS as a charge of generating enough accurate and timely data. Even so, he can't be held entirely responsible for how that information is ultimately used. As a result, health systems are more responsive to the population's health needs when data is collected and actionable information is provided (Gattini,2007)
2.2.2 Health Information System TC "2.2.2 Health Information System" \f C \l "1" 
The cornerstone of the general building blocks of health systems is the health information system. Workers will be able to use better policymaking, planning, implementation, monitoring, and evaluation of health initiatives if information is strengthened and made more readily available (Karuri et al.,2014). The health information system, according to the World Health Organization (WHO 2008), supports decision-making and consists of four functions: data generation, compilation, analysis and synthesis, communication, and usage. The health system gathers data from the health sector and other relevant sectors, analyses the information, assures its overall quality, relevance, and timeliness, and translates it into information for health-related decision-making.

2.2.3 Routine Health Information TC "2.2.3 Routine Health Information" \f C \l "1" 
Data collected at regular periods at public, commercial, and community-level health facilities and institutions, as well as health programs, is referred to as routine health information. These figures provide a comprehensive picture of health, health services, and health resources. Healthcare professionals collect data as they go about their work, from supervisors, and through routine health facility surveys, and the data sources are often individual health records and records of services delivered and records of health resources (Measure evaluation)

2.2.4 Decision Making TC "2.2.4 Decision making" \f C \l "1" 
Defined as the process of creating an answer to a recognized problem, so in any effective operational decision is based on the best choice, utilization of data in the health sector is compulsory for improving health services. Thus, decision making is one of the important processes in the health sector and on the elementary assignment of administration at all levels (Robbin, 2003)
2.3 Theoretical Literature Review TC "2.3 Theoretical Literature Review" \f C \l "1" 
2.3.1 The HIS Design Theory TC "2.3.1 The HIS design theory" \f C \l "1" 
The assessment period was selected because it is centred on the values governing medical practice and those guiding information system design. It necessitates a shared understanding between the two disciplines to provide a suitable moral foundation for information usage (Richardson, 2006). Healthcare information systems in institutions have dealt with admissions and discharges, accounting, payroll, benefits, and other similar activities throughout history. These systems aided healthcare organizations in improving efficacy in their operations and achieving cost savings, so change is sustainable and more change is dependent on evidence effectiveness (Carbone, 2008) through the implementation of information systems/technology in every health environment (Jutand, 2000).
It guarantees that members of the clinical team, such as doctors, nurses, and staff, can communicate; it also ensures that a risk management mechanism is in place to track down patients who may have missed out on clinical care; and it ensures that the work is supported by a good financial system. Another crucial responsibility is to evaluate how successfully the original mission (increasing health outcomes) was carried out (Aqil A et al., 2009).
A major part of this approach is the interaction between the trigger (technical) and human worker (behavioral) variables, which must be built around principles of mutual trust and intentional action between persons who tend to have a same goal (health outcomes improvements). Because people's short-term interests aren't always the same, this link between the catalyst and the health context isn't always clear; for example, an Information System (IS) practitioner (catalyst) may have been more driven by economic / workforce information systems.
2.3.2 Evidence-Based Health Information System Theory TC "2.3.2 Evidence-Based Health Information System Theory" \f C \l "1" 
Carbone's Evidence-Based Health Information System Theory will be used in the study. Theoretical analysis will look at how different researchers used the Evidence-Based Health Information System Theory in their research. In a study in Melbourne, Australia, Lorenzi (2011) employed the Evidence-Based Health Information System Hypothesis. The goal of the study was to bridge the gap between information management theory and the delivery of health care. He claimed that neither the literature on information management nor the healthcare business had established a viable path for adopting information systems in healthcare settings. He did, however, recognize the value of the Evidence-Based Health Information System Theory in this regard, arguing that any information system that works well requires evidence-based information. 

Bates (2009) stated in a study that quality data should be used to prevent clinical and medical errors. He also applied the Theory of Evidence-Based Health Information Systems. He emphasized unequivocally that evidence-based systems are the backbone of providing health care to patients. Health care providers can reduce drug errors in hospitals by utilizing information technology. Nonetheless, clinicians and other personnel in charge of data collection at health facilities must provide evidence of reliable health information. 
According to Little (2003), actual proof must be acquired and appropriately analysed to suit the needs of consumers for health data to be valuable to final decision-makers or policymakers. He mentioned the Evidence-Based Health Information System Principle, implying that evidence is required for information to be usable or accessible to health-care professionals, as well as proof that the data is trustworthy for use in health-related operations. He also emphasized in the same study that practitioners must be educated in scientific research. The health data they collect is well-regarded and backed up by sufficient evidence for decision-makers to use.

2.4 Empirical Literature Review TC "2.4 Empirical Literature Review" \f C \l "1" 
A study was done in India by Harrison et al. (2009) explains inadequate analytic and data use skills, duplication of information, and inconsistence in the data collection process was observed to be the most challenging obstacles with a recommendation to have extra training on data quality assurance analysis and use. Yusuf Mimi (2015), in Palestine, research on routine health information systems, explained that there was a challenge in data completeness and accuracy; despite the ministry, district, and facility-level data quality were good, but the use of data was poor at all levels. Hence to some extent, the Data is not well utilized for the improvement of services research was done by Chorongo (2016) Kenya on determinants of effective utilization of health Management information. For decision-making among health programs, managers explained the determinants of data utilization by using three factors: behavioral, technical, and organizational. Organizational factors played a crucial role in enhancing behavioral and technological factors. Behavior factors such as altitude, values, motivation, perception, beliefs, roles, and responsibilities were significant in low data quality and information use. 
Mboro (2017) Kenya, on a study of routine health information for decision making among health workers, found out that minimal, minimal amount of Data is used by those collecting the data. They further said that resources had been invested in HMIS. Still the researcher is not sure whether the available routine health information is used for decision-making. The study looked at technological, organizational, and behavioral aspects, and found that 69.6 percent of respondents used periodic data health information to make decisions, while 30.0 percent received only basic training in information management. Uncertain duties and responsibilities were reported as an obstacle to information use by 52.5 percent of workers, as was access to resources such as computers and inadequate support from supervisors.

