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ABSTRACT
This study aimed to examine the determinants of consumers’ purchase intention towards counterfeit apparel products in Tanzania using the level of formal education as a moderating variable. The study applied Theory of Planned Behaviour as a theoretical framework. The research was conducted in Tanzania under survey strategy where a total of 315 respondents were involved. The study employed both multistage and systematic random sampling techniques to obtain a representative sample. Structural Equation Modeling (SEM) was used to test the postulated hypotheses. The results before moderation revealed that attitude, subjective norm and perceived behaviour control had a positive and significant relationship with purchase intention.  The results of multi-group moderation analysis suggested a positive moderation of the level of formal education on the path of attitude and purchase intention on one hand as well as subjective norm and purchase intention on the other hand. The study concluded that positive attitude towards counterfeit apparel products, subjective norms and perceived behavioural control are the key predictors of consumers’ purchase intention hence reconfirmed the theory of planned behaviour. The study also concluded that the theory of planned behaviour can be moderated by the level of formal education hence, improves its ability to predict purchase intention. The study recommends future researchers to consider other consumers’ behavioural theories and moderating variables for predicting purchase intention of counterfeit apparel products in different context.
Keywords: Counterfeit Products, Purchase Intention, Apparel Products, Formal Education.
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CHAPTER ONE
INTRODUCTION

 1.1 Overview

This chapter presents the background to the study and explains the problem statement. It also describes the general and specific objectives as well as the significance of the study.

1.2 Background to the Study
Purchase Intention is a sort of decision-making that reflects the reasons to purchase a certain type of product (Dodd & Supa, 2011).  It is a condition in which consumers tend to purchase a particular product under specific situation.  Purchase intention generally is associated with perception, attitude and behaviour of consumers (Spears & Singh, 2004). Purchase intention with respect to counterfeits has grown significantly worldwide and has become an important subject of global concern (Bhatia, 2018; Chiu & Leng, 2016; Harun, Mahmud, Othman, Ali & Ismael, 2020; Jiang, Miao, Jalees & Zaman, 2019; Priporas, Kamenidou, Kapoulas & Papadopoulou, 2015). 
Counterfeit products (CPs) are referred to as similar or identical copies of trademarked goods which are offered in the market to gain the benefits generated by specific branded products (Cademan, Henriksson, & Nyqvist, 2012). The Organization for Economic Cooperation and Development (OECD, 2016) insists that up to US$ 641 billion or 2.5 per cent account for CPs in world trade. The problem of counterfeit purchase is occurring in both developing and developed countries posing serious economic and social problems to the countries, original manufacturers and consumers (Jinhwa, 2009). Although the problem of consumer purchasing CPs is serious but there is scarcity researches on the phenomenon in literature Chui and Leng (2016). Thus call for more investigations in order to understand consumer behaviour in counterfeiting.
Purchase intention of CPs has been studied by many scholars across the world (eg. Ang, Peng, Elison & Siok, 2001; Bhatia, 2018; Cademan et al.,2012; Carpenter and Edwards, 2013; Cheng, Hwai-Hui & Tu, 2011 de Matos, Ituassu, & Rossi, 2007;  Djuhardi & Kusumawati, 2017; Gani, Alam, Mostaquuim-Al-Islam, Chowdhury & Faruq, 2019; Koay, 2018; Lu, 2013; Moon, Javaid, Kiran, Awan & Farooq, 2018; Pham & Nasir, 2016; Quoquab, Pahlevan, Mohammad, & Thurasany, 2017; Rizwan, Ali, Anjum, Naseer, Majeed, Ali & Anwar, 2014). In Africa, scholars who have taken interest on the study of purchase intention of CPs include Moepswa (2016), Shunmugan (2015) and Tulula (2012). In Tanzania, some scholars who focused their studies on purchase intention of CPs are Lwesya (2017), Mosha (2012) and Mushi & Noor (2016).

         Previous scholars have identified the factors influencing consumers’ purchase intention of CPs so as to show better understanding the reasons behind the purchase intention of the CPs. Personal and social factors were examined by Bhatia (2018), Chui and Leng (2016), Gani, Alam, Al-Islam, Chowdhury & Faruq (2019). Ethical factors were identified by Jiang et al. (2019) and Quoquab et al. (2017). Product-related factors were studied by Stravinskiene, Dovaliene & Ambrazeviciute, (2013). However, the available literatures related to motives behind purchase intention of CPs are not well explained and in other areas they are under-investigated. Thus, Bhatia (2018) and Harun et al. (2020) stressed that future research may examine demographic factors (income, age, gender and education level) in connection to purchase intention of CPs because of the inadequate studies in that field. Other factors such as attitude and subjective norm which  influence  purchase intention are identified from various theories related to consumer behaviour including Theory of Reasoned Action (Fishbein and Ajzen, 1975) which showed attitude and subjective  as  main predictors of behavioural intention. The Theory of Planned Behaviour (Ajzen, 1985) indicated attitude, subjective norms and perceived behavioural control are main determinants of behavioural intention. 
However, the reasons why consumers intend to purchase counterfeit products are not yet thoroughly exhausted; hence there is room to conduct more studies in the same phenomenon to provide a solid theoretical foundation on the factors influencing consumers’ intention. This study will bank on TPB factors (attitude, subjective norm and perceived behaviour control) in predicting consumers purchase intention in Tanzania context. TPB is an instrumental framework in examining and predicting consumer behaviour studies concerned with counterfeits because of its ability to predict behaviours which are not under complete volitional control (Bhatia, 2018; Cheng et al., 2011; Kim & Karpova, 2010; Penz & Stottinger, 2005). 
Consumers’ formal education is a crucial aspect in the study of consumers’ purchase intention of CPs (Bhatia, 2018). Studies conducted by Moepswa (2016) and Tulula (2012) insisted that highly educated consumers are more sensitive to ethical issues, quality, reputation and trust in purchasing CPs. Lwesya (2017) argued that less educated people are more likely to purchase CPs because they cannot comprehend the effect of purchasing CPs. In this view and as encouraged by previous scholars, Bhatia (2018) and Koay (2018) claimed that the relationships between determinants of CPs and purchase intention of CPs could either be moderated or mediated by different variables. Therefore, the researcher aimed to build on the theory of planned behaviour (TPB) by using the level of formal education to moderate the relationship between the determinants of CPs and purchase intention. Thus, the use of formal education as a moderating variable is geared to improve the ability of TPB to predict purchase intention of CPs.
 In Tanzania, Counterfeit products have continued to flourish in the marketplace            (CTI, 2017), and the studies which investigate the factors influencing consumers to either purchase or intention to purchase counterfeit products are still scarce (Mushi & Noor, 2016). There are different types of counterfeits found in Tanzania markets. They include both locally manufactured counterfeits and imported counterfeit goods. The main counterfeits products found in the market include electrical products, TV sets, clothes, motor vehicle spare parts, mobile phones, medications and building materials (CTI, 2017).   
In the present study, the researcher had an interest in studying counterfeit apparel products because apparel industry is observed to be number one in the industries affected by counterfeits manufacturers (Moon, Javid, Kiran, Awan, Farooq, 2018). Counterfeit apparel products cause the loss of genuine brand reputation and loss of billions of US dollars to the economy every year (Moon et al., 2018). Additionally, counterfeits apparel products are among popular CPs found in the Tanzania market (CTI, 2017).  Besides that, there are a limited number of studies that used counterfeit apparel products in Tanzania (Lwesya, 2017; Mushi & Noor, 2016). 

Counterfeit apparel products refer to the copies of trademarked clothing, specifically the outerwear. Example of counterfeit apparel products (CAPs) found in Tanzania market includes trousers (cadets and jeans), executive suits, bed sheets, T-shirts, sofa materials, women wrappers, towels and handkerchiefs (CTI, 2017). Many efforts have been made by anti-counterfeiting agents such as government, the original brand manufactures and other institutions to curb the problem of counterfeit business but still, there is an increase in the number of consumers of CPs in Tanzania (Fair Competition Commission, 2015)
Previous scholars (Mosha 2012; Mushi and Noor, 2016; Mwita 2016; Lwesya, 2017) who conducted studies on consumers’ behaviour and purchase intention towards CPs in Tanzania have shown that different factors influence purchase intention. However, all these studies did not take into consideration the role of the level of formal education as moderating variable in their analysis to assess the relationships between the variables thus the current study attempts to fill that gap. The level of formal education as a moderating variable expected to strengthen and improve the relationships between determinants of CAPs and purchase intention.
1.3 Statement of the Problem  
The consumer market is mixed up with different CPs which affects consumers’ purchase intention (Pham & Nasir, 2016) as such consumers are motivated to purchase CPs against their intention. The increase of consumers in purchasing CPs makes the investigation of consumers’ purchase intention towards CPs of more important. The low prices of CPs mainly influence the demand for CPs, but indeed there are more factors to be investigated rather than price-related factors (Mushi & Noor, 2016). TPB factors have been used in the studies of consumer purchase intention towards CPs because of their high power of prediction. Different scholars such as Bhatia (2018), Carpenter & Lear (2011), Chiu & Leng (2016), de Matos et al. (2007)  Gani et al. (2019), Lu (2013), Pham & Nasir (2016)  Riquelme, Abbas, Rios (2012) and Rizwan et al. (2014) used TPB factors in examining the consumers purchase intention towards CPs indicated mixed findings among them and inconsistent findings against TPB. Therefore, due to the contradictory results of the studies mentioned in the previous sections, there is still a gap to be addressed in the same topic to expand the understanding of consumers’ purchase intention towards CPs. Besides that, previous scholars (Bhatia, 2018; Harun et al., 2020 and Khan et al., 2015) indicated that little consideration is given to demographic factors (gender, income, education and age) in examining the consumers purchase intention of CPs in order to reveal its influence on purchase intention. 
There are also disagreements among the researchers on the influence of the demographic variables towards purchasing intention of CPs. The demographic variables can either be used as predictor variables or as moderator variables in examining consumers purchase intention so as to increase the explanatory power of the theory in predicting consumer purchase intention (Harun et al., 2020). Therefore, the researcher used the level of formal education as the moderating variable because its influence on examining consumers’ purchase intention of CPs was not well addressed in relation to other demographic variables thus, filling the theoretical gap.
Nonetheless, many studies on the factors influencing purchase intention towards CPs have been conducted in developed countries such as in Europe and USA (Lwesya, 2017). In this case, a different context like Tanzania is considered a fertile ground because the number of factors and the extent of influence differ in terms of context (social economic development and cultural), age, education and income, also the consumers’ perception towards counterfeit products may be different (Bhatia, 2018). Hence, the way Tanzanian consumers perceive counterfeit products may not be equal compared with consumers in developed countries due to culture differences. 
Furthermore, there is increase of the purchasing and consumption of counterfeits products in Tanzania (CTI, 2017). As such, the factors influencing the consumers purchasing intention towards CPs in the context of Tanzania are not sufficiently understood. This brings up an opportunity to carry out another research to fill the contextual gap. Therefore, Understanding the link between determinants of CPs and purchase intention will add more insights to original products manufacturers and marketers on the means to motivate consumers to focus their purchase intention towards original products.
1.4 Research Objectives
 The following general and specific objectives guided the study.
1.4.1 General Objective
 The general objective of this present study was to examine the determinants of consumers’ purchase intention towards counterfeit apparel products in Tanzania using the level of formal education as a moderating variable.
1.4.2 Specific Objectives  
The study based on the following specific objectives:
i. To determine the effects of attitude on consumers’ purchase intention of counterfeit apparel products

ii. To determine the effects of subjective norm on consumers’ purchase intention of counterfeit apparel products

iii. To determine the effects of perceived behavioural control on consumers' purchase intention of counterfeit apparel products

iv. To assess the moderating role of the level of formal education on the relationship between determinants of counterfeit apparel products and purchase intention
1.5 Significance of the Study
The findings from this study contribute to the body of knowledge on consumer purchase intention of counterfeit products literature. The findings also serve as a source of reference for further researches on purchase intention in view of counterfeiting. The study enhances a broad understanding of the factors that influence purchase intention of the counterfeits apparel products based on the TPB framework as far as theoretical perspective was concerned. It also contributes to the theory of planned behaviour by adding a level of formal education as a moderating variable and expanded its predicting power on purchase intention of counterfeit apparel products. More importantly, the introduction of formal education was believed to provide a significant influence on the relationship between the determinants of CPs and purchase intention. 
Practically, study findings provide information to the stakeholders who are fighting against the business of counterfeits about the factors influencing purchase intention of counterfeit apparel products. The insights obtained from this study help marketers to prepare right implementation decisions. The insights also help marketers to refine better marketing strategies in promoting the purchase of original products. The findings may form the basis in the preparation of educational campaigns, training and workshops to consumers in order to sensitise them to have the intention to purchase original products. However, the findings may be useful to the law enforcing agents when reviewing laws which protect the consumers against deceptive counterfeits. Besides, the findings of this study might assist the genuine brands manufactures to understand consumers’ purchase intention of counterfeit apparel products and focus on designing and producing better products that discouraging the purchase of counterfeit apparel products.
1.6 Scope of the Study
 The study covered the consumers of apparel products in Tanzania and it used the level of formal education as a moderating variable for the relationship between the variables in the Theory of Planned Behaviour. This was the means to provide a significant contribution on expanding the understanding of determinants of consumers’ purchase intention of counterfeit apparel products. However, the current study did not cover other types of counterfeit products, other demographic factors (gender, income and age), other consumer behaviour theories and other countries of Africa that could affect the findings of this study.
1.7 Organization of the Thesis
The remaining part of this thesis report comprised of five chapters including chapter two, which covers the theoretical and empirical literature review, the conceptual framework, research gap, and hypotheses development. Chapter three comprises of the methodology of the study where it indicates research philosophy, design, approach and strategy, area of the study, population and sample size as well as data collection techniques. The chapter also describes the proposed reliability and validity tests, measurement of variables and data analysis technique. 
Chapter four covers the results of the study where results are presented in terms of generated statistics, figures and tables for the tested variables and hypotheses. Chapter five presents a discussion of the findings; it involves filling of the research gap, the identification of new insights and generation of the new knowledge according to the results attained under this study. Chapter six indicates the conclusions, recommendations and limitations of the study and proposes areas for further research.  Lastly, reference list and appendices are provided at the end of the thesis report.
CHAPTER TWO
LITERATURE REVIEW

2.1 Overview
This chapter provides reviewed literature which relates to this study. The reviewed literature includes both theoretical and empirical literature. The chapter also provides explanations on the research gap, conceptual framework and hypotheses.
2.2 Definitions of Key Terms

2.2.1 Counterfeit Products 

Counterfeit products are defined as identical or similar copies of trademarked goods that are offered in the market place to take advantage of the benefits generated by the specific branded products (Grossman & Shapiro, 1988). Another definition was provided by Lai & Zaichkowsky (1999) who defined counterfeit as identical copies of authentic products or an item that bears a brand name or logo without permission of the registered owner. Similarly, Ang et al. (2001) defined counterfeits as “reproduced copies that are identical to the legitimate articles, including packaging, trademarks, and labeling. This definition is in line with that of Chow (2000) Cordell et al. (1996) and Kay (1990). 
Furthermore, Eisend and Schuchert-Guler (2006) defined counterfeits as goods that have trademarks or features that are identical or only slightly vary from those of other companies registered trademarks or features, this way infringing the registered trademarks owners’ rights. According to the literature, there are two types of counterfeiting which have been identified; these include deceptive and non-deceptive counterfeiting (Fink, Maskus & Qian, 2016). Deceptive counterfeiting includes all the situations where the consumer is unaware of being misled into buying a counterfeit item. The consumer thinks that he is purchasing an item made by a specific company while other producers make it. 
Quite often, counterfeit items are sold by persons claiming to be the official representatives of brands (Cademan et al., 2012), non-deceptive counterfeiting occurs when consumers, due to the situation (place of purchase, price, and item composition) are aware that the item is not original, but still make a conscious decision to buy it (Stravinskiene et al., 2013). However, in the case of this study, the definition of Lai & Zaichkowsky (1999) was adopted since it suits the intended study. It has been used with many researchers such as Bhatia (2018); Cademan et al. (2012), Lu (2013), Phau & Teah (2009) & Quoquab et al. (2017) who conducted their studies in the area of counterfeits.
2.2.2 Counterfeit Apparel Products

Counterfeit apparel products refer to the copy of trademarked clothing, specifically the outerwear which are produced without the authorization of original manufacturers (CTI, 2017; Moon et al., 2018).This definition matches with chosen counterfeit product category under this study.
2.2.3 Formal Education
Formal education refers to the systematic instructions in ‘universal’ knowledge and skills, provided at prearranged times and places by specialists (Trommsdorff & Dasen, 2001). On the other hand, Glewwe & Lambert (2010) perceived formal education as increase of individuals' well-being primarily through their acquisition of skills, both cognitive and non-cognitive. According to Tulula (2012), formal education refers to the numbers of years an individual has spent in school. Education is also referred to the process of influencing learning and gaining knowledge, beliefs, skills and values through teaching, training guiding and coaching (UNESCO, 2016). Therefore, the study adopted the definition of Tulula (2012) since consumers were divided into groups based on their level of education during multi-group moderation analysis.
2.2.4 Purchase Intention
Dodd & Supa (2011) and Sam & Tahir (2009) defined purchase intention as the willingness of the consumer to buy or likelihood of a consumer to purchase a product or service.  On the other hand, Spears & Singh (2004) defined purchase intention as a conscious plan made by an individual to make an effort to purchase a brand. Purchase intention is the same as behavioural intention which originated from TPB by Ajzen (1991). It is referred to as motivational factors that influence a given behaviour where the stronger the intention to perform the behaviour, the more likely the behaviour will be performed.  
Purchase intention is mainly being determined by three factors, namely attitude, subjective norms and perceived behaviour control (Ajzen, 1991). Thus, in this present study, the purchase intention was determined by the aforementioned factors for consumers to purchase counterfeit apparel products. According to Moon et al., (2018) counterfeit purchase intention has been widely used in the studies of consumer behaviour literature, and purchase intention is used as a proxy to study the purchasing of counterfeit apparel products.
2.3 Theoretical Literature Review

In the current study, the intention to purchase the counterfeit apparel products was explained by two theories which were the Theory of Planned Behaviour (TPB) and Ethical Decision Making Theory (EDM). These theories assisted the researcher in understanding the variables that predict purchase intention from the theoretical perspective and provide ideas on how to come up with the conceptual framework of the study.

2.3.1 Theory of Planned Behavior 

TPB originated from the Theory of Reasoned Action- TRA (Fishbein and Ajzen, 1975) with two variables (attitude and subjective norm) as main predictors of intention. However, in 1985 Icek Ajzen extended TRA into TPB by adding one variable that is perceived behavioural control and indicated to be a better predictor of intention and behaviour. TPB states that attitude (behavioural belief) toward behaviour, subjective norms (normative belief), and perceived behavioural control (control belief), together shape an individual's behavioural intentions and behaviours. 
Behavioural intention is the central factor of the TPB which is referred to as decision to act in a particular way and it is a strong predictor of the actual behaviour. The behavioural intention was first studied by Fishbein & Ajzen (1975) through the Theory of Reasoned Action (TRA) then followed by Ajzen (1991) using the Theory of Planned Behaviour (TPB) in the studies of consumer behaviour. The behavioural intention is influenced by attitude, subjective norms and perceived behaviour control (Ajzen, 1985). Their studies revealed that positive (favourable) attitude, subjective norm and perceived behavioural control determine consumer behavioural intention. However, the findings from these scholars have been supported and rejected by other proceeding researchers.
Applicability of TPB is also shown in different businesses and organisations and used to predict customers and competitor’s behaviour as well as market consumption. In addition to that, TPB has been applied in the field of advertisements, particularly in the study of improving advertisements in tourism and travel sectors done by Alonso, Sakellarios & Pritchard (2015) in the UK. On top of that, Ertz, Jo, Huang, Karikas & Sarigollu (2017) have shown the application of TPB in the environmental field in the study of promoting positive behaviours in the consumption of reusable containers in China and Canadian University. Furthermore, TPB is used in many anti-social behaviours, such as in the study of consumers’ purchase intention of counterfeit sporting goods by Chiu and Leng (2016) in Singapore and Taiwan. In their study, they revealed that subjective norms, brand association and attitude predict purchase intention of counterfeit sporting goods in both countries whereas perceived behaviour control predict purchase intention of counterfeit sporting goods in Taiwan only.
Studies conducted by de Matos et al. (2007) and Bhatia (2018) revealed that the TPB framework on its own does not intensively predict purchase intention of consumers. Ajzen (1985) advanced that TPB can be expanded or modified to have a better understanding of the behaviour; he suggested that TPB is opened to accommodate additional predictors. Based on the identified gap, the current study considered formal education as a moderating variable between determinants and consumers’ purchase intention of counterfeit apparel products.

Purchase intention can be affected by several factors such as ethics, morals, religion, culture and many other (Stravinskiene et al., 2013). According to Cademan et al. (2012) and de Matos et al. (2007), purchase intention is reinforced by different factors including perceived risk, perceived quality, prestige, reputation, trust and gratification which are embedded to formal education (Moespswa, 2016). 
There is a significant relationship between different level of formal education and purchase intention whereby the highly educated people are more curious about the product they purchase (Tulula, 2014). Thus, the use of formal education in the relationships is supported by Bhatia (2018) and Goddard (2014) who stated that formal education might have a role of changing consumers’ intention leading to the change of the behaviour, hence it can help to reduce the purchase of counterfeit products in future. Therefore it is evident that the level of formal education has an effect towards making an ethical decision in purchasing counterfeits. 

The use of TPB has several strengths, such as it has the ability to explain non-volition behaviour which TRA failed to account (Ajzen, 1991). According to Ajzen (1991), TPB can predict intention and behaviour better than TRA because of the addition of the perceived behaviour control variable.  On top of that, TPB has been used in many correlation studies where it produced good results (Gani et al., 2019).  However, TPB has the weakness of not considering demographic factors, issues of ethical and moral consciousness, risk, quality, trust, moods, emotions and reputation in explaining individuals’ behavioural intention (Ang et al., 2001; Cordell, Wongtada, & Kieschnick, 1996 & Stravinskiene et al., 2013). This is why the researcher has decided to contribute to this theory to increase its predicting power. However, TPB variables that are applied to this study are briefly explained as follows.
2.3.1.1 Attitude 
The attitude in the context of consumer behaviour refers to a person feeling or behavioural belief or affection towards something (Cademan et al., 2012). According to Rizwani et al. (2014), consumers’ attitude can be tested by measurements such as economic, ethical, quality and legal.  According to Phau et al. (2009), one of the important roles played by attitude is to influence consumers to purchase the counterfeit product. The possibility of a consumer to buy a counterfeit brand becomes high when there is a positive attitude towards counterfeit products. Likewise, the possibility of consumers to purchase counterfeit brand becomes low when the consumer has a negative attitude towards counterfeit brand despite any product category (Bhatia 2018).  

2.3.1.2 Subjective Norm
Subjective norm refers to individuals’ perception of social normative pressure, which is normative beliefs ((Fishbein & Ajzen, 1975). In another way, subjective norms are regarded as relevant beliefs of others concerned to whether they should perform or not perform a given behaviour. According to Ajzen (1991), the subjective norm is the function of normative beliefs,  that can be regarded as the level to which individuals or groups approve or disapprove of performing a behaviour and motivations of the subject to adhere to the particular behaviour. With respect to counterfeiting, significant others may influence people to purchase counterfeits products only when they agree with purchasing decision and increase purchasing intention of CPs (Penz & Stottinger, 2005). 