The study demonstrated partial use of routine data for decision-making with the interplay of the three factors. He further recommended that training improve health workers' skills, focusing on information use with targeted regular review meetings, Feedback, and support supervision. A study done by (Rukia Omary 2019) from Tanzania determinants that influenced data use and the difficulty facing health care workers on using routine data was assessed by using three factors which were behavioral, organizational, and technical determinants motivated health workers to analyse and use management information to make evidence-based decisions, including staff competence, availability of data tools, adequate training on data use. But the researcher discovered that health workers faced difficulty due to inadequate staff. Some information was not realistic, data to make an evidence-based decision, data collection tools were not updated in time and inadequate funds.
The vast majority of health-care systems have failed to connect evidence to decision-making. In comparison to the findings of other studies, the majority of them suffer from a lack of ability to respond to priority health needs at all levels of the health system (Shiferaw et al.,2017). This study found that more than half of the health workers at government institutions in East Gojjam Ethiopia were poor in using health information. Every day, businesses should cultivate a culture that boosts demand and makes use of routine health data to improve staff perceptions of periodic health data through a shift in mindset
2.4.1 Behavioural Factors Influencing the use of Health Information for Decision making among Health Workers TC "2.4.1 Behavioural Factors influencing the use of health information for decision making among health workers" \f C \l "1" 
The behavior factor is one of the three elements that can improve the use of RHIS for evidence-based decision-making. This is mostly because it is in charge of the other two parts. Demand, confidence, motivation, and competence to complete RHIS activities are all behavior factors that have a direct impact on the RHIS process and results.

Individuals who produce and use data, as well as their attitude, values, and motivation, are referred to as behavioral determinants. The negative attitude of health workers, such as "data collecting is a pointless activity or a waste of time for care providers," impedes the utilization of data for evidence-based decision making (Hozumi, 2009). According to (Measure Evaluation), Data can also be underutilized because of individual behavior; for instance, the altitude of decision-makers will play a big role in determining if data and information are used. 
For Example, it seems an optional for providing healthcare, without knowing the importance of data for lessons learned and decision making may play a big role in delivering service. Health professionals' motivation and dedication to data management may decrease as a result of the lack of respect for data collection and utilization. Another typical deterrent to health worker performance in data management is failure to offer feedback on routine reporting, which leads to insufficient data recording, reporting, and usage (2001, Rhino)
Health workers in east Africa, according to one district medical officer of health, refuse to utilize data and do not value its significance. As a result, you should never use it to make a judgment. As a result, health personnel are acquiring data without realizing its significance, and its utility is no longer exploding, resulting in minimal appreciation for the data collection (Chongolo, Dumont et.al.,2012) According to them (Allotey and Reidpath 2000, Braa and Nerminkh 2000, khemrary 2001, Rubona 2001, Wilson et al 2001). Some of the reasons why routine information systems in developing nations fail to offer the essential information support for decision-making activities are viewed as a burden owing to workloads, particularly at the level of health facilities. Lippeveld (2000) stated that the success of a health information system depends on socio-culture. Were by Culture refers to 'Humans' knowledge, not what they do, and knowledge establishes guidelines for deciding what can be.... how one feels about it....and what to do about it. Even if a perfectly acceptable, well-organized, and technologically sound routine health information system were readily available, according to Lippeveld, it would not be feasible to use it right away (2001). 
The fundamental difficulty is that information systems are owned and used by individuals with specific beliefs, attitudes, and practices, and changing such beliefs, attitudes, and practices will take time. Due to the challenges of information culture, a case study was conducted in Zambia, where the health management system was designed and health workers were trained in accordance with globally documented principles and the presence of technically sound systems. However, data was not used as widely as intended for evidence-based decision-making, and it did not consistently yield evidence of the data quality required to support good, sound decisions. (2001, Simwanza and church)
2.5.2 Technical Factors Influencing the use of Health Information for Decision making among Health Workers TC "2.5.2 Technical Factors influencing the use of health information for decision making among health workers" \f C \l "1" 
Technical determinants as the important factors that may have an impact on routine health information systems, but they also refer to the technical aspects of data collection processes and tools, such as data collection methods as well as technology, that are used to develop, manage by improve RHIS processes and performance for evaluation Technical have an impact on performance either directly or indirectly through behavioural considerations. Users have sufficient knowledge and information, as well as the necessary technological abilities to utilize and maintain it efficiently. 
Even if the indications are meaningless, the users can still reach acceptable performance levels; data gathering forms are complex. The degree of confidence and motivation of data implementers will be impacted if computer software is not user-friendly. When data isn't processed correctly and quickly by software, the analysis doesn't produce a useful conclusion for decision-making; it has an impact on how people use data (Aqil ,lippeel ,hozumi, 2009) All health professionals as well as information experts, according to Rhino (2010), approach their issues with a technical attitude. In many circumstances, health-care performance is primarily concerned with introducing or updating technical skills, modifying the system's design, or overhauling the technology utilized to increase data availability and quality. To promote local usage of health information, routine health information system administration should be decentralized.
When most health and information professionals are at ease, involving local level managers and health care providers in the design of data collecting and reporting systems (data collection, transfer, analysis, and presentation). In many developing countries   Tanzania being one among them have achieved progress in building health information system in their countries but still face challenges such as technical which involve use of tools for appropriate tools for transforming data information for decision-making are not always adequately used, resulting in the inability to use health-related data effectively for policy debate and decision-making (WHO 2008)
The need to have a good HIS became a priority because of the mandatory task of monitoring the health-related Millennium development goals or the MDGs( Mutale et al. 2013)noted that due to critical challenges health workers face, it is hard reaching the MDG goals because health system performance cannot be adequately assessed when data are incomplete, inaccurate or untimely one of the challenge in the complexity of the system design used in entry and recording of data which makes health workers not to do recording of data to be a tire ring job, and this is the most leading technical factor affecting utilization of routine health information by health facilities according to ( Sauborn 2000). 
2.5.3 Organizational Factors Influencing the use of Health Information for Decision making among Health Workers TC "2.5.3 Organizational Factors influencing the use of health information for decision making among health workers" \f C \l "1" 
Organizational determinants that influence data use for decision-making include Culture of using information, resource obtainability and governance, supervision, scheduling, and training to the staff. The organization has a tremendous impact on encouraging or discouraging the use of information. To achieve health information system sustainability, an organization with a good information culture has characteristics such as using information regularly to inform decision making, displaying graphs and tables for staff and the public, and disseminating data to information providers, that is, the public and decision-makers, as well as other segments of the health sector and society (Kihuba et al. 2014)
Feedback is a method used by information users to inform data collectors of decisions made and actions performed based on the data obtained, in addition to information culture. It could take the form of a verbal report at meetings, facility action supervision, summary reports, brief programs, quarterly or annual reports, and so on (Nutley 2012) Data producers and users can better appreciate the importance of data on the health system when companies encourage a culture of data-informed decision-making. As a result, it is used in decision-making because the data is of high quality, communicated, and shared throughout the health system (Azelmat et al.,2010).
2.5.4 Conceptual Framework TC "2.5.4 Conceptual Framework" \f C \l "1" 
Independent Variables      Moderating Variables      Dependent Variables
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Figure 2.1: Conceptual Framework TC "Figure  2.1: Conceptual framework" \f F \l "1"    
To improve routine information systems, three interrelated components are required, as described in the conceptual framework. Technical, organizational, and behavioral characteristics are among these components. The behavioral/individual member is concerned with data consumers' actions and how data is used to solve problems and improve program intervention. The organizational component concerned with the structure and processes of the organizations that will use the data. These three elements were utilized to investigate the factors that influence and obstruct data utilization. The same three factors were used to establish other health policies and guidelines aimed at improving data use.
2.6 Research Gap TC "2.6 Research Gap" \f C \l "1" 
Much of the literature studied was done. However, little has been documented on the successful use of data, which is still a significant worry for this study. Therefore, all studies on the factor connected to the effective use of routine health information by health program administrators are intended to serve as sources of future reference for this research. Since models have been generated for a few years in health institutions, there is a need to fit with the current IC TS model system for compiling and applying modern information technology.
The literature evaluated in previous research does not refer to the consequences on the development or effectiveness of a health program that effectively uses routine health information. This gap is still a significant concern since most facilities cannot understand why communication is compiled and used in everyday health without a documented success story. Literature studied in previous research adversely affects the use of inadequate health facilities' data in earlier intervention or present interventions by governments and health institutions. Much has been published concerning aspects affecting the routine use of health information from a historical perception that offers useful researcher input, particularly in identifying variables and factors that help design the instruments to collect data. 
CHAPTER THREE TC "CHAPTER THREE" \f C \l "1" 
RESEARCH METHODOLOGY TC "RESEARCH METHODOLOGY" \f C \l "1" 
3.1 Chapter Overview TC "3.1 Chapter Overview" \f C \l "1" 
The research technique chapter discussed the research approach, design, study area, target group, sample size and sampling processes, data gathering methods and instruments, data collection reliability and validity, data analysis, ethical research issues, and study limitations.