2.3.1.3 Perceived Behavioural Control
Ajzen (1985) defined perceived behaviour control as the perception of the ease or difficulty to perform the behaviour of interest (control beliefs). Perceived behaviour control is referred to the combination of control factor and perceived power of that particular control factor (Penz & Stottinger, 2005). Thus, control beliefs refer to the perception of different control factors such as resources and opportunity that facilitate or impede the performance of the behaviour.  
Kim & Karpova (2010) indicated that the perceived accessibility of resources and opportunity might lead to behavioural intention and actual behaviour. On the other hand, perceived power refers to the likelihood that a controlling factor may prevent an individual from performing the behaviour. Perceived behaviour control is the component which differentiates TRA and TPB in the sense that TRA believes that human behaviour is under volitional control and can be predicted by intentions only. Thus the inclusion of perceived behaviour control in TPB is to predict non-volitional behaviours (Ajzen, 1991).
2.3.1.4  Behavioural Intention 
Behavioural Intention is among the variable in the TPB. Behavioural intention refers to the motivational factors that influence a given behaviour where the stronger the intention to perform the behaviour, the more likely the behaviour will be performed. According to Cheng et al. (2011), the intention is the condition in which an individual is willing to carry out a certain behaviour which is regarded as the cause of the particular behaviour. The key determinants of consumers’ intention include behavioural attitude, perceived behavioural control and subjective norm whereby each of the determinants has its significance in connection to the behaviour (Ajzen, 1991). Regarding counterfeit purchasing, the chances that an individual has the behaviour of repeating the same purchase is also considered as purchase intention, and it is generally associated with past, present and future consumers’ behaviour (Shunmugam, 2015).
2.3.2 Ethical Decision Making Theory 
EDM theory was developed by Ferrell & Gresham (1985). It is also used to predict behaviour for the studies related to counterfeits because it can provide an examination and prediction of ethical behaviour. EDM theory states that in dealing with ethical and or unethical issues, an individual decision depends on three variables which are individual factors, significant others and opportunities. Individual’s factors include knowledge, values, beliefs, attitude and intention, which help in behaviour evaluations. Thus, the collection of knowledge, values and beliefs from individual factors may be named as education when referring to the meaning of education (UNESCO, 2016). 
Significant others refer to the extent to which behaviour is learnt through interaction with the same group. Significant others encompass issues such as differential association and role set configuration. On the other hand, an opportunity is referred to as one of the factors that deal with the evaluation of ethical behaviour. Opportunity includes rewards/punishments, personal codes and corporate policy. The idea of opportunity is to deal with both rewards and punishment in the sense that in the absence of punishment, an action would increase opportunity.
EDM has been used in many counterfeit studies, together with other variables that are outside the framework of this study. It has been used in the study of Vida (2007) that examine purchase intention of pirated software, branded t-shirts and watches, and there were different findings, some factors such as attitude, gender, social consequences have shown positive relation to purchasing intention of CPs while innovativeness and religiosity indicated a negative relationship to purchase intention. Similarly, EDM was used by Koklic (2011) in exploring the purchase intention of consumers for counterfeit leisure goods, and findings indicated that perceived risk and more intensity have a significant effect on purchase intention.
From the theory of ethical decision making, the researcher is interested with individual factors variable because it has a component of formal education where formal education was used as a moderator in the relationships of determinant towards CPs and purchase intention.  The individual variable deals with a set of philosophical assumptions in making ethical decisions. According to Ferrell & Gresham (1985) and Faria (2013), individual factors are concerning with individuals who are influenced by moral philosophies learned through socialisation, for instance, in family, social groups and formal education. Thus, formal education system, training programs, seminars and courses are related to ethics and facilitate ethical belief and behaviour.
Level of formal education influences individual ability to understand and interpret unethical behaviour such as the purchase of CPs. Moepswa (2016) asserted that education level is inversely related to consumers’ attitude. It is obvious that highly educated people are less likely to engage in purchasing counterfeit than the less educated ones. This might be because consumers who are more educated and understand the risks associated with CPs and concern about the ethical issues leading them to have less attitude and purchase intention. Level of formal education was also expected to affect the subjective norm, whereby less educated people hold more social influences (subjective norm) in the context of CPs than highly educated people as a result of more purchase intention. Equally, the level of formal education exert an effect on perceived behavioural control, the higher the level of formal education, the less the perceived behavioural control and purchase intention. Therefore, it was expected that difference in the level of formal education in attitude towards CAPs, subjective and perceived behaviour control might change consumers purchase intention of CAPs.
2.4 Synthesis of Theory of Planned Behaviour and Ethical Decision Making
The idea of synthesizing theory is to make it stronger and to enhance its practicability (Pound and Campbell, 2015). This study applied Theory of Planned Behaviour (TPB) as a theoretical framework for research model and expected to contribute to the consumer behaviour literature so as to add insights to the existing theoretical foundation of consumers’ purchase intention. TPB is based on the facts that consumers’ behavioural intention is influenced by several factors (Ajzen, 1991).
Many previous researchers have used TPB (Cheng, et al., 2011; Chuo & Leng 2016, Cheng, et al., 2011; Kim & Karpova, 2010; Lu, 2013 and Pham & Nasir, 2016) to predict purchase intention behaviour of counterfeits. 
TPB is indicated to be flexible and able to accommodate some additional variables so as to improve the ability of prediction. Given this scenario, researchers opted to apply TPB by adding extra variables or dropping some variables from it on a way to make it more practical theory in the field of consumer behaviour. Otham, Yap & Wee (2011) and Armitage & Christian (2003) contended that among the limitations of TPB is its failure to stress demographic factors in TPB studies.   However, there is lack of insights in the literature on how demographic factors particularly education influences the purchase intention (Bhatia, 2018; Harun et al., 2020; Yoo & Lee, 2012; Wee & Cheok, 1995). Therefore, this study attempted to fill this gap. The researcher reviewed the theory of Ethical Decision Making (EDM) so as to come up with an additional variable related to demographic factors. 
EDM theory is also applied to predict purchase intention of CPs, which using factors somehow different from TPB factors such as education and values (Koklic, 2011). This is obviously a chance to link between TPB and EDM theories in determining consumers’ purchase intention. EDM provided education (level of formal education) variable that was deployed as a moderating variable in TPB factors as proposed (Bhatia, 2018). This means that the extent to which level of formal education influences the determinants of CAPs (attitude, subjective norms and perceived behavioural control) under consumers with less level of formal education is a significant difference from the consumers with the high level of formal education. Therefore, it was expected that level of formal education moderates the relationship between the determinants of CAPs and purchase intention.
2.5 Empirical Literature Review

Counterfeit studies have been conducted in different parts of the world which provided different findings and conclusion. However, due to contradictory findings, that is why more studies are still conducted to confirm or dis-confirm the previous findings and to gain more insight into the area of counterfeits and consumer behaviour.
2.5.1 Attitudes towards CPs and Purchase Intention 

Carpenter & Edward (2013) in the US conducted a study to investigate consumer attitude in the context of fashion products. The study used structural equation modelling (SEM) in data analysis which revealed a favorable positive relationship between consumers’ attitude and purchase intention of counterfeit products. The research concentrated on US consumers using non-probability samples, thus paving the way for another study to be conducted in another country with different samples and sampling procedures. 
Similar findings were found in other studies done by Bhatia (2018) in India, who investigated the factors affecting consumers’ attitude toward fashion products with a sample size of 382 consumers in Mumbai. The study used SEM to test the causal relationships between constructs. The results of this study revealed that consumers’ positive attitude was positively related to purchase intention.  Cheng, Hwai-Hui, Tu, (2011) in China examined the factors affecting Vietnam consumers’ purchase intention for CPs based on modified TPB. The study used 400 sample size, and hypotheses were tested through SEM technique, the result showed a significant relationship between attitude and consumers’ purchase intention towards CPs.  Koay (2017) in Malaysia showed that consumers’ positive attitude was positively related to purchase intention. He examined the factors affecting consumers’ intention towards CPs in Malaysia with a sample size of 280 consumers and test proposed hypotheses through SEM- Smart PLS. 
The results of Bhatia (2018), Cheng, Hwai-Hui, Tu, (2011) and Koay (2017) were in line with that of De Matos et al. (2009) in Brazil, Phau & Teah (2009) in china and Rizwan et al. (2014) in Pakistan who tested the relationship positive attitude towards CPs and purchase intention and came up with positive and significant relationship between the variables. De Matos et al. (2009) tested the model which integrated the main factors of attitude and consumers’ behavioural intention towards CPs. The sample size in the study was 400 consumers in Brazil, whereby SEM was used to test the postulated hypotheses. 
The results indicated that purchase intention washighly depending on consumers’ attitude towards counterfeit products. Phau & Teah (2009) in china examined how social and personal factors influenced Chinese consumers’ attitude towards counterfeit luxury brands with a sample of 270 shoppers participated in the study. The study used regression analysis technique to examine the relationship between the attitude and purchase intention. The findings indicated that attitude towards CPs positively influenced consumers’ purchase intention. Rizwan et al. (2014) conducted a study with the primary objective of finding out consumers’ purchase intention towards counterfeit mobile phones in Pakistan. The sample size of 150 mobile phone consumers was involved in the study, and SEM tested the model. The results showed a significant relationship between positive attitude and behaviour intention towards counterfeit mobile phones products.

A study conducted by Pham & Nasir (2016) in the UK examined the factors driving the market for counterfeit products.  The study involved 306 respondents and used self administered questionnaire to collect the data. The study used both correlation and multiple regression analysis techniques in data analysis. It was indicated that there was a negative relationship between consumers’ positive attitude and purchase intention of the counterfeit products. Riquelme et al. (2012) in Kuwait indicated in the part of empirical discussion that Eisend and Schuchert-Gular (2006) as refer to confirm from Schlegelmilch and Stottinger (1999) that there is negative relationship between attitude and purchase intention of CPs. 
However, the study of Riquelme et al. (2012) aimed to understand the factors influencing attitude towards CPs and purchase intention of CPs. The study involved 401 respondents who were involved in the survey using questionnaires. Structural equation modeling was done to test the hypotheses. The result indicated that attitude towards CPs considered a percentage of discrepancy of purchase intention. Therefore, the literature showed that there are different findings which exist on the relationship between attitude and consumers’ purchase intention towards CPs hence there is room to conduct more researches in the similar phenomenon in order to validate the findings.
2.5.2 Subjective Norm and Purchase Intention of CPs
Subjective norms refer to the individuals’ perception of social normative pressure. It is a belief about whether most of the people approve or disapprove of the behaviour (Ajzen & Fishbein, 1975; Ajzen, 1985).  The relationships between subjective norms and purchase intention have been done by different scholars and came up with different results depending on the context where such studies have been conducted.  Cheng et al. (2011) conducted a study in China whereby they related subjective and purchase intention variables. 
The study involved the sample size of 400 respondents and SEM tested the models. The findings from the study revealed that subjective norms significantly influenced purchase intention of CPs. The study used university students as the key respondents, unlike the current study, which involved different consumers in the households and different sample size to examine the relationships between the subjective norm and purchase intention of CPs. Therefore, there is a necessity to conduct another study using the same variables. 
The findings supported the propositions made by Ajzen (1985) that the higher the influence of social pressure (subjective norms), the stronger the purchase intention. Besides, the findings are in line with Chiu & Leng (2014), (2016), de Matos et al. (2007), Kim & Karpova (2016), Penz & Stottinger (2005) who studied the relationship between subjective norm and purchase intention of the CPs and revealed the positive and significant relationships between the two variables. However, a study conducted by Chang (1998) in Hong kong. The study aimed to compare the theory of planned behaviour and theory of reasoned action in the area of moral behaviour. The study involved 181 university students as a sample size. The hypotheses were anaylzed by using structural equation modeling technique. The results revealed that subjective norm do not influence purchase intention of CPs. 
The findings are consistent with Lu (2013) in Sweden who examined the motives of consumers towards purchasing and using counterfeit products.  The sample size was 244 university students who were surveyed and requested to fill the questionnaires. The hypothesized relationships were tested by the use of multiple regression analysis and one way ANOVA. The findings of this study indicated that subjective norms are negatively related to purchase intention. Therefore, there is a need to conduct a broad scientific study on determinants of consumers’ purchase intention towards CPs so as to come up with a good source of the empirical literature on purchase intention towards CPs in Tanzania.
2.5.3 Perceived Behaviour Control and Purchase Intention of CPs

Relationship between perceived behavioural control (PBC) and purchase intention has been tested by previous researchers in a different context and provide inconclusive results. According to Ajzen (1991), PBC refers to the personal perception of the ease and difficulty of performing the behaviour of interest. Cheng et al. (2011) conducted a study in China with the primary objective of examining consumers’ intention to purchase CPs. The study composed of 400 sample size and SEM was used to test the relationships between the variables. The study findings were the purchase intention of CPs increases with PBC. The findings are in line with that of Penz & Stottinger (2005) who conducted a study on an explanatory model for volitional purchase of CPs of Austrian consumers. The study revealed that PBC is positively related to the purchase intention of CPs. 
Similarly, Mush & Noor (2016) conducted a study to examine the consumer behaviour and counterfeit purchase in Tanzania who also hypothesized positively relationships between PCB and purchase intention of in Tanzanian consumers. The findings are related to the findings obtained by previous scholars such as Kim & Karpova (2010) and Lu (2013) who also examined the relationship between PBC and purchase intention of CPs. For instance, Kim and Karpova (2010) conducted a study which focused on examining consumer attitude towards purchasing fashion counterfeit goods applying theory of planned behaviour. The study surveyed 336 sample size of female college students who filled the questionnaires sent through email. The hypotheses of this study were tested using SEM. The findings revealed that perceived behaviour control is positively related to purchase intention of counterfeit fashion goods. Equally, the Chang (1998) found that PBC was the significant determinant of purchase intention of CPs of Hong Kong consumers. The findings are similar to the assumptions made by Ajzen (1985) that PCB is one of the determinants of purchase intention.

However, a study conducted by Chiu & Leng (2016) which aimed at comparing the purchase intention of CPs between Singapore and Taiwan consumers found that there is an insignificant relationship between PBC and purchase intention of CPs in Singapore consumers. Thus the findings are inconsistent with the assumptions made by Ajzen (1985), that PCB is a significant factor of purchase intention. Due to the conflicting results between the previous scholars about the link between PCB and consumers’ PI of CPs, thus call attention to conduct another study that will provide a deeper understanding of the proposed relationship. 
2.5.4 Moderating Role of Formal Education level 

Bhatia (2018) and Koay (2018) advanced that there is a gap existing between factors of CPs and consumers’ purchase intention. This means the gap is between independent variables (factors) and dependent variable (purchase intention). The gap indicated evidence that the involvement of the third variable (moderator variable) might influence the strength and or direction of the relationships between the factors and purchase intention of counterfeit products by strengthening the link between determinants of CPs and purchase intention (Mushi & Noor, 2016). 
Various variables (age, gender, income, advertising exposure, culture, perceived risk, brand consciousness and previous experience) had been used as moderators between factors towards CPs and purchase intention of CPs relationships but formal education had not been given considerable attention. For instance, Carpenter and Lear (2011) in USA tested the moderation effect of gender on the relationship between the determinants of CPs and purchase intention and revealed that gender moderated the relationship between attitude and purchase intention of the CPs. Also, Bhatia (2018) in India used income to moderate relationship between the factors of CPs and purchase intention and found that income positively moderated the relationships between the variables in low income consumers and encouraged the use of education variable to moderate such relationship. 
Moderator variable (formal education) was expected to change the purchase intention of consumers because it puts much weight on the determinants of CPs.  Since the present study focused in examining the determinants of consumers’ purchasing intention in the context of counterfeits apparel products which is an unethical behaviour, the purchasing decision process of those products involves ethical and moral judgments as well as risk assessment. A study by Moepswa (2016) asserted that there is a direct relationship between level of formal education and unethical purchasing behaviour such as counterfeits. Level of formal education can influence consumer’s knowledge and their planned behaviour towards purchasing CPs. 
The introduction of the level of formal education in the proposed relationships was an attempt to build on TPB in explaining behaviour intention. According to Kozar & Marcketti (2008), formal education produces people with ethical and moral conscious by providing them with the guiding principles that are used in society. Therefore, their study indicated that educated people are more concerned with ethics, moral and sensitive with negative implications regarding the practice of counterfeiting, including manufacturing, selling and buying. 
Besides, the study had shown that educated people avoid themselves in counterfeiting activities because of fearing to commit crime. In this light, the current study employed a level of formal education to moderate relationship between determinants (attitude, subjective norm and perceived behavioural control) of CAPs and purchase intention. Thus, the level of formal education as moderator tend to positively influence relationships between the determinants of CAPs and purchase intention by increasing the strength of the relationships in terms of the level of significance and the standardized path coefficient.
Various researchers (De Matos et al., 2007; Carpenter & Edwards, 2011; Phau et al., 2001; Tulula, 2012) suggested that consumers with low level of formal education are more likely to purchase CPs. However, Moepswa (2016) in Botswana stated that people with a high level of formal education are less likely to enjoy buying CPs, meaning that they are less involved in purchasing CPs as compared to people with a low level of formal education towards the purchase of CPs. 
Similarly, Tulula (2012) in Kenya concluded in his study that low level of formal education has a significant relationship with consumers’ demand behaviour for CPs. However, a study done by Bian & Mounthno (2011) revealed that low formal education level was one of the factors associated with low users of CPs while high levels of formal education consumers were associated with high users of CPs.
Table 2.1: Summary of Empirical Literature Review

	Author, Year and Country
	Study Objective(s)
	Analytical Method
	Findings

	Harun et al.(2020);  Iraq
	To investigate the mediating effect of attitude on the relationship between the factor and past purchase behaviour
	Multiple regression analysis used to test the hypothesized relationships
	Attitudes mediates the relationship of past purchase and materialism on repurchase intention

	Gani, et al. (2019); Bangladesh
	To examine the factors affecting consumers purchasing intention of counterfeit luxury goods
	ANOVA and multiple regression used to analyse the data
	Product attribute, income level and brand image are more significant predictors of purchase intention than gender and price

	Moon et al.(2018); Pakistan
	To examine the relationship of object and social psychological stimuli with attitude and purchase intention CAPs
	SEM AMOS 23 with maximum likelihood estimation
	Hedonic attitude is a stronger predictor for CAPs purchase intention

	Bhatia (2018); India
	To investigate the factors affecting consumers’ attitude towards counterfeit fashion products 
	SEM was used to test the causal relationships among the constructs
	A positive relationship between attitude and consumers’  purchase intention of counterfeit fashion products

	My Pham and Nasir   (2016); UK
	To elaborate on the factors driving the market of counterfeits in the UK
	Correlation and multiple regression
	Consumers have a negative attitude towards purchase intention counterfeits

	 Moepswa (2016); Botswana
	 To investigate consumers demand of CPs by considering socio-demographic characteristics
	ANOVA
	A positive relationship between low education level and consumers’ behaviour towards the purchase of CPs

	Chiu and Leng (2016); Singapore and Taiwan
	To compare the purchase intention of counterfeit sporting goods in Singapore and Taiwan consumers
	CFA, SEM
	A positive relationship between PBC and purchase intention of Taiwan consumers while Singapore consumers resulted in a negative relationship 


Source: Researcher (2019) based on literature review
The results were supported by Riquelme et al. (2012) that reported younger, and the low level of formal educated people in Hong Kong purchased few counterfeit products. In view of the contradictory findings on the level of formal education on purchase intention of CPs and the scarcity of literature in the area, there is an avenue for researches to be conducted on the moderating role of the level of formal education in Tanzania context. 
Hence at this juncture, it is believed that the relationship between positive attitudes towards counterfeit products and purchase intention is higher in less level of formal education consumers than in the high level of formal education consumers. Similarly, the relationship between subjective norm and purchase intention of counterfeits products thought to be stronger in less level of formal education groups than for the high level of the formal education group. It is also expected that the relationship between perceived behavioural control and purchase intention of CPs is greater in less level education group than in the high level of formal education.

The results were supported by Riquelme et al. (2012) that reported younger, and the low level of formal educated people in Hong Kong purchased few counterfeit products. In view of the contradictory findings on the level of formal education on purchase intention of CPs and the scarcity of literature in the area, there is an avenue for researches to be conducted on the moderating role of the level of formal education in Tanzania context. Hence at this juncture, it is believed that the relationship between positive attitudes towards counterfeit products and purchase intention is higher in less level of formal education consumers than in the high level of formal education consumers. Similarly, the relationship between subjective norm and purchase intention of counterfeits products thought to be stronger in less level of formal education groups than for the high level of the formal education group. It is also expected that the relationship between perceived behavioural control and purchase intention of CPs is greater in less level education group than in the high level of formal education.

2.6 Research Gap

The utmost importance of research is to generate more knowledge from existing research gaps realized from available literature and contribute to the particular body of knowledge. Following the critical review of empirical and theoretical literature, the current researcher came up with theoretical and contextual gaps associated with purchase intentions of CAPs.
Theoretical gap: - The indication of mixed results on the amount and direction of influence among scholars on determinants of purchase intention fails to provide consistent findings, calling for additional insights in this field (Bhatia, 2018; Carpenter & Lear, 2011; Chiu & Leng, 2016; de Matos et al., 2007; Gani et al., 2019; Lu, 2013; Pham & Nasir, 2016). In a nutshell, this study aimed at determining the consumers’ purchase intention of CAPs. The researcher tested and confirmed the Theory of Planned Behaviour and its ability to predict the purchase intention of counterfeit apparel products.  It was identified from the literature and suggested by previous scholars (Bhatia, 2018 & Harun et al., 2020) that there is inadequate research on how demographic factors (gender, age, education and income) influence the purchase intention of counterfeit products. Thus, this study attempted to fill that gap by deploying level of formal education as a moderating variable in the relationship between the determinants of CAPs and purchase intention. 
However, to the best of the author’s knowledge, there is scanty literature using the level of formal education as a moderating variable in the determinant of purchase intention. It was expected that incorporating the level of formal education might increase the strength of TPB in predicting the consumers' purchase intention of CAPs. Previous scholars (Bhatia, 2018; Carpenter & Edwards, 2011 and Koay, 2018) concentrated on other demographic variables such as age, income and gender to moderate such a relationship. For instance, Bhatia (2018) indicated that income positively moderated the relationship between attitude and purchase intention in lower-income consumers in India and hence enhanced that relationship. 
Bhatia (2018) also encouraged future researchers to use education so as to increase the knowledge on the link between demographic factors and purchase intention of CPs. Thus, it was necessary to conduct this study to fill this gap. The current study filled the identified gap by empirically testing and validating how the suggested and existing education variable influenced the constructs from TPB. The findings of this study revealed that the level of formal education positively moderate the relationships between attitude and purchase intention. The findings indicated that the effect was strong in less level of formal educated consumers. Hence, strengthen these relationships and contributed to TPB by expanding its predicting power in explaining the consumers purchase intention of CAPs.
Contextual gap: The presence of inadequate literature together with mixed and inconsistent results on the determinants of purchasing intention of CPs was merely a fresh research gap to authenticate this research in Tanzania context (Bhatia, 2018: Chui Leng, 2016 & Harun et al., 2020, Lu, 2013 and Mushi & Noor, 2016).  Lwesya (2017), Mosha (2012) and Mushi and Noor (2016) advanced that there are few existing literatures on factors influencing purchasing intention of CPs in Tanzania. In this light, this study deployed the level of formal education as a new variable in Tanzania context in moderating the relationship between determinants of CAPs and PI. To the best knowledge of the author, the influence of this factor has not been analyzed in the context of Africa and Tanzania. Therefore, this study expected to provide more empirical insights in the area. 
2.7 Conceptual Framework 

This study proposed a conceptual framework (Figure 2.1) and developed a series of hypotheses to back the argument on the determinants of consumers’ purchase intention of counterfeit apparel products. The framework had been constructed based on the determinants of Theory of Planned Behaviour (TPB), and Ethical Decision Making Theory (EDM). The framework comprised of five variables namely purchase intention as the dependent variable and attitude, subjective norms and perceived behavioural control being independent variables as well as education is a moderating variable.
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Figure 2.1: Conceptual Framework
Source: Researcher construction based on the synthesis of the literature (2019)

2.8 Hypotheses Development
In this study, the research hypotheses were formulated based on a critical review of both theoretical and empirical literature. The hypotheses formulation was considered after the conceptual framework was drawn, which show the expected relationships between an independent and dependent variable. As such, the following hypotheses were formulated;
2. 8.1 Hypothesis One

Recent researchers have indicated that attitude is the main predictor of consumers’ purchase intention towards CPs signifying a positive relationship between attitude and purchase intention of CPs (Bhatia, 2018; Carpenter & Edward, 2013; Koay, 2017). Other researchers revealed that attitude was not a primary predictor of consumers purchase intention towards CPs implying a negative relationship between attitude and purchase intention of CPs (Pham & Nasir, 2016). Therefore, there is a disagreement among the researchers based on the mixed results on the relationship between attitude and purchase intention towards CPs. Given the fact the current study aimed at contributing to the theory of planned behaviour which revealed a positive correlation between positive attitude towards CP and purchase intention thus, the following hypothesis was formulated.
H1: There is a positive and significant relationship between attitude towards counterfeit apparel product and purchase intention. 
2.8.2 Hypothesis Two

Researchers have shown mixed results on the role of subjective norms in predicting purchase intention of consumers towards CPs. From the empirical discussion, Cheng et al. (2011), Chui & Leng (2014) and Kim & Karpova (2016) have indicated a positive relationship between subjective norm and consumers purchase intention of CPs. Ang et al. (2001) and Lu (2013) found that subjective norm was negatively related to consumers purchase intention of CPs. However, the current study is based on TPB which indicated a positive and significant relationship between subjective norm and purchase intention hence following hypothesis two was developed.
H2: There is a positive and significant relationship between subjective norm and purchase intention of counterfeit apparel product.
2.8.3 Hypothesis Three

Researchers have indicated conflicting findings on the role of perceived behaviour control in predicting purchase intention of CPs. Cheng et al. (2011) reported an insignificant relationship between perceived behaviour control and purchase intention of CPs while the significant relationship between them was indicated by Lu (2013). Given the fact that previous researchers have tested the direct relationship between perceived behaviour control and purchase intention, and focusing on the idea that the relationship was indicated to be positive in the TPB, thus the current researcher proposed the following hypothesis three.
H3: There is a positive and significant relationship between perceived behavioural control and purchase intention of counterfeit apparel product.
2.8.4 Hypothesis Four, Five and Six

The role of formal education as a moderating variable was proposed to test the relationship between determinants and consumers’ purchase intention towards CPs so as to add additional power on TPB in predicting purchase intention. Consumers with high formal education are less likely to have the intention to purchase CPs (Moepswa, 2016). On the other hand, consumers with a low level of formal education are more likely to have the intention to purchase CPs (Tulula, 2012).  The level of formal education positively influences the consumers purchasing intention of CPs because consumers become too judgmental towards purchasing decision process. In addition consumers are sensitive to risks and consider many ethical issues associated with the purchasing and consumption of counterfeits.  Thus, based on the given explanation, the following hypotheses were developed:
H4:  Formal education level positively moderates the relationship between consumers’ positive attitude towards counterfeit apparel products and purchase intention.
H5: 
Formal education level positively moderates the relationship between subjective norm and consumers’ purchase intention of counterfeit apparel products.
H6:  Formal education level positively moderates the relationship between perceived behavioural control and consumers’ purchase intention of counterfeit apparel products.
CHAPTER THREE
RESEARCH METHODOLOGY

3.1 Overview

This chapter provides the methodology used in the study. The chapter explains the study area, population, research design, approach, strategy, sample size, sampling technique, data collection and research instrument. The chapter also explains the validation of research instruments and data analysis plan to address the research objectives of this study. Thus, the selected research methodology with justification provided means of testing the hypothesized relationships to achieve the research objectives. 
3.2 Research Philosophy 
Research philosophy refers to beliefs and assumptions on how the data of a particular phenomenon can be collected, analyzed and applied. In general research philosophy has many branches depending on the variety of disciplines (Aarker et al., 2010). Business and management field has four main branches of research philosophy including pragmatism, positivism, realism and interpretivism which are described by philosophical assumptions that are epistemology (acceptable knowledge), ontology (nature of reality) and axiology (role of values and ethics) (Saunders, Lewis, & Thornhill, 2012).
This study used positivism research philosophy.  In positivism philosophy, the researcher beliefs to have a stable reality which could be observed and explained from the objective standpoint and there is no intervention with the researched phenomena (Scotland, 2012). In addition, positivism focused on the involvement of the deductive approach, large samples, highly structured and typical quantitative methods (Saunders et al., 2012). Positivism stressed on empirical testing to explain relationships that were geared towards identifying the causes which influence outcomes. Therefore, the mentioned characteristics suit the study as it allows casual relationships between variables, and made a general conclusion based on observed reality during data collection (Gray, 2009).
3.3 Research Approaches 


The deductive approach was used in this study; the approach aimed at showing the relationship between theory and reality.  Thus, theory could either be confirmed or revised based on the testing of the conceptual framework through observations or investigations (Saunders et al., 2012). According to Bhattacherjee (2012) and Saunders et al. (2012), deductive research used empirical data to test theoretical postulates. The deductive research approach stressed on testing concepts and patterns organized into hypotheses established from the theory with the help of current empirical data. Therefore the deductive research approach is known as theory-testing research.
This study used the quantitative methodology since it was positivistic in nature. Quantitative research was focused on the measurements scales which use numbers as the basis for generalising the study. According to Kothari (2008), quantitative research could be analysed by using appropriate statistical application software to express either significant or insignificant relationship between the variables. Thus, the results form the basis for concluding the study population.
3.4 Research Design and Strategy
Research design is the arrangement of conditions that enabled the researcher to collect relevant data and analysed them appropriately. It included an outline of what is to be done from writing research questions and its operational implications to the final analysis of data (Kothari 2004). This study employed explanatory research design.  According to Saunders et al. (2009), an explanatory research design is a design which seeks to explain the causal and effect relationship between variables related to the problem. Thus, this design enabled the researcher to extensively establish the effects of independent variables (determinants) on dependent variable (consumers’purchase intention of the CAPs).
To obtain better results and gather useful information, a survey was deemed an appropriate research strategy for this study.  The method was recommended for its suitability in making inferences concerning the population.  The survey strategy was used because it was associated with instruments that needed numerical inputs of the parameters that were related to the subject of investigation. It was also considered an appropriate strategy because of the need to establish a causal relationship between variables (Saunders et al., 2012). 
But probably the most underlying reason as to why the survey technique was relevant in this study was the nature of counterfeit products in Tanzania. Consumers are many and are geographically scattered in a large area of the country (CTI, 2017). Given this nature possibly consumers’ purchase intention of CAPs vary in many ways. To be able to get the real picture of the consumers’ purchase intention of CAPs, survey technique was the most appropriate and scientific approach to use in such a scenario. The survey technique was used to collect primary data about a subject, through a representative sample using a questionnaire (Kumar, 2011). This had an advantage in terms of collecting a large amount of data and different types of information with regard to consumers’ purchase intention towards counterfeit products. 