3.2 Research Approach TC "3.2 Research approach" \f C \l "1" 
This study intended to assess the determinants of data use for effective healthcare services. The study used a qualitative technique to observe how someone thinks and their natural ability to understand a given phenomenon (Kothari,2004). To get a holistic picture and a deep grasp of a scenario, events, or processes, the researcher used descriptions, observations, and impressions.
3.3 Research Design TC "3.3 Research design" \f C \l "1" 
Kothari, 20002; defines a research design as a plan of action for collecting data, unifying and scrutinizing it to combine the relevance of research with the economy in processes. The design helps to organize ideas in a method that will be possible to look for errors and gaps. Thus, the research design is essential because it facilitates and smoothens various research set-ups. In this manner, research design researching to be more efficient. The descriptive cross-sectional research design is used in this study. This study was used a descriptive cross-sectional study design for its investigation. This design was used to characterize the numerous determinants of health information use among health workers as well as the causalities (hindering and impacting factors) at the same time. The qualitative approach was adopted to assess health worker’s perception of data use for evidence-based decision making. The questionnaire was used to obtain primary sources, while textbooks, journals, and the internet were secondary sources. Questioner was open-ended and was administered face to face to the target group (Health workers)

3.4 Area of Study TC "3.4 Area of study" \f C \l "1" 
The research was carried out in the Mbeya region, namely the Mbeya city council. It's one of the 31 administrative regions in the country. It is located in Tanzania's southern highland zone and is one of the country's 31 administrative regions. Mbeya region is located at a height above sea level of 1,700 meters (5,500 feet) above sea level and stretches through a narrow highland valley surrounded by a bowl of high mountains. The choice of the study area is aimed at making the researcher have room to get the required information. Thus, selecting the size under which the study took place was vital in bringing news of the problem researched.
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Figure 3.1: A Map of Mbeya Municipal Council TC "Figure 3.1 A Map of Mbeya Municipal Council" \f F \l "1" 
Source: Mbeya Municipal, 2016

3.5 Target Population TC "3.5 Target population" \f C \l "1" 
According to Kothari, 2011, population refers to a group of individual persons or items from which samples are occupied for measurement. Molusa, 1992, also said that a research population is a large group of units with more than one common characteristic. The people of the study included health care workers such as clinical officers, doctors, nurses, health officers, laboratory technicians, pharmacists, and HMIS staff.). Study population of this study was 280 where the sample size was obtained within this targeted population.

3.6 Sample Size TC "3.6 Sample size" \f C \l "1" 
Kothari, 2011, defines a sample as a smaller group of subjects taken from the interested population. The following formula was used to calculate sample size to participate in the study: 
A Statistical formula (fisher’s formulae) was used to calculate the size of the sample with 95% confidence interval.
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Where n = Minimum sample size required 

P = Probability of success (proportion of target pop. estimated to have particular  

Characteristic -51. %). 

q = probability of failure. 

d = degree of accuracy desired. 

But because the population of health workers is less than 10,000, this formula will be applied.  
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Where    nf is desired sample size for population less than 10,000  

n is desired sample size for more than 10,000 

N is Total Population = 280 health workers 

P = 51 % is Data use (HNM, 2008) 

Q = 1 – 51% 
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Sample size was 162 health workers.

3.7 Sampling Technique TC "3.7 Sampling Technique" \f C \l "1"   
A sampling technique is a tool for selecting items or individuals from a population (Orodho and Kombo, 2002). This study used purposive sampling method to collect information from the respondents, this technique assisted to contact defendants with familiarity about the subject. In this technique, the researcher targeted a particular group of health workers from five selected health facilities. The purposive selection of these respondents was suitable since they meet the criteria need to help the researcher in relation to the research topic.
3.8 Data Collection Methods TC "3.8 Data collection Methods" \f C \l "1" 
Data was collected from the identified 162 but only 140 were returns the questionnaires that were distributed by the researcher. The research assistants were inducted so that they could guide the respondents in case of enquiries. To get relevant data for the study, two techniques of data collecting were used: primary and secondary methods of data collection, which included structured questioner and documentary sources. The following elements were examined while deciding on the data gathering method utilized in the study: literacy, finances, time availability, and the technique's reliability.

3.8.1 Primary Data Collection TC "3.8.1 Primary Data Collection" \f C \l "1" 
Primary Data is information obtained for the first time and is therefore unique (Kothari, 2004). Dodge (2003) defines primary data as "information gained directly from first-hand (original) experience." A checklist was used to administer the interview, and questionnaires were used to conduct the social survey. A questionnaire consists of questions to assess attitudes, feelings, or reactions about a problem or issue under study (Leedey 1989). Several questions were prepared and distributed to respondents, such as nurses, medical officers, Laboratory technicians, Clinical Officers, Pharmaceutical technicians, and Health Officers, to collect information related to the study.  (Kothari, 2004) considered semi-structured questionnaires to be an appropriate method because respondents have enough time to provide untestable answers to the researcher, such as the questions involving determinants of data used to improve health services and having evidenced decision-making at their respective health facilities. 
3.8.2 Secondary Data Collection Methods TC "3.8.2 Secondary Data Collection Methods" \f C \l "1" 
Documentary analysis, according to Kothari (2004), define as the process of reading documentary materials like books, journals, newspapers, and the contents of any other spoken or printed sources. The Library, the National Health Insurance Fund (NHIF), National Health Policy, periodicals, the internet, and yearly Council Health Reports were all used to conduct this research. These materials contain thorough information about enrolment, policies, and the Community Health Fund's policy and legal framework. However, this is a continuous process that has enriched and consolidated the results.

3.9 Reliability and Validity of Data Collection Instruments TC "3.9 Reliability and Validity of data collection instruments" \f C \l "1" 
The degree of consistency and dependability is defined by (Best & James 2003). Because the researcher collects data and what happens in the natural setting being studied, or a degree of precision and comprehensiveness of coverage, reliability is regarded appropriate for the study. By enhancing the ability to create survey instruments, plan, and collect trustworthy data, increasing reliability allows predictions to be made. As a result, the researcher's inaccuracies and prejudice are minimized. The questions were examined beforehand to see how useful the responses would be. Before administering the questionnaires, respondents are also given ample time to grasp the questions. The researcher was able to identify questions that were unclear or sensitive after conducting pre-testing. As a result, they need to be adjusted.
3.9.1 Validity of the Data TC "3.9.1 Validity of the Data" \f C \l "1" 
The capacity of a research instrument to calculate what it's supposed to test and produce generalized research results is referred to as validity (Kothari, 2004). Kumar (2005) defines validity as the degree to which an empirical calculation correctly reflects the true meaning of the principles under investigation. By specifically communicating the study's purpose to the respondents, the researcher used research assistants from the local group within the study area to ensure data validity.  To ensure content validity the questionnaires were distributed to the practitioners using the pilot study conducted previously to assess the quality of the questionnaires. All questions which are ambiguous were removed by the researcher before distribution of final version of questionnaires to the respondents. Furthermore, the Average variance extracted (AVE) were used to assess the convergent validity (Hair et al., 2009).  
CHAPTER FOUR TC "CHAPTER FOUR" \f C \l "1" 
RESEARCH FINDINGS AND DISCUSSIONS TC "RESEARCH FINDINGS AND DISCUSSIONS" \f C \l "1" 
4.1 Chapter Overview TC "4.1 Chapter overview" \f C \l "1" 
This chapter examines the information gathered, tables it, and interprets it. This chapter analyses the data collected, presents it in tables and undertakes data interpretation. The chapter provides the major findings and results of the study as obtained from the questionnaire.
4.2 Demographic Characteristics of the Respondents TC "4.2 Demographic Characteristics of the Respondents" \f C \l "1" 
The study attempted to establish the background information of the respondents. Which included age, gender, Professional of the respondent, level of training, working experience, and area of work. The 45.0 % of the respondents were aged 18-29, were 30-39 was 47.9 %, 40-50 above was 7.1%. Its therefore implies that most of the health officers are in a middle aged or less than 40 years.
Table 4.1: Distribution of Respondent by Age in Years TC "Table 4.1 Distribution of respondent by age in years" \f T \l "1" 
	Age Group (years)

	Frequency


	Percentage (%)


	18-29
	63
	45.0

	30-39                          
	67
	47.9

	40-50 Above                                                 
	10
	7.1

	Total
	140
	100.0


Source: Field Data
The study required the assessment of the gender of the respondents, and this was important to find out the gender representation of the managers in the hospital. The study results indicate that half of the respondents were female, 57.1%, and the rest males, 42.9%. According to the study findings 
Table 4.2: Sex of the Respondent
	Sex
	Frequency
	Percentage (%)

	Male
	60
	42.9

	Female                          
	80
	57.1

	Total
	140
	100.0


Source: Field data
According to the managers ' professions, this was required to ensure that all occupations were included in the study to reach all of the hospital's departments. Most of the respondents were nurses, 28.6%, and medical doctors, 25.7%. From the findings of the health workers 49% had Degree, 36.4% had Diploma, 9.3% had Certificates and 5% had Masters’ level training. Hence the study revealed that majority of people who participating in insurance industry were educated people.
Table 4.3: Distribution of Respondents by Profession TC "Table 4.3: Distribution of Respondents by Profession" \f T \l "1" 
	Professionals
	Frequency
	Percentage