Scotland (2012) supported the technique for its appropriateness in data collection since a researcher would not be able to influence the respondents and the vice versa. More important in the context of this study is that it is difficult for the researcher alone to collect data from all streets involved in the study. This then necessitated the use of research assistants to administer the questionnaire. The best way to reduce errors when using research assistants was to use the survey technique. The approach left no room for the research assistants to collect data by influencing the respondents’ views. The variation could apparently be obtained by using other methods such as interviews based on the person who collects the information. The survey gave the researcher the ability to study, described, explored and analysed the relationship among geographically scattered subjects as in the case of consumers’ purchase intention of CAPs.
3.5 Study Area and Population
The study was conducted in Dar es Salaam region, including consumers of apparel products as a population. This region was researched because 80 per cent of counterfeits enter Tanzania through Dar es Salaam port, whereas 50 to 60 per cent of counterfeits are found in Dar es Salaam (CTI, 2017). Specifically, data were collected from the individuals in the households situated into different streets and districts of Dar es Salaam. Therefore, the chosen study area and population provided useful information as far as a study of the determinants of consumers’ purchase intention towards counterfeit apparel products is concerned.
3.6 Sample Size 

 The sample size for this study is based on recommendations from different scholars. Field (2009) suggested that sample size should base on the standard rule of at least 10 – 15 participants per variable. Tabachnick & Fidell (2007) also suggested a sample size of 300 to be satisfactory during the factor analysis procedure. Similarly, Garver & Mentzer (1999) proposed 300 cases to be a good sample size for the studies using Structural Equation Modeling (SEM) particularly AMOS as the present study.  However, Hoe (2015) proposed a critical sample size of 200 whereas as a rule of thumb any number above 200 provided sufficient statistical power.
Hair et al. (2010) stated that SEM required a minimum sample size of 200 and a maximum of 400 sample size beyond that the model could easily be over-sensitive.  Therefore, based on the consideration from various scholars the sample size of 300 was deemed optimal for this study, as proposed by previous scholars (Tabachnick & Fidell, 2007; Garver & Mentzer, 1999). The used of 300 sample size had also been supported by Hair, et al., (2016) and Hoe (2015) for the studies opt for SEM during data analysis.  However, based on other previous scholars who conducted a household survey, the response rate was 95 per cent and a non-response rate of 5 per cent (Mng’ong’ose, 2017). In order to accommodate the 5 per cent of non-response rate thus 300/0.95 = 315. Hence, 315 individuals were surveyed from 315 households.
3.7 Sampling Frame 
A sampling frame is referred to as a list of items from which the sample is to be drawn (Bhattacherjee, 2012). The sampling frame for this study was based on the Tanzania Population and Housing Census (TPHC) that was done in 2012. This consisted of a list of all streets found in all Dar es Salaam districts provided by the National Bureau of Statistics of Tanzania (NBS). According to NBS, there were 5 Districts in Dar es Salaam and 462 streets with 915,806 total numbers of households. These streets helped to identify the households, and through that, respondents for the current research were obtained.
Table 3.1: Summary of Distribution of Streets and the number of Households by District
	District

	Number of Streets 

	Number of Households


	Ilala
	102
	229,191

	Kigamboni
	74
	27,605

	Kinondon
	101
	200,740

	Temeke
	109
	277,645

	Ubungo
	76
	180, 625

	Grand Total
	462
	915,806


Source:  National Bureau of Statistics (2019)
3.8 Sampling Design and Techniques
The study used probabilistic sampling procedure, particularly combined both multistage random sampling and systematic random sampling procedures. According to Saunders et al. (2012), multistage random sampling refers to the technique where the population is divided into stages that use smaller and smaller sampling units at each stage. In the case of this study, the population was divided into various stages which were the selection of streets as the first stage, selection of households being the second stage and listing of households as the third stage. Systematic random sampling is the probability technique where the sample is drawn from the population with a random starting point and a fixed interval (Saunders et al., 2012). This study employed a systematic random sampling technique at the part of streets and household selection. 
3.8.1 Selection of Streets 

The first stage was the selection of the chosen streets as primary sampling units (PSU) from the census were done by using systematic random sampling with probability proportional to size (PPS) sampling. The number of households was used as the measure of the size. These 462 streets were located proportionally to the number of the streets in each district. Therefore, proportion allocation for the streets in each district was done using the following formula.


………………………………. (i)
Source: Bankier (1998)


Whereas;

n= is the targeted sample size

MJ = total number of households within Street

Due to high variations on the number of households in the streets then allocation was controlled using a power allocation by over-sampling  districts with small number of households and under-sampling the districts with many number of households using a power allocation of α =  0.1. 
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Source: Bankier (1998)
After allocating the units using power allocation, then the results were shown in Table 3.2. The researcher used power allocation aimed explicitly at coming up with the equal distribution of the households by avoiding skewness of the households.
Table 3.2: Sample Allocation of Street and Household by District
	Domain 
	Allocation

	
	Proportional Household
	Power Allocation
	Streets

	Ilala
	79
	64
	5

	Kigamboni
	12
	60
	3

	Kinondoni
	69
	63
	4

	Temeke
	93
	65
	5

	Ubungo
	62
	63
	4

	Total
	315
	315
	21


Source: Computed from the National Bureau of Statistics, 2019
In the total of 462 streets obtained from the five Dar es Salaam districts namely Ilala, Kigamboni, Kinondoni, Temeke and Ubungo, systematic random sampling technique with a random start was used to select 21 streets that were used in this study. The technique ensured that apparel consumers were represented based on household location and proportion. The random number was generated, a systematic interval of households was calculated, and from each interval, a street was selected until all 21 streets were identified. Table 3.3 showed specific streets selected during the process.
Table 3.3: Selected Streets

	District
	Ward
	Street

	Ilala
	Buguruni
	Malapa

	
	Vingunguti
	Kombo

	
	Kivule
	Matangini

	
	Segerea
	Segerea

	
	Kimanga
	Darajani

	Kigamboni
	Tuangoma
	Mzinga I

	
	Tuangoma
	Mzingi II

	
	Kisarawe II
	Kisarawe II

	Kinondoni
	Kigogo
	Kigogo Mkwajuni

	
	Kijitonyama
	Kijitonyama

	
	Makongo
	Makongo Juu

	
	Mwananyamala
	Msisiri A

	Temeke
	Azimio
	Mtongani 

	
	Kijichi
	Mtoni Kijichi

	
	Mbagala kuu
	Mbagala Kuu

	
	Mianzini
	Mianzini

	
	Mtoni
	Bustani

	Ubungo
	Kimara
	Golani

	
	Mabibo
	Matokeo

	
	Msigani
	Kwa Yusuph

	
	Manzese
	Kilimani


Source: Computed from the National Bureau of Statistics (2019)
3.8.2 Household Selection
The second stage was the selection of the household to be surveyed. Household was the reporting units, from each street. Thus in the field, the researcher identified the selected streets boundaries and households by listing the names of the head of the households from one corner of the street. The total number of household listed was filled in the household selection template. A fixed number of 15 households were selected by systematic random sampling method using the prepared template. 
The 15 numbers of households were chosen because they have been used by many Tanzania Demographic Housing Survey (TDHS) reports as yielded good results, save time and reduce cost. Besides that, the researcher intended to meet the proposed sample size of 300 respondents so as to be consistency with the previous scholars who conducted studies in area of CPs and use SEM technique. The interval was obtained by taking the total number of the households listed in each street, dividing 15 number of fixed household. Consequently, the starting point was obtained by multiply generated interval with 0.5, which was the number considered below or less than 1. Appendix II indicated in details the number of households selection from the streets.
Usually, most of the household studies have individual and household response rate of about 95 per cent (TDHS, 2015). Therefore the researcher distributed 315 questionnaires in 315 households as shown in appendix II. There was no replacement involved during data collection. In the cases where there was an absence of the respondents or incompetent respondents, the researcher skipped the household and moved to the next household because 315 questionnaires accommodated non response rate.
Table 3.4: Sample Allocation of Expected Number of Households
	District
	 Household Selected

	Ilala
	64

	Kigamboni
	60

	Kinondon
	           63

	Temeke
	65

	Ubungo
	63

	Grand Total
	      315


 Source: Computed from the National Bureau of Statistics, 2019
3.9 Source of Data and Collection Method 
In this study, primary data were collected. The data were collected through a self-administered questionnaire method. Questionnaires were structured with closed-ended questions which were administered to the chosen sample of respondents. The use of questionnaire enabled the researcher to use a moderately low cost. The researcher used CAPs to make it easy for consumers to identify the products. The selected products are among the top counterfeit products in Tanzania market environment (FCC, 2015). Besides that, the choice of CAPs had been supported by previous scholars who studied on the counterfeits. For example, Mushi and Noor (2016) selected pirated CDs while Mhando, Jande, Liwa, Mwita & Marwa (2016) had chosen counterfeit antimalarial drugs. All these scholars recommended the use of other counterfeit products categories in the different study to determine the consumers’ purchase intention of CPs. Therefore, the selection of CAPs was the ideal choice in this study.
However, the researcher used secondary information obtained from different publishing and non-publishing documents. The published documents were accessed online by using various search engines, including Emerald database, Sage, Elsevier, Google Scholar, Taylor and Francis database, DOAJ, and Free fullpdf database. The researcher used different single keywords and sometimes a combination of keywords in searching for the documents included counterfeit products, determinant of CPs, apparel products, the theory of planned behaviour, the theory of ethical decision making and purchase intention. The documents assisted in reviewing the literature on determinants of consumers’ purchase intention towards counterfeits as a results research gap was obtained.
3.10 Variables and Measurement Procedures

This study involved three categories of variables to be measured, namely independent variables, dependent variable and moderator variable. Independent variables included variables such as attitude, subjective norms and perceived behavioural control, while the dependent variable was purchase intention. On the other hand, the moderating variable was consumers’ level of formal education. This research adapted measurement variables that had statistical significance basing on other scholars.
 The sources were shown in table 3.5. The variables were measured by using the existing scales from other studies. A seven-point Likert-like scale was taken into account in the measurement of items. The scale was very satisfactory to this study because a five-point Likert-like scale may not provide adequate details and on the other hand the use of a nine-point Likert-like scale was considered to be  unreasonably complex (Lu, 2013). 

Moreover, the chosen scale for this study was supported by previous researchers who conducted studies on factors influencing consumers’ purchase intention towards CPs (Cademan et al., 2012; Lu 2013; Phau & Tech 2009). The seven point likert scale responses were rated as “Strongly disagree, disagree, mildly disagree neutral mildly agree, agree, and strongly agree”. 
Table 3.5: Measurement Items of Variables
	Variable
	No. of Items
	Code
	Measurement Items
	Measurement
	Sources

	Attitude 
	8
	AT
	AT1=Recommendation

AT2=Benefit

AT3=Preference

AT4=Nothing wrong

AT5=Better choice

AT6=Similar quality

AT7=Similar function

AT8=Reliable
	Seven point scale

1= strongly disagree

4= Neutral

7=Strongly Agree
	Bhatia (2018), Cheng et al., (2011), Chiu & Leng (2016), de Matos et al.,(2007),  & Lu (2013)

	Subjective Norms 
	7
	SN
	SN1=Admire

SN2=Approve

SN3=Recommendation

SN4=Good impression

SN5=Belonging

SN6=Think as a choice

SN7= Identification
	Seven point scale

1= strongly disagree

4= Neutral

7=Strongly Agree
	Cheng et al., (2011), Chiu & Leng (2016), de Matos et al.,(2007), & Lu (2013)

	Perceived Behaviour Control 
	5
	PBC
	PBC1=Easy to purchase

PBC2=Enough time

PBC3=Complete control

PBC4=Decision

PBC5=Enough information
	Seven point scale

1= strongly disagree

4= Neutral

7 = Strongly Agree
	Cheng et al., (2011), Chiu & Leng (2016) & Lu (2013)

	Purchase Intention 
	4
	PI


	PI1=Think as a choice

PI2=Consideration

PI3=Recommendation

PI4=Plan to purchase
	Seven point scale

1= strongly disagree

4= Neutral

7 = Strongly Agree
	Bhatia (2018), de Matos et al.,(2007) & Rizwan et al.,  (2014) 

	Level of the formal Education 
	2
	LFE
	LFE1=1yr to 13years

LFE2=14years and above
	Categorical scale

1= low LFE

2= high LFE
	Moepswa (2016), & Tulula (2012)


3.11 Questionnaire
The researcher adapted the research questionnaire used by Lu (2013) with a slight modification to fit with the current study. Questionnaires were structured, closed-ended questions which were administered to the chosen sample of respondents. The questionnaire was designed into two parts where the first part comprised of general respondents’ information questions, and the second part is made up of several statements which were in the form of seven-point Likert-like scales. 
The researcher decided to choose interval and nominal scales types of the measurement scales among the commonly used scales in research. According to Cadman et al. (2012), the interval scale was the most preferable scale because the distance of every possible response was precisely the same in every step. The main questions in the questionnaires were basically developed based on interval scale. Thus the statements were composed in the questionnaires through interval scale following seven Likert-like scale formats which was regarded as the most suitable scale in the measurement of behavioural intention (Lu, 2013). It is necessary for all questions in the same questionnaire to have equal grading of the Likert- like scale so as to make an easy comparison of measurement between them (Cadman et al., 2012).
In this study, all questions were measured by Likert-like scale with the exception of the questions in the introduction part addressed basic profile of respondents (age, gender, education level, and employment status). The questions in the respondents’ background information importantly aimed to capture the characteristics of the studied sample. Thus scale used for measuring demographic information was nominal scale where it was possible to assign the numbers of occurrences within the specific categories of the variables. The numbers were just used for the purposes of labels in order to identify and classify subjects (Hair et al., 2010). 
The questionnaires were given to the selected respondents based on the criteria stated earlier on that respondent should have attained the age of majority (be at least at the age of 18 years old and above). The selected respondents were given a short introduction in which the questions and the purpose of the study were elaborated to provide relevant information when filling the questionnaire.  Some of the questionnaires were translated into Kiswahili language by a professional linguist to accommodate the respondents who were not conversant with the English language. 
In this way, the language barrier was eliminated and this increased the response rate.
 Questionnaires were distributed directly to the respondents in their households by the researcher with the help of two research assistants. This approach ensured that the questionnaires reach the respondents on time. In addition to that, the approach facilitated easy follow-up and collection of the filled questionnaires, unlike other methods such as internet and mailing (Saunders et al., 2012). On top of that, the questionnaires that were directly distributed to respondents physically usually yield high response rates as compared to questionnaires through the internet (Cadman et al., 2012).  In light of this, any person met in the house that was willing to participate and had the age of above 18 years old was given the questionnaire to fill. 
The purpose of using the questionnaire under this study was to gather insights easily and fast as compared to other research instruments. The questionnaires enabled the researcher to use a moderately low cost and yielded a good response rate when collecting data from a large representative sample (Bernard, 2006). The questionnaire also enabled the researcher to collect data from the respondents who are widely scattered in geographical locations (Kothari, 2004). 
3.12 Data Analysis 

Data were entered in Statistical Package for Social Scientists (SPSS) version 22 for analysis. Before the actual data analysis, researcher checked the missing data and outliers to ensure that data were of a good quality.  Descriptive analysis and inferential analysis were used to analyse the data. Descriptive data analysis was mainly done to provide statistic of the data in terms of the frequency, mean and percentage. The use of mean, frequencies and percentages had been recommended by Kothari (2004) as a meaningful statistics in providing profile characteristics of the sample. Specifically, the researcher used simple frequencies and percentages during the data analysis to understand the nature of respondents with respect to age, gender, level of education and occupation. Thus, the information obtained from descriptive statistics about the nature of the respondents was the source of valid arguments of findings in chapter five.
Inferential data analysis is usually performed with respect to statistical tests in order to check whether the observed pattern occurred by chance or by other influences. The use of the inferential analysis in research was geared to assess whether there was a relationship between dependent and independent variables together with determining the strength of the proposed relationship. With respect to this study, the testing of the hypotheses and assessing of significant level of variables was carried out by utilizing structural equation modeling (SEM). SEM was chosen because it was a comprehensive statistical approach for the relationship among observed and latent variables that were shown by multiple measures (Hair, Babin, Anderson & Black, 2010). Therefore, SEM took a confirmatory approach that specified inter-variable relationships, whereas other existing multivariate analysis techniques could not do.
Byrne (2010) purported that SEM was capable of analyzing a set of relationships between one or more independent variables and one or more dependent variables. SEM could do that because it involved completely and simultaneously tests of those relationships among the variables. In the current study, the researcher formulated six hypotheses based on the conceptual framework and these were analyzed concurrently to determine the relationship between the construct. It was easy to carry out that analysis because SEM accounts for simultaneous equation; in other words, a variable may be a predictor in a particular equation and a criterion in another equation. Hence, it’s very flexible compared to other multivariate methods. SEM was suitable in this study which had underlying three independent variables, one dependent variable and one moderating variable as indicated in the conceptual framework.
Furthermore, SEM was preferably used because of its ability to detect and correct errors compared to the other techniques. During SEM analysis when errors were found could be estimated and removed whereas the common variance was simply left after the analysis, the situation which led to precise reliability of measurement and relationships which were free from measurement error Hair et al. (2010). Hence, the conclusions underlying the relationships between constructs were not influenced by measurement error and were equivalent to the relationships between variables of good reliability. Additionally, SEM overcomes the presence of multicollinearity as many measures were needed to explain the latent constructs. Thus, unobserved variables strictly stand for different latent constructs (Hox and Bechger, 2014).
Although SEM was an appropriate multivariate technique in this study, it was somehow complicated and hard to understand. Hox and Bechger (2014) advanced that condition of the sample size in SEM was very challenging and also great care should be handled when interpreting SEM results, implying that it required appropriate sample size to yield valid results. The researcher ensured this condition was met by selecting an adequate sample size, which led to accurate output.  SEM models were analysed using IBM SPSS Amos software version twenty- three, where various tables and figures were constructed. SEM encompassed two procedures which were measurement and structural models. In the measurement model, the validity and reliability of all variables were assessed while the structural model tested the proposed hypotheses.
3.12.1 SEM Assumptions

For the researcher to yield good results during data analysis through the application of SEM technique, various assumptions underlying it, needed to be identified and suggested appropriate ways of handling them. Multicollinearity was an assumption which refers to the condition that occurred when independent variables were extremely correlated to each other (Hair et al., 2010).  Customarily, the large variance inflation factor (Max VIFi>10) or the tolerance value of less than 1 suggested the seriousness of the multicollinearity within the independent variables. Therefore, the current study inspected multicollinearity by using the factor correlation matrix and variance inflation factor to make sure that there was no multicollinearity as proposed by Kline (2010). 
Normality was an essential assumption for SEM. Generally, SEM assumed that variables were in the form of normal distribution. Osborne & Water (2002) explained that non-normality, with very many outliers, could alter the significance test. Thus, normality was assessed by the measure of skewness and kurtosis analysis. In this study, the acceptable levels that adopted were ± 2 value for both Skewness and Kurtosis as indicated by Shayo (2018). Linearity was one of the strong assumptions in SEM and is based on the correlations between dependent and independent variables which were represented only in linear association (Hair et al., 2010). This study used bivariate scatter plots to check the linear relationships between variables as suggested by Kline (2010) On the other hand, Homoscedastacity was another assumption of SEM. It was characterized by uniform variance in all levels of predictors (Kline, 2010). Leven test was employed to check if there was uniform variance across the predictors.
3.12.2 Measurement Model

In the current study, the measurement models were tested by the use of Confirmatory Factor Analysis (CFA). It usually stands for the measurement model of SEM. CFA was normally motivated by the theoretical relationship which existed between observed and unobserved variables. According to Hair et al. (2010), the researcher was able to assess the contribution of every scale item that showed the extent of the reliability of the scale in measuring based on the unobserved construct. Thus, all the constructs were put to CFA for validity and reliability assessment.

In order to assess how well the hypothesised model fitted the data, various goodness of fit indices were established such as the Goodness of Fit Index (GFI), the Adjusted Goodness of Fit Index (AGFI), the Root Mean Square Error of Approximation (RMSEA), the ratio of chi-square with respect to the degree of freedom x2/df, the Tucker Lewis Index (TLI), the Comparative Fit Index (CFI) and the p-value. Hooper et al. (2008) suggested that there was no basic rule in assessing model fit.
 However, it was good to provide a report on various indices because different indices could express each aspect of the model fit. GFI was important in the measurement model because it shows the proportion of variance derived from the estimated population covariance as suggested by Tabachnick and Fidell (2007). The CFI was selected because it reflects the degree of model fitness over the independence model (Hoe, 2008). TLI was used because it compares the values of normed chi-square for the null with the specified model as recommended by Hair et al. (2010). RMSEA was used to establish the appropriate number of observed variables and the size of the sample required by the model.  The ratio of CMIN/DF determines the level of significance of the hypothesized relationships.

3.12.3 Structural Model

The structural model was tested after the measurement models have been tested where the expected results showed that the model indices correctly fit the data. Hence the goodness of fit indices involved in the assessment of the measurement models was also used in the evaluation of structural models. The same steps involved in assessing measurement models were used to test the structural models. Hair et al. (2010) purported that there were two procedures which were used to test the structural model. The first step involved the testing of structural models without the use of the moderating variable, which intended to examine the direct effect of independent variables to the dependent variable. At this step, the analysis of the hypotheses one to three (same as objectives one to three) were involved. The second step included the addition of the moderator variable in the structural models. This procedure involved the analysis of the hypotheses four to six derived from objective number four.
3.12.4 Testing for Moderation

In this study, the researcher considered Ordinary Least Square (OLS) regression assumptions that cater for moderation model were met before testing the moderator variable. This procedure ensured valid results for moderator analysis. The moderator variable (level of formal education) was measured based on the number of years someone had completed in school as applied by Moepswa (2016) and Tulula (2012). In this case, non-college consumers were regarded as less educated consumers (1 to 13years) while college consumers were considered as highly educated (14years and above). The variable transformation was conducted in the grouping of the level of education. Moderation effect was tested using multi-group CFA, Chi- square deference test and path by path analysis.
3.13 Validation of Research Instruments 


Before the actual study, the researcher conducted an informal visit to the study area for familiarisation exercise. This was followed by the pilot study, which enabled the researcher to do corrections to the instruments to make them more effective during the actual research.
3.14 Handling of Missing Data and Outliers

In the case of missing data, the researcher handled them by using list-wise deletion of the case method as suggested by Schumacker & Lomax (2010) so as their existence could not affect the final results. On the other hand, outliers refer to data values which were out of range in a given data set (Hair et al., 2010). In the case of outliers, the researcher produced box plots from IBM SPSS 22 for each individual variable to test for the presence of extreme outliers as proposed by Kline (2011). 
3.15 Reliability and Validity

Reliable and valid data were the outcome of a reliable and valid measurement instrument (Hair et al., 2010). The use of multiple items or indicators made it possible to capture the meaning of most social science concepts or constructs (Hair et al., 2010). Thus, composite measures with several indicators for a single construct were sought to enhance the quality of data and hence reliability and validity of the measurement. Validity and reliability were associated with measurement error, and once validity and reliability were properly addressed, measurement error was reduced (Hair et al., 2016). For the study to be accurate, its findings must be reliable and valid. Thus, the current study addressed validity and reliability matters as explained in the following sections. 
3.16 Validity
Validity refers to the extent to which the data collected truly measures what it is required to measure (Saunder et al., 2012).  The test was considered to be valid only if it measured what it is supposed to measure (Hair et al., 2010). Therefore, validity could be used to assess if the measurement instrument had measures concisely what was expected to measure. The study checked various types of validity to ensure validity, namely convergent validity (Average Variance Extracted), internal and external validity, face validity, construct validity as well as discriminant validity using Fornell and Larker method. This was done before structural analysis through confirmatory factor analysis to reduce different measurement errors and thus enhance the quality of data.  
3.16.1 Convergent Validity
Convergent validity assessed the degree to which the research captured what was intended to measure, and therefore the findings being a true representation of what was measured (Saunders et al., 2012). Convergent validity in SEM was measured by assessing the factor loading. Customarily, a value of standardized factor loadings of equal or more than 0.5 and preferably equal or more than 0.7 should be accepted (Hair et al., 2010). The current study assessed convergent validity at each run of a competing model, and the results were indicated through Amos models output in the upcoming chapters. 
3.16.2 Internal and External Validity 

Hair et al. (2010)  described internal validity as the condition in which the independent variable was the only basis to influence the dependent variable. This entailed of how the researchers were able to remove different explanations of the dependent variables. Base on the fact that the study employed the use SEM;  internal validity was maximized as it took into consideration the measurement errors.On the other hand,   external validity  described  the degree to which results obtained from the experiment was  appropriate in all over the countries. This means it deals with the generalizability of the study. The current study used credible sources of information to maximize external validity, besides that the use of survey research design facilitated the increase of external validity since it encompassed a collection of data from different people which led the researchers to draw a proper conclusion (Hair et al., 2010).
3.16.3 Face Validity
Face validity is the extent to which the research instrument indicates what is supposed to measure (Saunders et al., 2012). It is considered as the measure that occurred logically to show accurately what is required to measure. Normally, researchers assess face validity by looking at the research instrument and check if it has measured what it was supposed to measure. In this study, the researcher ensured that the questionnaire met face validity by using friends and colleagues who checked if the questionnaire was meaningful and clearly understood.  According to Churchill  (1999), despite the fact of how elementary face validity was as a  fundamental test for validity but to attain face validity did not imply that the instrument measured precisely what it was  intended to measure so other types of validity needed to be checked.
3.16.4 Construct Validity
Construct validity is the degree to which a test measures what it expects to be measuring (Hair et al., 2010). It mainly related to the relationship of a variable to the other variables. The researcher ensured construct validity was addressed by considering that all relations in the model had significant loadings connected to their constructs. 
3.16.5 Discriminant Validity

 Hair et al. (2010) described the discriminant validity as the extent to which a variable is truly different from other variables. This study measured discriminant validity by making comparison between Average Variance Extracted (AVE) and the square of the correlations of the variables. Fornell & Larker (1981) suggested that the value of AVE should be higher than that of the squared correlation estimates whereby the value of correlations between the constructs is supposed to be 1. 
3.17 Reliability

Reliability is the degree of accuracy of the collected data; it could also be referred to the extent to which the variables or indicators were stable and consistent with what they were claimed to measure (Tabachnick & Fidell, 2013). In this study, reliability was checked by both internal consistency and composite reliability using a scale test for reliability analysis (Fornell & Larker, 1981). Internal consistency is the extent to which a multiple-item factor measures what it is purported to measure (Cooper & Schindler, 2003). Cronbach’s Alpha coefficient that ranged from 0.7 and above was considered more acceptable in scientific research (Tabachnick & Fidell, 2013; Hair et al., 2016). Therefore, the questionnaire was reliable at the level of 0.7 and above.  
3.18 Ethical Consideration

The researcher observed ethical issues from the initial stage up to the final stage of the study. Issues pertaining to voluntary participation of respondents, anonymity and confidentiality were adequately considered as recommended by Saunders et al. (2012).  The researcher also did not associate with data fabrication and falsification in the entire study. Additionally, the researcher made use of proper citation of all published and non-published documents.  All works of other researchers were properly acknowledged and not expressed as researcher’s own work to avoid plagiarism. Plagiarism check was done to ensure it was below the accepted threshold of 30%. Before the data collection stage, the researcher requested a clearance letter from the Director of postgraduate studies from the university and submitted it to the relevant government offices where data were being collected. On top of that, the researcher requested an official permission letter from the local government authorities to be able to access the households.