	Medical Doctor
	45
	25.7

	Nurse
	51
	28.6

	Pharmacy
	2
	25.0

	Laboratory Technician 
	19
	11.4

	Clinical Officers and Others
	23
	9.3

	Total
	140
	100.0


Source: Field Data 
4.3 Influence of Behavioural Factors on the use of Health Information to Make Decisions TC "4.3 Influence of Behavioural Factors on the use of Health Information to Make Decisions" \f C \l "1" 
The study intended to determine the behavioural factors for the utilization of information for decision-making. Selected list of respondents was asked a couple of questions to be aware of some behaviour such as attitude, Motivation, Perception, beliefs, roles, and responsibilities on using information. Respondents were asked what type of data they produced the cause of the work they performed.
Table 4.4: Distribution of Respondent by Type of Data they produce TC "Table 4.4: Distribution of Respondent by Type of Data they Produce" \f T \l "1" 
	Type of data
	Frequency
	Percentage

	Outpatient data
	36
	25.7

	In- patient data
	40
	28.6

	Program data (HIV, Immunization, FP& ANC)
	35
	25.0

	Diagnostic data
	16
	11.4

	Any other(specify)
	13
	9.3

	Total
	140
	100.0


Source: Field Data 
The table 4.4 findings indicate that most respondents collected 28.6 % In-patient data, 25.7% outpatient data, while clinical data, 25.0%, diagnostic data 11.4%, and 9.3 % collected program data. Furthermore, in the behaviour determinants researcher wanted to understand whether the respondents knew the importance of collecting the Data they produced or not by answering ‘YES’ for those who knew the importance of data and ‘NO’ for not essential.
Table 4.5: Distribution on Reason for collecting this Data TC "Table 4.5: Distribution on Reason for collecting this Data" \f T \l "1" 
	Reasons
	Frequency
	Percentage (%)

	As Required
	27
	19.3

	To keep track of diseases trend 
	53
	37.9

	As routine exercise 
	12
	8.6

	To use it for decision making
	48
	34.2

	Total
	140
	100.0


Source: Field Data
4.3.1 Distribution of Respondents on the importance of Information use on their Work TC "4.3.1 Distribution of respondents on the importance of information use on their work" \f C \l "1" 
The importance of information use at work by employees was assessed through respondents' views, values, and opinions. From the study, results show that 139 (99.3 %) of employees felt that information use was necessary in their area of work while (0.7%) thought it was not necessary.
Table 4.6:  Distribution of Respondents on the Importance of Information use on their work TC "Table 4.6: Distribution of respondents on the importance of information use on their work" \f T \l "1" 
	Statements
	Frequency
	Percentage (%)

	Necessary 
	139
	99.3

	Not Necessary  
	1
	0.7

	Total
	140
	100.0


Source: Field Work
4.3.3 Distribution of Respondent Feelings on What Motivates them to use Information
The researcher wanted to determine what motivates the health workers to use the data they collect; this was a multiple-response question. And from the study, the result says 35.7% said staff competence and skills to perform health information tasks, 28.6% because the information is crucial in decision making, 18.6% strong leadership and 7.1% positive attitude towards data collection and use.
Table 4.7: Distribution of Respondent feelings on what Motivates them to use Information TC "Table 4.7: Distribution of respondent feelings on what motivates them to use information" \f T \l "1" 
	Response
	Frequency
	Percentage

	Information on decision making
	40
	28.6

	Staff skills to perform health tasks
	50
	35.7

	Positive attitude to data collection
	10
	7.1

	Presence of data collection tools
	14
	10

	Strongly leadership and management
	26
	18.6

	Total
	140
	100.0


Source: Field work
4.4. Influence of Technical Factors on the Utilization of Information for Decision Making TC "4.4. Influence of Technical Factors on the Utilization of Information for Decision Making" \f C \l "1" 
Technical determinants involve staff skills in using various resources in collecting data, computer software, information technology, data collection tools, the complexity of data tools. In the above question, the researcher wanted to know the number of respondents trained in data management and applied the skills in data analysis. The table above shows that 75(53.6%) have had training on data management, while 35(25%) said they have never had training. The respondents who said yes, were asked by the researcher where they acquired this training, and the results were 10(7.1%) from college, 14(10%) developed this training from seminar and workshop while 6(4.3%) were trained on their work
Table 4.8: Distribution of Respondents if they have Acquired Training on Data Management TC "Table.4.8 Distribution of respondents if they have acquired training on Data management" \f T \l "1" 
	Statement
	Frequency
	Percentage (%)

	Training on data management 
	75
	53.6

	Never had a training
	35
	25

	Training from college
	10
	7.1

	Training from seminar and workshop
	14
	10

	Training at work
	6
	4.3

	Total
	140
	100.0


 Source: Field work 
4.4.1 Distribution of Respondents on the Availability of Data when Required TC "4.4.1 Distribution of respondents on the availability of data when required" \f C \l "1" 
Respondents were required to answer whether data /information was available when needed for decision making. From the results, most answered yes, and few said no; it is not known when needed. And when asked the primary source of information on where they acquire data, the results showed 75(53.6%) from the registers,35(25%) from the district health information system software (dhis2), 25(17.9%) from records/HMIS office, while for those who said no when asked if data was available when needed, the results were due to poor documentation, inadequate IT technology, and lack of documentation tools.

Table.4.9: Distribution of Respondents on the Primary Source were Data is acquired  TC "Table.4.9: Distribution of respondents on the availability of data when required" \f T \l "1" 
	Response
	Frequency
	Percentage (%)

	From Register
	75
	  53.6

	District health information 
	35
	  25.0

	System software
	   25
	  17.9

	HMIS office                         
	    5
	    3.5

	Total
	140
	     100.0

	Source: Field work
	
	


4.4.2 Distribution of Respondents who carries out Data Analysis on the Data they collect TC "4.4.2 Distribution of respondents who carries out data analysis on the data they collect" \f C \l "1" 
Table 4.10: Distribution of Respondents on who carries out Data Analysis on the Data Collected
	Statement
	Frequency
	Percentage

	Habitually analysing data for effective decision-making utilization
	60
	42.9

	Did not have the habit of studying and utilizing data for their routine decision-making
	30
	21.4

	Yes, analysis was done
	15
	10.7

	Did not analyse due to lack of knowledge to analyse
	25
	17.9

	Lack of equipment’s to explore
	7
	5

	No need to analyse data
	3
	2.1

	Total
	140
	100.0

	Source: Field work
	
	


From the study findings, the majority of respondents, 60 (42.9%), were habitually analysing data for effective decision-making utilization. Furthermore, about 30(21.4%) did not have the habit of studying and utilizing data for their routine decision-making. For those who answered yes, analysis was done, 15(10.7%) using computer programs. From those who said no, the results show 25(17.9%) did not analyse due to lack of knowledge to analyse, 7(5%) lack of equipment’s to explore, and on the wrong side, 3(2.1%) said there is no need to analyse data while not required to investigate.