CHAPTER FOUR

FINDINGS OF THE STUDY
4.1 Overview
This chapter presents the findings of the study basing on data analysis.  The basic profile of respondents was analysed using descriptive statistics. The analysis examined the determinants of consumers’ purchase intention towards counterfeit apparel products under the moderating role of the level of formal education. Exploratory and confirmatory factor analyses were done basing on the data obtained from survey. The chapter also summarized the findings of the tests for validity and reliability of the research instruments. Lastly, it provided findings that resulted from the test of the hypotheses postulated in the study. 
4.2 Results of Pilot Study

The pilot study of the questionnaire was conducted on a sample of thirty respondents before the actual collection for the data. Saunders et al. (2012) recommended the pretesting of questionnaires using family and friends whenever there is time constrains. The pilot study aimed at increasing validity and reliability of the questionnaire (Saunder et al., 2012). In this light, the pilot study involved work colleagues, friends and few individuals residing at Kimara street in Dar es salaam.  The respondents were asked to participate in filling the questionnaires willingly. 
The researcher was able to collect 27 out of 30 questionnaires that were distributed. The returned questionnaires were inspected to see if the respondents interpreted and answered the questions as per intended research. The results showed that the questions were clearly stated, instructions provided were clearly understood and there were no comments or omissions and all the questions were well replied hence achieved face validity. 
However, reliability test was done from the data collected from the pilot study. Reliability test was performed using scale test for reliability analysis in IBM SPSS 22 whereby Cronbach Alpha was used to measure the internal consistency between the items in a scale. The result indicated that 0.934 value of Cronbach Alpha which is acceptable because it is above 0.7 value of the Cronbach Alpha threshold as seen in Table 4.1. Therefore, based on the reliability test for the pilot study the research instrument is reliable and could be used for the actual data collection.
Table 4.1: Reliability Test Results for Items in the Pilot Study

	Cronbach’s Alpha
	No. of Items

	0.934
	24


Source: Field Data, 2020
4.3 Data Preparation

Data preparation involves both data cleaning and coding. Data cleaning include the entire process of checking and correcting errors, removing duplication data and detecting the missing data that can lead to inaccuracy data in the data file (Tabachnick and Fidell, (2013) .The researcher checked for incompleteness and inconsistency of the data during data preparation to ensure the data are clean Kumar (2011) insisted on the importance of cleaning the raw data to reduce possible incompleteness, gaps, misclassification and errors. The data were then coded and entered into data entry application software known as Census and Survey Processing System (CSPro), which simplified the whole processing of data entry and minimized data entry errors. After that, the data were exported to statistical tool IBM SPSS version 22 for analysis. 
4.4 Response Rate

The response rate was checked so as to achieve useful usable data during the actual data analysis.  Response rate refers to the extent of the number of respondents who have answered the given number of questions. The researcher checked the response rate before data analysis as low response rates can cause sample bias leading to invalid results and conclusion of the study population. The population of this study involved consumers of apparel products residing in Dar es Salaam region. The researcher was able to collect 301 copies of questionnaires out of 315 distributed into different streets of Dar es Salaam, equivalent to a response rate of 96%.  According to Saunder et al. (2012), the high response rate is the indication that the sample is really representative meaning that the sample perfectly represented the population of the study.
4.5 Missing Data

This study employed a self-administered questionnaire where respondents were given the questionnaires and asked to fill in the answers of the questions.  The Researcher and two researcher assistants distributed 315 questionnaires to respondents based on systematic sampling procedure. Only 301 questionnaires were returned and screened for missing data. Missing data are referred to as unavailable values from a question or a number of questions due to the non-responses of the respondents that may affect results in the data analysis (Hair et al., 2010).  After thoroughly examining the returned questionnaires missing values were found in the three (3) questionnaires.  Two (2) questionnaires had missing data in the section of respondents basic profile where respondents did not indicate their age and level of education. Besides, One (1) questionnaire had missing data in the section of variables questions where respondent did not put a tick of whether to disagree or agree in some statements. 
Further examination of the pattern of missing data was done, and results shown that missing data have occurred in a completely random manner a situation known as missing completely at random (MCAR). Thus, a list-wise technique was employed to delete the three questionnaires and remained with 298 complete cases for further data analysis. The deletion of the case with missing data was asserted by Tabachnick and Fidell, (2013). They stated that deletion of the cases of missing data is one the best techniques of dealing with missing data that are very few and missing completely at random. Similarly, Hair et al. (2010) suggested that less than 10% cases with missing values that are completely at random can be ignored from the data set since they will not much reduce the sample size. In this case, the three deleted questionnaires with missing data account for only 1% of the entire collected sample; hence it was a valid approach.
4.6 Outliers

Creswell (2009) and Hair et al., (2010) defined outliers as the values which are out of the range in a given data set. Outliers can either be very low or very high unusual value on a variable which are different from other observations. Outliers should be properly examined and handled to ensure precision and accurate results of SEM (Tabachnick and Fidell, 2013). During data analysis, there were no any outliers identified because data entry exercise was controlled with useful data entry software CSPro. However, the current researcher used a rating scale in the research instrument ranging from 1- 7, which highly managed the values to fall within the given range. 
To be more precise in making sure the data are free from outliers, the researcher used IBM SPSS software version 22 to generate box plots for every variable to check the presences of outliers. The outliers are indicated by circles which stand for moderate outliers and asterisk which stands for extreme outliers in the box plots. The results showed that there was an absence of outliers in each variable, as indicated in appendix III.
4.7 Respondents Profile

The researcher investigated the data of respondents profile including age, gender and education level to shed the lights on the characteristics and nature of respondents involved during data collection. The respondents' profile was based on descriptive results where frequencies and percentages were presented. The results assisted the researcher in understanding the basic description of the respondents in the study and incorporated the results in the final data analysis. It was necessary to include the respondents' profile in the analysis so as to improve the validity even though the main objective of the study was focused on determinants of consumers’ purchase intention towards counterfeits apparel products. Thus, take into account of such requirements, the researcher obtained the respondents' profile by including questions which captured respondents’ demographic information as presented in the following sections.
4.7.1 Distribution of Respondents by Age, Gender, Marital Status, Level of Education and Occupation
In this study, the completed and usable questionnaires from the surveyed respondents were 298. According to Hair et al. (2010), any sample between 200 to 400 cases is significant and sufficient sample to be analyzed and produce representative results. The measure of age was in years, which was categorized into four groups. Age of the respondents was a vital profile to be included in the sample because it provided the control, potential exposure and experience about counterfeits issues (Tulula, 2012). The results indicated that 8.4% of the total respondents were aged between 18 and 30 years. 
The respondents aged between 31 and 40 years constituted 32.9% and respondents aged between 41 and 50 years represented 41.3%.  Moreover, the analysis showed that 17.4% constituted to the respondents above 50 years as shown in Table 4.2. From this analysis, the majority of the respondents fall in the age between 41 and 50 that reflect the age of people with enough life experience, economically active and make their own purchase decisions. The sample was also analyzed to show the distribution of respondents by gender. The results indicated a good representation of gender; whereas 157 males were equivalent to 57.7% and 141 females were equivalent to 47.3%, as shown in Table 4.2. The study did not opt to analyze the difference between males and females since gender distribution does not have any impact on further analysis.
Furthermore, the distribution of marital status of the respondents included in the surveys was also analysed. The marital status was arranged into five groups where 10.4% representing single, 80.2% representing married, and 4.4% representing divorced, 3.0% representing widow, and 2.0 % representing separated as indicated in Table 4.2. The essence was to capture opinions from the different marital status of the respondents and to understand how the sample looked like.  The majority of the respondents in this sample have fallen in married category indicating that they are well matured and can share different ideas and economic resources. 
With regard to respondents’ level of education, 3% of respondent had not attended any formal education but was willing and able to participate in the survey. The respondents who had completed primary education accounted for 17.4%.  The results also indicated that 40%, of the respondents had completed secondary education and 12.1% of respondents had completed diploma education. The respondents who completed bachelor degree were equivalent to 24.8%, for masters degree were equivalent to 4.4 % and PhD degree were equivalent to 3% of the total respondents. The majority of the respondents were 121 who attained secondary education, followed by 74 attained first degree education. The detailed results about respondents’ level education are shown in Table 4.2. The essence of the sample to have resulted from respondents with different levels of education is evident that the information collected was relevant. This can be summed up by expressing that the respondents were capable and knowledgeable to respond to the questions in the research instrument.
The results also indicated that business people accounted for 48.0%, which occupies the majority of the respondents in the sample.  The employees constituted for 46.6% and 1% were for students as well as unemployed respondents comprised of 4.4%. This indicates that more people in Dar es Salaam region fall in the category of employed or business operators reflecting the characteristics of the people living in big cities as indicated in Table 4.2.
Table 4.2: Respondents’ Demographic Statistics

	
	Frequency
	Percent

	Age(Years Old)

	18 – 30
	                                      25
	8.4

	31 – 40
	98
	32.9

	41 – 50
	123
	41.3

	Above 50    
	52
	17.4

	Total
	298
	100.0

	Gender

	Male
	157
	57.7

	Female
	141
	47.3

	Total
	298
	100.0

	Marital status

	Single
	31
	10.4

	Married
	239
	80.2

	Divorced
	13
	4.4

	Widow
	9
	3.0

	Separated
	6
	2.0

	Total
	298
	100.0

	Level of Education

	Non-formal education
	1
	.3

	Primary
	52
	17.4

	Secondary
	121
	40.6

	Diploma
	36
	12.1

	First degree
	74
	24.8

	Total
	298
	100.0

	Occupation

	Employees
	139
	46.6

	Business
	143
	48.0

	Students
	3
	1.0

	Unemployed
	13
	4.4

	Total
	298
	100.0


Source: Field Data, 2020

4.8 Testing Assumptions for SEM

4.8.1 Normality
SEM assumes that data have a normal distribution pattern Hair et al. (2010). Therefore, it is a wise idea to test for normality of the data prior to hypothesis testing so as to avoid statistical inaccuracy in results.  Skewness refers to the measure of asymmetry, indicating how the data are centered on the average (Kothari, 2004). The normal distribution portrays that data are perfect balance on both sides of the mode condition known as symmetrical pattern reflecting distribution as a normal distribution. In the case where data are more clustered on the right side of the mode means there is positive skewness. 
Similarly, if the data are more clustered in the left-hand side of the mode means there is negative skewness. Both positive and negative skewness shows that there is no normal distribution of the data, a condition known as asymmetrical distribution reflecting the presence of skewness (Kothari, 2004). Kurtosis refers to the peakedness of the distribution which can either be too peaked or too flat as compared to the normal bell-shaped curve (Tabachnick and Fidell, 2013).  The shape of the normal carve is called mesokurtic indicating the kurtic is in the centre whereas leptokurtic connotes that the curve is more peaked than the normal curve. Platykurtic suggests that the curve is flatter than the normal curve. In a nutshell, both skewness and kurtosis should be normal so as to produce proper statistical inferences during data analysis (Hair et al., 2010; Saunders et al., 2012).
In this study, the normality test of the collected data was carried out by measuring the skewness and kurtosis through IBM SPSS version 22. The values of skewness ranged from -0.51475 to 0.552 while that of kurtosis ranged from -1.67 to 0.552, as shown in Table 4.3. The results indicate that skewness and kurtosis are centred within the recommended critical values (±2) as proposed by Hair et al. (2010) which implied that data were normally distributed, and assumption of SEM with regard normality is perfectly met. In addition, histograms figures were produced from SPSS to check for normal distribution of the data. The results indicated that the data were approximately normally distributed, as shown in appendix IV.
Table 4.3: Normality Test Results
	 
	N
	Minimum
	Maximum
	Mean
	Std. Deviation
	Skewness
	Kurtosis

	
	Statistic
	Statistic
	Statistic
	Statistic
	Statistic
	Statistic
	Std. Error
	Statistic
	Std. Error

	AT1
	298
	1
	7
	4.28
	1.973
	-.107
	.141
	-1.458
	.281

	AT2
	298
	1
	7
	4.04
	1.948
	.122
	.141
	-1.593
	.281

	AT3
	298
	1
	7
	4.38
	2.116
	-.234
	.141
	-1.499
	.281

	AT4
	298
	1
	7
	4.35
	2.003
	-.136
	.141
	-1.628
	.281

	AT5
	298
	1
	7
	4.36
	2.037
	-.177
	.141
	-1.600
	.281

	AT6
	298
	1
	7
	3.79
	1.804
	.414
	.141
	-1.283
	.281

	AT7
	298
	1
	7
	3.89
	1.924
	.224
	.141
	-1.413
	.281

	AT8
	298
	1
	7
	4.38
	2.044
	-.269
	.141
	-1.465
	.281

	SN1
	298
	1
	7
	4.57
	2.133
	-.514
	.141
	-1.406
	.281

	SN2
	298
	1
	7
	4.26
	2.151
	-.257
	.141
	-1.614
	.281

	SN3
	298
	1
	7
	4.48
	2.170
	-.482
	.141
	-1.470
	.281

	SN4
	298
	1
	7
	4.10
	2.145
	-.171
	.141
	-1.670
	.281

	SN5
	298
	1
	7
	4.39
	2.129
	-.412
	.141
	-1.538
	.281

	SN6
	298
	1
	7
	3.11
	2.149
	.552
	.141
	-1.448
	.281

	SN7
	298
	1
	7
	4.27
	2.129
	-.369
	.141
	-1.633
	.281

	PBC1
	298
	1
	7
	4.05
	1.320
	-.432
	.141
	-.093
	.281

	PBC2
	298
	1
	7
	4.08
	1.447
	-.255
	.141
	-.163
	.281

	PBC3
	298
	1
	7
	4.19
	1.442
	-.394
	.141
	-.034
	.281

	PBC4
	298
	1
	7
	4.18
	1.359
	-.334
	.141
	.169
	.281

	PBC5
	298
	1
	7
	4.04
	1.190
	-.240
	.141
	.552
	.281

	PI1
	298
	1
	7
	4.33
	2.171
	-.276
	.141
	-1.576
	.281

	PI2
	298
	1
	7
	4.47
	2.102
	-.374
	.141
	-1.465
	.281

	PI3
	298
	1
	7
	4.47
	2.107
	-.362
	.141
	-1.479
	.281

	PI4
	298
	1
	7
	4.52
	2.099
	-.406
	.141
	-1.429
	.281

	Valid N (listwise)
	298
	 
	 
	 
	 
	 
	 
	 
	 


Source: Field Data, 2020
4.8.2 Linearity

SEM assumes that the data are linear so as to produce good statistical inference during the analysis (Hair et al. 2010). Linearity is a statistical term which implies that correlations between the observed variables and their constructs and between one construct and another are a linear form. Linearity can be expressed by graphical layout showing a straight line that connects variable and the constant. 
In this study, the linearity assumption was checked by using bivariate correlations of the pair of independent variables and inspection of bivariate scatter plots as recommended by Tabachnick and Fidell (2007). The asterisk mark of **p<0.01 indicated the significance of each pair of the independent variable based on bivariate correlations. This implied that most of the variables obeyed the linearity assumption, as shown in Table 4.5. Furthermore, the inspection of scatter plots of the randomly chosen variables was done and results showed that the variables are approximately in linear form as indicated by scatter plots in appendix V.
4.8.3 Homescedasticity

The researcher checked homoscedasticity of the variables by the use of the Levene test. Homescedasticity is the situation in which there is an equal statistical variance of the dependent variable across the range of the independent variable (Hair et al., 2010); this means that there is the constant variance of the residual or error term in the regression model. The researchers need to assess the homoscedasticity because the absence of it may require the researchers to incorporate extra predictor variables to explain the performance of dependent variable (Kline, 2011). 
Levene’s test assessed the uniformity of variance across all set of variables, the probability of the presence of uniform variance is set at p-value greater than 0.05; hence above that value means the variance are equal. In this case, the null hypothesis was accepted because of the insignificant difference from equality of variance of the dependent variable across the groups. On the other hand, the alternative hypothesis was rejected because of the significant difference from equality of variance of errors of the variables. The result indicated p-value is 0.162, which is higher than 0.05, as shown in Table 4.4.  This is evidence of equal variance across the levels of independent variables and implied that homoscedasticity of the variables is certified.
Table 4.4: Levene's Test of Equality of Error Variances
	Dependent Variable: PI

	F
	df1
	df2
	Sig.

	2.405
	292
	5
	0.162

	a. Design: Intercept + AT + SN + PBC + SN * PBC


Source: Field Data, 2020
4.8.4 Multicollinearity 

Multicollinearity refers to the condition in which there is extreme inter-correlation among the independent variables (Hair et al., 2010; Kline, 2011). Apparently, the independent variable should stand by its own without having a high association with another independent variable in order to avoid problems in fitting the model and interpretation of the results (Field, 2009).  Similarly, Tabachnick & Fidell (2007) emphasized the absence of multicollinearity among the variables because it is difficult to separate the influence of individual independent variable towards dependent variables. 
Both Pearson’s correlation matrix analysis of variables and Variance Inflated Factor (VIF) were inspected to check multicollinearity. Kline (2011) and Tabachnick & Fidell (2007) recommended that the correlation coefficients of any paired independent variables should not exceed 0.9. However, there are few chances of multicollinearity cases if discriminant validity is met (Grewal et al. (2004). Table 4.5 shows the results of bivariate correlations among the independent variables. 
Table 4.5 indicates that all the correlations coefficient of among the paired variable ranged from 0.316 to 0.384, which fall within the recommended value. Thus, based on the results indicated in Table 4.5, there was a very low presence of correlations among the independent variables implying the absence of multicollinearity. This expressed the concept that all the independent variables used under this study are strictly different. 
Table 4.5: Correlational Analysis to Check Multicolliniearity
	
	AT
	SN
	PBC

	AT
	Pearson Correlation
	1
	.384**
	.316**

	
	Sig. (2-tailed)
	
	.000
	.000

	
	N
	298
	298
	298

	SN
	Pearson Correlation
	.384**
	1
	.336**

	
	Sig. (2-tailed)
	.000
	
	.000

	
	N
	298
	298
	298

	PBC
	Pearson Correlation
	.316**
	.336**
	1

	
	Sig. (2-tailed)
	.000
	.000
	

	
	N
	298
	298
	298

	**. Correlation is significant at the 0.01 level (2-tailed).


Source: Field Data, 2020
However, in order to be more precise about the issue of multicollinearity of the variables, the researcher opted to examine the variables using VIF. This is because bivariate correlations analysis of independent variables do not accurately test the extent to which individual independent variable is explained by other sets of independent variables (Hair et al., 2010).  Therefore, the VIF was employed to examine the presence of multicollinearity whereby the Hair et al. (2010) suggested that the threshold for value for VIF should be less than 5. The results from this study indicated that all VIF for independent variables were between 1.182 and 1.248 as shown in Table 4.6, reflecting the absence of multicollinearity cases.
Table 4.6: Variance Inflated Factor to Check Multicollinearity
	Variable
	Collinearity Statistics

	
	Tolerance
	VIF

	 
	AT
	.814
	1.229

	
	SN
	.801
	1.248

	
	PBC
	.846
	1.182

	a. Dependent Variable: PI


Source: Field Data, 2020
4.9 Model Formulation and Validation

The purpose of this section is to ascertain on the off chance that the suggested factors structures were in fact consistent with the data collected from the field. This is often since at the conceptual framework development; the researcher had created the conceptual framework without the use of any data from the field, the researcher developed the conceptual framework depend on the evaluation of available theories and previous literature. Subsequently, it is not clear if the construct were in line with the proposed measure. Given this setting, the researcher utilized factor analysis through Exploratory Factor Analysis (EFA) and Confirmatory the Factor Analysis (CFA) to guarantee that the construct were in line with their indicators even though the measurement scale was adapted from past studies. Thus, factor analysis was used to ensure the proposed factor structure perfectly fit the actual data.
4.9.1 Exploratory Factor Analysis

Exploratory Factor Analysis is a multivariate statistical method geared to display the underlying structure of a large set of variables which can determine the correlations among those variables. EFA aimed to ensure that each item is loading into specific factor leading to accurate results at the final analysis of the model.
Before EFA was performed, the researcher assessed the sample adequacy using Kaiser -Meyer- Olkin (KMO) so as to ensure the degree of interrelationship between the variables and the suitability of factor analysis.  Consequently, the suitability of factor analysis was determined by assessing the whole correlation matrix; the Bartletts test of sphericity was used to examine the availability of correlation among the variables.  According to Tabachnick and Fidell (2007), KMO value should be between 0.6 and above and Bartlett's test of sphericity, which indicates chi-square results should be significant at p< 0.05. Therefore the findings of this study yielded a  KMO value of 0.933 which is above 0.6 threshold value and Bartlett's test of sphericity of statistical significance of p=0.000 as indicated in Table 4.7 which implies that the sample size  was  sufficient and allowed the researcher to proceed for EFA. 
Table 4.7: Kaiser -Meyer- Olkin and Bartletts’s Test
	KMO and Bartlett's Test

	Kaiser-Meyer-Olkin Measure of Sampling Adequacy.
	.933

	Bartlett's Test of Sphericity
	Approx. Chi-Square
	7600.468

	
	Df
	276

	
	Sig.
	0.000


Source: Field Data, 2020
During EFA four (4) factors were considered for extraction and explained the cumulative variance of 76.475%, as indicated in Table 4.7. EFA was performed once using principal axis factoring extraction with oblique (Oblimin) rotation. The researcher chose oblique rotation over the other method of rotation because of its appropriateness to extract correlation factors (Hair et al., 2010). The total of twenty-four (24) indicators obtained from the research instrument was involved during EFA.  
Table 4.8: Total Variance Explained
	Factor
	Initial Eigen values
	Rotation Sums of Squared Loadings

	
	Total
	% of Variance
	Cumulative %
	Total

	1
	10.778
	44.909
	44.909
	7.284

	2
	3.739
	15.580
	60.489
	7.753

	3
	2.779
	11.577
	72.066
	5.254

	4
	1.058
	4.409
	76.475
	7.896


Source: Field Data, 2020
Hair et al. (2010) proposed four criteria to be considered in selecting factors to retain or drop after the EFA output include Eigen value criterion which the value should be above 1, scree test criterion which use scree plots where the factors after the inflated point of the scree plot should be retained, factors with a minimum number of three items criterion and factor loading criterion. The use of all these different criteria to select the final set of the factors was considered so as to eliminate the weakness that might occur when using a single criterion (Yong & Pearce, 2013).
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Figure 4.1: Scree Plot Graph showing Retained Factors above Inflected Point
Source: Field Data, 2020
The findings of this study have shown that all the four factors hold Eigen values of above 1. According to Field (2009) suggested retaining all the factors which are above the Eigen value of 1 hence the four factors were retained based on the Eigen value criterion. With respect to scree test criterion, all the four factors were above the cut-off point/ inflected point in the scree plot graph as in Figure 4.1. According to Cattell (1978) recommended that all the factors below the inflected point should be dropped and retain the factors after the inflected point hence based on that recommendation all the four factors achieved the condition and were retained.

In case of factor loading criterion, all the factors have met the threshold value of 0.4 and above as recommended by Hair et al. (2010) which prove the presence of significant factor loadings Yong and Pearce (2013). Table 4.9 indicated the factor loading for measured variables.
Table 4.9: Factor Pattern Matrix
	
	Factor

	
	1
	2
	3
	4

	AT1
	
	-.823
	
	

	AT2
	
	-.885
	
	

	AT3
	
	-.856
	
	

	AT4
	
	-.870
	
	

	AT5
	
	-.932
	
	

	AT6
	
	-.766
	
	

	AT7
	
	-.862
	
	

	AT8
	
	-.803
	
	

	SN1
	.818
	
	
	

	SN2
	.874
	
	
	

	SN3
	.944
	
	
	

	SN4
	.825
	
	
	

	SN5
	.849
	
	
	

	SN6
	.517
	
	
	

	SN7
	.821
	
	
	

	PBC1
	
	
	.549
	

	PBC2
	
	
	.717
	

	PBC3
	
	
	.848
	

	PBC4
	
	
	.758
	

	PBC5
	
	
	.573
	

	PI1
	
	
	
	-.795

	PI2
	
	
	
	-.959

	PI3
	
	
	
	-.928

	PI4
	
	
	
	-.972

	Extraction Method: Principal Axis Factoring. 

 Rotation Method: Oblimin with Kaiser Normalization.

	a. Rotation converged in 7 iterations.


Source: Field Data, 2020
Lastly, the fourth criterion based on the fact at least three items loaded in each factor was considered in retaining the factors. The EFA output indicated that all the four factors had more than three items loaded in each factor, the factors have also satisfactory loading, and in that case, all the four factors were retained for confirmatory factor analysis.
4.9.2 Factor Correlation Analysis

Correlation analysis is a statistical approach utilized to assess the quality of the relationship between two quantitative factors. A high relationship implied that two or more factors have a solid relationship with each other, whereas a low relationship implied that the factors are barely related. In this study, the correlation matrix between the factors was inspected for a reason for surveying their interrelationship. Table 4.10 demonstrated non-appearance of either greatly high relationships or greatly low relationships among the variables, consequently recommending that the variables for these investigations were different and had limited inter-relationship.
Table 4.10: Factor Correlation Matrix
	Factor
	AT
	SN
	PBC
	PI

	AT
	1.000
	
	
	

	SN
	-.365
	1.000
	
	

	PBC
	.285
	-.279
	1.000
	

	PI
	-.555
	.453
	-.625
	1.000

	Extraction Method: Principal Axis Factoring

Rotation Method: Oblimin with Kaiser Normalization


Source: Field Data, 2020

4.9.3 Confirmatory Factor Analysis

Confirmatory factor analysis (CFA) is a multivariate statistical technique that is utilized to test how well the measured variables speak to the number of constructs.  Hooper et al. (2008) advanced that CFA is employed to analyze the hypothetical constructs through surveying the error variances, covariance and loadings of the measures. Initially, EFA was utilized to find in case the original variables were organized in a specific way reflecting another latent variable but, at this part, the deliberate was to affirm and bring into line a belief around how the original variables are organized in a specific way utilizing CFA. In order to perform CFA, the measurement model was developed to measure the correlations among the unobserved variables and their specific errors Hair et al. (2010). Therefore, under this section, measurement models of distinctive factors as utilized within the conceptual framework are presented, and the measurement models for the variables are too displayed.
4.9.4 Evaluation of Model Fit under Confirmatory Factor Analysis 
There's no particular measurable significance test that can accurately distinguish the model fit, consequently, it is prescribed at the same time to employ several criteria to judge uniformity of the model with the empirical data (Schreiber et al., 2006).  In order to achieve the best fitness of the model, Schermelleh-Engel et al. (2003) suggested various criteria that should be followed in directing the process of model modification. One of the criteria included standardized regression weights (SWR) values which should be more than 0.5. Another criterion is modification indices that show high covariance between measurement errors along with high regression weights between these errors’construct and the items with cross-loading were deleted. Many factors might cause low factor loadings to include sensitive statements, the presence of ambiguous statements and double meaning statements (Awang, 2011).
According to Schermelleh-Engel et al. (2003), there is a massive variety of goodness of fit indices whereby the desire of which to be employed relies upon the sensitivity of sample size, type of data and statistical significance. There are three known groups of model fit indices which are the absolute fit indices, the incremental fit indices and parsimonious fit indices.  The absolute fit indices encompass the chi-square, RMSEA, RMR, SRMR, GFI and CMIN/df. The incremental fit indices comprise RNI, NFI, CFI and TLI, whereas parsimonious fit indices which include the PNFI and AGFI (Hair et al., 2010).
The current researcher used a combination of goodness of fit indices selected from each group of the indices so as to ensure the best fit of the model to theory as recommended by Schermelleh-Engel et al. (2003). Therefore, the used goodness of fit indices under this study includes GFI, CMIN/df, RMSEA, CFI, TLI, and AGFI.
Maximum likelihood estimation (MLE) technique was used to estimate the parameters under the IBM Amos version 23. MLE is a good estimation technique to be used especially when the normality assumption has complied, and it's highly utilized because of its flexibility, very efficient and non-biased resulting to the best model fit (Hair et al., 2010).  The ratio of chi-square (CMIN) in respect to the degree of freedom( DF), i.e. (CMIN/DF) together with P-value was employed to assess the statistical significance of the underlying relationships in a given model.  
The goodness of fit index (GFI) and adjusted goodness of fit index (AGFI) are geared in the calculations of the proportion of variance derived from the estimated population covariance (Tabachnick and Fidell, 2007).The comparative fit index (CFI) stands for the ratio between the targeted model discrepancies and independence model discrepancy. Thus, the selection of CFI to be used as a fit index lies in the fact that it reflects the degree of model fitness over the independence model. Usually, it compares the present model with other models (Hoe, 2008).
Tucker Lewis Fit Index (TLI) was utilized to compare the values of normed chi-square for the null with the specified model, whereby in some extent it considers the complexity of the model (Hair et al., 2010). Root Mean Square Error of Approximation (RMSEA) also referred as the badness of fit measure which used to determine the appropriate number of observed variables and the size of the sample required by the model, in this case, the high value of RMSEA implied that there is the poor fit of the model. Normally, the RMSEA fit index assessed the accuracy of the difference between the observed input covariance matrix with the estimated covariance matrix (Hoe, 2008). Table 4.11 presented the threshold values criteria for the selected goodness of fit indices used in this study.
Table 4.11: Model Fit Indices and their Threshold Values
	Name of Category
	Name of Index
	Index Name
	Level of Acceptance

	Absolute Fit
	Chi-square
	Discrepancy chi-square
	P ≥ 0.05

	
	RMSEA
	Root mean square error of approximation 
	≤ 0.08

	Incremental Fit
	GFI
	Goodness of Fit Statistic 
	> 0.90

	
	CFI 
	Comparative Fit Index
	> 0.90

	
	TLI
	Tucker-Lewis Index
	> 0.90

	Parsimonious Fit
	CMIN/DF
	Chi-square/Degree of freedom
	≤ 3

	
	AGFI
	Adjusted Goodness of Fit Index 
	>0.90


Source: Awang (2011)

4.9.5 Development of Measurement Models for each Construct

Hair et al. (2010) and Kline (2011) assert that researchers should develop measurement models for every construct. Under this study, the researcher developed the measurement models for both dependent and independent variables separately together with pooled CFA model. Therefore, all constructs were subjected to pooled CFA, adding up to each individual construct whenever some problems were realized (Awang, 2011).
4.9.5.1 Measurement Model for Attitude 
Initially, the test for attitude (AT) together with its eight indicators (AT1, AT2, AT3, AT4, AT5, AT6, AT7, and AT8) was done by IBM Amos version 23.  CFA revealed that all the regression weights were above 0.5 but statistically insignificant at p = 0.000 and the model fit indices output were as follows CMID/DF = 17.531, GFI= 0.747, AGFI= 0.545, CFI = 0.877, TLI = 0.828 and RMSEA= 0.236, which reflected a poor model fit thus consideration for more model modification was required so as to arrive into a better model fit. 

The process of modifying the model was used to improve the model fit by studying the AMOS output. Hoe (2008) suggested the modification or refinement of the model by deleting items which indicate high covariance plus high regression weight in the modification indices.  According to the literature items with standardized regression weight values below 0.5 were also subjected to deletion. Thus, AT2 with e2 and AT6 with e6 were deleted in that order after running AMOS for the two times. The items were deleted because they were highly correlated in comparison with other items, as shown in the modification indices section and suggested the presence of cross-loading of indicator items leading to the poor fitness of the model. 
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Figure 4.2: Standardized Measurement Model for Attitude Factor 
Source: Field Data, 2020
Therefore, the second run of CFA employing the same IBM AMOS version 23 produced the following output; the regression weights for all items were above 0.5 and statistically significant at p ≤ 0.05. The model fit indices output were CMID/DF = 1.389, GFI= 0.986, AGFI= 0.967, CFI = 0.998, TLI = 0.997 and RMSEA= 0.036 which were within the recommended threshold values as indicated in figure 4.2. Finally, all the retained items comprised of good fit indices which indicated a perfect model fit in relation to attitude.
4.9.5.2 Measurement Model for Subjective Norms 
The subjective norm comprised of seven indicators including SN1, SN2, SN3, SN4, SN5, SN6 and S7 and these were subjected to IBM Amos software 23 to test for measurement model through CFA. The CFA was run once employing maximum likelihood estimation  and  revealed that all items had regression weights of above 0.5 and statistically insignificant at p = 0.000. The model fit indices output were CMIN/DF=6.365, GFI=0.917, AGIF=0.458, CFI=0.957, TLI=0.936 and RMSEA=0.134 which reflected a poor model fit..
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Figure 4.3: Standardized Measurement Model for Subjective Norms Factor
 Source: Field Data, 2020
Therefore consideration of model modification was done by pairing the items which display high modification indices. In this case, SN1 having error e18 and SN3 having error e20 were paired, and the second run CFA was performed resulting to an output of CMIN/DF=2.246, GFI=0.972, AGFI=0.941, TLI=0.985, CFI=0.991 and RMSEA = 0.065. The second CFA run output indicated the fitness model as all the model fit indices output were within the level of acceptance as indicated in figure 4.3
4.9.5.3 Measurement Model for Purchase Intention 
The purchase intention measurement model with PI1, PI2, P3 and PI4 indicator variables was tested once for CFA. Maximum likelihood estimate was employed during the initial run of CFA utilizing IBM Amos version 23. The CFA output for PI for all items had regression weights of above 0.5 and statistically significant at p  ≤  0.05 with the following model fit indices CMIN/DF=1.731, GFI=0.994, AGFI=0.971, CFI=0.999, TLI=0.998and RMSEA= 0.050 which  signified  a good model fit as all the indices produced  were within the acceptable range (See Figure 4.4).
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Figure 4.4: Standardized Measurement Model for Purchase Intention Factor
Source: Field Data, 2020
4.9.5.4 Measurement Model for Perceived Behavioral Control 
Perceived Behavioral Control (PBC) with indicators namely PBC1, PBC2, PBC3, PBC4 and PBC5 was placed in the CFA model. Figure 4.5 presented the summary of the CFA out after the initial CFA run employing IBM Amos version 23 through a maximum likelihood estimate. The initial CFA run output for PBC were CMIN/DF5.47, GFI=0.981, AGFI=0.903, TLI=0.903, CFI=0.980 and RMSEA=0.129, which indicated poor fitness of the model. 
Second CFA run was performed after deleting PBC1 because it had paired with many error terms and had high modification indices. In addition pairing of PBC4 (e16) and PBC5 (e17) was considered due to high modification indices. Hence, regression weights were above 0.5 and significant at p ≤ 0.05 together with model fit indices CMIN/DF=1.283, GFI=0.978, AGFI=0.998, CFI=0.999, TLI=0.997and RMSEA= 0.031 that proved a good fit of the model because all the indices values were within the threshold values provided in Table 4.11. 
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Figure 4.5: Standardized Measurement Model for Perceived Behavioral Control Factor
4.9.5.5 Development of the final CFA Measurement Model

This part aims to prepare the final CFA model, which had to fit all the factors. Thus, each of the four measurement model developed in the preceding section was arranged together, following the Initial CFA run in IBM Amos version 23 using a maximum likelihood estimate so as to examine the model fit. Therefore, the output of the initial CFA run revealed that all the standardized regression weights were above 0.5 and statistically significant at p ≤ 0.05. 
The results for model fit were CMIN/DF=1.607, GFI=0.919, AGFI=0.897, CFI=0.983, TLI=0.980 and RMSEA= 0.045 which reflected good fitness of the model as referred to cutting off criteria for the model fit proposed by Awang (2011). The model should be considered to have a good fit when it has the following minimum fit indices values CMIN/DF ≤ 3, GFI >0.90, AGF>0.90, CFI>0.90, TLI>0.90, and RMSEA<0.08 (Awang, 2011). However, the value of AGFI equals to 0.897 is somehow below to the cut off model fit indices values above 0.9. Still, it should be considered to the model fit because it is close to 0.90 hence can be tolerated as keeping improve the model can cause model over-fitting.  Byrne (2010) provided a caution about the risk of over-fitting the models which produce capitalization on factors due to minor effects.
In a nutshell, the overall CFA results demonstrated that all the factor loadings associated with the measurement model were satisfactory implying that the research factors had good reliability. In addition, Yuan and Bentler (2000) stated that items with negative regression weight suggest distrustful measurement models. However, Hox and Bechger (2014) stressed on factors loading of below 0.5 being insignificant. In this view, the final results of the measurement model were  satisfactory  as portrayed in figure 4.6 and the summary of standardized and unstandardized estimates are demonstrated in Table 4.12.
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Figure 4.6: Final Measurement Model
Source: Field Data, 2020
The minimum of 0.2 standard coefficients for all paths has been attained by the critical values (C.R) greater than 1.96 at significance level p < 0.05, as indicated in Table 4.12. Thus, the findings suggested a positive and strong significant relationship among the latent variable and observed variables of the research model. Therefore, the findings proved a solid relationship between latent and observed variables and implied that the model could be applied in the forthcoming structural model analysis.
Table 4.12: Unstandardized and Standardized Regression Weights for the Final Confirmatory Factor Analysis Model
	Items
	Unstandardized

Estimate
	S.E.
	C.R.
	P
	Standardized

Estimate

	PBC2
	<---
	PBC
	1.000
	
	
	
	

	PBC3
	<---
	PBC
	1.135
	.076
	14.928
	***
	.775

	PBC4
	<---
	PBC
	.943
	.070
	13.515
	***
	.882

	PI2
	<---
	PI
	1.043
	.034
	30.951
	***
	.778

	PI1
	<---
	PI
	1.000
	
	
	
	.968

	PI3
	<---
	PI
	1.054
	.033
	31.903
	***
	.899

	PI4
	<---
	PI
	1.060
	.032
	32.945
	***
	.976

	SN1
	<---
	SN
	1.000
	
	
	
	.985

	SN3
	<---
	SN
	1.109
	.043
	25.666
	***
	.811

	SN4
	<---
	SN
	1.049
	.061
	17.195
	***
	.884

	SN5
	<---
	SN
	1.053
	.060
	17.489
	***
	.846

	AT1
	<---
	AT
	1.000
	
	
	
	.855

	AT3
	<---
	AT
	1.120
	.047
	23.593
	***
	.875

	AT4
	<---
	AT
	1.061
	.045
	23.660
	***
	.913

	AT5
	<---
	AT
	1.111
	.044
	25.345
	***
	.914

	AT8
	<---
	AT
	1.032
	.048
	21.286
	***
	.941

	SN7
	<---
	SN
	1.052
	.060
	17.468
	***
	.871

	PBC5
	<---
	PBC
	.526
	.064
	8.158
	***
	.855

	SN6
	<---
	SN
	.776
	.067
	11.520
	***
	.496

	SN2
	<---
	SN
	1.094
	.060
	18.239
	***
	.624

	AT7
	<---
	AT
	.843
	.051
	16.422
	***
	.880


Source: Field Data, 2020
After the development of the model fit for both latent and observed variables were achieved, the next stage was to proceed with validity and reliability checks for retained factors to ensure accurate results were produced during the structural model analysis. Subsequently, the structural model was performed to test the hypotheses generated from this study in relation to independent and dependent variables as articulated in the following part.
4.10 Validity and Reliability Test

For any research to be more accurate, findings must be reliable and valid. The truthfulness of research findings was tested to conform to data validity. On the other hand, the reliability test was done to ensure if the study produced the same findings when repeated. Therefore, the study addressed construct validity, convergent validity and discriminant validity. Similarly, the composite reliability was tested as described in the following sections.

4.10.1 Construct Validity Results

Construct Validity test was done to confirm that the actual data collection was in line with the proposed theory of the study.  The construct validity was employed to test the validity of the results to verify their investigation in the study. In this study, construct validity was attained through monitoring the required level of model fit indices of a particular latent construct. Table 4.11 provides the threshold values of each category of the fit indices. Following this criterion, the overall measurement model indicated that all fit indices attained construct validity. 

4.10.2 Convergent Validity Test Results

Convergent validity was based on the notion that a test should be similar to the construct it is supposed to measure. Convergent validity was observed in the measurement model at the point where all the items reached the level of statistical significance (Ahmad et al., 2016). To ensure convergent validity, Hair et al. (2010) recommended that any item loading at the measurement model should have at least 0.5 that expressed at least 30% of the variance in the variable.  
Under this study, all the loadings attained the recommended thresholds values proposed by (Hair et al., 2010), as shown in Figure 4.6. In addition, Fornell and Larcker (1981) proposed the recommendation of using Average variance extracted (AVE) so as to test the convergent validity of the model. Thus, the researcher computed the AVE for every construct employing the formula provided by Awang (2011) in the excel spreadsheet. Table 4.13 indicated the results of calculated AVE values. 
The AVE formula used

AVE = Ʃ λ² / n

Where λ = factor loading of every item and n = number of items in the model 
Table 4.13: Average Variance Extracted for the Measurement Model
	Construct
	Items
	λ
	λ²
	Ʃ λ²
	n
	AVE (Ʃ λ² / n)

	Attitude (AT)
	AT1
	0.870
	0.7569
	3.8031
	6
	0.63385



	
	AT3
	0.910
	0.8281
	
	
	

	
	AT4
	0.910
	    0.8281
	
	
	

	
	AT5
	0.940
	    0.8836
	
	
	

	
	AT7
	0.760
	0.5776
	
	
	

	
	AT8
	0.870
	0.7569
	
	
	

	Subjective Norm (SN)
	SN1
	0.810
	0.6561
	4.7735
	7
	0.68193



	
	SN2
	0.880
	0.7744
	
	
	

	
	SN3
	0.880
	0.7744
	
	
	

	
	SN4
	0.850
	0.7225
	
	
	

	
	SN5
	0.860
	0.7396
	
	
	

	
	SN6
	0.620
	0.3840
	
	
	

	
	SN7
	0.850
	0.7225
	
	
	

	Perceived Behavioural Control (PBC)
	PBC2
	0.770
	0.5929
	2.2257
	4
	0.55643



	
	PBC3
	0.880
	0.7744
	
	
	

	
	PBC4
	0.780
	0.6084
	
	
	

	
	PBC5
	0.500
	0.2500
	
	
	

	Purchase Intention (PI) 
	PI1

PI1
	0.900
	0.8100
	3.6914
	4
	0.92285



	
	PI2
	0.970
	0.9409
	
	
	

	
	PI3
	0.980
	0.9604
	
	
	

	
	PI4
	0.990
	0.9801
	
	
	


Source: Field Data, 2020
Table 4.13 indicated that all AVE values were above the recommended value of 0.5   ranging from 0.556 to 0.923, which proved that convergent validity in this study was adequately achieved.
4.10.3 Discriminant Validity Test Results

Discriminant validity refers to the extent to which the measures of latent variables were different from one another. Discriminant validity is an indication of low correlation among the latent variables (Bhattacherjee, 2012). In this study, the discriminant validity was assessed by employing two different approaches. The first was to determine the correlation between the constructs, as per recommendation by Kline (2011) that the correlations between the constructs should not exceed 0.9. Therefore, by examining the results of correlations among the constructs, it was found that the correlations of all the constructs underlying the study were below 0.9, which justified the achievement of discriminant validity.

The second approach of assessing discriminant validity was the use of comparison between the square root of the average variance extracted (AVE) and correlation of latent constructs as recommended by Fornell-Lacker (1981).  According to Awang (2011) purported that the discriminant validity was achieved under this approach when the AVE estimates were higher than the squared correlation estimates of the constructs. Table 4.14 showed the diagonal pattern of all the correlation and square roots of the AVEs proved the discriminate validity adequately achieved.
Table 4.14: Discriminant Validity using Fornell-Lacker Criterion

	Factor
	AT
	SN
	PBC
	PI

	AT
	0.796147
	
	
	

	SN
	-.365
	0.825791
	
	

	PBC
	.285
	-.279
	0.745942
	

	PI
	-.555
	.453
	-.625
	0.960651


Source: Field Data, 2020

Fornell and Lacker (1981) recommended that all the values of square roots of AVE should exceed all the values of correlations below it and corresponding through the column to achieve discriminant validity. The result from table 4.14 indicated AVE square root in bold, which are higher than the correlations for the construct hence discriminant validity in this study was justified.
4.10.4 Reliability Test Results

Reliability is referred to as the degree to which results are consistent over time and represent the studied population accurately. In other words, it means, if the study is replicated by using the same methodology by another researcher and yield similar results indicate the reliability of the research instrument. The researcher assessed the reliability of a set of items used to measure particular attributes of a factor by checking the internal consistency using the Cronbach's Alpha value. 
Consequently, the reliability of latent variable was measured by Composite Reliability (CR) using CR values. Bhattacherjee (2012) stated that a reliable scale is the one which is capable of measuring the difference between the ratio of actual score variance and the observed score variance. Therefore, it is noted that a reliable scale is one which is dependable and yield consistent results over time. 
Internal consistency measures the responses of each question in the research instrument linking to other questions in the research instrument (Saunders et al., 2012). Internal consistency indicates how well the group of items measure particular attributes of a variable in a similar way. Therefore, internal consistency is also referred to as scale homogeneity, meaning the items in a scale can measure the same variable or factor. 
Scale test for reliability analysis was used to test the extent to which measured variables were free from errors. The reliability analysis was done in IBM SPSS version 22, whereby Cronbach's Alpha value was calculated. According to Field (2009) and Hair et al. (2010), measured variables are reliable when the Alpha value is greater than 0.7.  In this study, the results produced Cronbach’s Alpha values of 0.957, 0.937, 0.855 and 0.977 for the measured variables AT, SN, PBC and PI, respectively, as shown in Table 4.15. All the Cronbach’s Alpha values obtained from the measured variables were above 0.7, confirming that the research instrument was reliable.

Table 4.15: Reliability Statistics
	Variable
	Cronbach’s Alpha
	No. of Items

	AT
	0.957
	8

	SN
	0.937
	7

	PBC
	0.855
	5

	PI
	0.977
	4


Source: Field Data, 2020
However, Field (2009) stated that scholars should not ascertain the use of Cronbach's Alpha value to check well the scale reliability.  This was explained by the fact that the values of Cronbach's Alpha usually increase when the items in a set measuring a particular factor or construct increase resulting into a high value of reliability due to the increase in items but it doesn’t imply that scale is reliable. Equally, Ping (2004) argued that the use of Cronbach’s Alpha to check internal reliability understates the reliability since Alpha value suggests perfect correlations of scale items and fail to account for measurement errors.
In this view, the researcher opted to assess the internal consistency of the data using Composite Reliability (CR) obtained from Confirmatory Factor Analysis (CFA) results.  CR banks on measuring the internal consistency of latent variables. Hair et al. (2010) and Tabachnick & Fidell (2013) proposed value of CR above 0.5 to be more significant while CR value between 0.6 and above to be more acceptable in the research. CR is calculated using the formula as proposed by Hair et al. (2010) and Awang (2011) as follows:
CR = (Σ λ) 2 / [(Σ λ)2 + (Σ1- λ2)] 

Where λ = factor loading of every item
The results from this study indicate CR value of greater than 0.5 as shown in Table 4.16 justifying that items  were  reliable and measured what  they were  supposed to measure; hence internal consistency reliability  was  achieved.
Table 4.16: Composite Reliability for the Measurement Model
	Latent Variable
	Attitude  (AT)
	Subjective Norm (SN)
	Perceived Behavioural Control (PBC)
	Purchase Intention

(PI)

	Composite Reliability
	0.952859
	0.936835
	0.828722
	0.979501


Source: Field Data, 2020
4.11 The Structural Model Analysis
In this study, the structural model consisting of different measurement models of independent variables (AT, SN, and PBC) and dependent variable (PI) was analyzed. The analysis was done in IBM Amos 23 by using the maximum likelihood estimate to assess the level of significance among the hypothesized relationships and fitness of the model. The output of the analysis are indicated in Figure 4.7 in terms of various modal fit indices including CMIN/DF, GFI, AGFI, CFI, TLI and RMSEA.
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Figure 4.7: Structural Model
Source: Field Data, 2020
The following were the results of the model fit as detailed in figure 4.7, the normed chi-square value equivalent to the ratio of chi-square in respect to the degree of freedom (CMIN/DF) was 1.607 which was within in acceptable values (≤ 3) recommended by Awang (2011) and  Schermelleh-Engel et al. (2003). The generated values of GFI =0.919, AGFI=0.897, CFI= 0.983 and TLI=0.980 which were within the cut off values (> 0.9) suggested by Awang (2011), indicated a good fit of the model. However, the AGFI value obtained =0.897, which was approximated to 0.9, was maintained because it could be tolerated and greatly outweigh the risk of over-fitting the model. 
The results produced RMSEA value of 0.045 which indicated that the model was close enough fit to the data based on the threshold values proposed by Hoe (2008), that was RMSEA value of 0 represent perfect fit, below 0.05 represent close to fit, between 0.05 and 0.08 represent fair fit, between 0.08 to 0.1 represent a mediocre fit and above 0.1 was equal to poor fit. However, the summary of standardized and unstandardized estimates for the structural model was also presented in Table 4.17. After the development of the model fit which reflected a good fit of the model to the data by the use of some few selected model fit indices, the following part was to assess the path coefficient hypothesis testing based on results achieved in the structural model.
Table 4.17: Standardized and Unstandardized Regression Weights for the Structural Model
	
	Unstandardized

Estimate
	S.E.
	C.R.
	P
	Standardized

Estimate

	PI
	<---
	PBC
	.790
	.095
	8.313
	***
	.454

	PI
	<---
	SN
	.373
	.056
	6.613
	***
	.331

	PI
	<---
	AT
	.226
	.053
	4.296
	***
	.200

	PBC2
	<---
	PBC
	1.000
	
	
	
	.775

	PBC3
	<---
	PBC
	1.135
	.076
	14.928
	***
	.882

	PBC4
	<---
	PBC
	.943
	.070
	13.515
	***
	.778

	PI2
	<---
	PI
	1.043
	.034
	30.951
	***
	.968

	PI1
	<---
	PI
	1.000
	
	
	
	.899

	PI3
	<---
	PI
	1.054
	.033
	31.903
	***
	.976

	PI4
	<---
	PI
	1.060
	.032
	32.945
	***
	.985

	SN1
	<---
	SN
	1.000
	
	
	
	.811

	SN3
	<---
	SN
	1.109
	.043
	25.666
	***
	.884

	SN4
	<---
	SN
	1.049
	.061
	17.195
	***
	.846

	SN5
	<---
	SN
	1.053
	.060
	17.489
	***
	.855

	AT1
	<---
	AT
	1.000
	
	
	
	.875

	AT3
	<---
	AT
	1.120
	.047
	23.593
	***
	.913

	AT4
	<---
	AT
	1.061
	.045
	23.660
	***
	.914

	AT5
	<---
	AT
	1.111
	.044
	25.345
	***
	.941

	AT8
	<---
	AT
	1.032
	.048
	21.286
	***
	.871

	SN7
	<---
	SN
	1.052
	.060
	17.468
	***
	.855

	PBC5
	<---
	PBC
	.526
	.064
	8.158
	***
	.496

	SN6
	<---
	SN
	.776
	.067
	11.520
	***
	.624

	SN2
	<---
	SN
	1.094
	.060
	18.239
	***
	.880

	AT7
	<---
	AT
	.843
	.051
	16.422
	***
	.757


Source: Field Data, 2020
4.12 Model Path Coefficients and Hypothesis Testing
The postulated hypotheses for this study were tested based on Structural Equation Modeling (SEM) method. Various coefficients and scores attained from the structural model analysis were used to determine the relationship between the variables in proposed hypotheses. The researcher considered the level of significance (p-value), critical ratio (C.R), strength and direction of the standardized path coefficients (γ), in order to test and evaluate the hypotheses. In addition, each run of hypotheses testing was used as the basis for comparison.
4.12.1 Relationship between Attitude towards Counterfeit Apparel Products  and Purchase Intention 

 The section of the literature review of this study claimed that there is a positive relationship between consumers’ attitude towards CAPs and purchase intention. Hence, in this study, the first proposed relationship was hypothesized as a positive relationship between attitude towards CAPs and purchase intention, formulated as follows.
H1: There is a positive and significant relationship between attitude towards counterfeit apparel product and purchase intention.
Descriptive statistics analysis was performed first in respect of this hypothesis testing to determine the effect of each attribute of attitude on purchase intention of CAPs as detailed in Table 4.18.