4.4.4 Distribution of Respondent’s Skills on Data Analysis and use TC "4.4.4 Distribution of respondent’s skills on data analysis and use" \f C \l "1" 
From the study finding, 90(64.3%) of respondents reported having skills in data analysis, while 50(35.7%) reported not having the skills. The researcher went further and asked precisely the skills they have for those who answered yes, 45(50%) have computer skills, 20(22.2%) have Survey and data analysis skills and 25(27.8%) had HMIS skills.
Table 4.11: Distribution of Respondent’s on having Data Analysis Skills TC "Table.4.11: Distribution of respondent’s skills on data analysis and us" \f T \l "1" 
	Response
	Frequency
	       Percentage (%)

	Yes
	       90
	              64.3

	No
	         50
	              35.7

	Total
	      140
	100.0

	Source: Field Work

	
	


Table.4.12: Distribution of Respondent’s Skills on Data Analysis and use TC "Table.4.11: Distribution of respondent’s skills on data analysis and us" \f T \l "1" 
	Response
	Frequency
	Percentage (%)

	HMIS Skills                                  
	        25
	                 27.8

	Computer software                        
	          45
	                 50

	Survey and data analysis skills       
	        20
	                 22.2

	Total
	       90
	               100.0


Source: Field Work
4.5 Influence of Organizational Factors in the Utilization of Information to Make Decisions TC "4.5 Influence of Organizational Factors in the Utilization of Information to Make Decisions" \f C \l "1" 
On this factor, the researcher tried to understand whether if the organizational element as an important for evidence-based decision-making towards effective health interventions. These factors include meetings, supportive supervision / Feedback, effective planning, resource and information availability, good governance, and leadership cited to be crucial for best-performed management health services 
4.5.1 Distribution of Respondents on whether they Conduct a Data Review Meeting TC "4.5.1 Distribution of respondents on whether they conduct a data review meeting" \f C \l "1" 
The study shows that the data review meeting is done; 85(60.7%) said they conduct data review meetings, and 55(39.3%) said they do not conduct data review meetings. For those who conducted review meetings study show that discuss management of routine data,20(14.2%) disease trends,35(25%) service coverage quality, and quantity,10(7.1%) while 7(5%) medicine stock-outs.
Table 4.13: Distribution of Respondents on whether they Conduct a Data Review meeting TC "Table 4.12  Distribution of respondents on whether they conduct a data review meeting" \f T \l "1" 
	Response item
	Frequency
	Percentage (%)

	Review Meeting 
	85
	60.7

	No review Meeting
	55
	39.3

	Total                                         
	140
	  100.0

	Source: Field Work
	
	


4.5.2 Distribution of Respondents of the Monthly Report submitted to the Hospital Management Team TC "4.5.2 Distribution of respondents of the monthly report submitted to the hospital management team" \f C \l "1" 
The study purposed to determine whether the health workers report to the higher level to solicit support from the seniors. And the results were 90(64.3%) said yes, and 50(35.7%) said no. but the researcher went father and asked the respondents if they got any feedback from the seniors after submitting the report for those who said yes. The results were 25(27.8%) said Yes and got feedbacks on data quality issues, 35(38.9%) verbal correction, and 30(33.3%) performance of health facility based on routine HIS.

Table 4.14: Distribution of Respondents of the Monthly Report Submitted to the    Hospital Management Team TC "Table 4.13: Distribution of respondents of the monthly report submitted to the hospital management team" \f T \l "1" 
	Response item
	Frequency
	Percentage (%)

	Yes
	90
	64.3

	No 
	50
	35.7

	Total
	 140
	     100


Table 4.15: Distribution of Respondents of the Monthly Report feedback from to the Hospital Management Team TC "Table 4.13: Distribution of respondents of the monthly report submitted to the hospital management team" \f T \l "1" 
	Response item
	Frequency
	Percentage (%)

	Feedback on Data
	25
	27.8

	Verbal Correction  
	30
	33.3

	Performance of Health Facility                           
	35
	38.9

	Total
	  90
	100


4.5.3 Support from the Hospital/ Senior Managers to Enhance Data Analysis and Utilization for Decision Making TC "4.5.3 Support from the hospital/ senior managers to enhance data analysis and utilization for decision making" \f C \l "1" 
The study findings show that 65(46.4) % receive support from the top senior management and receive help. The respondents also answered on what type of support, and most of them received support in the form of DQA 40(28.6%) , and 35(19.2%) resource for conducting data review meetings.
Table 4.16: Distribution of Respondents’ Support from the Hospital/ Senior Managers to enhance Data Analysis and Utilization for Decision making
	Response item
	Frequency
	Percentage (%)

	Support from senior management TC "Table 4.14: Support from the hospital/ senior managers to enhance data analysis and utilization for decision making" \f T \l "1"                           
	65
	46.4

	DQA (done by using data collection tools)    
	40
	28.6

	Data review meeting                                         
	35
	25

	Total
	140
	100


CHAPTER FIVE TC "CHAPTER FIVE" \f C \l "1" 
CONCLUSION AND RECOMMENDATION TC "CONCLUSION AND RECOMMENDATION" \f C \l "1" 
5.1 Chapter Overview TC "5.1 Chapter overview" \f C \l "1" 
Based on the previous chapter presented findings and analysis. The current chapter discusses the study findings conducted in the Mbeya region at Mbeya Zonal Referral Hospital. The results summarize the study's objectives: behavioural, technical, and organizational factors influencing health workers' decision-making data. But also, present recommendations Basing on the results obtained in the study analysis using SPSS, then the conclusion with the results got and for future study.