Table 4.18: Descriptive Statistics Results for Attitude 
	
	N
	Minimum
	Maximum
	Mean
	Std. Deviation

	Recommendation (AT1)
	298
	1
	7
	4.28
	1.973

	Preference (AT3)
	298
	1
	7
	4.38
	2.116

	 Nothing wrong (AT4)
	298
	1
	7
	4.35
	2.003

	 Better choice (AT5 )
	298
	1
	7
	4.36
	2.037

	Similar function (AT7)
	298
	1
	7
	3.89
	1.924

	Reliable (AT8)
	298
	1
	7
	4.38
	2.044

	Valid N (listwise)
	298
	
	
	
	


Source: Field Data, 2020
The summary of the descriptive analysis results was projected from Table 4.18 in terms of six attributes (Recommendation, Preference, Nothing wrong, Better choice, Similar function and Reliable) of consumers’ attitude towards CAPs. 
The Preference attribute with the mean value of 4.38 and Reliable attribute possesses high effects on the influence of consumers’ attitude as compared with the other attributes, followed by Better choice with the mean value of 4.36, Nothing wrong with the mean value of 4.35, Recommendation with the mean value of 4,28. The last is Similar function with the mean value of 3.89 possess very low effect on the influence of consumers’ effect. Therefore, the greater mean value implied high effect; in other words, the mean value that was close to 5 was considered to have more impact on purchase attention.
After performing descriptive statistics analysis, SEM was performed to determine the level of significance of consumer’s attitude towards CAPs on purchase intention. Table 4.19 summarized the SEM results.
Table 4.19: Structural Equation Modeling Results for Attitude towards CAPs and Purchase Intention
	Path
	
	
	Estimate
	S.E.
	C.R.
	P
	Standardized

    Estimate
	      Result

	PI
	<---
	AT
	.226
	.053
	4.296
	***
	.200
	     Supported

	AT1
	<---
	AT
	1.000
	
	
	
	.875
	     Fixed

	AT3
	<---
	AT
	1.120
	.047
	23.593
	***
	.913
	     Significant

	AT4
	<---
	AT
	1.061
	.045
	23.660
	***
	.914
	     Significant

	AT5
	<---
	AT
	1.111
	.044
	25.345
	***
	.941
	     Significant

	AT8
	<---
	AT
	1.032
	.048
	21.286
	***
	.871
	     Significant

	AT7
	<---
	AT
	.843
	.051
	16.422
	***
	.757
	     Significant


Source: Field Data, 2020
The path of AT linking to PI from table 4.19 was taken to determine the relationship between consumers’ attitude towards CAPs and purchase intention of CAPs. The results of the analysis were as follows, a positive path of the coefficient of γ = 0.2 was obtained after employing standardized estimates output which implied that consumers’ attitude towards CAPs is positively related to purchase intention. 
However, the results of this hypothesis (H1) indicated a significant positive relationship between consumers’ attitude towards CAPs and purchase intention. The result concurred with that of Hoe (2008) who recommended that the value of standardized paths coefficient (γ) should be at least 0.2 so as to be taken as statistical significant, leading good implication of the discussion. Thus, in this study, the result of the standardized path coefficient was 0.2, which was within the proposed value that can lead to the good implication of the discussion. In other words, consumers’ attitude towards CAPs influences consumers’ purchase intention. 
The analysis to determine the significant influence of attitude towards CAPs was again done based on critical values. The C.R value of 4.296 and p-value of 0.000 were produced from the analysis as illustrated in Table 4.19. The results were within the recommended values proposed by Hox and Bechger (2014) that the relationship which had C.R > 1.96 and p < 0.05 was taken as significant. Therefore, the findings of this study revealed that the influence of attitude towards CAPs on consumers’ purchase intention was significant, implied that hypothesis one (H1) on positive relationship between attitude towards counterfeit apparel products and purchase intention was fully supported. In this study consumers’ attitude was measured by recommendation, preference, nothing wrong, better choice, reliable and similar function attributes which implied that they also had a significant relationship with purchase intention.
4.12.2 Relationship between Subjective Norm and Purchase Intention of CAPs

This study in the section of literature review claimed that there is a positive relationship between subjective norm (SN) and purchase intention (PI) of CAPs. Hence, the proposed relationship between subjective norm and purchase intention of CAPs was stated as follows:
H2: There is a positive and significant relationship between subjective norm and purchase intention of counterfeit apparel product. 

Descriptive statistics analysis was performed as the basis in the procedure of testing the stated hypothesis in order to determine the effect of each indicator variable of attitude on purchase intention of CAPs as indicated in Table 4.20.
Table 4.20: Descriptive Statistics Results for Subjective Norm 
	
	N
	Minimum
	Maximum
	Mean
	Std. Deviation

	Admire (SN1)
	298
	1
	7
	4.57
	2.133

	Approve (SN2)
	298
	1
	7
	4.26
	2.151

	Recommendation (SN3)
	298
	1
	7
	4.48
	2.170

	Good impression (SN4)
	298
	1
	7
	4.10
	2.145

	Belonging (SN5)
	298
	1
	7
	4.39
	2.129

	Think as a choice (SN6)
	298
	1
	7
	3.11
	2.149

	Identification (SN7)
	298
	1
	7
	4.27
	2.129

	Valid N (listwise)
	298
	
	
	
	


Source: Field Data, 2020
The summary of descriptive analysis results was presented in table 4.20 connected to six attributes (Admire, Approve, Recommendation, Good impression, Belonging, Think as a choice and Identification) of the subjective norm. The Admire attribute with the mean value of 4.57 had a high effect on the influence of subjective norm compared with the other attributes, followed by recommendation with the mean value of 4.48, belonging with the mean value of 4.39, identification with the mean value of 4.27, approve with the mean value of 4.26, good impression with the mean value of 4.10 and the last thinks as a choice with mean of 3.11 had a very low effect to the influence of consumers’ effect. Therefore, the greater mean value reflects a high effect, indicated that the mean value close to 5 was considered to have more effect.
Thereafter, SEM technique was performed as more advanced analysis to assess the level of significance of subjective norm on purchase intention of CAPs as elaborated Table 4.21. 
Table 4.21: Structural Equation Modeling Results for Subjective Norm and Purchase Intention
	Path
	
	
	Estimate
	S.E.
	C.R.
	P
	Standardized

    Estimate
	         Result

	PI
	<---
	SN
	.373
	.056
	6.613
	***
	.331
	       Supported

	SN1
	<---
	SN
	1.000
	
	
	
	.811
	       Fixed

	SN3
	<---
	SN
	1.109
	.043
	25.666
	***
	.884
	       Significant

	SN4
	<---
	SN
	1.049
	.061
	17.195
	***
	.846
	       Significant

	SN5
	<---
	SN
	1.053
	.060
	17.489
	***
	.855
	       Significant

	SN7
	<---
	SN
	1.052
	.060
	17.468
	***
	.855
	       Significant

	SN6
	<---
	SN
	.776
	.067
	11.520
	***
	.624
	       Significant

	SN2
	<---
	SN
	1.094
	.060
	18.239
	***
	.880
	       Significant


Source: Field Data, 2020
The path of SN connecting to PI from table 4.21 was considered to assess the relationship between subjective norm and purchase intention of CAPs. The results of the analysis were as follows, a positive path of the coefficient of γ = 0.331 was generated by standardized estimate output which implies that subjective norm was positively related with purchase intention of CAPs. Thus, the results of this hypothesis (H2) indicated significant positive relationship between subjective norm and purchase intention of CAPs. 
The result was consistent with that of Hoe (2008) who recommended that the value of standardized paths coefficient (γ) should be at least 0.2 so as to be taken as statistical significant, leading to a valid discussion. Thus, in this study, the result of the standardized path coefficient was above 0.2 compared to the proposed value that can lead to extensive discussion. In other words, the subjective norm increased consumers’ purchase intention of CAPs. 
Further analysis of determining the significant influence of subjective norm was considered based on critical values as summarized in Table 4.21 shown that the C.R value of 6.613 and p-value of 0.000 produced from the analysis. The results were within the recommended values proposed by Hox and Bechger (2014) that the relationship which had C.R > 1.96 and p < 0.05 was considered as significant. Therefore, the findings of this study revealed that the influence of subjective norm on consumers’ purchase intention of CAPs was significant, implied that hypothesis two (H2) on the relationship between subjective norm and purchase intention of counterfeit apparel products was supported. 
Under this study, the subjective norm was measured by admire, approve, recommendation, good impression, belonging and identification. Equally, all the retained attributes for subjective norm indicated significant influence, justifying that all the identified attributes which measure subjective norms had significant relationship with consumers purchase intention.
4.12.3 Relationship between Perceived Behavioural Control and Purchase Intention of CAPs

This study proposed a positive relationship between the perceived behavioural control (PBC) and purchase intention (PI) of CAPs. Hence, the third hypothesized relationship between perceived behavioural control and purchase intention of CAPs was formulated as follows:
H3: There is a positive and significant relationship between perceived behavioural control and purchase intention of counterfeit apparel product.
In testing this hypothesis, the researcher first considered descriptive analysis to determine the influence of individual attribute of perceived behavioural control on purchase intention of CAPs as indicated in Table 4.22.
Table 4.22: Descriptive Statistics Results for Perceived Behavioural Control 
	
	N
	Minimum
	Maximum
	Mean
	Std. Deviation

	Enough time (PBC2)
	298
	1
	7
	4.08
	1.447

	Complete control (PBC3)
	298
	1
	7
	4.19
	1.442

	Decision (PBC4)
	298
	1
	7
	4.18
	1.359

	Enough information (PBC5)
	298
	1
	7
	4.04
	1.190

	Valid N (listwise)
	298
	
	
	
	


Source: Field Data, 2020
The summary of descriptive analysis results was presented in Table 4.22 showing four attributes (Enough time, complete control, Decision, and Enough information) of perceived behavioural control. The Complete control attribute with the mean value of 4.19 possessed a high effect on the influence of perceived behavioural control over the other attributes. This was followed by decision attribute, enough time attribute, and enough information attributes with the mean values of 4.18, 4.08 and 4.04 respectively. Therefore, the greater mean value implied a high effect. Subsequently, the second analysis utilizing SEM was performed to determine the level of significance of perceived behavioural control on purchase intention of CAPs. Table 4.23 indicates the results yielded by SEM.
Table 4.23: Structural Equation Modeling Results for Perceived Behavioural Control and Purchase Intention
	Path
	
	
	Estimate
	S.E.
	C.R.
	P
	Standardized

    Estimate
	      Result

	PI
	<---
	PBC
	.790
	.095
	8.313
	***
	.454
	Supported

	PBC2
	<---
	PBC
	1.000
	
	
	
	.775
	       Fixed

	PBC3
	<---
	PBC
	1.135
	.076
	14.928
	***
	.882
	      Significant

	PBC4
	<---
	PBC
	.943
	.070
	13.515
	***
	.778
	     Significant

	PBC5
	<---
	PBC
	.526
	.064
	8.158
	***
	.496
	     Significant


Source: Field Data, 2020
The path of PBC leading to PI in Table 4.23 was taken to determine the relationship between perceived behavioural control and purchase intention of CAPs. The results of the SME analysis were as follows, a positive path of the coefficient of γ = 0.454 was obtained after employing standardized estimate output,  implying that perceived behavioural control positively related to purchase intention of CAPs. Hence, the results of this hypothesis three (H3) indicated a significant positive relationship between perceived behavioural control and purchase intention of CAPs. The result is in line with that of Hoe (2008) who recommended that the value of standardized paths coefficient (γ) should be at least 0.2 so as to be considered as statistically significant, resulting into the critical discussion. Thus, in this study, the result of the standardized path coefficient was above 0.2 compared to the proposed value that could lead to critical discussion. In other words, perceived behavioural control influences consumers’ purchase intention of CAPs. 
In determining the influence of perceived behavioural control on purchase intention, critical values were computed as illustrated in Table 4.23 revealing a value of 8.313 and p-value of 0.000. The results were within the ranged values proposed by Hox and Bechger (2014) that the relationship which had C.R > 1.96 and p < 0.05 was considered as significant. Therefore, the findings of this study indicated that the influence of perceived behavioural control on consumers’ purchase intention of CAPs was significant. Implying that hypothesis three (H3) on the relationship between perceived behavioural control and purchase intention of counterfeit apparel products was supported. Despite the fact that the combined effect of perceived behavioural control was significant all indicator variables of PBC were also significant demonstrated C.R value greater than 1.96 which was recommended by Hox and Bechger (2014) as seen in Table 4.22.
Under this study, the perceived behaviour control was measured using easy to purchase, enough time, decision, enough information. The results of this study revealed that the perceived behaviour control had a significant positive influence on consumers’ purchase intention of CAPs.
4.13 Multiple Group Moderation Analysis
Multiple group moderation analysis was done involving the Chi-square difference test using IBM AMOS 23 to test the effect of the moderation on the relationship between determinants of CAPs and purchase intention. The multi-group moderation analysis was utilized to examine hypotheses four, five and six of the study. SEM framework included the measure of multi-group analysis to test any number or sort of contrasts between comparable models assessed for distinctive groups of participants (Hair et al., 2010).
The primary step in the multi-group analysis was the separation of data into two groups depends on the moderating variable which was the level of formal education (LFE). Under this study, the principal research focus was to assess the effect of level of formal education on the relationship between determinants of CAPs and purchase intention using the Theory of Planned Behaviour (TPB) factors. Therefore, the LFE variable was observed in question number 5 in the section of the respondents’ profile, where respondents were asked to indicate the number of years spent in school. The LFE variable was created in the IBM SPSS using transform menu under decode into a different variable. Hence LFE variable used a categorical scale that was 1year to 13years was coded as 1 for less-educated consumers group and 14years and above coded as 2 for highly educated consumers group as seen in Table 4.23.
Table 4.24: Descriptive Statistics for the Grouping Variable – Level of Formal Education 

	
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	Less Educated
	162
	54.4
	54.4
	54.4

	
	Highly Educated
	136
	45.6
	45.6
	100.0

	
	Total
	298
	100.0
	100.0
	


Source: Field Data, 2020

Kline (2011) asserted that each group should have at least 100 cases in order to be considered in the multi-group moderation analysis. The two groups achieved the criterion recommended for moderation analysis as indicated in Table 4.24. Therefore, moderation analyses depended on the two groups which are less level of formal education and high level of formal education.
4.14 Testing for Measurement Invariance

Measurement invariance is a statistical tool of estimation that focuses on demonstrating that the same construct is being measured across indicated groups. Thus, the measurement invariance was met when the relationship between indicator variables and their corresponding constructs were similar across all the proposed groups. Milfont and Fischer (2010) advanced that the testing for measurement invariance was a necessary procedure in examining the equality of multi-group data set. It can also be regarded as the first step during hypothesis testing through structural model multi-group comparison.
The main aim of measurement invariance was to ascertain the idea that the measurement model generated in different conditions produced a similar interpretation of the same construct (Hair et al., 2010). The researcher used multi-group confirmatory factor analysis (CFA) as a statistical technique to test measurement invariance. The multi-group CFA was one which was derived from the normal CFA, but in this case, the data set was divided into groups to determine the fitness of the model for each group independently. Subsequently, a multi-group comparison was made to ensure if the respondents from distinct groups translate the same measure in a theoretically equal manner. 

However, if measurement non-invariance is observed, it means the underlying construct possess distinct pattern in the different groups; therefore, the indicated construct measured or represented differ across the groups (Putnick and Bornstein, 2016). With this regard, it was advised to evaluate the invariance of the proposed construct before testing the mean difference across the groups. Measurement invariance captured the essential idea of whether the unobserved constructs differ across the groups in terms of common conditions including configural invariance, metric invariance and scalar invariance (Xu, Terence & Tracey, 2017).  Hair et al. (2010) suggested that measurement invariance be conducted in step by step where three essential steps should be adhered, and each of the steps should at least meet partial invariance.
4.14.1 Testing for Configural Invariance
A configural invariance test is the first test geared to ascertain that the same overall factor structure created based on the proposed measure was attained across the groups.  In this particular point, the researcher validated the essence of each group of CFA model to have the same unobserved factors and their related indicators.  Therefore, it was recommended that during the testing of configural invariance, all the factors and indicators associated with the factors should be the same. At the same time, all parameters should be freely estimated (unconstrained) under each group (Kline, 2011). Apparently, the configural invariance model stands as the basis for comparison forthcoming measurement invariance’s tests.
In this light, the same parameters used in the overall or final CFA model in Figure 4.6 estimation were therefore used again to estimate each group independently to make sure they yield similar results. The essence was to check if the same overall CFA model was suitable in a separate group. The process involved two options including option one which entailed the selection of the groups separately and perform CFA run in multiple times. The second option was to run a multi-group CFA analysis by not including any equality constraints. This study used the second option whereby involving the overall models for less and a high level of formal education groups under the same data file, followed by fitting the model under freely unconstrained estimation. The reason behind the selection of option two was because it simplified the analysis and minimized statistical errors. The configural models summary for composite chi-square was indicated in Table 4.25.
Table 4.25: Composite Chi-square and Degree of Freedom  for the Configural Model
	Model
	NPAR
	CMIN
	DF
	P
	CMIN/DF

	Default model
	100
	526.330
	362
	.000
	1.454

	Saturated model
	462
	.000
	0
	
	

	Independence model
	42
	6597.661
	420
	.000
	15.709


Source: Field Data, 2020
Apart from the fit reported in Table 4.25, the multi-group CFA run created TLI=0.969, CFI=0.973 and RMSEA=0.039. Notwithstanding these indices, the regression weights for all paths attained significance level of p < 0.05 and a critical path of more than 1.96 for less level of formal education indicated in Table 4.26. 
Table 4.26: Unstandardized Regression Weights for Less Level of Formal Education
	Path
	
	
	Estimate
	S.E.
	C.R.
	P
	Label

	PBC2
	<---
	PBC
	1.000
	
	
	
	

	PBC3
	<---
	PBC
	1.027
	.090
	11.411
	***
	par_1

	PBC4
	<---
	PBC
	.842
	.084
	10.018
	***
	par_2

	PI2
	<---
	PI
	1.054
	.051
	20.499
	***
	par_3

	PI1
	<---
	PI
	1.000
	
	
	
	

	PI3
	<---
	PI
	1.054
	.052
	20.257
	***
	par_4

	PI4
	<---
	PI
	1.065
	.050
	21.156
	***
	par_5

	SN1
	<---
	SN
	1.000
	
	
	
	

	SN3
	<---
	SN
	1.087
	.055
	19.633
	***
	par_6

	SN4
	<---
	SN
	1.015
	.084
	12.063
	***
	par_7

	SN5
	<---
	SN
	1.096
	.080
	13.653
	***
	par_8

	AT1
	<---
	AT
	1.000
	
	
	
	

	AT3
	<---
	AT
	1.085
	.075
	14.453
	***
	par_9

	AT4
	<---
	AT
	1.006
	.068
	14.695
	***
	par_10

	AT5
	<---
	AT
	1.025
	.070
	14.584
	***
	par_11

	AT8
	<---
	AT
	.946
	.078
	12.143
	***
	par_18

	SN7
	<---
	SN
	1.053
	.081
	13.063
	***
	par_19

	PBC5
	<---
	PBC
	.491
	.077
	6.330
	***
	par_20

	SN6
	<---
	SN
	.951
	.097
	9.779
	***
	par_23

	SN2
	<---
	SN
	1.095
	.079
	13.804
	***
	par_24

	AT7
	<---
	AT
	.738
	.086
	8.580
	***
	par_25


Source: Field Data, 2020
Similarly, the regression weights for all paths in high level of formal education group had also achieved significance level of p < 0.05 and a critical path value of more than 1.96. The summary of path regression weights for high level of formal education group were indicated in Table 4.27. It is recommended that the goodness of fit indices for multi-group parameters require to display an unassumingly stable fit to the data for the two groups as multi-group fit measurements could never be better than those decided for each group independently. In affirming the configural model fit, consideration regarding parsimonious fit was of most extreme significance (Kline, 2011).  

Table 4.27: Unstandardized Regression Weights for High Level of Formal Education
	Path
	
	
	Estimate
	S.E.
	C.R.
	P
	Label

	PBC2
	<---
	PBC
	1.000
	
	
	
	

	PBC3
	<---
	PBC
	1.289
	.135
	9.579
	***
	par_26

	PBC4
	<---
	PBC
	1.091
	.122
	8.927
	***
	par_27

	PI2
	<---
	PI
	1.032
	.046
	22.537
	***
	par_28

	PI1
	<---
	PI
	1.000
	
	
	
	

	PI3
	<---
	PI
	1.062
	.042
	25.422
	***
	par_29

	PI4
	<---
	PI
	1.057
	.041
	25.669
	***
	par_30

	SN1
	<---
	SN
	1.000
	
	
	
	

	SN3
	<---
	SN
	1.142
	.073
	15.756
	***
	par_31

	SN4
	<---
	SN
	1.122
	.098
	11.459
	***
	par_32

	SN5
	<---
	SN
	1.047
	.099
	10.595
	***
	par_33

	AT1
	<---
	AT
	1.000
	
	
	
	

	AT3
	<---
	AT
	1.190
	.087
	13.711
	***
	par_34

	AT4
	<---
	AT
	1.113
	.083
	13.412
	***
	par_35

	AT5
	<---
	AT
	1.236
	.077
	15.984
	***
	par_36

	AT8
	<---
	AT
	1.103
	.083
	13.357
	***
	par_43

	SN7
	<---
	SN
	1.063
	.097
	11.004
	***
	par_44

	PBC5
	<---
	PBC
	.602
	.112
	5.358
	***
	par_45

	SN6
	<---
	SN
	.503
	.086
	5.825
	***
	par_48

	SN2
	<---
	SN
	1.137
	.100
	11.377
	***
	par_49

	AT7
	<---
	AT
	.898
	.081
	11.124
	***
	par_50


Source: Field Data, 2020
In light of this, the goodness of fit indices was satisfactory to assert that the configural model fit has been accomplished. Therefore, the researcher affirmed that the multi-group CFA model for both less level of formal education and high level of formal education groups had a similar number of constructs and indicator variables related with each construct henceforth the configural model fit was declared.
4.15 Chi-Square Difference Test for Moderation
Additional analysis was performed employing a Chi-square difference test among the unconstrained and fully constrained model using IBM Amos.  Results gave a proof of no invariant as there was a significant chi-square difference and degree of freedoms among the constrained and the unconstrained models for the two groups. These results proposed that the two groups were distinctive at a model level suggested the chance of moderation henceforth grants avenue for the further analysis called path by path analysis. Path by path analysis aimed to identify the exact paths that were liable for the pronounced moderation. The summary of these results are displayed in Tables 4.28a and 4.28b.
Table 4.28a: Chi-square Difference Test Output from IBM Amos 23 (In an Unconstrained model)
	Model
	DF
	CMIN
	P
	NFI
	IFI
	RFI
	TLI

	
	
	
	
	Delta-1
	Delta-2
	rho-1
	rho2

	Measurement weights
	11
	27.227
	.000
	.916
	.972
	.907
	.969

	Structural weights
	20
	42.063
	.000
	.914
	.970
	.905
	.967

	Structural covariances
	26
	51.84
	.000
	.912
	.969
	.905
	.967

	Structural residuals
	27
	52.846
	.000
	.912
	.969
	.905
	.967

	Measurement residuals
	50
	159.224
	.000
	.896
	.956
	.894
	.955


Source: Field Data, 2020

In this view, the yielded significant Chi-square difference between the unconstrained 

model and the constrained model indicated the occurrence of moderation. Therefore, this makes the researcher progress into another step of analysis referred to as path by path analysis so as to determine the exact path that moderation has occurred.
Table 4.28b: Stats tool Package Chi-square Output
	 
	Chi-square
	df
	p-value
	Invariant?