5.2 Discussion of Findings TC "5.2 Discussion of findings" \f C \l "1" 
5.2.1 The influence of behaviour factor on Data use for Decision Making among Health Workers TC "5.2.1 The influence of behavior factor on data use for decision making among health workers" \f C \l "1" 
The findings reflect the expression of Carbon (2008), that observed, health workers, need the motivation to influence behaviour change in clinical practices to use data for decision making; according to WHO (2005), little attention has been put to address the needs of health care service providers. Most of the organizations focus on training rather than motivating health workers on data analysis and data use. The above findings differ from those of Hotchkiss 2012 and Chaulagai 2005 which emphasized that a tiny amount of Data is used by those collecting the data and by local health management at a health facility or district. 
Based on the research of C. AbouZahr and T. Boerma. (2015) observed that behaviour factors influenced less than 10% of health facilities' decision-making for health data analysis and displaying data via creating graphs showing disease trends. Approximately two-thirds of the facilities of health professionals indicated that behavioural factors influence how they use HMIS data. Another study by Kimaro HC, Nhampossa JL. (2017) differs from the previous one. Nearly all health facilities reported having routine meetings to review management and administrative concerns influenced by behavioural factors. The sessions were held every month in the Majority of the health facilities, and nearly all kept formal records of the discussions. 
Due to individual behaviour, at least half of the facilities offered copies of their preceding meetings' proceedings within the quarter, according to (Mahundi M, Kaasbll J, 2007) when the research proceedings were analysed, however, the Majority did not have any data to use as a discussion plan. Despite the importance of behavioural factors, other studies conducted in Tanzania provided performance improvement tools such as flow charts and control charts to monitor the operation of their facilities, according to Rumisha SF. (2007). More than half of the districts said they had a system in place to raise funds for HMIS. In this study, 50% of the respondents said they had a long-term financial plan to fund HMIS activities, while the other half said they didn't, unrelated to the further study mentioned above.

5.2.2 The influence of Technical Factors on Data use for Decision Making among Health Workers TC "5.2.2 The influence of technical factors on data use for decision making among health workers" \f C \l "1" 
On technical factors, the findings show less correlation that lack of knowledge on data management and IT skills influence the availability and use of data for decision making among health workers—not appreciating the importance of HIS leads to health workers having minimal recognition of the value attached to data collection and use, which results in incomplete, inaccurate, and timely data documentation. The findings align with Aquil (2009) According to his research in Uganda, data analysis, communication, access, and understanding of specific users all need to be enhanced in order to support data use. This is still related to workers understanding why they are collecting data and attaching a value to gathering high-quality data and receiving feedback on HIS operations' performance.
Freeman T (2002) found that involving technical factors and management at a local level (health district leaders, health facility managers, and health leadership team) in planning processes strengthened health workers' capacity to use available data to advocate for change. The analysed service delivery across three districts in Cambodia over the same time period and ascribed the highest-performing district's achievement to the community's strong leadership and management capacity (managers were perceived to objectively undertake performance monitoring due to the influence of technical factors).

5.2.3 The influence of Organizational factors on Data use for Decision Making among Health Workers TC "5.2.3 The influence of organizational factors on data use for decision making among health workers" \f C \l "1" 
The findings show that organizational factor plays a significant role in having quality data and utilizing for decision making. This based to the fact that people in an organization execute tasks and behaviours that they feel the organization values and promotes. According to the findings, the majority of respondents stated they gather data because management and others require it, while others claimed it is just a routine that the administration requires. As a result, actions that create an information-use culture are essential organizational determinants.

However, through DHIS2 as a support mechanism for data quality improvement and the strengths and weaknesses of current data management processes, a study conducted in South Africa found similar results in exploring and describing staff experiences in organizational factors when using the DHIS2 as a support mechanism for data quality improvement and the strengths and weaknesses of current data management processes. The findings indicated the company's strengths, weaknesses, and major bottlenecks. The benefits were mentioned, including data capturers and DHIS2 software at the majority of the institutions. Inadequate staff,  funding limits, a lack of feedback channels, and insufficient data were among the other flaws.

5.3 Conclusion TC "5.3 Conclusion" \f C \l "1" 
The findings from this study informed the following conclusion: All the three factors studied to play a considerable role in using data for decision-making. For behaviour factors, the researcher found out that attitude, values, motivation, beliefs, functions, and responsibilities are the major factors impeding data utilization for decision-making. The decision-makers need to build powerful behaviours and motivations for health workers on the importance of data use for decision-making. As far as a technical variable is concerned, the researcher found that capacity building enables the health care workers to understand their daily responsibilities, particularly to enhance the use of technical skills they have analyse, interpret, and use data to inform decision making. 
The findings also indicated that several meetings had been conducted to review data and provide feedback on the quality of data collected and reported. These review meetings and feedback were useful in using data for decision-making (Schneberger and Wade,2006). Organizational and management structures in review meetings, Feedback, and supervision were very effective strategies for improving information utilization to make decisions. The level of information use culture in a health facility also influenced the health facility's utilization of health information. The findings indicate that there is a fit between the behavioral and technological constraints that the organization should support for information to be correctly used [Schonberger& Wade (2006] 

5.4 Recommendation TC "5.4 Recommendation" \f C \l "1" 
5.4.1 Policy Recommendations TC "5.4.1 Policy Recommendations" \f C \l "1" 
Tanzania has made significant efforts to reach middle-income status, and the current health sector has improved its services, particularly in pursuing universal access.  At the same time, better health for the entire population has been promoted by adopting health in all policies. A coherent system of government policies, legislation, strategies, institutions, and programs should guide Tanzania's consistent implementation of health sector growth, and health sector Policies
The policy and the Health Sector Strategic Plan's overall goal to provide essential health and social welfare services to all households while meeting population expectations, adhering to objective quality standards, and implementing evidence-based interventions through efficient service delivery channels, as much as possible. The policy agenda should include quality improvement of primary health care services, delivery of a package of essential services in communities and health facilities, and equitable access to services across the country by focusing on geographic areas with higher disease burdens and vulnerable groups in the population with higher risks. Enhanced engagement with the public for improved health and social well-being through active community partnership

5.4.2 Recommendations for Further Studies TC "5.4.2 Recommendations for further studies" \f C \l "1" 
Through this study, the researcher assessed the determinants of data use for effective healthcare service delivery among health workers in Mbeya City So, to have a robust comparison base and, if possible, statistical evidence based on factors impacting implications along the path to universal health care, other studies may be done to cover other locations. However, the study did not go deep enough to understand better the drivers of the health data /Information utilization and how organizational factors affect the implementation of information technology.
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APPENDICES TC "APPENDICES" \f C \l "1" 
APPENDIX I: RESPONDENTS QUESTIONNAIRE

INSTRUCTIONS

Please tick in the box provided, circle or write the correct answers in the blank spaces provided.