	Overall Model
	 
	 
	 
	 

	Unconstrained
	526.330
	362
	 
	 

	Fully constrained
	568.393
	382
	 
	 

	Number of groups
	 
	2
	 
	 

	     Difference
	42.063
	20
	0.003
	NO

	Chi-square Thresholds
	 
	 
	 

	90% Confidence
	529.04
	363
	 
	 

	     Difference
	2.71
	1
	0.100
	 

	95% Confidence
	530.17
	363
	 
	 

	     Difference
	3.84
	1
	0.050
	 

	99% Confidence
	532.96
	363
	 
	 

	     Difference
	6.63
	1
	0.010
	 


Source: Field Data, 2020

4.16 The Path by Path Moderation Analysis
In previous part 4.14.1 of this thesis, the configural invariance model demonstrated the pattern for comparison for all other test for invariance. The proof of non-invariance was asserted if this chi-square difference test was found to be significant. Thus, the researcher at that point took up extra tests planned at focusing on which parameters were responsible for these non-invariant results. Concurring to Byrne (2010), when testing for measurement and structural invariance, the main focus should lie more particularly on the extent to which parameters within the measurement and structural elements of the model are comparable over the two groups.

In this regard, the researcher stressed on the Chi-square difference test, employed constrained unconstrained technique to set up which parameters led to the non-invariant results. This was done by constraining one path at a time in Amos software, followed by making comparisons of new generated Chi-square value and thresholds chi-square values that appeared in Table 4.28b. Subsequently, the moderation analysis for hypotheses testing was performed.
At first, the analysis was conducted when the path between attitude towards CAPs and purchase intention of CAPs (PI<---AT) was constrained, leaving the other paths freely estimated. The analysis yielded the chi-square value of 532.428, which was more than 530.17 chi-square of threshold value shown in Table 4.28b. Consequently, it was concluded by 95% confidence that the level of formal education positively moderated the path of attitude towards CAPs and purchase intention (PI<---AT). 
The second analysis was carried out on the path between subjective norm and purchase intention of CAPs (PI<---SN), which was constrained while other paths were left freely estimated. The results indicated the chi-square value of 535.036, which was is high compared to the threshold value of chi-square 532.96 shown in Table 4.28b. Consequently, it was concluded by 99% confidence that the level of formal education positively moderated the path of subjective norm and purchase intention of CAPs (PI<---SN).
Thirdly, the analysis was conducted when the path between perceived behavioural control and purchase intention of CAP (PI<---PBC) was constrained, leaving the other paths freely estimated. The analysis produced the chi-square value of 526.926, which was not higher compared to the threshold values of chi-square 529.04 as shown in table 4.28b. The new chi-square value calculated did not fall within the chi-squire threshold values, indicated that the two groups are not different in this path. Hence, it was confirmed that the level of formal education did not moderate the path of perceived behaviour control and purchase intention of CAPs (PI<- PBC). In summing up the preceded path by path analysis, the results indicated that only the paths between attitude towards CAPs and purchase intention and subjective norms and purchase intention of CAPs were moderated by level of formal education, as such, this led to the following level of analysis referred as hypothesis testing for moderation.
4.17 Moderation Hypothesis Testing
The hypotheses (H4 to H6) were focused to determine which group of the level of formal education (LLFE or HLFE) the influence of moderator variable  was  more articulated. In order to tackle these speculations, the unconstrained model was performed independently, utilizing both datasets for less level of formal education and a high level of formal education. After that, standardized estimates were compared with their significance levels for both datasets. The result is displayed in Table 4.29 for dataset 1 comprised  of less level of formal education and Table 4.30 for dataset 2  addressed  high level of formal education.

Table 4.29: Regression Weights for Less Level of Formal Education Group
	Path
	Unstandardized Estimate
	S.E.
	C.R.
	P
	Standardized

Estimate

	PI<---PBC
	.712
	.114
	6.239
	***
	.470

	PI<---AT
	.436
	.084
	5.164
	***
	.352

	PI<---SN
	.186
	.078
	2.404
	.016
	.159


Source: Field Data, 2020
Table 4.30: Regression Weights for High level of Formal Education Group
	Path
	Unstandardized 

   Estimate
	S.E.
	C.R.
	P
	Standardized 

Estimate

	PI<---PBC
	.864
	.161
	5.378
	***
	.428

	PI<---AT
	.127
	.091
	1.392
	.164
	.090

	PI<---SN
	.521
	.084
	6.211
	***
	.465


Source: Field Data, 2020
Chapter two of this study contented that level of formal education moderates the relationship between attitude towards CAPs and purchase intention followed by  proposed hypothesis 4(H4). 
H4: Formal education level positively moderates the relationship between consumers’ attitude towards counterfeit apparel products and purchase intention. 
When reviewing part 4.17 of this thesis, it was at first indicated that level of formal education moderated this relationship without  pointing  out precisely as to which group of the level of formal education the moderation was  more stated.  The response obtained from this hypothesis provided useful information on the category of the level of formal education for consumers in which this relationship was more articulated. Therefore, the information was drawn from Tables 4.29 and 4.30 so as to simplify the investigation.
Table 4.31: The Effect of Attitude on Purchase Intention for Less and High Level of Formal Education
	
	Standardized Estimate 
	P
	Result

	Less Level of Formal Education
	.352
	***
	Significant at p= 0.000

	High Level of Formal Education
	.090
	.164
	 Insignificant at p≤0.05


Source: Field Data, 2020
From the Table 4.31, the standardized parameter estimate for the less level of formal education group was .352, and for the high-level formal education group, the standardized estimate was .090. This indicated that parameter estimates were significant in the less level of formal education group and insignificant in a high level of formal education group. Therefore, proposed the presence of full moderation because of the variations that occurred in significance levels. Hence, it was concluded that the relationship between AT and PI  is more stronger in less level of formal education group than in high level of formal education group; as such H4 was supported. 
This study claimed in chapter two that the relationship between subjective norm (SN) and purchase intention (PI) of counterfeit apparel products could be moderated by the level of formal education as proposed in the hypothesis 5. 
H5: Formal education level positively moderates the relationship between subjective norm and consumers’ purchase intention of counterfeit apparel products.
 Part 4.17 of this thesis showed that the level of formal education moderated this relationship without clearly indicating which group of the level of formal education the moderation was more articulated. The response obtained from this hypothesis justified exactly on the category of the level of formal education for consumers in which this relationship was more articulated. Therefore, the information was extracted from Tables 4.29 and 4.30 for further investigation.

Table 4.32: The Effect of Subjective Norm on Purchase Intention for Less and High Level of Formal Education
	
	Standardized Estimate 
	P
	Result

	Less Level of Formal Education
	.159
	.016
	Significant at p= 0.016

	High Level of Formal Education
	.465
	***
	   Significant at p=0.000


Source: Field Data, 2020
From Table 4.32 the standardized parameter estimate for the less level of formal education group was .159, and for the high-level formal education group, the standardized estimate was .465. This indicates that parameter estimates were significant in the less level of formal education group and significant at a high level of the formal education group. Therefore, proposing the presence of partial moderation because of the variations that occurred in significance levels. It was concluded that the relationship between SN and PI is stronger in high level of formal education group than in less level of formal education group; as such H5 was supported. 
Part 4.17 of this thesis expressed that the level of formal education do not moderate the relationship between perceived behaviour control and purchase intention of counterfeit apparel products which is contrary to hypothesis 6 (H6): 

H6: Formal education level positively moderates the relationship between perceived behaviour control and consumers’ purchase intention of counterfeit apparel products.
When referring to part 4.17 of this thesis, it was at first indicated that level of formal education did not moderated the relationship between perceived behaviour control and consumers’ purchase intention of counterfeit apparel products. However, the information was extracted from tables 4.29 and 4.30 for further the investigation.
Table 4.33: The Effect of Perceived Behavioural Control on Purchase Intention for Less and High Level of Formal Education
	
	Standardized Estimate 
	P
	Result

	Less Level of Formal Education
	.470
	***
	Significant at p=0.000

	High Level of Formal Education
	.428
	***
	   Significant at p=0.000


Source: Field Data, 2020
From Table 4.33, the standardized parameter estimate for the less level of formal education group was .470, and for the high-level formal education group was .428. This indicated that parameter estimates were significant in both the less and high level of formal education groups. Basing on path by path moderation analysis results, it was noted that the level of formal education did not moderate the path between PBC and PI of CAP, but the relationship between PBC and PI is stronger in less level of formal education group than in high level of formal education group Therefore, it can be concluded that there was a presence of partial moderation, implied that there is very negligible amount of PBC which affects PI; as such H6 was not supported.
CHAPTER FIVE
DISCUSSION OF FINDINGS
5.1 Overview

This chapter involves the critical discussion of both descriptive and inferential findings of the study. It compares and contrasts theoretical hypotheses to findings outlined in chapter four. It then compares and contrasts findings in the previous chapter to other similar empirical findings revealed by other researchers. The chapter ensures the importance of the consistency and deviations of findings from other empirical findings and theory. This gives out a reflection of the findings in a comprehensive manner about the determinants of consumers’ purchase intention towards CAPs in relation to moderation effects. 
5.2 Descriptive statistics for Respondents’ Demographic Factors 

 The study employed descriptive analysis as the first analysis to determine the demographic statistics of the respondents. Respondents’ characteristics such as age, gender, marital status, level of formal education, occupation and number of years a person spent in school were subjected into descriptive analysis. The results indicated that the majority of the respondents who participated in the survey were in secondary education level and above. The findings also revealed to have a high number of people who were business operators followed by employees as far as occupation status was concerned. This implies that respondents involved in the study were literary good and had a reliable source of income. 
The age statistics indicated that 41.3% of respondents were of the age between 41 and 50 years. This indicated that the sample composed of respondents who were matured enough to make their own purchase decision and were able to provide valuable information.  Hence, they were suitable respondents in this study of investigating consumer behavioural intention. On top of that, there was a good composition of the sample involved respondents from different education level, occupation, age and gender leading to a random sample. 
5.3 Inferential Statistics Analysis
The findings obtained from inferential statistics in chapter four resulted from Structural Equation Modeling (SEM) using IBM SPSS Amos 23.  SEM covered confirmatory factor analysis, structural model analysis and multi-group moderation analysis to produce outputs for meaningful discussion. Confirmatory factor analysis was concerned with measurement model through assessing the model fit indices. The structural model analysis concentrated on hypotheses testing before and after moderation through assessing the standardized regression coefficient. 
SEM approach was employed in inferential statistics analysis since Bhatia (2018), Mushi and Noor (2016) used the same approach focused on investigating the casual effect relationship of the model. The analysis aimed to determine the relationship between independent variables and a dependent variable using generated statistics, SEM is suitable for analysing complete and simultaneous tests of all the relationships between constructs and makes it easy to conclude the study (Hair et al., 2010). The discussion of these inferential statistics findings for relationships between variables is indicated in the proceeding sections.
5.3.1. The Effects of Attitude towards Counterfeit Apparel Products on Consumers’ Purchase Intention 
Attitude refers to the degree to which a person has a favourable or unfavourable evaluation of the behaviour of interest (Penz and Stottinger, 2005). It involves a reflection of the outcomes of performing the behaviour. The favourable or positive attitude towards CAPs is an important factor that influences consumers to purchase intention of CAPs (de Matos et al., 2007). It was argued that the favourable attitude towards counterfeits stimulates more purchase intention and eventually causes the actual purchase of counterfeit products (Bhatia, 2018: Hurun et al., 2020 & Rizwan et al., 2014). 
On the other hand, the unfavourable attitude contributes to less purchase intention and cause less or no actual purchase of the counterfeits without concerning the product category (Djuhardi and Kusumawati, 2017). Using the TPB as a conceptual framework, the study assessed the relationship between attitude towards CAPs and purchase intention of CAPs.  The findings confirmed again that attitude towards CAPs has a positive and significant relationship with purchase intention of CAPs (γ = 0.2; C.R = 4.296; p = 0.000 indicated in Table 4.19). This implied that the more the favourable attitude toward CAPs the higher the purchase intention of CAPs.
The findings of this study are in line with most previous studies by Bhatia (2018), Chiu et al. (2014), Chiu & Leng, 2016), De Matos et al. (2009), Harun et al. (2020), Kim and Karpova (2010), Koay (2017), Moon et al., 2019; Phau & Teah (2009) and Rizwan et al. (2014) who revealed a positive relation between positive attitude towards CPs and purchase intention. Based on this study, it was indicated that consumers’ positive attitude can influence purchase intention of CAPs through recommendation, preference, nothing wrong, better choice, similar function and reliable attributes.  The findings were also consistent with TPB and extend the previous findings that it was a suitable theory in predicting consumers purchase intention of CPs (Bhatia, 2018; Chiu et al, 2011; Chiu & Leng, 2016; Kim & Kaporva, 2010:  Lu, 2013, Penz and Stottinger, 2005). In the broad perspective, the findings supported the argument of Ajzen (1991) that attitude predicts the consumers’ intention.
On the other hand, Pham & Nasir (2016) revealed a negative relationship between consumers’ positive attitude and purchase intention of the counterfeit products. The reason is that the study was conducted in the UK which reflected a different social-economic development between the countries whereas as UK was well developed compared to Tanzania, so attitude towards CPs was not considered as important factor in purchasing decision process in the context of UK.
5.3.2. The Effects of Subjective Norm on the Consumers’ Purchase Intention of Counterfeit Apparel Products
Subjective norm refers to the belief about whether most people approve or disapprove of the behaviour (Ajzen & Fishbein, 1975; Ajzen, 1991). Subjective norm is one of the crucial factors in developing consumers purchase intention. Subjective norm consists of social influence from family, friends, peer groups, reference groups that persuade people to have strong purchase intention. When consumers are not subjected to the social groups, it is more likely to have little or not at all will to purchase CAPs (de Matos et al., 2007). 
It was purported that the stronger the subjective norm, the higher the purchase intention (de Matos et al., 2007, Chiu et al., 2014; Chiu & Leng, 2016).  In this light, the subjective norm was considered as an important factor that contributes to purchase intention followed by the actual purchase of CAPs. This study also assessed the effect of subjective norm on purchase intention of CAPs. The findings confirmed again that subjective norm has a positive and significant effect on purchase intention (γ = 0.331; C.R = 6.613; p = 0.000 indicated in Table 4.21). This implied that people with strong subjective norm have higher purchase intention implying that purchase intention increases with subjective norm.
The same findings were obtained by Chiu & Leng (2014), (2016), Kim & Karpova (2010), Penz & Stottinger (2005) in their studies on investigating factors influencing consumers purchase intention. The findings also were consistent with that of Ajzen (1991) in TPB who confirmed that subjective norm was positively and significant related to behavioural intention. Therefore, admiration, recommendation and belonging are strong attributes of subjective norms that lead to higher purchase intention. The findings indicated that they occupy an important role to purchase intention (Chiu & Leng, 2016). The reasons being that consumers do interact with people, and imitate their behaviour, they also copy other people’s lifestyles and seek recognition. Similarly, peer groups and referent people may make a strong influence on intention to purchase of CAPs because people sought to create a positive impression on others. 
The findings of this study contrast the findings of Lu (2013), this may be because of different research samples whereas the current study used a sample that composed of variety of demographic factors as compared to the sample of university students that Lu (2013) used. Chang (1998) in Hong Kong compared the theory of planned behaviour and theory of reasoned action in the area of unethical behaviour revealed that subjective norms were negatively related to purchase intention of CP. This implied that the studied population had no pressure feelings from significant others (peer groups, friends and family) when purchasing products. The negative findings of Chang (1998) and Lu (2013) support the TPB findings from Ajzen (1991) that TPB factors can possibly vary in terms of situations, context and product categories. 
5.3.3 The Effects of Perceived Behavioural Control on the Consumers’ Purchase Intention of Counterfeit Apparel Products
Perceived behavioural control refers to a person's perception of the ease or difficulty of performing the behaviour of interest (Ajzen, 1985; Cheng et al., 2011). The results indicated that perceived behavioural control was positively related to purchase intention (γ = 0.454; C.R = 8.313; p = 0.000 indicated in Table 4.23). The positive relationship helped to establish the fact that the greater the perceived behaviour control the more purchase intention of CAPs thus motivating consumers to have strong purchase intention of CAPs. This provides consistent results with the TPB. 

The findings of this study were also consistent with findings obtained by Cheng et al. (2011), Mushi & Noor (2016), Lu (2013), Kim & Karpova (2010), Penz & Stottinger (2005), Riquelme et al. (2012) and Ting et al.(2016) who revealed a positive and significant relationship between PBC and PI. This indicated that when perceived behaviour control increases the more the purchase intention increases and the vice versa. However, the observed behaviour control influenced purchase intention when the behaviour is not in the complete volitional control (Lu, 2013).  This is because the studies in the context of counterfeit are in illegal business; the consumers’ behaviour is customarily under no complete control. 
The counterfeits products are sold parallel with genuine products through many channels such as retail shops, supermarkets, online shopping and street vendors. Therefore, in this case, perceived behavioural control plays a crucial role in influencing purchase intention.  Similarly, all the retained attributes of perceived behavioural control indicated in the model of the study were shown to be significant. This implies that the attributes that were measuring perceived behaviour control possessed a significant influence on consumers’ purchase intention. 
However, the findings differ with the findings indicated by Chiu & Leng (2016) in Singapore, who found that perceived behaviour control was not a significant factor to purchase intention. The reason for the difference of the findings being that there is a strong relationship existing between perceived behaviour control  and purchase intention, the differences of the studied population, the difference of   context as well as the selected product category. Therefore, Perceived behavioural control changes depending on situations and actions, which leads a person to have different perceptions of behavioural control based on the situation. 
5.4 The Moderating Effect of the Level of Formal Education on the Determinants of Purchase Intention of CAPs
 The total sample was divided into two groups that were less and the high level of formal education groups so as to determine the moderating effect of the level of formal education. The multi-group moderation analysis indicated the results of the chi-square difference test to have no invariant that proved the difference between the two models depending on the less and high level of formal education groups.  The effect of the multi-group moderation analysis was pronounced more in less level of formal education group, specifically in attitude towards CAPs factor. The results of the model comparison are elaborated in the following sections.
5.4.1 The Effect of Moderation on Relationship between Attitude towards CAPs and Purchase Intention of CAPs
The multi-group analysis employing both less and high level of formal education groups of the consumers was used to analyse the relationship between attitude and purchase intention in order to determine which group of formal education strengthen the relationship. Both less and high level of formal education groups had a positive relationship as a result of the effect of moderation analysis.  The findings revealed that there was  a stronger relationship between attitude and purchase intention in less level of formal education consumer group with y = 0.35 and p < 0.05 shown in table 4.31 as compared to  a high level of formal education group. This indicates that consumers with less level of formal education appeared to have more purchase intention of CAPs; hence it plays an important role in consumer purchase decisions.
The finding also indicated a positive and insignificant relationship in high level of formal education group y = 0.09 and p = 0.164 as displayed in table 4.31 in the preceded chapter. The results showed that the level of formal education positively moderated the relationship between attitude and purchase intention of CAPs. This means the consumers with higher level of formal education will have less purchase intention towards CAPs, as such it also indicates consumers have less interest in purchasing CAPs. Therefore, because of positive and significant relationship between positive attitude towards CAPs and purchase intention in consumers with less formal education group, there are clear indications that of the  level of formal education strengthens and improves this path from the TPB towards predicting purchase intention of CAPs.
The results of this multi-group analysis was not a surprise but was based on the fact that high level of formal educated consumers were  more knowledgeable and curious, require more information about the product attributes and greater awareness of well being. (Gorddard, 2014: Kramer 2006). The results also provided a clear picture associated with the less level of formal education consumers that their favourable attitude towards CAPs depended on affordability, accessibility and functionality of the product, particularly in the developing country context (Moepswa, 2016). 
Furthermore, the perception of issues related to brand quality and branding awareness was primarily attached to a certain consumers group of formal education level, whereas the quality and brand are sub-factors of experience and knowledge; hence people should not wonder that high level of formal educated consumers were more prepared to judge quality on the context of counterfeits leading to less positive attitude (Lu, 2013).
The study contributed to the body of knowledge and TPB in consumer behaviour. Theoretically, the demonstration of the casual direction of consumers difference in terms of level of formal education and its effect on attitude in relation to purchase intention towards CAPs,  expanded  on the  researcher’s understanding of  consumers purchase intention towards CAPs. Therefore, theoretically, strengthen the link of attitude and purchase intention on TPB framework in the less level of formal education consumers. Empirically, the previous researchers had not considered the use of LFE as a moderating variable in the context of purchase intention of CAPs. Hence, the current researcher established the relative influence of LFE in purchasing intention and revealed that LFE influenced purchase intention towards CAPs.
5.4.2 The Effect of Moderation on Relationship between Subjective Norm and Purchase Intention of CAPs
Relationship between subjective norm and purchase intention of CAPs were analysed under the proxy of the less and high level of formal education groups to determine which group was more susceptible to the moderation effect. Both less and high level of formal education groups turned into a positive and significant relationship as a result of the effect of moderation analysis. 
The relationship between subjective and purchase intention was found to be weak in less level of formal education group indicating y = 0.16 and p = 0.016 (table 4.32). This indicated that consumers with less level of formal education appeared to have less purchase intention of CAPs. Consequently, the relationship between subjective norm and purchase intention was found to be strong in the high level of formal education with y = 0.46 and p < 0.05, as indicated in table 4.32 in chapter four.  This indicated that consumers with high level of formal education appear to have higher purchase intention of CAPs. This was a bit surprising finding revealed from this study that less level of the formal educated group received very little social influence in connection with peers and referent groups since social influence could be very intense in the group.  However, there are several reasons to look at this outcome, one being that there is much possibility that respondents associate with the high level of formal education group did not express their negative feelings, for example, anger and shame since they believed that those feelings could be suppressed (Khan et al., 2015; Lu, 2013). 
Alternatively, it was argued that   the less level of formal educated group did not reveal their positive feelings on the subjective norm with purchase intention since they wanted to show that they had an equal judgment about CAPs as the high level of formal educated group. This implied that less level of formal educated group had lower subjective norm score than the high level of formal education group, indicated that they didn’t receive any social pressure from peers and social groups in their lives and or in the apparel products leading to intention to purchase.
The second reason as to why the surprising outcome occurred is because of low information source of the quality, price and or function of the products (Mushi & Noor, 2016). Consumers chose to follow their peers and referent, social groups, as a result of the strong relationship between subjective norm and purchase intention in the high level of formal education groups. In another way, if consumers do not want to seek information concerning the quality of the product, they will not comply with their peers and social groups as a result of good relationship between subjective norm and purchase intention in less level of formal education groups.
The third reason could be the perception of social influence (subjective norm) for consumers with a high level of formal education was high because of the awareness of counterfeit apparel products. In this situation, they might have thought in another way round that counterfeits apparel products were not as such bad as they were described since they could solve people needs and wants instantly (Moon et al. (2018). Thus they opted to have the intention to purchase CAPs because it was difficult for them to purchase expensive apparel products which reflects a similar function of showing wealth to their social groups. 
To add on that, most of the developing countries are characterized with people who possess low and moderate level of formal education and who can easily influence the perception of the highly educated people (Penz & Stottinger, 2005; Bhatia, 2018).  It is believed that CPs can be purchased by people who do not afford original products because they have a materialistic habit (Bhatia, 2018). Theoretically, this study assess how the level of formal education moderated the relationship between subjective norm and purchase intention of CAPs, given the facts that there were slight differences in the level of significance in less and high level of formal education groups of consumers. Hence, LFE partially moderated the relationship between subjective norm and purchase intention and partially strengthen this path on TPB in predicting consumers purchase intention.
5.4.3 The Effect of Moderation on Relationship between Perceived Behavioural Control and Purchase Intention of CAPs
The relationship  between perceived behaviour control and purchase intention of CAPs were incorporated into multi-group analysis through the use of the less and high level of formal education groups so as to determine which group is more affected by  the moderation effect. Both less and high level of formal education groups turned into a positive and significant relationship as a result of the effect of moderation analysis. The results indicated y = 0.43 and p < 0.05 under the high level of formal education group. 
Subsequently, the results for the less level of formal education group were y = 0.47 and p < 0.05 as indicated in table 4.33. The findings confirmed that the level of formal education did not moderate the relationship between perceived behavioural control and purchase intention of CAPs. The findings suggested that less and highly educated consumers hold the perceived behaviour control in a similarly way. This showed that there is no significant difference between high and less group of consumers that influence perceived behavioural control on purchase intention of CAPs. Evidence showed that consumers with a high level of formal education possess some degree of resisting the temptation in performing actions which were influenced by their behaviour (Lu, 2013). Most importantly perceived behavioural control could be viewed in the literature to have both internal control and external control types (Chiu & Leng, 2016).
With internal control, individuals were assumed to have adequate knowledge, abilities, skills and some discipline embedded when performing the behaviour. In external control, individuals considered the approval of peers and referent groups to influence them into coming up with a positive attitude towards the behaviour.  The external control includes information patterning to counterfeits, the ability to solve challenges they encountered when purchasing product and time needed to access counterfeit products, reflecting the behaviour of high level of formal education consumer (Chiu & Leng, 2016; Lu, 2013).
In connection to theoretical contribution, the LFE in  relation to  perceived behaviour control and purchase intention of CAPs had not exerted effect since there is no difference in the significance levels between the two groups, as such the strength of the relationship between PBC and PI in TPB  remained  as it was is for both groups. This is because both less and high level of formal educated consumers do not seems to perceive PBC in a different manner.
5.5 The Final Model of the Study 
This study aimed to add information on the determinants of consumers’ purchase intention of counterfeit apparel products. This was accomplished by determining the effects of attitude, subjective norm and perceived behavioural control on purchase intention. The addition of information to determinants of consumers’ PI was also attained by assessing how levels of formal education moderated the relationships between the determinants of CAPs and purchase intention using the theory of planned behaviour as theoretical framework. The study confirmed that attitude towards CAPs, subjective norm and perceived behavioural control positively influenced purchase intention of CAPs. The positive results of this study again confirmed the TPB results. The study also demonstrated that the level of form education moderated some of the proposed relationships as exhibited in the final model of the Study (Figure 5.1) after the hypotheses testing and discussion of the results.
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Figure 5.1: The Final Model of the Study
Source: Field Data, 2020

CHAPTER SIX
CONCLUSIONS AND RECOMMENDATIONS

6.1 Overview
This chapter presents the conclusions of the study based on the analysis, findings and discussions generated from previous chapters facilitated by the research objectives. It also provides recommendations, theoretical and practical implications to marketers, business people, genuine brands manufacturing companies and the law enforcing agents. Lastly, the chapter highlights the limitation of the study and area for further research.
6.2 Summary of Key Findings of this Study