SECTION I: BACKGROUND INFORMATION

1. Age……… a) 18 – 25

b) 26 – 40

c) 40 and above

2. Gender of the Respondent

3. Male

4. Female

3.
Professional training of the respondent.

a)
Doctor

b)
Nurse

c)
Health Officer

d)
Pharmacist

e)
Laboratory technician

f)
Clinical officer

g) Others (specify)......................................................
4.
Level of training

a)
Certificate

b)
Diploma

c)
Degree

d)
Masters

5.
The years of working experience in the current office. ….. ………….

6. Where do you work?

a)
 Hospital

b)
Health Centre

c)
Dispensary
SECTION I1: BEHAVIOURAL FACTORS AND INFORMATION USE (INDEPENDENT VARIABLE)
7.
What type of data do you generate in the course of your daily activities? 

a)
Outpatient data

b)
Inpatient data

c)
Clinical

d)
Diagnostic data

e)
Program data (HIV, IMMUNZATION, FP, and ANC)

f)
Health systems data (finances, infrastructure, Human resource)

g)
Others (specify)………………………
8.
According to you, is it necessary to collect this data?

a)
Yes
(b) No

9.
If yes in question 8 above, what reason do you have for collecting data? (Tick)

a)
As a requirement

b)
To keep track of disease trend

c)
As a routine exercise

d)
To use it for decision making

e) Others (specify)…………………………...
10.
If no in question 8 above, what reason do you have for not collecting data?

a)
No tools for collection

b)
Not necessary

c)
Very tedious

d)
Boring

d) Not my work

d) Others (specify)…………………………

11.
Is information use important to you or your area of work? Yes
No

12.
If yes in 11 above, how do you use the health information? (Tick what is applicable)

a)
Monitor my work

b)
Monitor others work

c)
Monitoring programme output

d)
Planning

e)
Evaluation

f)
Research

g)
Budgeting

h)
Others (specify)……………………………......................................................

13.
If no in Q 11 above, how do you make your decisions as you run your services? Tick)

a)
Use approximates

b)
Use my opinion

c)
Just decide

d)
Ask others’ opinions

e)
Other specify

14.
Kindly choose what you think motivates health care providers to use health information

a)
Information is crucial in decision making

b)
Staff competence and skills to perform health information tasks is essential for data collection, analysis and use

c)
Positive attitude towards data collection and use

d)
Presence of data collection tools

e)
Strong leadership and Management

15). What is your view or opinion on information use?.................................................................................................................................
SECTION I1I: TECHNICAL FACTORS AND INFORMATION USE (INDEPENDENT VARIABLE).

16
Have you ever been trained on data management?

a)
Yes

b)
No

17
If yes, (above), where did you train?

a.
College training

b.
Seminars or Workshops

c.
On job training

d.
Others (specify)………………………………

18
Are the data/ information available on time when you require it for decision making? Yes
No

19
If yes in question 18 above, what is the source of this information?

a.
District Health Information System Software (DHIS)

b.
Registers

c.
Copies of monthly Summaries

d.
Records /HMIS office

20
If NO in question 18 above, what are the reasons of unavailability? 

a.
Poor documentation

b.
Inadequate IT knowledge on the DHIS software

c.
Lack of documentation tools

d.
System complexity

e.
Inadequate knowledge on data extraction, analysis and processing

f) (Specify)……………………………………………………………….

21
Do you carry out any data analysis on the data you collect?

a.
Yes

b.
No

22
If yes in Q 21 above, how do you analyze your data?

a.
Manually

b.
Using DHIS

c.
Using computer programs

d.
Using reports

23
If no, in Question 21 above, why don’t you analyze?

a.
Lack of knowledge on data analysis

b.
Lack of equipment for data analysis

c.
Not required to analyze

d.
No need for data analysis

e)
Others (specify)……………………………………………………….

24
What problems do you encounter when using health information? 

a.
Data not accurate

b.
Data not available

c.
Data not complete

d.
Data not timely

e.
Indicators nor relevant

25
In general, do you feel you have the skills necessary to analyze and use data and information in order to help with the kinds of decisions that you are involved in?

a.
Yes

b.
No

26
If no in question 28 above, which skills do you require?

i.
HMIS

ii.
Survey /Research

iii.
Data analysis

iv.
Data utilization

v.
Planning

vi.
Computer software’s

vii.
other data related areas. Specify………………………………

SECTION IV: ORGANIZATIONAL FACTORS THAT INFLUENCE THE ANALYSIS AND UTILIZATION OF HEALTH INFORMATION (INDEPENDENT VARIABLE).

27
Do you conduct data review meetings Yes
No?

28
If yes in Q27 above, what do you normally discuss? 

a.
Management of routine data like quality, reporting or timeliness

b.
Findings of routine data like disease trends

c.
Service coverage in terms of quantity and quality

d.
Medicine stock out in terms of workload and quantification

e.
Patient utilization of services in relation to population assigned

f.
Others (please specify) ….
29
Do you submit Monthly reports to the hospital office             Yes
No

30
If yes, in question 29 above, do you get any sort of feedback           

31
If yes in question 29 above, what sort of feedback? (Tick those relevant)

a.
Data quality issues (documented)

b.
Verbal corrections on the reports

c.
Performance of health facility based on routine HIS (documented)

d.
Others (Specify)………………………………………………………

32
Do you get any form of support from the hospital/or senior managers to enhance data analysis and utilization for decision making? Yes
No

33
If yes in question 362above, what form of support do you get? (Tick those relevant)

a.
Data quality Audits (DQAs)

b.
Data collection tools

c.
Resources for conducting data review meetings

d.
Performance of health facility based on routine HIS

e.
Funding for HMIS activities

f.
Support supervision and on job training on data tools

g.
Others (Specify)….

34
Give your own suggestions/recommendation on how to improve the use of health Data to make decision in our facilities
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