Basing on the findings of the study, the determinants of consumers’ purchase intention of the counterfeit products were attitude towards counterfeit products, subjective norm and perceived behavioural control. This implied that the three determinants were strong factors that influenced consumers’ purchase intention of counterfeit apparel products. Specifically, the study reconfirmed a positive and significant relationship between more favourable attitude towards counterfeit products and purchase intention. 
The study also reconfirmed the positive and significant relationship between subjective norms and purchase intention of counterfeit products. This had the implication that, as consumers’ subjective norm increased, the consumers’ purchase intention also increased. The study reconfirmed a positive and significant relationship between perceived behavioural control and purchase intention.  This implied that the increase of perceived behavioural control led to the increase of consumers’ purchase intention too. In a nutshell, the findings of this study confirmed the TPB about predicting consumers purchase intention.
Furthermore, the study revealed that the level of formal education fully and positively moderated the relationships between positive attitude towards CAPs and consumers’ purchase intention, whereas the relationship between positive attitude was  stronger in less level of formal education consumers group than in high level of formal education consumers group. Level of formal education partially and positively moderated the relationship between subjective norm and purchase intention, whereby the relationship between subjective norm was slightly strong in high level of formal education consumers group than in less level of formal education consumers group. Level of formal education did not moderate relationship between perceived behaviour control and purchase intention of CAPs. This justified the fact that the level of formal education strengthens some relationships in the TPB model hence improving its predicting power with respect to purchase intention of CAPs.
6.3 Conclusion

The conclusion of this study is divided into two subsections as follows; the first is the conclusion based on examining the determinants of consumers' purchase intention towards counterfeit products. The second conclusion is based on assessing the moderating effect when subjecting the determinants of consumers purchase intention into multi-group moderation analysis using the level of formal education. The detailed explanations of these conclusions are shown in the proceeding subsection 6.3.1 and 6.3.2.
6.3.1 Determinants of Consumers Purchase Intention 
Referring to the data analysis results, this study concluded by validating and confirming that purchase intention of counterfeit apparel products was determined by the positive attitude towards CAPs, subjective norm and perceived behavioural control. In a broader manner, this study sought to test the theory of planned behaviour under the context of counterfeits apparel products. The study found that all the three factors of TPB were positively related to purchase intention of CAPs. The findings of this study supported the predictions of TPB. Hence, it’s clear that TPB is the most important theory in examining and predicting purchase intention as in the case of this study.
The conclusion is also drawn by using specific objectives of determinants of purchase intention of CAPs as follows; the first specific objective was to determine the effect of the positive attitude on purchase intention of CAPs.  The results found that there is a positive and significant relationship between positive attitude towards CAPs and purchase intention. Therefore, the study concluded that more positive attitude towards CAPs was a crucial determinant of consumers’ purchase intention.
In relation to the second objective, the study concluded that subjective norm had a positive and significant effect on purchase intention of CAPs. The study hypothesized that there is a positive and significant relationship between subjective norm and purchase intention of CAPs. 
The increase of strong subjective norm led to the high increase of purchase intention of CAPs. Therefore, strong subjective norm is a crucial determinant of consumers’ purchase intention of CAPs. With respect to the third specific objective, the study concluded that perceived behavioral control had a positive and significant effect on purchase intention of CAPs. The great perceived behavioural control led to high purchase intention of CAPs. Hence, perceived behavioural control is the primary determinant of purchase intention of CAPs.
6.3.2 Moderation effect on Determinants of the Consumers Purchase Intention 

Moderation analysis attempted to accesses the effect of the level of formal education on the relationship between determinants of CAPs and purchase intention of CAPs. The established results from moderation analysis are geared to strengthen the theory of the planned behaviour in explaining consumers’ purchase intention. The moderation analysis indicated different results in the less and high level of formal education groups from different paths of determinants of CAPs and purchase intention of CAPs. 
The results of this study revealed that the level of formal education moderated the link between positive attitude towards CAPs and purchase intention of CAPs. This is because it displayed a very strong, positive and significant effect on the relationship between attitude towards CAPs and purchase intention of CAPs under less level of formal education group but weak, positive and insignificant relationship under the high level of the formal education group. In addition, the initial analysis of the said relationship was significant but less strong as compared that of the moderation analysis under less level formal education. In this view, the study has drawn up the conclusion that attitudes towards CAPs play a more significant effect on consumers with less level of formal education as compared with the high level of formal education consumers. Therefore, consumers who hold a positive attitude towards CAPs in less level formal education group influenced high purchase intention.
In connection to moderation effect on the relationship between subjective norm and purchase intention of CAPs, the partial moderation result was attained because all the relationships turned to be positive and significant under both less and high level of formal education groups. Surprisingly, the results indicated a stronger relationship in the high level of formal education group than less level of formal education group, which it's contrary to the propositions. This proposed that consumers with a high level of formal education need to maintain their status symbols of possessing original apparel products in terms of purchasing counterfeits apparel products.
With respect to the moderation effect on the relationship between perceived behaviour control and purchase intention of CAPs, the results proved that level of forma education had no effect. This indicated that both less and high level of formal education consumers groups holds the same way the perceived behaviour control of CAPs. This revealed that both groups of consumers (less and high) level of formal education possess a good degree of belief control in performing their behaviour.
In summing up the conclusion, it can be said that this study has adopted some factors to examine the consumers’ purchase intention of counterfeit apparel products in Tanzania. Even though counterfeits purchase and consumption is among the challenges that have been expanding broadly in both developing and developed countries, the previous studies put much attention on the developed countries than in developing countries. Hence, the present study has found a few fundamental insights based on the demographic factor (level of education) that were not captured within the past research conducted on counterfeit apparel products in Tanzania. 
The study also concludes that the theory of planned behaviour can be improved by level of formal education. The moderation effect on this theory increases prediction power in explaining consumers’ purchase intention behaviour. Thus, this becomes a significant contribution to this study in the theoretical perceptive and in body of knowledge of academicians. This is so because the examination of moderation effect of level of formal education to the theory of planned behaviour has not taken into account (to the best of author’s knowledge).
6.4 Study Implications
This section provides the implications derived from findings, discussion and conclusions of this study. The implications are categorized into three groups, namely theoretical, practical and policy implications as well as contextual implications. Theoretical Implication covered the contributions of the study in updating the methodology of the previous studies and theory on consumer behaviour and its influence on consumers’ purchase intention of CAPs. The practical implication stressed on suggestions to original apparel products manufacturers, marketers and different stakeholders fighting against counterfeits consumption. The contextual implications concentrated on discouraging consumers from purchasing CAPs and thus reducing their purchase intention of CAPs.
6.4.1 Theoretical Implications
Crane, Husted and Henriques (2016) wrote in their articles namely what constitutes a theoretical contribution contended on the essence of contributing to any suitable theory. They further argued that the study should not explain only one phenomenon or one case, but instead, it has an important role to act as overall means of giving out information into a broader set of phenomena, thus the more it has into account, the strong the theoretical contribution. Similarly, Whetten (1981) in his article of what constitutes a theoretical contribution explained that among the ways of contributing to the theory is to determine how the deletion or addition of a certain factor in the proposed model influences the approved relationships between the factors.
In this study, the implication for theory is expressed on the fact that the study provided consumers purchase intention model which has been confirmed in Figure 5.1 and can be used as a source of reference for different scholars. The current researcher proposed and tested the theory of planned behaviour in the proxy of unethical behaviour (purchase intention of CAPs) incorporating the moderation effect of the level of formal education. Therefore, theoretical contribution for this study is based on testing the existing theory in a different environment where the theory was developed and uses a new moderator.
The theoretical contribution is also indicated by confirming that level of formal education moderated the relationship between attitudes towards CAPs and purchase intention, subjective norm and purchase intention of CAPs. This so because in the previous studies, researchers have used other demographic variables such as age, income, gender to moderate such relationships mentioned above. Therefore to the best of author’s knowledge level of formal education has not been used as a moderator variable using TPB factors. Therefore the findings address a gap from the literature and contribute to theory by pointing out that level of formal education strengthens the relationship between attitude and purchase intention in less level of formal educational consumers group.
Another theoretical contribution is to reconfirm the use of TPB in the counterfeit context. The study tested TPB using its factors to examine the determinants of consumers purchase intention of CAPs. The results indicated positive and significant relationships between the factors hence validated the TPB factors as the main determinants of the purchase intention of CAPs. However, the study addressed the pointed gap that there are contradictory results of TPB factors against purchase intention. Hence the current study supported the scholars who indicated that all the TPB factors have a significant effect on purchase intention. 
This study also contributed to the understanding of apparel products by shading the lights on these selected products under this study stimulated and made respondents understood and filled in the questionnaire. Hence these products can be further used by other researchers when conducting researches regarding consumers’ unethical behaviour. Furthermore, the study shaded more insights to the consumers’ behaviour of counterfeiting as for many years antecedents of purchase intention which in turn led to actual purchase are unclear. Therefore, this study established a positive and significant effect of attitude, subjective norms and perceived behavioural control on purchase intention.
6.4.2 Practical Implications
This study may helped brand owners of apparel products to have more understanding of consumers’ purchase intention and consumption of counterfeit apparel products. Notably, this study revealed that attitude towards CAPs is positively influenced consumers purchase intention. Hence consumers who have a more favourable or positive attitude towards CAPs may be highly motivated to have great purchase intention of CAPs. The reduction of consumers’ evaluations on attitude regarding CAPs may provide a big possibility to decrease the purchase intention of CAPs. Hence marketers of apparel products should prepare education campaign centered on changing consumers’ attitude towards CAPs. Based on the findings, marketers should also promote the quality and value of the apparel products in terms of their quality, reliability and durability rely on cost consideration.
Also, subjective norm played a potential role in influencing consumers’ to have high purchase intention of CAPs. Therefore consumers’ purchase intentions in Tanzania are influenced by their referent social groups. Original manufacturers of apparel products can consider the insights in redesigning and re-establishing their strategies related to anti-counterfeiting. On top of that, the perception of the personal image should be regarded as a good strategy in reducing consumers’ purchase intention. It is assumed that before purchasing a product customer usually, watch and follow what others are purchasing and consuming, this led to customers’ consultation among themselves and also capture some information from others. In this view, original apparel products marketers should put much concentration on building a relationship with loyal customers to facilitate word of mouth promotions.
The practical implication is also reflected in the perceived behaviour control factor. The study found that perceived behaviour control have a significant effect on consumers purchase intention of CAPs. This implied that consumers who have higher perceive availability, easy to purchase, have enough time and information are more likely to have high purchase intention of CAPs, ultimately to have actual purchase in future. Therefore the marketers may grab these insights in planning marketing strategies and activities that focused on eliminating consumers purchase intention towards CAPs.
Furthermore, the study found that level of formal education moderates the relationship between attitude and purchase intention in less level of formal education group of consumers. Hence marketers should prepare different packages of education materials to cater to different groups of consumers in terms of less and high level of formal education as the means of reducing the purchase intention of CAPs. This is due to the fact that both less and high level of formal education consumers appeared to perceive positive attitude towards CAPs and subjective norm of CAPs in different manner.  
Practically, reduction of purchasing intention of consumers towards CAPs is based in incorporating consumers’ education featuring ethical issues, potential values and quality of the original products, in away to reduce the strong influence of positive attitude towards CAPs, subjective norm and perceived behaviour control. The provision of education programs might broaden understanding of genuine products lead to suppressing the purchase intention of counterfeit apparel products. On the other hand, understanding of ethical facets of using original products could be acknowledged using good communication. Another practical implication is that counterfeit apparel products pose a huge problem all over the world. The counterfeit business is still uncontrolled in Tanzania environment; hence this call for everybody to put more effort into eradicating it. 
The Tanzanian government through her agencies should take extra responsibilities in educating consumers on the risks and negative effects of purchasing and using counterfeits products. Stringent punishments and penalties should be enforced to people who are involved in counterfeiting. The big challenge of people in Tanzania is, they don’t even know that it is unethical and illegal to participate in counterfeit business; hence anti-counterfeiting policies and laws should be well monitored, implemented and evaluated. In so doing, this could assist in curbing the purchase intention of the counterfeits.
However, the effort of eradicating purchase intention of counterfeits should not be left to the government herself but also in a specific industry can take part in educating buyers deploying an assortment of strategies, for instance, advising the buyers the importance of purchasing original products,  giving them techniques on to recognize counterfeit products version of their original products. They may also impose charges for illegitimate products distributors, together with teaching them about the negative implications of counterfeit products purchasing and consumption on the business and the society as a whole.
6.4.3 Contextual Implications

The study of counterfeit apparel products consumption has gained much consideration from researchers, scholars and law enforcing agents in all over the world amid the past decades since it escalated the pressure of revenue loss to companies and ethical issues to the business and society. The contribution of this study is also reflected in the Tanzania context. This is because Tanzania is reported to have many counterfeits products categories in consumers’ market. This study provided an understanding of the determinants of the purchase intention of CAPs using the level of formal education as a moderating variable. Therefore, the study widens the insights to the literature about determinants of purchase intention of CAPS in Tanzania context. Additionally, the previous studies conducted in Tanzania did not consider the moderation effect of level of formal education on the relationship between determinants of counterfeits products and purchase intention, hence, by incorporating a level of formal education to that analysis more knowledge is revealed used as a source of reference by many scholars.
6.5 Recommendation from the Study
This study illustrated critical and clear influences of consumers’ purchase intention of counterfeits apparel products and expanded the literature on consumers’ behaviour. This was very influential in increasing attention to the coming researchers in understanding the implementation and managing consumers’ behavioural intentions.
This study contended that the groups of consumers with respect to their level of formal education played a significant part in influencing the relationship between determinants of CAPS and purchase intention. This implied that not all the determinants measurements may or may not be essential for purchase intention under all level of formal education groups of consumers. Therefore, it is recommended that original manufacturers of apparel products, market players and policymakers should understand the consumers’ attitude, subjective norms and perceived behaviour control as principal determinants of purchase intention. This insight could be of benefit as it's going to assist them when developing anti-counterfeiting strategies.
The study discovered that positive attitude towards counterfeit apparel products had stronger effects in a group of consumers with less level of formal education than group with high level of form education. In the same note, subjective norm had more effect in a group of consumers with the high level of education than that of low level formal education.  Hence, the study recommended that marketers, apparel brand owners should design education campaigns that are specific to different groups of consumers. That is, they should do market segmentation and prepare differential promotions and educational campaigns based on different groups of consumers (less and high level of formal education). Since attitude towards CAPs found to be more influential in consumers’ group with less level of form education, this study also recommended that original apparel products manufacturers and marketers should find better marketing strategies of changing consumers’ positive attitude towards such unethical behaviour. 
6.6 Limitation of the Study and Area for Further Study
This study had various limitations which could be a good starting point for further researches. Firstly, the study used three factors to examine determinants of consumers’ purchase intention of CAPs utilizing the level of formal education as a moderator variable in Tanzania. The study suggests that future studies should investigate additional variables so as to improve the predication power of the model.
Secondly, In spite of generalization of the study, the research discovered the significant effect of level of formal education to consumers’ purchase intention of CAPs, the study recommends that more studies to be conducted employing  level of formal education in different context using  different methodologies to see if similar results will be obtained.
Thirdly, Even though, this study indicated that the consumers' positive attitude towards CAPs plays a vital role in influencing purchase intention of counterfeit apparel products,  there may be variations within the purchase intention of other product categories namely luxury brands, electronic products, pharmaceutical products, CDs and DVDs or even in the apparel product types and designers. This study selected only one category of counterfeits (counterfeit apparel products); hence further research may choose another product or a combination of product categories or apparel product types since they will also influence purchase intention of counterfeits products and improve the findings.  
Fourthly, the study used causal effect relationship to explain the relationship between determinants and consumers’ purchase intention of CAPs. The cross sectional design used in the current study did not take into consideration important experiences encountered by consumers over an extended period of time. Hence, future research might opt for longitudinal studies to identify if the study yields different findings over a period of time. Lastly, consumers’ purchase intention of CAPs was predicted in this study using TPB as theoretical framework. Future studies can consider other theories of consumers’ behaviour for predicting purchase intention.
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APPENDICES
APPENDIX I:  Questionnaire
Dear Respondent,

My name is Sophia Mbura, a PhD student from The Open University of Tanzania. I am researching on determinants of purchase intention towards counterfeit clothing products. Please note that the information provided will be kept confidential and strictly used for academic purposes. I also assure you that there will be no part of the report that will disclose your identity.

Basic Profile of Respondents (Please tick the appropriate cell) 

1. Age of respondent: 18 – 30 years (   )   31 – 40 years   (   )   41 – 50 years (  )   Above 50 years   (   )

 2.  Sex:     Male  (  )   Female  (   )

 3. Marital status: Single (  ) Married (   ) Divorced (  ) Widow (  ) Separated (  )

4. Please indicate your highest formal education certificate obtained:  Non- formal education (   )    Primary (  ) Secondary (  ) Diploma (  ) First degree (  ) Masters degree (  ) PhD degree (  )

 5. Please indicate the number of years you have spent in school ____________

 6. Please indicate your employment status: Employee   (   )   Businessman   (  ) Student (   ) Unemployed (   )

 7. Please indicate your occupation: ____________

Please indicate the extent to which you agree or disagree with the following statements by applying a tick (√) using the following guidelines: 

1 = strongly disagree; 2 = disagree; 3 = mildly disagree; 4 = neutral; 5 = mildly agree; 6 = agree; 7 = strongly agree
	S/N
	STATEMENT
	RESPONSE

	
	Attitude towards Counterfeit Clothing Product 
	1
	2
	3
	4
	5
	6
	7

	1.
	I recommend to friends and relatives that they buy counterfeit clothing products 
	
	
	
	
	
	
	

	2.
	Buying counterfeit clothing generally benefit consumers 
	
	
	
	
	
	
	

	3.
	I prefer counterfeit clothing product 
	
	
	
	
	
	
	

	4.
	There is nothing wrong with purchasing counterfeit clothing products
	
	
	
	
	
	
	

	5.
	Generally speaking, buying counterfeit clothing product is a better choice
	
	
	
	
	
	
	

	6.
	The quality of counterfeit clothing product is similar to the original version
	
	
	
	
	
	
	

	7.
	The function of counterfeit clothing product is similar to the original version
	
	
	
	
	
	
	

	8.
	Counterfeit clothing products are as reliable as the original version
	
	
	
	
	
	
	

	
	Subjective Norms
	1
	2
	3
	4
	5
	6
	7

	9.
	It is important that others like the clothing products that I buy
	
	
	
	
	
	
	

	10
	When buying clothing products, I  generally purchase those clothing products that I think others will approve of
	
	
	
	
	
	
	

	11.
	If other people can see me using a clothing product, I often purchase the clothing product they expect me to buy
	
	
	
	
	
	
	

	12.
	I like to know what clothing products make a good impression on others
	
	
	
	
	
	
	

	13.
	I achieve a sense of belonging by purchasing the same clothing products that others purchase
	
	
	
	
	
	
	

	14.
	My family members will think it is okay to purchase counterfeit clothing products
	
	
	
	
	
	
	

	15.
	I often identify with other people by purchasing the same clothing products they purchase
	
	
	
	
	
	
	

	
	Perceived Behaviour Control
	1
	2
	3
	4
	5
	6
	7

	16.
	For me to purchase counterfeit clothing product in the near future would be very easy
	
	
	
	
	
	
	

	17.
	I have enough time to find and purchase counterfeit clothing product 
	
	
	
	
	
	
	

	18.
	I have complete control over purchasing counterfeit clothing products in the near future
	
	
	
	
	
	
	

	19.
	Whether I purchase counterfeit clothing products in the near future will be entirely my decision
	
	
	
	
	
	
	

	20.
	I have enough information to find and access counterfeit clothing
	
	
	
	
	
	
	

	
	Purchase Intention 
	1
	2
	3
	4
	5
	6
	7

	21.
	I would think about counterfeit clothing as a choice when buying clothing
	
	
	
	
	
	
	

	22.
	I will buy counterfeit clothing
	
	
	
	
	
	
	

	23.
	I would recommend counterfeit clothing to friends and family
	
	
	
	
	
	
	

	24.
	I will plan to buy counterfeit clothing next 6 months 
	
	
	
	
	
	
	


Thank you very much for your time and participation.

Appendix II: Households Selections on which each Household gave one Respondent
	District
	Ward
	Street
	Household
	Household
	Select
	1

 
	2

 
	3

 
	4

 
	5

 
	6

 
	7

 
	8

 
	9

 
	10

 
	11

 
	12

 
	13

 
	14

 
	15

 

	 
	 
	 
	Listed
	Selected
	interval
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Ilala
	Buguruni
	Malapa
	72
	15
	4.8
	2
	7
	12
	17
	22
	27
	32
	37
	42
	47
	52
	57
	62
	67
	72

	 
	Kimanga
	Darajani
	46
	15
	3.1
	2
	5
	8
	11
	14
	17
	21
	24
	27
	30
	33
	36
	39
	42
	45

	 
	Kivule
	Matangi
	66
	15
	4.4
	2
	6
	10
	14
	18
	22
	26
	30
	34
	38
	42
	44
	48
	52
	56

	 
	Segerea
	Segerea
	42
	15
	2.8
	1
	4
	7
	10
	13
	16
	18
	21
	24
	27
	30
	33
	36
	39
	42

	 
	Vingunguti
	Kombo
	48
	15
	3.2
	2
	5
	8
	11
	14
	17
	20
	23
	26
	29
	32
	35
	38
	41
	44

	Kigamboni
	Tuangom
	Mzinga I
	139
	15
	9.3
	5
	14
	23
	32
	41
	50
	59
	68
	77
	86
	95
	104
	113
	122
	131

	 
	Tuangom
	MzingaII
	63
	15
	4.2
	2
	6
	10
	14
	18
	22
	26
	30
	34
	38
	42
	44
	48
	52
	56

	 
	Kisarawe II
	Kisarawe II
	48
	15
	3
	2
	5
	8
	11
	14
	17
	20
	23
	26
	29
	32
	35
	38
	41
	44

	Kinondoni
	Kigogo
	Kigogo Mwajun
	58
	15
	3.9
	2
	6
	10
	14
	18
	22
	26
	30
	34
	38
	42
	44
	48
	52
	56

	 
	Kijitonyama
	Kijitonyama
	61
	15
	4.1
	2
	6
	10
	14
	18
	22
	26
	30
	34
	38
	42
	44
	48
	52
	56

	 
	Makongo
	Makongo Juu
	47
	15
	3.1
	2
	5
	8
	11
	14
	17
	20
	23
	26
	29
	32
	35
	38
	41
	44

	 
	Mwananyamala
	Msisiri A
	50
	15
	3.3
	2
	5
	8
	11
	14
	17
	20
	23
	26
	29
	32
	35
	38
	41
	44

	Temeke
	Azimio
	Mtongani
	34
	15
	2.3
	1
	3
	5
	7
	9
	11
	13
	15
	17
	19
	21
	23
	25
	27
	29

	 
	Kijichi
	Mtoni Kijichi
	24
	15
	1.6
	1
	2
	3
	4
	5
	6
	7
	8
	9
	10
	11
	12
	13
	14
	15

	 
	Mbagala kuu
	Mbagala Kuu
	49
	15
	3.3
	2
	5
	8
	11
	14
	17
	20
	23
	26
	29
	32
	35
	38
	41
	44

	 
	Mianzini
	Mianzini
	21
	15
	1.4
	1
	2
	3
	4
	5
	6
	7
	8
	9
	10
	11
	12
	13
	14
	15

	 
	Mtoni
	Bustani
	46
	15
	3.1
	2
	5
	8
	11
	14
	17
	21
	24
	27
	30
	33
	36
	39
	42
	45

	Ubungo
	Kimara
	Golani
	27
	15
	1.8
	1
	2
	3
	4
	5
	6
	7
	8
	9
	10
	11
	12
	13
	14
	15

	 
	Mabibo
	Matokeo
	44
	15
	2.9
	2
	5
	8
	11
	14
	17
	20
	23
	26
	29
	32
	35
	38
	41
	44

	 
	Msigani
	Kwa Yusuph
	45
	15
	3
	2
	5
	8
	11
	14
	17
	20
	23
	26
	29
	32
	35
	38
	41
	44

	 
	Masenze
	Kilimani
	              57
	15
	        3.8
	 2
	 6
	 10
	 14
	 18
	 22
	 26
	 30
	 34
	 38
	 42
	 44
	 48
	 52
	 56


Source: Field Data, 2020

Appendix III: Box Plots for Outliers
Appendix IIIA: Box plot showing the status of outliers for attitude variable
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Source: Field Data, 2020

Appendix IIIB: Box Plot showing the status of outliers for Subjective norm Variable
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      Source: Field Data, 2020
Appendix IIIC: Box plot showing the status of outliers for the perceived behavioural Control Variable
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Source: Field Data, 2020

Appendix IIID: Box plot showing the status of outliers for Purchase Intention Variable
[image: image12.png]3000

2500

2000

1500

1000

500

oo





Source: Field Data, 2020
Appendix IV: Histograms for Normality
Appendix IV A: Histogram showing the normality status for attitude variable

[image: image13.png]Frequency

Histogram

a0

30

il

10





Source: Field Data, 2020

Appendix IV B: Histogram showing the normality status for subjective norm variable
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Source: Field Data, 2020

Appendix IV C: Histogram showing the Normality Status for the perceived behavioural Control Variable
[image: image15.png]Frequency

Histogram

60|

50

T

1000 1500 2000 2500 000 3500
PBC





Source: Field Data, 2020
Appendix IV D: Histogram showing the Normality Status for Purchase intention variable

[image: image16.png]Histogram

s0{

60

Frequency
&

20

0

500

1000

1500
PI

2000

2500

3000





Source: Field Data, 2020

Scatter Plots for Linearity
Appendix VA: Scatter Plots showing the effect of AT on SN
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 Source: Field Data, 2020
Appendix VB: Scatter Plots showing the effect of SN on PBC
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Source: Field Data, 2020

Appendix VC: Scatter Plots showing the effect of AT on PBC
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Source: Field Data, 2020
Appendix VI: Research Clearance Letters

Appendix VIA: Research Clearance Letter from Open University of Tanzania to DED Kinondoni
[image: image20.emf]
Appendix VIB: Research Clearance Letter from Open University of Tanzania to DED Ilala
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Appendix VIC: Research Clearance Letter from Open University of Tanzania to DED Ubungo
[image: image22.emf]
Appendix VID: Research Clearance Letter from Open University of Tanzania to DED Temeke
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Appendix VIE: Research Clearance Letter from Open University of Tanzania to DED Kigamboni
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